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Notation and abbreviations

Notation Definition

ALL Acute lymphoblastic leukemia.

cdf Cumulative distribution function.

cFDR Conditional false discovery rate.

FDR False discovery rate.

tdr Local false discovery rate.

iid Independently and identically distributed.
pFDR Positive false discovery rate.

MDS Multi-dimensional scaling.

SEP Successive exclusion procedure.

T YR =30 QW
x
b
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QQ:CI)

Number of permutations.

Set of permutations of the observed class-label vector ¢o.
Class-label vector of length .

Number of genes.

Normal distribution with mean ¢ and variance 2.
Number of patients/samples.

P-value matrix of dimension m x (B + 1).

P-value vector of length m.

Prior probability of non-differential expression; equals the
overall percentage of non-induced genes.

Score matrix of dimension m x (B + 1).

Function mappinga vector of class labels ¢ to a vector of p-
values p based on the set of permutations C: U¢(c) = p.
Gene-expression matrix of dimension m X n.
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