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molecular dynamics by subdivision techniques. In [28], pages 98–115, 1999.

[28] P. Deuflhard, J. Hermans, B. Leimkuhler, A. E. Mark, S. Reich, and R. D.
Skeel, editors. Computational Molecular Dynamics: Challenges, Methods,
Ideas, volume 4 of Lecture Notes in Computational Science and Engineering.
Springer, 1999.

[29] P. Deuflhard and A. Hohmann. Numerische Mathematik I, Eine algorithmisch
orientierte Einführung. Walter de Gruyter, Berlin, New York, 2nd edition,
1993.

[30] P. Deuflhard, W. Huisinga, A. Fischer, and C. Schütte. Identification of
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[42] A. Fischer, F. Cordes, and C. Schütte. Hybrid Monte Carlo with adaptive
temperature in mixed-canonical ensemble: Efficient conformational analysis
of RNA. J. Comput. Chem., 19(15):1689–1697, 1998.
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