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Abstract 

The aim of this doctoral dissertation is to investigate which factors are most significant in 

determining the amount of emergency humanitarian assistance that European donor countries 

provide to third countries struck by a sudden natural disaster. This longitudinal, quantitative 

and comparative study of seven EU member states, investigates a number of factors that are 

likely to influence the provision of humanitarian aid for ten natural disasters that took place 

worldwide between the 1st of January 2000 and the 31st of December 2008. The evidence 

suggests that the magnitude of a natural disaster and the institutional setup of a donor 

country’s humanitarian mechanism are two key explanatory factors accounting for variation 

in the extent to which European donor countries are ready to provide emergency humanitarian 

assistance to disaster-stricken countries. 

Abstrakt 

Das Ziel dieser Doktorarbeit ist es zu untersuchen, welche Faktoren den Betrag beeinflussen, 

den europäische Geberländer Drittländern zur Verfügung stellen, die von einer unerwarteten 

Naturkatastrophe heimgesucht werden. Diese longitudinale, quantitative und vergleichende 

Studie von sieben EU Mitgliedsstaaten untersucht welche Faktoren die Bereitstellung von Not 

- und Katastrophehilfe in zehn Naturkatastrophen, die sich zwischen dem 01.01.2000 und dem 

31.12.2008 ereignet haben, beeinflussen.  Das Ergebnis der Untersuchung zeigt, dass das 

Ausmaß der Katastrophe und die humanitären Mechanismen der Geberländer zwei 

entscheidende Faktoren sind, die das Ausmaß an europäischer Nothilfe für von 

Naturkatastrophen heimgesuchte Drittländer entscheidend beeinflussen. 
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1. Introduction 

The tsunami that struck most of South East Asia and the Indian Ocean on the 26th of 

December 2004 brought to the attention of the general public in Europe and beyond the plight 

that natural catastrophes can represent for economically least developed countries worldwide. 

Indeed, the humanitarian response collectively provided by European governments on the 

occasion of the tsunami was unprecedented in terms of its scale, speed and financial 

commitment. However, unlike in the case of the tsunami of the 26th of December 2004, the 

victims of many humanitarian disasters that take place worldwide every year cannot count on 

an even remotely similar response and commitment on behalf of European governments. Why 

is that the case? Why do European governments seem to be world leaders in providing 

humanitarian assistance to the victims of some natural disasters while at the same time 

completely ignoring the needs of those that have survived other catastrophes? What 

determines the extent to which European governments are ready to provide emergency 

financial assistance to the victims of a humanitarian crisis? This dissertation wishes to address 

these fundamental questions. 

The wish to investigate which factors are most likely to influence the extent to which national 

governments provide humanitarian assistance arises out of the frustration generated by the 

presence of only a limited amount of research and empirical evidence available on the subject. 

Indeed, while a significant amount of literature has over the years investigated which factors 

are most likely to determine development aid flows between most and least economically 

developed countries, no comparable amount of research has been made available on the 

subject of short-term humanitarian assistance. A state of affairs all the more surprising in a 

context whereby European Union member states increasingly strive to integrate and 

coordinate their humanitarian aid policies. It is therefore felt that academics, policy-makers, 

practitioners and interest groups alike, might have an interest to be provided with a better 

understanding of the dynamics that are most likely to influence humanitarian aid flows from 

European countries to economically less developed ones. 

While limiting its research to major natural disasters that have taken place within the first 

decade of the 21st century, this dissertation develops and investigates three major research 

hypotheses that might hold an explanatory value and account for variation in disbursements of 

humanitarian assistance to disaster-stricken countries. A first hypothesis sees the domestic 

politics that take place within individual donor countries as the key explanatory factor for 

different performances in terms of the provision of humanitarian aid. A second hypothesis 
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focuses on the magnitude of a natural disaster under investigation as the factor that is most 

likely to drive donor countries to release more or less significant amounts of financial 

assistance. Finally, a third hypothesis revolves around the idea that the institutional setup of 

each donor country’s humanitarian mechanism is the main reasons accounting for a 

government’s performance in terms of its provision of humanitarian assistance. 

The empirical data obtained as result of the analysis carried out for this dissertation, refute the 

first hypothesis while confirming the second and the third ones. Indeed, while domestic 

politics seem to play virtually no role in determining disbursements of emergency financial 

assistance, the evidence suggests that the magnitude of a disaster and a donor country’s 

humanitarian mechanism are both significant in influencing the provision of humanitarian 

assistance following the onset of a sudden natural disaster. Furthermore and aside from 

disproving the first hypothesis and confirming the second and the third ones, this dissertation 

also presents a number of observations that might provide interesting insights for further 

research. 

This dissertation is divided into five major chapters: a introductory chapter, a chapter 

dedicated to the analytical framework and the research methodology, a third chapter exploring 

the natural disasters under investigation, a fourth chapter presenting the empirical results and, 

finally, a concluding chapter. The introductory chapter begins by presenting the research 

question informing the whole dissertation. As a next step, this chapter introduces the original 

contribution and the added value of this work. Following up on that, the next section 

highlights the three research hypotheses that are being investigated. After having done that, 

the introduction moves on to briefly highlight the scope and the limitations of the dissertation. 

Finally, the last section of this chapter makes sure to introduce the key empirical findings. The 

second chapter of the dissertation is dedicated to the analytical framework and the research 

methodology. As a first step, this chapter presents the relevant literature and the theoretical 

background for the dissertation’s dependent and independent variables. Following up on that, 

the second part of this chapter presents, operationalizes and provides the data sources for each 

identified variable. As a third step, the third part of this chapter introduces the period of 

analysis and the seven case studies under investigation. Finally, the last part of this chapter 

presents the research methodology by describing in detail the practical steps that have been 

taken in order to carry out the data analysis for the dissertation. The third chapter of this 

dissertation explores the natural disasters under investigation. In order to do so, ten sections 

(i.e. one for each natural disaster) individually present the key characteristics of the 
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humanitarian catastrophe in question. Following up on that, an eleventh section contrasts the 

ten natural disasters under investigation in comparative terms. The fourth chapter of the 

dissertation introduces the empirical results. While the first part of this chapter presents the 

results for all donor countries combined, the rest of the chapter provides individual results for 

each donor country. In this respect, the seven parts dedicated to the individual donor countries 

are each divided into two sections: one focussing on the quantitative analysis of two research 

hypotheses and one concentrating on the qualitative investigation of the third research 

hypothesis. Finally, the last chapter of this dissertation presents some overarching 

conclusions. Within this framework, the first part of the conclusion specifically focuses on 

summarising the empirical findings for each one of the three research hypotheses under 

investigation. Following up on that, the second part of the conclusion concentrates on those 

areas that have been identified for further research.  

1.1. Research question 

The aim of this dissertation is to explore which factors are most likely to influence the 

provision of humanitarian assistance on behalf of seven European donor countries. More 

specifically, this dissertation investigates whether and eventually to what extent the 

commitment of a national government to the provision of humanitarian aid to disaster-stricken 

countries is correlated with the degree to which certain explanatory factors might be in place. 

The issue area covered by the dissertation is therefore humanitarian aid and its focus is on the 

extent to which domestic politics, the magnitude of a humanitarian disaster and the 

institutional make up of a donor’s humanitarian mechanism impact upon policy-making. 

Within such an understanding, the amount of humanitarian aid provided by national 

governments constitutes the Dependent Variable (DV) while domestic politics, the magnitude 

of the disaster in question and the donor’s humanitarian profile make up the key Independent 

Variables (IVs).  

1.2. Original contribution and added value 

This dissertation does not limit itself to test an established theory but, rather, it aims to test 

three hypotheses in relation to a specific issue area through the investigation of a number of 

case studies. More specifically, the original contribution and added value of this dissertation is 

three-fold. First of all, this dissertation contributes to fill a gap in the literature by exploring 

the key determinants of emergency humanitarian assistance so as to complement the up to 

now much more investigated determinants of long-term development aid. Secondly, this 
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dissertation provides a coherent comparative framework to observe eventual similarities and 

common trends in the policy decision patterns of different European Union member states. 

Finally, this dissertation provides valuable insights for those socio-political actors that aim to 

influence the humanitarian aid policies of the seven EU donor countries under investigation. 

To begin with, an added value of this dissertation is to be found in its contribution to the 

literature that focuses on those factors that are pivotal in determining a donor country’s 

decision to provide humanitarian aid to disaster-stricken countries. Indeed, by collecting new 

evidence on the key determinants of humanitarian aid flows, this dissertation aims to fill a gap 

in the current literature whereby most academic work has so far focused on development aid 

while only marginally exploring humanitarian aid patterns. More specifically, this dissertation 

will therefore look at a number of independent variables pertaining to a donor country’s 

domestic politics, at the magnitude of a humanitarian catastrophe and at the donor country’s 

humanitarian mechanisms as explanatory factors accounting for the donor’s performance in 

terms of humanitarian aid provision of selected EU member states. 

Secondly, this dissertation highlights the emergence of pan-European trends in the provision 

of emergency humanitarian assistance. Indeed, because data is collected and presented in a 

coherent and comparable manner, this dissertation provides the opportunity to observe 

whether different European member states might actually be acting in a similar fashion in 

terms of their aid disbursements. While European Union member states still retain control 

over their humanitarian budgets, the European Commission Humanitarian Office (ECHO) has 

since its inception in 1992 played an ever more significant coordinating and leading role 

within European humanitarian policy. It is therefore reasonable to expect that, while officially 

maintaining complete sovereignty over their humanitarian policies, European Union member 

states might be developing common disbursement patterns. A trend, that might even highlight 

similarities for what concerns the role played by domestic factors in shaping their respective 

decision-making processes. 

Finally, the research carried out for this dissertation and its three working hypotheses provides 

an additional framework of reference for the action of selected socio-political actors that wish 

to influence the humanitarian aid policies of the selected donor countries. Indeed, the question 

of whether there exists a correlation between the presence of selected domestic political 

conditions and greater commitment on behalf of national governments to the provision of 

emergency humanitarian assistance is extremely important for transnational advocacy groups, 

practitioners and Non-Governmental Organisations (NGOs). If a strong positive correlation 
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between selected indicators and the provision of humanitarian assistance is established, non-

state socio-political actors are provided with useful data to decide when and where to attempt 

influencing governmental policy-making. Additionally, these actors are provided with a 

framework of reference to observe when national governments are more or less responsive to 

specific political conditions and can therefore make better use of their limited human and 

financial resources. These considerations are all the more relevant for those transnational 

socio-political actors that operate across different member states of the European Union.  

1.3. Research hypotheses 

In the context mentioned above, three general hypotheses are developed. The first hypothesis 

sees domestic politics as the key factor determining the extent to which a donor country 

chooses to provide humanitarian assistance. The second hypothesis centres on the idea that 

the magnitude of a humanitarian disaster is the driving force behind a donor country’s 

decision to release a certain amount of humanitarian aid. Finally, the third hypothesis revolves 

around the understanding that the nature of a donor country’s humanitarian mechanism is key 

in accounting for the extent to which humanitarian assistance is provided. The general 

argument of this dissertation is that different dynamics might contribute to explain the extent 

of humanitarian aid provided by donors to countries that have been struck by a humanitarian 

catastrophe. Within this context, an explanation that would centre on domestic politics as the 

key factor influencing humanitarian policy-making would privilege a focus on issues such as 

a donor country’s economic growth, the permanence in government of a centre-left or a 

centre-right coalition, the presence or not of an electoral period and the extent to which a 

natural disaster might have been reported in the donor country’s national media. On the other 

hand, an explanation that were to privilege a more “ethical” approach to policy-making would 

claim that a donor country is likely to determine its provision of humanitarian assistance 

primarily in light of the magnitude of the natural disaster that a recipient country finds itself to 

face. In this case, issues such as the number of days that have elapsed since the onset of a 

disaster, the number of fatalities recorded, the total number of people affected and the extent 

of the estimated damages caused by the disaster would be particularly significant in 

determining a donor country’s provision of aid. Finally, a more historical-institutional 

explanation would place the institutional setup of the humanitarian mechanism of the donor 

country under investigation at the centre of its analysis. In this case, the perceived 

effectiveness of a country’s humanitarian policy would be investigated by looking at the 

extent to which a country engages with the international humanitarian community, by 
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observing the total amount of resources dedicated to the provision of humanitarian assistance 

to the disaster-stricken countries under investigation as a percentage of the donor’s GNI, by 

exploring the degree of operational independence that a donor’s humanitarian agency can 

claim from political influence and by the administrative capacity displayed by the government 

department tasked with providing humanitarian assistance.   

1.4. Scope of the dissertation 

The three hypotheses presented above constitute alternative explanations accounting for 

which factors might be most significant in determining variation in the extent to which donor 

countries are ready to provide humanitarian assistance following a natural disaster. Indeed, 

these alternative explanations are of a more strictly “political nature” in the case of the first 

hypothesis, of a rather “moral nature” in the case of the second hypothesis and, finally, of a 

more “institutional nature” in the case of the third hypothesis. Having said that, all these three 

alternative explanations can be properly assessed only within the limits of certain scope 

conditions and, in this respect, a number of observations shall be made. To begin with, this 

dissertation limits its pool of donor governments under investigation to member states of the 

European Union. This is done because, while acknowledging the importance of ensuring a 

high degree of variation in the dependent variable and among donor countries, it is deemed 

fundamental to deal with a comparable set of case studies that could reasonably be expected 

to share some basic socio-political and economic macro-characteristics. Secondly, this 

dissertation limits itself to explore bilateral government-to-government humanitarian aid 

flows. It does not, therefore, take into account private donations by individuals or companies 

nor emergency financial assistance provided by international or supranational organisations. 

Such a choice is dictated by the fact that, unlike in the case of bilateral government 

disbursements, data on individual donations and private humanitarian aid flows is unreliable 

at best. Finally, this dissertation confines its analysis to domestic independent variables. It is 

therefore beyond the scope of this dissertation to provide an analysis of all foreign policy 

factors that might influence the provision of humanitarian assistance on behalf of a donor 

country. Rather, this dissertation limits itself to provide a number of relevant observations on 

the geopolitical and strategic context that might affect a donor country’s provision of 

humanitarian assistance for each natural disaster under investigation. 
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1.5. Key empirical findings 

The findings of this dissertation confirm the hypothesis focussing on the role played by the 

magnitude of a disaster and the one concentrating on a donor country’s humanitarian 

mechanism. Unlike the two hypotheses mentioned above, the role played by domestic politics 

in influencing disbursements of humanitarian assistance appears to be much more limited and 

confined to specific instances and case studies. While the conclusion of this dissertation 

presents in more detail the key empirical results and also suggests some areas for future 

research that have emerged as result of this work, the paragraphs below limit themselves to 

introduce the main findings of the dissertation for the three research hypotheses under 

investigation.  

To begin with and in relation to the hypothesis revolving around the understanding that the 

magnitude of a selected disaster accounts for the provision of humanitarian assistance on 

behalf of donor countries, two key findings shall be highlighted. On the one hand, the number 

of fatalities recorded for a natural disaster is the single most significant independent variable 

affecting the amount of humanitarian aid provided to disaster-stricken countries. Indeed, this 

variable is highly significant for both all countries combined as well as for four out of the 

seven countries under investigation. It can therefore be claimed that, the greater the number of 

fatalities recorded for a sudden humanitarian catastrophe, the greater the amount of 

emergency financial assistance that a donor government is likely to provide to a country 

struck by a natural disaster. On the other hand, the number of days that has elapsed since the 

onset of a natural disaster is also significant. In this respect, results obtained for all countries 

combined as well as for two individual case studies show that there exists a strong negative 

correlation between the number of days that have elapsed since the onset of a natural disaster 

and the amount of emergency financial assistance provided by donor countries. It can 

therefore be claimed that, the greater the number of days that have elapsed since the onset of a 

catastrophe, the smaller the amount of emergency financial assistance that is likely to be 

disbursed by a donor government to a disaster-stricken country. While the significance that 

the number of fatalities recorded and the number of days elapsed since the onset of a natural 

disaster play in influencing the provision of humanitarian assistance is well documented by a 

variety of case studies, the extent of the influence exercised on the provision of humanitarian 

aid by the estimated damages caused by a natural disaster is identified as significant in one 

case study only. Finally, the total estimated number of people that have been affected (i.e. 
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injured, displaced or having lost their livelihoods) by a natural disaster is not identified as a 

significant independent variable in any of the case studies under investigation. 

Shifting one’s focus to the qualitative analysis carried out in relation to the hypothesis that 

concentrates on the humanitarian mechanism of a donor country as the key determinant of 

humanitarian aid flows, a number of observations can be made. To begin with, the evidence 

suggests that those countries whose humanitarian mechanisms are most deeply engaged with 

the international humanitarian community are also the ones most likely to provide the greatest 

percentage of their respective Gross National Incomes (GNIs) for the provision of emergency 

financial assistance to disaster-stricken countries.  Secondly, the data available indicates that 

those countries that are more likely to expend significant financial resources for the provision 

of long-term Overseas Development Assistance (ODA) are also the ones most likely to 

provide the greatest amounts of emergency humanitarian assistance as a percentage of their 

respective GNIs. Thirdly, the evidence implies that those countries whose humanitarian 

agencies are most likely to be operationally free of undue political pressure are the ones most 

likely to dedicate the greatest percentage of their respective GNIs to the provision of 

emergency humanitarian assistance to disaster-stricken countries. Finally, the information 

available suggests that those countries whose humanitarian agencies display the most 

developed administrative capacity are also likely to be the countries whose governments are 

ready to dedicate the most significant percentage of their GNIs to the provision of 

humanitarian assistance. 

Finally and in terms of the variables that quantitatively explore the hypothesis according to 

which domestic politics plays a fundamental role in influencing humanitarian disbursements, 

three basic considerations shall be made. To begin with, the analysis carried out for all 

countries combined highlights a strong negative correlation between the size of a donor 

country’s Gross Domestic Product (GDP) and the dependent variable. This result is surprising 

in that it would seem to suggest that, as a donor country’s GDP grows over time, the amount 

of emergency financial assistance that this is likely to provide to disaster-stricken countries 

decreases. Having said that, a number of statistical considerations and an analysis of the 

individual case studies suggest that a donor country’s GDP product is not a significant 

variable affecting the disbursement of humanitarian assistance. Secondly, the total number of 

articles published on a humanitarian crisis seems to be an independent variable that 

significantly affects the dependent variable in one case study only. Indeed, the Multiple 

Regression Analysis (MRA) carried out for all countries combined does not identify media 
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coverage as a significant variable. Last but not least, the political orientation of the largest 

party in government in a donor country and whether or not a donor country finds itself in the 

midst of an electoral period do not constitute significant independent variables. 
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2. Analytical framework and research methodology 

This chapter of the dissertation aims to present the analytical framework and the research 

methodology employed in order to achieve the objectives set out in the introduction. In order 

to do so, this chapter begins by illustrating the relevant literature and the theoretical 

background underpinning the research project’s dependent and independent variables. As a 

second step, this chapter moves on to present, operationalize and introduce the data sources 

for the key dependent variable and for each one of the relevant independent variables. After 

having done that, the third part of this chapter presents the period of analysis and the seven 

case studies that have been selected. Finally, the fourth part of this chapter concentrates on the 

research methodology by relaying in detail the individual steps that have been taken in order 

to carry out the quantitative and the qualitative analyses.  

2.1. Review of the literature and theoretical background 

This first part of the analytical framework and research methodology provides an insight into 

the relevant literature and the theoretical background that inform both the dependent variable 

and the selected independent variables. Indeed, the first section provides an insight in the 

literature that informs the theoretical background for the variables under investigation. The 

following three sections present the theoretical background for the independent variables by 

introducing them within the framework provided by each one of the three research 

hypotheses. 

2.1.1. Review of the literature 

While a relatively limited amount of literature has been generated over the years on the 

determinants of humanitarian aid policy-making and European humanitarian aid patterns, 

significantly more literature is available on the overarching trends of European development 

flows and on those factors most likely to influence them. A brief review of the relevant 

literature is therefore necessary in order to contextualise the intellectual space within which 

this dissertation develops its analysis of the determinants of humanitarian assistance. 

A number of studies have over the years attempted to determine what key factors are most 

significant in influencing donor countries’ development and humanitarian aid policies. 

Lumsdaine, for instance, seeks explanations for humanitarian aid and shows that the amount 

of assistance and its chosen recipients seem to be determined by the recipient’s income levels, 

by its democratic credentials and the colonial history linking the recipient to the donor. Still, 
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Lumsdaine also claims that there is a “moral vision” pushing donor countries to provide 

development assistance to less economically developed nations and that this “moral vision” is 

indeed a powerful determinant of aid flows (Lumsdaine 1993). Lumsdaine’s point of view has 

been strongly opposed by those, such as Maizels and Nissanke, who identify the donor’s 

strategic interests as the primary determinant for the direction and the quality of aid flows 

(Maizels and Nissanke 1984). On a similar note, Schraeder, Hook and Taylor claim that more 

traditional “power politics” and long-term geostrategic interests are the key determinants of 

the quantity and the quality of Overseas Development Assistance (ODA) provided by 

Development Assistance Committee (DAC) countries (Schraeder, Hook and Taylor 1998). 

While according to different studies Sweden is the country that comes closer to subscribe to 

Lumsdaine’s “moral vision” (Karre and Svensson 1989; Pratt 1990), data gathered over the 

years points also to more “traditional” geostrategic reasons as key determinants of aid flows. 

Indeed, a number of studies conducted on the determinants of aid flows from France (Grosser 

1975; Hayter 1966; Kolodziej 1974), the United States (Hook and Spanier 1998; Schraeder 

1992) and Japan (Hasegawa 1975; Nester 1992; Scalapino 1992; Stirling 1981) have 

consistently shown that, for what concerns their development and humanitarian aid choices, 

these countries have traditionally been moved by cultural-economic, geostrategic and 

business-related interests respectively. More recently, the above-mentioned literature has been 

joined by new research focussing on the role played by the mass media in influencing long-

term development aid flows (as opposed to the short-term humanitarian aid flows investigated 

by this dissertation). Within this context, work carried out by Lim, Barnett and Kim (Lim, 

Barnett and Kim 2006) and Van Belle and Potter (Potter and Van Belle 2004; Van Belle 

2003) have all highlighted that, while geostrategic interests still remain an important 

determinant of countries’ development policies, the media clearly play a remarkably 

important role in the process of political agenda-setting and are a key determinant in shaping 

development aid flows. While such evidence has been collected primarily in relation to long-

term development assistance, this dissertation wishes to contribute, among other things, to 

expand the current body of literature so as to also explore the key determinants of the 

provision of short-term humanitarian assistance. 

This dissertation develops three general hypotheses in order to account for the extent of the 

provision of emergency humanitarian assistance provided on behalf of European governments 

to disaster-stricken countries. A first hypothesis sees domestic politics as the driving force of 

this process. A second hypothesis argues that the magnitude of a natural disaster is most likely 

to account for disbursements of humanitarian assistance. Finally, a third hypothesis suggests 
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that the administrative capacity and the nature of each donor country’s humanitarian 

mechanism are key in understanding a government’s likelihood to effectively provide 

humanitarian assistance. What all these three hypotheses have in common is an understanding 

that domestic dynamics are key in explaining variation in foreign policy-making. Such an 

understanding is probably the single most fundamental tenant of liberal theory and, because of 

that, liberal theory is the key meta-theory informing the theoretical background of this 

dissertation.  

Within international relations theory, the role that domestic politics play in determining 

actors’ preferences and state action is intimately intertwined with liberalism. Indeed, liberal 

theory gives analytical primacy to societal actors and to state preferences that emerge as result 

of the interaction between different socio-political actors within the state. Liberal theory 

develops its analytical framework through a number of steps. To begin with, an analysis of the 

preferences of specific domestic groups takes place. Secondly, an investigation of sectorial 

interests aims to determine winners and losers of liberal political processes. As a next step, the 

nature of political aggregation (representation) highlights the structure of domestic 

intermediation. Finally, the interest that “conquers” the state is analysed in terms of the 

projection of its preferences on the international scenario through the international policies of 

the state. Within this context, there exist at least three fundamental assumptions upon which 

liberal IR theory is based: primacy of societal actors, representation of state preferences and 

interdependence within the international system (Moravcsik 1997). More specifically, the first 

assumption revolves on the understanding that generally risk-averse and rational private 

groups and individuals collectively organise themselves in order to promote their interests 

within a context characterised by legal, material and ideological constraints. The second 

assumption, on the other hand, centres upon the idea that the state represents only the 

preferences of certain actors and that these, once re-defined as state preferences, are promoted 

by the state on the international scenario. Finally, the third assumption claims that the 

interdependent preferences of states determine in turn state behaviour. As a general theory 

focussing on the role played by domestic dynamics in determining state action, liberalism is 

therefore particularly well suited to account for changes in policy-making over an extended 

period of analysis as it is done in this dissertation. 

If relatively recently Andrew Moravcsik has clearly identified the underlying assumptions 

upon which liberal theory has to rest, the development of this meta-theory of international 

relations can be traced back to the age of the enlightenment and, following the devastation of 
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the Second World War, to both European and North American scholars. Within this context, 

while Karl Deutsch and Ernst Haas had already focussed their research on the role played by 

political and economic actors in the process of European integration in the 1950s (Deutsch 

1957; Haas 1958), James Rosenau was one of the first scholars to explore the linkages 

between domestic politics and state behaviour on the international scene (Rosenau 1969, 

1973). In the years to follow, both Krasner and Katzenstein would have become strong 

advocates of the role played by domestic politics in shaping states’ international behaviour. 

Indeed, while Krasner highlighted the simultaneous concerns that the state faced when having 

to address both domestic and international pressures (Krasner 1978), Katzenstein reiterated 

the concept by stressing that “the main purpose of all strategies of foreign economic policy is 

to make domestic policies compatible with the international political economy” (Katzenstein 

1976). A decade later, Putnam had clearly and unequivocally argued in favour of a renewed 

focus on a variety of aspects of domestic politics as co-determinants of foreign policy-

making: “A more adequate account of the domestic determinant of foreign policy and 

international relations must stress politics: parties, social classes, interest groups (both 

economic and noneconomic), legislators, and even public opinion and elections, not simply 

executive officials and institutional arrangements” (Putnam 1988). So convinced of such a 

statement was Putnam, that he developed his theory of the logic of two-level games: one that 

aims to account for the contemporary need for the state to address the pressures arising from 

both domestic and international constituencies (Putnam 1988). It was soon after, in his 

“Myths of Empire”, that even Jack Snyder quickly built up on Putnam’s work by providing 

empirical evidence on the impact that domestic politics can have on states’ foreign policies 

(Snyder 1991). Indeed, through a historical perspective spanning the entire 20th century, 

Snyder selected a number of case studies to stress how domestic politics could explain foreign 

policy-making for Victorian Britain, imperial Germany, pre-World War Two Japan, the 

Soviet Union and the United States throughout the Cold War. Throughout his research, 

Snyder highlighted how foreign policy decisions can be systematically re-conduced to 

coalition politics and to the impact that the parochial interests of specific constituencies could 

have on these. Only a couple of years following Snyder, Andrew Moravcsik took pains to 

stress how domestic politics, intended as the key level of analysis for international relations 

theory, could actually be divided in at least three fundamental sub-categories: society-

centered, state-society relations and state-centered theories. According to this distinction, 

society-centered theory focuses its analysis on domestic pressures arising from social groups 

through elections, public opinion, the media and legislatures. State-society relations theory, on 
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the other hand, looks at patterns of education, representation and identity between society and 

the state as absolutely key in influencing domestic and, in turn, foreign policy. Finally, state-

centered theory places at the centre of its research the role that the bureaucratic, 

administrative and executive apparatus of the state can have in influencing foreign policy 

decision-making (Moravcsik 1993). Moravcsik’s three levels of analysis for the interpretation 

of domestic politics as determinants of foreign policy are therefore presented here as the 

theoretical backgrounds employed for the investigation of the dissertation’s three research 

hypotheses.   

2.1.2. Society-centered theory for the “domestic politics” hypothesis 

A society-centered perspective of domestic politics is what informs the first research 

hypothesis of this dissertation: one that sees the interaction between domestic socio-political 

groups as the basis of its analysis. According to society-centered theory, the dynamic 

interplay between a country’s social groups is vital in understanding its policy-making. More 

specifically, this hypothesis revolves around the understanding that a donor country’s 

domestic politics can be characterised by a state of affairs that is more or less conducive to the 

provision of humanitarian assistance to the victims of a sudden natural disaster. First to be 

investigated, society-centered theories of domestic politics are characterised by a number of 

fundamental features. Prominent among these are the downplaying of the role of formal 

authority and hierarchy, the presence of contemporary horizontal and polycentric interactions 

and the diminishing significance of the state in organising societal interaction vis-à-vis the 

key role played by non-state actors and private interests. To begin with, society-centered 

theory tends to downplay the role that organised hierarchical structures and the exercise of 

formal authority play in regulating domestic politics and societal interaction. A point, this 

one, widely acknowledges by Marteen Hajer in his work on network-based societies (Hajer 

2003). Secondly, society-centered theory places a great deal of emphasis on the horizontal 

polycentric interactions of non-state socio-political actors vying for supremacy within the 

domestic political framework. In this light, both Sorensen and Torfing argue that 

contemporary interdependence and negotiation with multiple socio-political actors are 

increasingly replacing centralised state authority with more polycentric governance systems 

(Sorensen 2002; Torfing 2005). Finally, some society-centered theorists argue that the state is 

increasingly less relevant as a unit of analysis in order to understand both domestic political 

processes and their projection in the realm of international relations. It is within such an 

understanding that Stoker and Salamon go as far as claiming that we are witnessing a 
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fundamental paradigm shift and historical break whereby new political process dominated by 

the interplay between fragmented societal interests have largely displaced the state as the 

primary regulator of societal interaction (Stoker 1998; Salamon 2002). Applied to a 

hypothesis that identifies in domestic socio-political interaction the key dynamics according 

to which national governments might be prompted to disburse humanitarian assistance, 

society-centred theory would expect therefore a state to disburse more or less humanitarian 

aid depending on whether or not the donor country in question might be in the midst of an 

electoral period, on the extent to which it has already been able to satisfy its own citizens’ 

basic material needs, depending on which political forces control the government and 

according to the degree to which issue salience can encourage societal mobilization on a 

selected topic.  

2.1.3. State-society relation theory for the “disaster’s magnitude” hypothesis 

Unlike in the case of society-centered theorists, scholars that subscribe to state-society 

relation theory focus their analysis on the relationship between societal values, ideas and 

principles on the one hand, and the expression, representation and “operationalization” of 

these by the state on the other. According to state-society relation theory, therefore, the state 

has to “represent and implement” the dominant values held by its society. An understanding 

of foreign policy-making based on state-society relation theory informs therefore the second 

hypothesis of this dissertation: one where donor countries are compelled to provide 

humanitarian assistance by deeply rooted ethical values of human compassion. In his seminal 

book on “political theory and the modern state”, David Held subscribed to such an 

understanding (Held 1989) and built up on work carried out by Joel Migdal in the context of 

economically least developed countries (Migdal 1988). More recently, state-society relation 

theory has informed the theoretical framework of works by John Keane with particular 

reference to civil society-state relations in democratic processes (Keane 1998, 2003, 2009), 

and, broadly in the context of north-south relations, by Sudipta Kaviraj (Kaviraj 1999, 2001). 

Within the field of international relations, David Lumsdaine has become a champion of the 

understanding that moral values play a significant role in determining policy-making. Most 

notably, in his seminal book on ‘the moral vision in international politics’, Lumsdaine claims 

that domestic actors can be driven by the power of ideas and their moral values when 

attempting to influence or frame foreign policy decisions. Indeed, Lumsdaine goes as far as 

claiming “how states act often reflects the values and principles they hold” (Lumsdaine 1993). 

Since having laid the basis of its “moral vision” in state-society relation theory, Lumsdaine’s 
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work has then been carried forward by others scholars such as Hattori, Schopf, Nockerts and 

Van Arsdale (Hattori 2003; Schopf 2007; Nockerts and Van Arsdale 2008). An analysis of 

their works presents an understanding of state-society relation theory based on ethical notions 

that rests on three fundamental assumptions: a specific understanding of human nature, the 

existence of moral obligations rooted in historical practice and the presence of a vibrant civil 

society that can transmit its values to the state apparatus. To begin with, Lumsdaine proposes 

a view of human nature that is more holistic than the one offered by realist scholars for whom 

human nature is overwhelmingly egoist, self-centred, destructive and power seeking. Indeed, 

while acknowledging that human nature is characterised also by these traits, Lumsdaine 

argues in favour of a much more nuanced picture whereby “human beings are a mixture of 

self-interest, idealism and pointless destructiveness. All three elements operate, in varying 

proportions, in civil society and politics, and in international affairs as well as in the life of the 

individual” (Lumsdaine 1993). Far from being naïve about human nature and clearly 

observing its worst traits, Lumsdaine nevertheless claims that all characteristics of human 

nature, therefore including positive ones, shall be taken into account to understand societal 

interaction. Secondly, society-state relation theory stresses the significance of moral and 

ethical imperatives in influencing state behaviour. Within such understanding, an ideal 

historical development that ranges from Aristotelian virtue ethics to modern human rights law 

provides the ideational background for today’s “moral vision in international politics” 

(Lumsdaine 1993). Indeed, it is with reference to such a historical-cultural dimension that 

Hattori, Nockerts and Van Arsdale explain current humanitarian practice (Hattori 2003; 

Nockerts and Van Arsdale 2008). Finally, the presence and analysis of a flourishing civil 

society capable of transmitting societal values to the administrative echelons of the state 

apparatus is also seen as pivotal to a sophisticated understanding of state-society relation 

theory. Such a view was clearly expressed by Lumsdaine himself in his seminar work on the 

“moral vision” (Lumsdaine 1993) and later again confirmed by further empirical studies such 

as the one that he carried out with Schopf on South Korean development assistance 

(Lumsdaine and Schopf 2007). Applied to a hypothesis that finds in the magnitude of a 

natural disaster the guiding principle according to which a national government should be 

prompted to provide humanitarian assistance, state-society relation theory would expect a 

state to provide humanitarian aid so as to give tangible substance to societal values that call 

for its government’s action to alleviate suffering in the recipient country. State-society 

relation theory would therefore expect for features such as the number of fatalities, the 

number of affected people, the estimated damages and the time that has elapsed since the 
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onset of a disaster to influence the extent to which a national government is ready to provide 

emergency humanitarian assistance to the victims of a sudden natural disaster. 

2.1.4. State-centered theory for the “humanitarian mechanism” hypothesis  

Unlike society-centered and state-society relation theories, state-centered theories of 

international relations focus on the state, its institutions and its modus operandi as the key unit 

of analysis to investigate foreign policy dynamics. From the perspective of state-centered 

theory, the study of societal dynamics and the values existing within the state take a backseat 

compared to the formal institutions and operating mechanisms of the state. An institutionalist 

analysis of foreign policy-making informs therefore the theoretical background of the third 

and final research hypothesis of this dissertation: one that sees the state and its administrative 

and institutional structures as fundamental determinants of foreign policy decisions. More 

specifically in relation to the dependent variable investigated in this dissertation, this 

hypothesis sees an effective, well-financed, independent and streamlined national 

humanitarian mechanism as one most conducive to provide significant amounts of 

humanitarian assistance to disaster-stricken countries. Within this understanding, a number of 

fundamental assumptions can be identified. Keys among these are the treatment of the state as 

a rather unitary actor relatively insulated by socio-political groups, a focus on formal 

institutions and their operating mechanisms and the understanding of the state as the dominant 

actor also within those governance processes where non-state actors have been involved. To 

begin with and as the “mother” of all theories of international relations, realist theory firmly 

places the state at the centre of its analysis in order to account for the dynamics of the 

international scenario. This is seen as a rather rational and unitary actor that seeks its security 

while constantly dealing with international power relations. A point this one, repeatedly made 

by venerable scholars such as Morgenthau, Waltz and Mearscheimer (Morgenthau 1948; 

Waltz 1979; Mearsheimer 2001). Secondly, many institutionalists adopt a state-centered 

perspective in order to emphasise the role that institutions, path dependency and formal 

negotiation play in shaping domestic politics and, in turn, international relations. Skocpol, 

Krasner and Keohane have all repeatedly espoused such an approach from historical, 

sociological and liberal perspectives respectively (Krasner 1972; Skocpol 1979; Keohane 

1989). Finally, a state-centric and institutionalist perspective on state governance claims that 

even those governance arrangements involving non-state actors are fundamentally set up and 

orchestrated in a hierarchical fashion by the state itself. This argument is made by Wallington, 

Lawrence and Loechel when they claim that there has been a tendency to mistake the state’s 
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attempts to govern “better” through enhanced cooperation with societal actors with the state’s 

abdication of its functions to these (Wallington, Lawrence and Loechel 2008). A point, this 

one, subsequently stressed also by Bell and Hindmoor: “our approach is state-centred because 

we argue that governments rely upon hierarchical authority to implement their policies and 

because, even when governments choose to govern in alternative ways, the state remains the 

pivotal player in establishing and operating governance partnerships and strategies” (Bell and 

Hindmoor 2009). Applied to a hypothesis that locates in the humanitarian mechanism and the 

administrative apparatus of the state the key forces driving the extent to which a national 

government should be prompted to provide humanitarian assistance, state-centered theory 

would expect a state to disburse humanitarian aid following dynamics internal to the donor 

state itself. State-centered theory would therefore expect that the extent to which a donor 

country’s humanitarian mechanism has been exposed to international dynamics, the degree to 

which it is sheltered from undue political pressure, the financial means at its disposal and the 

its administrative capacity to all play a significant role in influencing the extent to which a 

donor country would be ready to disburse humanitarian assistance to countries stricken by a 

sudden natural disaster. 

2.2. Investigated variables 

This second part of the analytical framework and research methodology presents on the one 

hand the dependent variable and, on the other hand, the independent variables for each one of 

the three alternative explanations under consideration. Both the dependent variable and each 

independent variable are presented through a three-step approach. To begin with, the variable 

in question is introduced. Secondly, the selected variable is operationalized. Finally, the data 

sources for the investigated variable are given. 

2.2.1. Dependent variable 

1. Presentation 

This dissertation wishes to establish which factors are most likely to influence the provision 

of emergency humanitarian assistance on behalf of a donor country to a disaster-stricken 

country. With this objective in mind, the chosen dependent variable is the amount of 

emergency humanitarian assistance provided by a donor country to a disaster-stricken country 

following the onset of a natural disaster. This variable is selected for a number of reasons. To 

begin with, the disbursement (as opposed to the pledge to disburse) of emergency 

humanitarian assistance can be seen as an unequivocal signal of the willingness of a donor 
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country to truly assist countries that have been struck by a sudden natural disaster. Secondly, 

selecting humanitarian disbursements provided in response to a specific natural disaster (as 

opposed to disbursements placed in a permanent multilateral “stand-by” fund) allows 

evaluating which specific independent variables might affect the decision to disburse 

humanitarian assistance following a specific humanitarian catastrophe. Finally, the data 

available in terms of disbursements of humanitarian assistance on behalf of national 

governments is readily available and of a neutral and undisputable quality as it has been 

collected and standardised by the United Nation’s Office for the Coordination of 

Humanitarian Affairs. 

2. Operationalization 

The dependent variable (DV) of this dissertation is the amount of emergency financial 

assistance provided by national governments following the onset of a sudden natural disaster. 

Through its Financial Tracking Service (FTS), the United Nation’s Office for the 

Coordination of Humanitarian Affairs (UN OCHA) provides an extensive database that 

includes all the disbursements provided by the selected donor governments for the entire 

period of analysis, the name of the recipient country and the date when the actual 

disbursement took place. In order to operationalize the DV for each one of the ten natural 

disasters investigated in this dissertation, the exact amount of emergency financial assistance 

disbursed by each one of the seven donor countries under investigation is recorded for the 

twenty-one days following the onset of each natural disaster. The data is computed in US$: 

this is because two out of the seven countries under investigation are outside the Eurozone 

(the United kingdom and Denmark) and because the provision of emergency financial 

assistance provided through the United Nations Office for the Coordination of Humanitarian 

Assistance’s Financial Tracking System (FTS) is recorded in US$. 

3. Data sources  

In order to investigate the dependent variable (i.e. the provision of humanitarian aid by 

national governments to disaster-stricken countries), comprehensive data is available through 

the Financial Tracking Service (FTS) of the United Nations Office for the Coordination of 

Humanitarian Affairs (UN OCHA). For the whole period of analysis, OCHA’s FTS provides 

accurate data on the exact date and amount of all disbursements (as opposed to pledges) of 

emergency financial assistance on behalf of the selected seven donor governments to all 
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recipient countries under investigation. Data is provided in US$ and the specific natural 

disaster for which a disbursement was released is always made available. 

2.2.2. Independent variables for the “domestic politics” explanation 

As mentioned before, a first explanation for changes in the dependent variable concentrates 

on domestic politics as the key factor influencing the provision of emergency humanitarian 

assistance on behalf of a donor country. Within such an understanding, the underlying 

assumption is that, the more prominent and marked certain domestic factors are within a 

donor country, the more likely it is that the donor country in question will provide greater 

amounts of emergency humanitarian assistance to a country affected by a sudden natural 

disaster. In the following paragraphs, each independent variable selected for the “domestic 

politics” explanation is presented, operationalized and its sources are given. 

2.2.2.1. Gross Domestic Product (GDP) 

1. Presentation 

The size of a country’s Gross Domestic Product (GDP) is likely to have an impact on the 

extent to which a donor government can provide emergency humanitarian assistance to 

disaster-stricken countries. From a political economy perspective, it is reasonable to expect 

that countries with a more substantial Gross Domestic Product (GDP) have the means to 

provide greater amounts of financial assistance to countries that have been struck by a sudden 

natural disaster. The underlying assumption for such a statement is that the provision of 

emergency humanitarian assistance is a policy that can more easily be implemented by those 

countries that can “afford being generous” thanks to both the availability of financial means 

as well as the existence of political capital accumulated by having already attended to their 

own citizens economic and social needs. 

2. Operationalization 

In order to quantify a donor country’s Gross Domestic Product (GDP), the absolute GDP of a 

donor country at the time of its disbursement of emergency humanitarian assistance to a 

country struck by a natural disaster is recorded. Data is then converted in US$ at the average 

exchange rate for the period under investigation. The choice to use US$ is made for two 

fundamental reasons. Firstly, to use a “comparable third party currency” that is neither the 

Euro nor the currency of a non-Euro member state of the European Union. Secondly, data is 
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provided in US$ in order to keep using the “international reference currency” that is used by 

most organisations that operate within the international humanitarian system. 

3. Data sources 

Data for the Gross Domestic Product (GDP) of the donor countries under investigation at the 

time of each disbursement is provided by Eurostat: the Directorate-General of the European 

Commission in charge of providing standardised statistical information for the European 

Union and its member states. 

2.2.2.2. Government orientation 

1. Presentation 

The presence in power of a centre-left or a centre-right government can be expected to 

influence the extent of humanitarian aid provided by a donor country. Indeed, because of the 

significant emphasis that European labour and social-democratic parties have traditionally 

placed on international cooperation and solidarity, it could be expected that the presence in 

government of a centre-left coalition could be more conducive to greater disbursements of 

humanitarian aid than a conservative one. 

2. Operationalization 

To operationalize this variable it is necessary to determine whether, at the moment of the 

disbursement of emergency financial assistance, a donor country is governed by a centre-left 

or a centre-right coalition. In order to establish the political orientation of the government in 

power at the time of disbursement, this dissertation explores whether a centre-left or a centre-

right party commanded the relative majority of seats in the donor country’s national 

parliament. Such a choice is made in light of the fact that, where coalition governments rather 

than one-party governments are in power, the party with the relative largest number of seats in 

the national parliament can be expected to play a predominant role in policy-making 

decisions. 

3. Data sources 

Data used in order to determine the political orientation of the ruling party in a donor country 

at the onset of each one of the ten natural disasters under investigation is collected through the 

database of the International Foundation for Electoral Systems (IFES). 
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2.2.2.3. Electoral period 

1. Presentation 

Whether or not a donor country finds itself in a period that is soon to witness national 

elections can be expected to influence the extent to which the government in power is ready to 

disburse emergency humanitarian assistance. Indeed, such a hypothesis rests on the 

assumption that a ruling party will be eager to portray itself as “compassionate and morally 

adequate” in the eyes of the donor country’s electorate. 

2 Operationalization 

In order to determine whether or not a donor country finds itself within an electoral period, 

this dissertation investigates whether or not the twenty-one days following the onset of any of 

the ten selected natural disasters fall within one hundred days of a scheduled national election. 

For this purpose, the electoral calendar for countrywide elections of each donor country 

within the whole period of analysis is investigated. Given that the length of the official pre-

electoral campaign period for national elections varies from one donor country to another, an 

arbitrary period of one hundred days is selected as a common benchmark for all donor 

countries under investigation. 

3. Data sources 

Necessary data in order to determine whether a donor country finds itself within an electoral 

period is gathered through the database provided by the International Foundation for Electoral 

Systems (IFES).  

2.2.2.4. Media coverage 

1. Presentation 

The extent to which a natural disaster is reported in a donor country’s media can be expected 

to influence the government’s decision to disburse emergency aid. Increases in issue salience 

in the media should lead to greater aid disbursements due to a causal mechanism whereby 

media reporting can contribute to ensure that a natural disaster is placed on a donor country’s 

political agenda. Once a natural disaster has been put at the top of the political agenda within 

the donor country’s public sphere, societal meobilization demanding action on behalf of the 

national government is more likely to take place and to be effective. As result of this, 

governmental authorities will be put under pressure to take action by providing some form of 
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humanitarian assistance. Increases in disbursements of humanitarian assistance can therefore 

be expected. 

2. Operationalization 

A key centre-left and a key-centre right newspaper are chosen for each donor country. These 

are analysed for the twenty-one days following each natural disaster. The total number of 

articles reporting on each selected natural disaster is then recorded on a daily basis. Such an 

approach is chosen so as to take into account the broadest possible spectrum of political views 

held by the broadest possible spectrum of citizenry. Both more progressive and more 

conservative socio-political perspectives are therefore taken into consideration. The selected 

newspapers are the following. The Netherlands: Handelsblad / De Telegraaf. Denmark: 

Politiken / Jyllands-Posten. United Kingdom: The Guardian / The Times. France: Le Monde / 

Le Figaro. Germany: Frankfurter Rundschau / Die Welt. Spain: El Pais / El Mundo. Italy: La 

Repubblica / Il Corriere della Sera. 

3. Data sources 

In order to operationalize the independent variable on media coverage, data for all articles 

published on selected natural disasters throughout the period of analysis is obtained primarily 

through the internet-based LexisNexis database. When the required information is not 

available through the LexisNexis database, data is collected directly from the digital archives 

of the newspapers themselves.  

2.2.3. Independent variables for the “disaster’s magnitude” explanation 

A second explanation accounting for variation in the dependent variable focuses on the 

magnitude of the natural disaster in question as a key determinant for a donor country’s 

delivery of humanitarian aid. Within such an understanding, the underlying assumption is 

that, the greater the magnitude of a natural disaster under investigation, the greater the amount 

of emergency financial assistance that a donor country is ready to provide to the disaster-

stricken country. In the following paragraphs, each independent variable selected for the 

“disaster’s magnitude” explanation is presented, operationalized and its sources are given. 
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2.2.3.1. Catastrophe day 

1. Presentation 

The number of days that have elapsed since the outbreak of a natural disaster can be expected 

to play a significant role in affecting a donor country’s disbursement of humanitarian 

assistance. Indeed, due to the very nature of a humanitarian catastrophe, it is in the very first 

days following the onset of a natural disaster that the most acute phase of a humanitarian 

catastrophe can be recorded. It is therefore reasonable to expect that, the more limited the 

amount of time that has elapsed since the beginning of a humanitarian emergency, the greater 

the amount of humanitarian assistance that a donor country is likely to provide to the disaster-

stricken country.  

2. Operationalization 

The first twenty-one days since the onset of each natural disaster are taken into consideration. 

A strong negative correlation is expected to take place whereby, as the number of days that 

have elapsed since the onset of a natural disaster increases, the amount of emergency 

humanitarian assistance provided decreases. This expectation rests on the assumption that, 

due to the very nature of humanitarian disasters, greater amounts of emergency financial 

assistance are necessitated throughout the days immediately following the onset of a natural 

disaster. 

3. Data sources 

The twenty-one days that have elapsed since the onset of a selected natural disaster are 

calculated from the first day of the disaster as recorded by the United Nations Office for the 

Coordination of Humanitarian Affairs’ Financial Tracking Service (UN OCHA FTS). 

2.2.3.2. Fatalities recorded 

1. Presentation 

The total number of fatalities recorded as result of a natural disaster can reasonably be seen as 

an indicator of the magnitude of the humanitarian catastrophe itself. As such, the number of 

fatalities recorded can spur the humanitarian department of a donor country to step up its 

efforts to provide emergency humanitarian assistance to the affected population. 
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2. Operationalization 

In order to determine the number of fatalities that have been recorded following each natural 

disaster under investigation, the daily number of recorded fatalities is annotated for each one 

of the twenty-one days following the onset of a natural disaster. For this purpose, data is 

obtained from the International Disaster Database (EM-DAT) of the Centre for Research on 

the Epidemiology of Disasters (CRED) of the Catholic University of Louvain: a 

comprehensive and reliable source with data on all recorded natural disasters worldwide. 

3. Data sources 

Data for the total number of fatalities recorded for each one of the ten natural disasters under 

investigation is always collected through the International Disaster Database (EM-DAT) of 

the Centre for the Epidemiology of Disasters (CRED) of the Catholic University of Louvain 

(UCL). 

2.2.3.3. People affected 

1. Presentation 

Together with the total number of fatalities recorded, the total number of people that have 

been affected by a natural disaster is another indicator of the “human toll” that a natural 

disaster as taken on the affected population. In humanitarian studies, the concept of “people 

affected” refers to all those individuals that, although having survived the natural disaster, 

have been displaced, have lost their livelihoods, have been injured or have lost their homes as 

result of the humanitarian catastrophe. 

2. Operationalization 

In order to determine the number of people that have been affected by a humanitarian 

catastrophe, the dissertation records the number of individuals that have lost their livelihood 

or their home, that have been injured or that have been displaced by the natural disaster in 

question. Again, for this purpose, data is obtained from the International Disaster Database 

(EM-DAT) of the Centre for Research on the Epidemiology of Disasters (CRED) of the 

Catholic University of Louvain. 
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3. Data sources 

Data for the total number of people affected for the ten humanitarian catastrophes under 

investigation is collected through the International Disaster Database (EM-DAT) of the 

Centre for the Epidemiology of Disasters (CRED) of the Catholic University of Louvain 

(UCL). 

2.2.3.4. Estimated damages 

1. Presentation 

Last but certainly not least, the total amount of estimated damages that have occurred as the 

result of a natural disaster contributes to provide a picture of the magnitude of a natural 

disaster. While closely related to the two previous variables, this indicator focuses more on 

the material losses sustained by a population rather than on the “human cost” that has been 

paid as result of a natural disaster. 

2. Operationalization 

In order to determine the estimated damages caused by a natural disaster under investigation, 

the dissertation notes the amount of financial damage recorded on each one of the first 

twenty-one days following the onset of a selected catastrophe. Once more, for this purpose, 

data is obtained from the International Disaster Database (EM-DAT) of the Centre for 

Research on the Epidemiology of Disasters (CRED) of the Catholic University of Louvain. 

3. Data sources 

Data concerning the estimated damages caused by each one of the ten natural disasters under 

investigation is collected through the International Disaster Database (EM-DAT) of the 

Centre for the Epidemiology of Disasters (CRED) of the Catholic University of Louvain 

(UCL). 

2.2.4. Independent variables for the “humanitarian mechanism” explanation 

Finally, a third explanation for variation in the dependent variable highlights the 

characteristics of a donor country’s humanitarian mechanism as the fundamental force 

determining the extent to which humanitarian assistance is provided. Within such an 

understanding, the underlying assumption is that, the more sophisticated and efficient the 

humanitarian mechanism of a donor country is, the greater the likelihood is that the donor 

country in question will release emergency humanitarian assistance to a recipient country 
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following the onset of a humanitarian disaster. In the following paragraphs, each independent 

variable selected for the “humanitarian mechanism” explanation is presented, operationalized 

and its sources are given. 

2.2.4.1. Internationalisation 

1. Presentation 

The extent to which the humanitarian department of a donor country has committed itself to 

work together with international stakeholders can act as a powerful “pressure mechanism” 

whereby the donor country under investigation feels obliged to live up to the expectations that 

it has raised within the humanitarian community. Indeed, a country that has been significantly 

involved with its international partners might perceive that a “logic of appropriateness” 

compels it to disburse humanitarian assistance to disaster-stricken countries so as to match its 

political engagement with an adequate financial commitment. 

2. Operationalization 

In order to gain an understanding of the extent to which a donor country is embedded within 

the international humanitarian community, this dissertation engages in an exploration of the 

initiatives taken by the donor country in question to contribute to multilateral initiatives in the 

field of the provision of both humanitarian and development assistance. A brief analysis of the 

initiatives taken over the years by each donor country’s humanitarian departments is therefore 

carried out for each one of the seven case studies under investigation. 

3. Data sources 

In order to operationalize the independent variable on the degree of “internationalization” of a 

donor’s humanitarian department, data on a country’s participation in international initiatives 

and institutionalised agreements is collected from the comparative country reports prepared 

by Development Initiatives’ Global Humanitarian Assistance (GHA) programme: one of the 

most comprehensive comparative surveys available in the field of international humanitarian 

assistance. 
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2.2.4.2. Financial commitment 

1. Presentation 

The extent to which a donor country is committed to the broad socio-economic advancement 

of economically least developed countries is likely to affect the extent to which it might also 

be ready to provide them assistance in case of a sudden natural disaster. Indeed, humanitarian 

aid is only one component of the Overseas Development Assistance (ODA) that economically 

advanced countries can provide to economically less developed ones. It can therefore be 

assumed that countries that perform particularly well in terms of financial resources dedicated 

to the provision of long-term development aid also perform particularly well when it comes to 

the provision of emergency humanitarian assistance. 

2. Operationalization 

In order to estimate the extent to which a country is ready to commit resources to the 

provision of development assistance, the yearly percentage of Gross National Income (GNI) 

that a donor country devotes to Overseas Development Assistance (ODA) is calculated for the 

whole period of analysis. Once that has been done, the percentages for each year of analysis 

are converted into an average for the whole period of analysis. 

3. Data sources 

Data for the amount of Gross National income (GNI) that each donor country under 

investigation dedicates to the provision of Overseas Development Assistance (ODA) has been 

obtained from the United Nations Statistics Division (UNSD) of the United Nations’ 

Department of Economic and Social Affairs (DESA): an authoritative source for the 

collection and dissemination of standardised and comparable data from, among others, those 

countries that belong to the Development Assistance Committee (DAC) of the Organisation 

for Economic Cooperation and Development (OECD). 

2.2.4.3. Operational independence 

1. Presentation 

The humanitarian departments of different donor countries are more or less likely to be 

operationally free of undue political interference. On the one hand, it is reasonable to assume 

that those humanitarian departments that can count only on limited operational independence 

are more likely to have to bow to political pressure and to align their policy decision with 
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their government’s strategic and geopolitical considerations. On the other hand, it can be 

expected that the humanitarian departments of those countries that enjoy a significant degree 

of operational independence from political pressure are more likely to feel free to provide 

emergency humanitarian assistance to the survivors of a disaster-stricken country in line with 

exclusively humanitarian considerations. The degree of operational independence enjoyed by 

a country’s humanitarian department can therefore directly affect the amount of humanitarian 

assistance that this is able to provide. 

2. Operationalization 

In order to assess the extent to which the humanitarian department of a national government is 

in a position to base its policy-decisions on strictly humanitarian criteria as opposed to 

strategic or geopolitical considerations, this dissertation investigates those indicators that 

might suggest a more or less prominent degree of operational independence from undue 

political interference. Such indicators might include the delegation or not of operational 

control of a humanitarian agency to non-politically appointed civil servants; the presence or 

not of specific legislative acts aimed at ensuring a humanitarian agency’s operational 

independence; the fact that humanitarian flows might or might not follow a donor country’s 

geostrategic interests and, finally, the type of funding channels (bilateral or multilateral) most 

frequently chosen by a country’s humanitarian agency in order to provide humanitarian 

assistance. 

3. Data sources 

Evidence to evaluate the degree of a humanitarian agency’s operational independence is 

obtained from both primary and secondary sources. These include the donor countries 

humanitarian agencies’ websites, country-specific evaluations carried out by the Organisation 

for Economic Cooperation and Development’s Development Assistance Committee (DAC), 

research conducted within the framework of Development Initiatives’ Global Humanitarian 

Assistance (GHA) programme and evidence collected in the Development Assistance 

Research Associates’ (DARA) Humanitarian Response Index. 

2.2.4.4. Administrative capacity 

1. Presentation 

A national government might be more than willing to provide significant financial assistance 

to the victims of a natural disaster but might be unable to release it efficiently and in a timely 
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fashion. The administrative capacity of a donor country is therefore bound to impact upon the 

quantity and the speed at which emergency financial assistance is provided to disaster-

stricken countries following the sudden onset of a humanitarian catastrophe. The 

administrative capacity of a donor country is in this context understood as the extent to which 

the institutional set up of a donor country’s humanitarian mechanism is conducive to the 

timely and efficient coordination of emergency financial assistance.  

2. Operationalization 

In order to assess the administrative capacity of the humanitarian mechanism of each donor 

country under investigation, four indicators are taken into considerations. To begin with, the 

presence or not of a specific unit dedicated to the provision of humanitarian assistance within 

the donor country’s agency tasked with the provision of development assistance to less 

economically developed countries is accounted for. Secondly, this section explores whether 

the humanitarian mechanism of the donor country in question is characterised by the 

fragmentation of humanitarian activities among different agencies or if all of these are 

centralised within a single institution. Thirdly, this dissertation investigates whether or not a 

donor country’s humanitarian agency has set up a specific forum to coordinate its action with 

the other humanitarian stakeholders operating within the donor country itself (NGOs, 

international organisations etc.). Finally, the size of the financial endowment on which a 

humanitarian agency can count upon on a yearly basis is identified. 

3. Data sources 

Data to assess the administrative capacity of each donor country is collected through a variety 

of literature. This includes country-specific studies carried out by the Organisation for 

Economic Cooperation and Development’s Development Assistance Committee (DAC), 

country assessments made within the context of Development Initiatives’ Global 

Humanitarian Assistance (GHA) programme, evidence from the Development Assistance 

Research Associates’ (DARA) Humanitarian Response Index and the websites of individual 

national humanitarian agencies. 

2.3. Period of analysis and selection of the case studies 

This third part of the chapter dedicated to the analytical framework and the research 

methodology presents the investigated period of analysis and the selected case studies. The 

first brief section of this part of the chapter limits itself to explain why a specific period of 



 48 

analysis has been taken into consideration. The second section of this third part of the chapter 

presents the selected case studies by focussing on the dependent variable upon which they 

have been selected. 

2.3.1. Period of analysis 

The period of analysis of this dissertation runs from the 1st of January 2000 to the 31st of 

December 2008. The focus of the dissertation is therefore on developments that have taken 

place since the year 2000 when the United Nations’ Inter-Agency Standing Committee 

(IASC) called for an overhaul of existing international humanitarian aid practices worldwide 

(Development Initiatives 2000). Within such a period of analysis, this dissertation explores 

the performance displayed by national governments in terms of the provision of humanitarian 

aid to disaster-stricken countries over the eight years following the Inter-Agency Standing 

Committee’s call for action. The selected period of analysis is therefore chosen so as to 

investigate a number of years when the international community called upon key European 

donor countries to renew their efforts to enhance their provision of humanitarian assistance 

worldwide. 

2.3.2. Selection of the case studies 

Seven EU member states are selected as case studies: Denmark, the Netherlands, the United 

Kingdom, Germany, France, Italy and Spain. The choice to focus on European Union member 

states as opposed to donors from other regions of the world stems from the fact that, 

collectively, Europeans are by far the largest providers of humanitarian aid worldwide. A fact 

readily acknowledged both by European institutions themselves and by non-governmental 

actors alike (ECHO 2009; GHA 2009). The prominence of the role played European countries 

within the United Nations’ Inter-Agency Standing Committee (IASC) is therefore what makes 

them a particularly interesting subject of analysis. Aside from this reason, these seven 

countries have also been chosen because, while it is fundamental to choose case studies that 

display a significant degree of variation on the dependent variable, it is equally important to 

select a group of countries that can be meaningfully compared. Indeed, the selected countries 

are comparable in that they share a number of fundamental characteristics. To begin with, 

they are all member states of the European Union. They have therefore undergone a 

significant degree of harmonisation of their economic, legislative and legal systems through, 

among other things, implementation of the European Union’s acquis communautaire. 

Secondly, all countries under investigation are member of the North Atlantic Treaty 
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Organisation (NATO). They have therefore been for a long time embedded within a common 

political and diplomatic framework for what concerns their security and foreign policies. 

Finally, the selected countries are all socio-economically advanced west European 

democracies. They share therefore many common traits in terms of societal dynamics, policy 

challenges and welfare structures. The seven case studies that have been selected are therefore 

similar enough so as to provide comparable units of analysis and yet different enough to 

provide for variation in the dependent variable. 

The selection of the seven case studies mentioned above has been made on the dependent 

variable: the average percentage of Gross National Income (GNI) that each donor country 

dedicates to the provision of humanitarian assistance for the selected natural disasters under 

investigation. As it is fundamental in terms of research design, the selected case studies 

display a significant degree of variation for their dependent variables. The following two 

graphs aim to further explore the dependent variable upon which the case studies have been 

selected by providing a comparative picture of the recorded disbursements of humanitarian. 

With this aim in mind, the first graph illustrates the total amount of humanitarian assistance 

provided by each donor country for all the natural disasters combined as a percentage of 

Gross National Income (GNI) while the second graph presents such disbursements in absolute 

terms. 
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Figure 2.3.2.1. Total disbursement for all emergencies as % of GNI per donor country 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA) and Eurostat 

2010. 

Figure 2.3.2.1 illustrates the total amount of disbursements of emergency financial assistance 

provided by each donor country for the ten largest humanitarian disasters that took place 

within the January 1st 2000 to December 31st 2008 period of analysis adjusted as a percentage 

of Gross National income (GNI).  

The percentage of Gross National Income (GNI) disbursed for the provision of emergency 

financial assistance for the ten natural disasters under investigation makes up the dependent 

variable upon which the case studies have been selected. The results are stunning: dedicating 

over 0.0020% of its GNI to emergency humanitarian assistance, Denmark outperforms by far 

all other EU member states under investigation. Providing more than two and a half times 

emergency financial assistance as a percentage of GNI than the second-best performing donor 

under investigation, Denmark is the undisputed “winner” in terms of generosity towards 

disaster-affected countries. In distant second and third positions respectively, the United 

Kingdom and the Netherlands manage both to provide just above 0.0007% of their GNIs in 

emergency financial assistance. The performance of Germany and France is relatively similar 

and in both cases rather mediocre: the two countries providing approximately 0.0005% and 

0.0004% of their GNI in emergency financial assistance. Italy scores particularly poorly by 

providing only just above 0.0002% of its GNI in emergency financial assistance to disaster-
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affected countries. Finally, Spain scores bottom of the league with significantly less than 

0.0001% of its GNI dedicated to the provision of emergency humanitarian assistance to the 

countries affected by the humanitarian crises under investigation. To sum up, the analysis of 

all disbursements as a percentage of GNI portrays a picture where four main groups of 

countries can be identified. First of all and with a stellar performance, Denmark is in a 

category of its own. Far from Denmark but with still more than acceptable performances, the 

United Kingdom and the Netherlands constitute a second group of countries in terms of the 

percentage of GNI dedicated to the provision of humanitarian assistance. Beyond this second 

group and with a rather mediocre percentage of their GNI expended on humanitarian aid, 

Germany and France make up a third group of countries. Finally and with very poor 

performances indeed, Italy and Spain make up a last group of countries. 

Figure 2.3.2.2. Disbursement for all investigated catastrophes per donor country (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 2.3.2.2 illustrates the total amount of disbursements of emergency financial assistance 

provided by each donor country for the ten largest humanitarian disasters that took place 

within the January 1st 2000 to December 31st 2008 period of analysis in absolute terms (as 

opposed to as a percentage of GNI).  

By looking at the graph, the remarkable performance of the United Kingdom becomes 

immediately apparent: despite an economy significantly smaller that that of Germany and 

comparable to that of France in terms of absolute GDP, the United Kingdom outperforms both 
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of its continental partners with an expenditure of over US$ 90,000,000. On the other hand, 

with an economy significantly larger than that of the United Kingdom, Germany only 

manages to provide just above US$ 80,000,000 in emergency financial assistance. France, 

with an economy of comparable size to that of the United Kingdom but an expenditure of just 

below US$ 50,000,000, only musters barely more than half of the contribution provided by 

the United Kingdom. Given the fact that its economy is of a comparable size to those of both 

the United Kingdom and France, Italy performs particularly poorly with an expenditure of 

approximately US$ 28,000,000: that is equivalent to roughly half the expenditure of France 

and to one third of the expenditure of the United Kingdom. With an expenditure hovering 

around US$ 25,000,000, both The Netherlands and Denmark post an impressive performance 

when compared to their peers. While their economies are puny in comparison to those of 

France and Italy, both The Netherlands and Denmark contribute half of the expenditure of 

France and even match the expenditure of Italy. Finally, Spain performs particularly poorly in 

terms of the provision of humanitarian aid for the ten humanitarian crises under investigation: 

with an economic size in between Italy and The Netherlands, Spain only manages to provide a 

tiny fraction of the emergency financial assistance provided by its fellow European Union’s 

member states (US$ 5,000,000). 

Moving beyond a narrow analysis of the dependent variable upon which the case studies have 

been selected, three major groups of countries can be identified. A first group (made up only 

by Denmark) displays an exceptionally high percentage of GNI dedicated to humanitarian 

assistance, a very high Gross Domestic Product (GDP) per capita, a very high degree of 

development measured in terms of Human Development Index (HDI) and the smallest 

population of the seven donor countries under investigation. A second group of countries (the 

Netherlands and the United Kingdom, Germany and France) records significantly different 

percentages of GNI dedicated to the provision of humanitarian assistance: the Netherlands 

and the United Kingdom both dedicating approximately 0.0007% of GNI to the provision of 

humanitarian assistance to the victims of the ten natural disasters under investigation while 

Germany and France dedicating only 0.0005% and 0.0004% respectively. These donor 

countries, however, display remarkably similar data for what concerns their GDP per capita, 

their HDI and their total populations. Indeed, all these four countries can count on a 

significantly high GDP per capita (ranging between US$ 52,843,000 for the Netherlands to 

US$ 44,181,000 for Germany), on relatively good performances in terms of HDI (ranging 

from 0.958 for the Netherlands to 0.940 for Germany) and on relatively large populations 

(ranging from 82,541,000 people in the case of Germany to 16,305,000 people in the case of 
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the Netherlands). Finally, Italy and Spain make up a third own category. Indeed, both Italy 

and Spain display a significantly below average percentage of GNI dedicated to humanitarian 

aid (just above 0.0002% and just below 0.0001% respectively), a relatively low GDP per 

capita (US$ 38,532,000 and US$ 35,829,000 respectively), an average degree of human 

development (0.945 and 0.949 respectively) and relatively large total populations (58,671,000 

and 43,395,000 inhabitants respectively). Figure 2.3.2.3 summarises the data for the selected 

case studies by complementing the dependent variable upon which they have been chosen 

(humanitarian aid as a percentage of GNI) with data about the countries’ GDP per capita, 

Human Development Index and total population. 

Figure 2.3.2.3. Summary table for the selected donor countries (2008 data) 

 
Case study 

 
Aid (% of GNI)  

 

 
GDP per capita (US$) 

 
HDI 

 
Total population 

 
Denmark 

 
0.0020 

 
62,438,000 

 
0.952 

 
5,419,000 

 
 

The Netherlands 
 

 
0.0007 

 
52,843,000 

 
0.958 

 
16,305,000 

 
 

United Kingdom 
 

 
0.0007 

 
43,401,000 

 
0.942 

 
60,203,000 

 
 

Germany 
 

0.0005 
 

44,181,000 
 

0.940 
 

82,541,000 
 

 
France 

 
0.0004 

 
44,639,000 

 
0.955 

 
60,997,000 

 
 

Italy 
 

0.0002 
 

38,532,000 
 

0.945 
 

58,671,000 
 

 
Spain 

 
0.0001 

 
35,829,000 

 
0.949 

 
43,395,000 

 
 

Sources: the author; UNData 2011c; UNDP 2008; UNData 2011b. 

Last but not least and having presented the dependent variable upon which the case studies 

have been selected, figure 2.3.2.4 wishes to provide a more general idea of the size of the 

economies of the seven EU member states under investigation. Such an understanding is 

important in order to observe the contribution that each analysed country could potentially 

provide in terms of emergency humanitarian assistance. Indeed, the GDP of each one of the 



 54 

countries under investigation constitutes one of the independent variables that are later on 

tested against the dependent variable. With this aim in mind, figure 2.3.2.4 comparatively 

illustrates the absolute average GDP for each donor country at Purchasing Power Standards 

(PPS) for those years when one of the ten natural disasters under investigation took place. 

This graph is therefore important because it highlights which donor countries are theoretically 

able to provide the greatest amounts of emergency humanitarian assistance both in absolute 

and relative terms. 

Figure 2.3.2.4. Average GDP per donor country at PPS. Selected years (US$ billions). 

 

Source: the author on elaborations from Eurostat 2010.  

Figure 2.3.2.4 illustrates the average GDP per capita for each one of the investigated donor 

countries for the years 2001, 2004, 2005, 2006, 2007 and 2008 combined. These are the years 

when the ten humanitarian catastrophes under investigations took place.  

With an average GDP of almost US$ 2,750 billion, Germany is by far the largest national 

economy under investigation and could theoretically provide the largest amounts of 

emergency financial assistance to disaster-stricken countries. With an average GDP of just 

above and just below US$ 2,000 billion respectively, the United Kingdom and France follow 

Germany in second and third place as the countries with the largest economies among those 

under investigation. Indeed, the two countries can virtually be seen as equal in terms of 

economic weight in that the recorded size of their economies changes almost on a yearly basis 

according to fluctuations in the value of the British Pound and the Euro. With an average 

GDP of just above US$ 1,750 billion for the selected years of analysis, Italy is a distant fourth 
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in terms of absolute economic size while, with an average GDP for the selected years in the 

range of US$ 1,250 billion and less than half of the size of Germany’s, Spain is the fifth 

largest economy among the countries under investigation. Finally, The Netherlands and 

Denmark come a distant sixth and seventh respectively in terms of absolute size of their 

economies within the sample of countries under analysis: their economies averaging US$ 600 

billion and US$ 200 billion at Purchasing power Standards (PPS) respectively in the years 

under investigation. If the seven EU member states under investigation were to provide 

humanitarian aid in line with the sizes of their economies, Germany would have to provide 

the lion’s share of assistance. The United Kingdom and France would come next and Italy and 

Spain would be the fourth and fifth largest providers of humanitarian aid. Finally, The 

Netherlands and Denmark would be required to contribute the smallest amounts of 

humanitarian assistance. 

2.4. Research methodology 

This part of the chapter dedicated to the analytical framework and the research methodology 

aims to present the actual practical steps that have been taken to elaborate the data available 

for the dissertation. Because the previous parts of this chapter have already dealt with a 

variety of questions relating to the analytical framework, the theoretical background and the 

selection of the case studies, the final part of this chapter limits itself to describe the specific 

procedure employed to elaborate the data presented in chapter four. In order to do so, this last 

part of the chapter is divided into four sections. The first section describes the steps taken to 

obtain the empirical results for the dependent variable. The second section outlines the 

procedure through which results have been obtained for all countries combined. The third 

section illustrates the methodology that was employed to obtain the quantitative results for 

each individual donor country. Finally, the last section presents the steps taken in order to 

obtain the qualitative results for the individual donor countries under investigation. 

2.4.1. Analysis of the dependent variable 

A number of specific steps are taken in order to obtain the relevant data for the amount of 

emergency financial assistance provided by each donor country to the victims of the ten 

natural disasters under investigation. To begin with, data on the actual disbursements (as 

opposed to pledges) of emergency humanitarian assistance is obtained from the Financial 

Tracking Service (FTS) of the United Nations’ Office for the Coordination of Humanitarian 

Affairs (UN OCHA). Secondly, a dataset is compiled for every donor country. In this data set, 



 56 

the exact amount of emergency humanitarian assistance disbursed by a donor country over the 

twenty-one days following the onset of each one of the ten natural disasters under 

investigation is recorded. Thirdly, the disbursement value is substituted by a logarithmic value 

so as to obtain a linear correlation that can be determined by linear regression. This is done 

because the disbursement values span several orders of magnitude while the other variables 

remain within very similar orders of magnitude, thus suggesting that the eventual correlation 

between the dependent variable and the independent variables is exponential rather than 

linear. Finally, the data collected for the dependent variable is normalised so as to more easily 

determine the degree of influence of the coefficients.   

2.4.2. Analysis of all countries combined 

The first part of chapter four therefore presents the data collected for all donor countries 

combined through a multivariate analysis. In order to do so, data collected to operationalize 

the independent variables identified for the “domestic politics” and the “disaster’s magnitude” 

hypotheses is normalised so as to be able to better analyse the coefficients of the independent 

variables themselves when running a multiple regression analysis. When running the multiple 

regression analysis, Generalized Least Squares (GLS) are employed instead of Ordinary Least 

Squares (OLS). That is the case because GLS estimates the unknown parameters in a linear 

regression model and can therefore address issues pertaining to autocorrelation and 

heteroskedasticity.  

In a situation whereby longitudinal data (days) are nested within time periods within 

countries, autocorrelation is likely to take place. Autocorrelation is the correlation of residual 

error terms from observations of the same variable at different points in time. Autocorrelation 

violates the Ordinary Least Squares (OLS) assumption that residual error terms are not 

correlated: standard errors tend to be underestimated and t-values overestimated and, because 

of that, GLS are used. Also within this context, the concept of heteroskedasticity refers to the 

presence of unequal variances between observations (i.e. the situation when one or more sub-

populations have variabilities different from the others). Heteroskedasticity does not bias the 

coefficients but can bias standard errors thus weakening possible inferences. This is a problem 

because significance tests with Ordinary Least Squares (OLS) are based on the assumption 

that error terms have constant variance. OLS therefore works with homoskedastic errors but 

not heteroskedastic ones. On the other hand, Generalised Least Squares (GLS) is used because 

it relaxes the homoskedastic assumption by using information available to obtain unbiased 

estimates of the variance. 
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Generalised least squares, however, do not solve eventual multicollinearity problems. 

Multicollinearity is the highly linear correlation between two or more predictors. In such a 

situation, coefficients might change significantly with minor changes in the model. However, 

while the model might still be reliable, the values of the individual predictors might not be so. 

Fortunately, one can be alerted to the presence of multicollinearity by the fact that the 

standard errors of the coefficients tend to be large. If that is the case, the Variance Inflation 

Factor (VIF) can be used to check for the presence of multicollinearity. In order to do so, the 

variance inflation factor regresses one explanatory factor on all others. When no VIF is 

recorded above 20 and no 1/VIF is recorded below .05, no multicollinearity is detected. 

Within the context of this study, the variance inflation factor was checked for all multiple 

regression analyses and muticollinearity was not recorded in any of the regressions.  

Having said so, in the specific multiple regression analysis comprising all donor countries 

combined, six dummy variables (one less than the total number of selected case studies) are 

inserted for statistical purposes. Dummy variables are qualitative variables that take values of 

0 and 1 (binary) to indicate the absence or the presence of potentially significant factors. With 

a 0 value, the coefficient disappears. With a 1 value, the coefficient functions as an additional 

predictor. Dummy variables are included in a multiple regression analysis so as to indicate 

residual differences between donor governments (i.e. unit effects) when regressing all donor 

countries together. The coefficient of a dummy variable, therefore, indicates the average 

difference between the group coded with 1 and the base group coded with 0 (i.e. the category 

which is not explicitly represented by a dummy variable) once having controlled for all other 

predictors. Within this context, it is fundamental to avoid the dummy variable trap: a situation 

of perfect collinearity between variables. In order to avoid it, the multiple regression analysis 

carried out for all donor countries combined made sure to contain only n-1 dummy variables 

(whereby n was the number of case studies under investigation).  

Following up on what mentioned above it shall be noted that, in a regression, the coefficient is 

the size of the effect that the independent variable has on the dependent variable. More 

specifically, in a multiple regression analysis, the coefficient is the extent to which the 

dependent variable is expected to increase when the independent variable increases by one 

while keeping all other independent variables constant. Indeed, the size of the coefficient 

gives the grade of influence of the independent variable but only if data has been normalized 

(i.e. only if all values have been divided by the maximum value). Whether or not a coefficient 

has a large or only a moderate effect is a relative concept depending on the relative strength of 
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the predictors. In order to compare the relative strength of the predictors, one has therefore to 

obtain the standardized regression of the coefficients (i.e. the coefficients that are measured in 

standard deviations instead of the units of the independent variables). Within this study, the 

coefficients were standardized for all variables before running the multiple regression analysis 

so as to be able to compare the size of the effect of the explanatory variables.  

Last but not least and concerning the specification of the explanatory model, it shall be 

pointed out that different alternatives (adding the predictors one by one) were tested and the 

results were consistent in terms of direction and magnitude with the final, fully specified, 

model displayed in chapter four. Within the context mentioned above, time lags were included 

in the multiple regression analysis because media coverage (i.e. the articles referring to a 

natural disaster under investigation published in the national media) would not be found in the 

donor country’s national media on the day of the natural disaster itself. Therefore, the 

multiple regression analysis looked for a correlation between the dependent variable and the 

selected independent variable on the same day of the onset of the natural disaster, on the day 

before and so forth. Furthermore, it shall be noted that the values of the disbursements 

spanned several orders of magnitude. Therefore, the eventual relationship that was expected 

to take place between the dependent variable and the independent variables would have been 

exponential and not linear. Because of that, the disbursement value was replaced by its 

logarithmic value. By doing so, the relation become linear and could be determined by the 

linear regression. 

After the multiple regression analysis for all donor countries combined, a series of five graphs 

is presented. More specifically, a first graph highlights the total disbursement for all 

investigated catastrophes for each donor country, a second graph investigates the total 

disbursements for all donor countries combined for the whole period of analysis and a third 

graph provides an insight into the disbursements for the whole period of analysis per donor 

country. These first three graphs are therefore presented in order to provide a better insight 

into the dynamics pertaining to the dependent variable under investigation. Having done that, 

a fourth graph illustrates the total number of fatalities recorded for each natural disaster under 

investigation throughout the whole period of analysis while a fourth and final bivariate graph 

investigates the correlation between fatalities and disbursements. 
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2.4.3. Individual countries: quantitative analysis 

In terms of the quantitative analysis carried out individually for each one of the seven donor 

countries combined, the following steps are taken. First of all, a multiple regression analysis is 

run for all the independent variables vis-à-vis the dependent variable constituted by the 

disbursements of humanitarian assistance released by the donor country under investigation. 

In order to do so and to begin with, a multiple regression analysis tests the normalised values 

of the eight independent variables selected for the “domestic politics” and for the “disaster’s 

magnitude” hypotheses against the dependent variable made up by the disbursements of 

humanitarian assistance. As previously done for all donor countries combined in order to deal 

with eventual issues of heteroskedasticity and multicollinearity, generalised least squares are 

used as opposed to ordinary least squares. Secondly and again as it has been done for all 

donor countries combined, the variance inflation factor of the multiple regression analysis is 

observed in order to detect eventual multicollinearity issues. Finally, a graph provides a 

comparison of the observed and the predicted values of the disbursements. This is done in 

order to visually present the results obtained by the mathematical model for the logarithm of 

the disbursement value against its estimated values over the twenty-one days following the 

onset of each natural disasters under investigation. Having done that, two graphs are 

introduced to better highlight the relationship between selected variables. More specifically, a 

first graph presents the recorded disbursements of humanitarian assistance released by the 

donor country under investigation while a second graph explores the number of recorded 

fatalities against the recorded disbursements of humanitarian assistance.  

2.4.4. Individual countries: qualitative analysis 

In order to carry out a qualitative analysis of the donor countries under investigation for the 

“humanitarian mechanism” hypothesis, four independent variables are identified. Each one of 

the four independent variables is tackled through a three-step approach. To begin with, the 

selected independent variable is presented: particular care is taken in this respect to highlight 

why such a variable is selected and how this might contribute to investigate the “humanitarian 

mechanism” hypothesis. As a second step, the selected variable is operationalized: a detailed 

explanation of how the variable is assessed is therefore given. Finally, the sources from which 

data for the investigated variable has been collected are given.  
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3. Analysis of the humanitarian catastrophes under investigation 

This research project investigates the reaction of seven EU member states’ governments in 

terms of their provision of emergency humanitarian assistance to the victims of natural 

disasters that have taken place worldwide between the 1st of January 2000 and the 31st of 

December 2008. Indeed, it is important to highlight that this dissertation focuses only on 

natural disasters (as opposed to complex emergencies and man-made disasters). The choice to 

limit this investigation to natural disasters is made in order to exclude all those humanitarian 

emergencies that, in light of their “man-made component”, would involve an analysis of 

additional intervening variables that would go way beyond the scope of this dissertation. 

Furthermore, in order to be included in the research sample, a natural disaster must have 

recorded at least 1,000 fatalities, it must have affected at least an estimated 1,000,000 people 

and it must have caused estimated damages worth at least US$ 1,000,000,000 as reported 

through the International Disaster Database (EM-DAT) of the Centre for Research on the 

Epidemiology of Disasters (CRED) of the Catholic University of Louvain (UCL). While the 

decision to apply such arbitrary parameters might lead to claims that data will be skewed 

because of a selection bias, such a choice is nevertheless appropriate. This is the case because 

it was necessary for the dissertation to ensure that all natural disasters were of a magnitude 

strong enough to be “recorded” (i.e. noted and acknowledged as significant) by the 

humanitarian agencies of all donor countries under investigation. Applying the three 

parameters mentioned above, ten natural disasters have been identified for the 1st of January 

2000 to the 31st of December 2008 period. The sections below provide a brief introduction to 

the nature and the magnitude of the ten natural disasters that have been selected. 

3.1. India earthquake 26/01/2001 

At 08.46 local time on Friday the 26th of January 2001 (India’s 51st Republic Day), an 

earthquake of magnitude 7.6 on the Richter scale at a depth of 16 km and with epicentre 

Chobari village struck the Indian region of Gujarat with shock waves reverberating for over 

700 km from its epicentre. The exact coordinates of the earthquake were latitude 23.442 

(ISC), longitude 70.310 E (ISC) and depth 16 km (ISC)) in Bhachau Taluka, Kutch District, 

Gujarat (USGS 2001). A peculiarity of this earthquake is that its epicentre was located far 

away from any fault lines between tectonic plates and that, therefore, the local population and 

infrastructure were in no way prepared to withstand the seismic event that took place. The 

most severely affected villages were the ones of Kutch, Bhuj, Bhachau and Anjar. 

Ahmedabad, Gujarat’s capital and a sprawling city of nearly 5 million inhabitants, was also 



 61 

badly affected by the collapse of dozens of multi-stories buildings and the reported deaths of 

hundreds of people while casualties were reported as far as into South-Eastern Pakistan (ASC 

2001, Malik 2001). 20,023 people were killed, 7,236,304 people were affected and immediate 

damages amounted to an estimated US$ 2,623,500,000. 

Figure 3.1.1. June 26th, 2001 India (Gujarat) earthquake quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

26/01/01 
 

India 
 

Earthquake 
 

20,023 
 

7,236,304 
 

2,623,500,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.2. India and Bangladesh floods 20/06/2004 

On the 20th of June 2004, North-Eastern India and Bangladesh (and to a much minor extent 

Nepal) were struck by flash floods that killed 1,677 people, affected an estimated 69,808,532 

individuals and caused an estimated damage worth US$ 5,073,700,000. While flesh floods 

struck Bangladesh already in June 2004, monsoon-related rains persisted up to October of the 

same year. According to the International Federation of the Red Cross (IFRC) over 40% of 

the country was inundated and over 1 million hectares of crops were destroyed, thus leading 

to steep increases in food prices that might have indirectly cost the lives of thousand of people 

over the months following the flash floods themselves (IFRC 2005). To top it all, the most 

devastating floods ever recorded since those that took place following the overflowing of the 

river Brahmaputra in 1998 had also predictably contributed to an explosion in the number of 

water-born diseases (AFP 2004 and DFO 2004). Finally, the fact that approximately half of 

the capital Dacca was flooded further hampered the coordination of humanitarian relief 

operations. By the time the emergency was over in October 2004, a staggering 35,000 Square 

Kilometres of the country and 50% of its population had somehow been affected by the floods 

(DER 2004).  
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Figure 3.2.1. June 20th, 2004 India and Bangladesh floods quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

20/06/04 
 

India/Bangladesh 
 

Floods 
 

1,677 
 

69,808,532 
 

5,073,700,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.3. South-East Asia tsunami 26/12/2004 

On Sunday December 26th, 2004 (Boxing Day) at 00:58:53 Coordinated Universal Time 

(CUT), Southeast Asia was struck by what would become known within the scientific 

community as the Sumatra-Andaman earthquake. With an epicentre 160 km off the western 

coast of Sumatra, Indonesia, and just north of the island of Simeulue and a depth of 30 km 

below sea level, a 1,300 km rupture of the northern section of the Sunda mega thrust was the 

cause of the famous 2004 “South East Asian Tsunami”. The third-strongest ever recorded 

earthquake with a magnitude of between 9.1 and 9.3 on the Richter scale and reverberation 

recorded as far as Alaska (West et al. 2005) caused a series of tsunamis waves over 30 meters 

high spread from the epicentre and hit the coasts of Thailand, Indonesia, India and Sri Lanka 

and, to a lesser extent, another ten countries (Paulson 2005). The fact that Indonesia lays 

between the Alpide Belt and the Pacific Ring of Fire, made this area particularly likely to be 

hit by earthquakes while the great distance travelled by the waves meant that the impact on 

the coast lines (and the ensuing damage and fatalities) took anything between fifteen minutes 

to over 15 hours (in the case of Somalia) to hit the shoreline (AFRC 2005). The longest 

faulting duration ever recorded by an earthquake (approximately 9 minutes) and the ensuing 

tsunamis cost the lives of up to 230,000 people. With an estimated death toll of over 130.000, 

Indonesia was the country worst affected by the tsunami. Sri Lanka (over 35,000 deaths), 

India (over 12,000 deaths) and Thailand (over 5.000) also suffered extremely high casualties. 

Somalia, Myanmar, the Maldives, Malaysia, Tanzania, the Seychelles, Bangladesh, South 

Africa, Yemen and Kenya were also affected with estimated fatalities that ranged between 

two and eighty-two (USGS 2010). Following the tsunami, over US$ 14 billion in 

humanitarian aid poured into the region from across the world and probably contributed to a 



 63 

significant mitigation of the devastating effects of the tsunami (Jayasuriya and McCawley, 

2010).  

Figure 3.3.1. December 26th, 2004 South East Asian Tsunami quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

26/12/04 
 

S.E.Asia 
 

Tsunami 
 

226,508 
 

2,431,765 
 

9,991,000,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.4. India floods 24/07/2005 

Exceptional torrential rains battered the Mumbai region between the 24th of July and the 2nd of 

August 2005. Although this part of India is used to heavy showers brought every summer by 

the Indian Monsoon, the precipitations of July 2005 registered new records: 994 mm of rain 

were recorded on July 26th alone and several near-records precipitations were recorded for all 

the following days. Aside from the metropolitan area of Mumbai, the areas of Khed, Chiplun, 

Khed, Raigad, Ratnagiri, Kalyan and Goa were also severely affected. Against precipitations 

of up to 994 mm per day, it is estimated that the Mumbai sewage system has a maximum 

carrying capacity of 25 mm per day: this was probably the key factor contributing to the 

flooding of the city (OCHA 2005). Torrential rains coupled with an overflowing of the 

sewage system had devastating consequences. It was reported that children were stranded in 

schools for over 24 hours, the Mumbai stock exchange could only partially function, airplanes 

were grounded and, as the water level kept raising, bodies of dead animals were found 

floating in the water thus raising significant health hazards (IFRC 2005). By early August 

2005, the final (official) death toll was put at 1,259 fatalities and to this day, the expression 

“26th of July” has come to recall the devastation witnessed by Mumbai residents over those 

days. 
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Figure 3.4.1. July 24th, 2005 India (Mumbai area) floods quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

24/07/05 
 

India 
 

Floods 
 

1,259 
 

20,000,061 
 

3,330,000,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.5. Central America hurricane 01/10/2005 

Although not the strongest hurricane of the 2005 Atlantic hurricane season (hurricane Wilma 

holds that honour), hurricane Stan caused far greater havoc than any other hurricane that hit 

the Central American region in 2005. The eleventh hurricane, sixth cyclone and eighteenth 

tropical storm, Stan was a relatively weak hurricane that hit southern Mexico, Guatemala and 

El Salvador in the first few days of October 2005 but that nevertheless managed to cause 

estimated damages worth US$ 3,9 billion and an estimated 1,598 fatalities. Originating off the 

coast of West Africa on September 17th, 2005, it was only while entering the Caribbean on 

October 1st 215 km southeast of Cozumel, Mexico, that Stan strengthened enough to be 

classified as Tropical Depression Twenty by the National Hurricane Centre (Pasch and 

Roberts 2006). Only a few hours after having been classified as Tropical Depression, the 

system suddenly intensified and was re-named as Tropical Storm Stan: it would have made 

his first landfall at 65 km/h at Punta Hualaxtoc, Mexico, just 55 km south of Tulum, Mexico. 

While crossing the Yucatan peninsula, Stan was upgraded to a category 1 hurricane on the 

Saffir-Simpson Hurricane Scale. A new landfall took place on October 4th with winds of 

above 130 km/h near Porta Roca, Mexico. By the time the torrential rains had ceased, Mexico 

and El Salvador had respectively reported 36 and 69 fatalities. Guatemala was the country 

worst hit by Stan: by the end of October 1,513 people were confirmed dead and estimated 

damages stood in the region of US$ 988,3 million (International Disaster Database, 2010). 

Due to the high number of victims that perished in the hurricane, the name Stan was 

permanently revoked from the official naming mechanism of the World Meteorological 

Organization. 
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Figure 3.5.1. October 1st, 2005 Central America hurricane quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

01/10/05 
 

Central America 
 

Hurricane 
 

1,641 
 

2,512,997 
 

3,864,000,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.6. Pakistan earthquake 08/10/2005 

On October 8th, 2005 at 03:52:37 GMT (08:52:37 Pakistan Standard Time) an earthquake 

with magnitude 7.6 on the Richter scale with epicentre the town of Muzaffarabad (Pakistani-

controlled Kashmir) was recorded. The United States Geological Survey (USGS) located the 

epicentre of the earthquake about 19 km northeast of Muzzaffarabad and 100 km north-

northeast of Islamabad, while the hypocentre was located at a depth of 26 km below surface 

level (USGS 2005). Within a day from the original quake, a further 147 aftershocks were 

recorded. Of these, twenty-eight had a magnitude stronger than the original earthquake 

(USGS 2005). Emergency relief operations were made more difficult by the fact that most of 

the affected populations found themselves isolated from emergency relief teams (and food 

and water supplies) because mountain paths had been interrupted by mudslides. While some 

of the survivors attempted a long descent from the highest mountains in search of assistance, 

the Indian army and international organisations were attempting to “climb up” the mountain 

ranges to provide emergency assistance. NATO helicopters scrambled from Afghanistan were 

instrumental in establishing an airlift in order to provide airdrop of emergency supplies (BBC 

2005). The earthquake that hit Kashmir was so strong that actually affected the altitude of a 

number of mountains in the Himalaya range (an area highly prone to earthquakes). At the 

time, the Pakistani authorities had put the estimated number of fatalities at 74,698 people 

(BBC 2005).  
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Figure 3.6.1. October 8th, 2005 Pakistan (Kashmir) earthquake quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

08/10/05 
 

Pakistan 
 

Earthquake 
 

74,659 
 

5,287,622 
 

6,200,050,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.7. Indonesia earthquake 27/05/2006 

On May 27th, 2006 at 05:54 local time (22:54 GMT of the 26th of May), 10 km below the 

seabed, an earthquake of magnitude 6.3 on the Richter scale took place 20 km south-

southwest of Yogyakarta, just off the cost of Java, Indonesia. Within the following 6 hours, 

two aftershocks of magnitude 4.8 and 4.6 on the Richter scale were also recorded (USGS 

2006). The area most severely affected by the earthquake was Bantul where 3,580 fatalities 

and 1,892 injured were reported: not a surprising data when it appears that over 5 million 

people live within 50 km of the epicentre of the earthquake (GDACS 2011). The final total 

number of fatalities was set at 5,778, the total number of affected people was set at 3,177,923 

and the total estimated damage was set at US$ 3,100,000. 

Figure 3.7.1. May 27th, 2006 Indonesia (Java) earthquake quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

27/05/06 
 

Indonesia 
 

Earthquake 
 

5,778 
 

3,177,923 
 

3,100,000,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 
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3.8. India and Bangladesh cyclone 15/11/2007 

The fourth storm of the 2007 North Indian Ocean cyclone season, Cyclone Sidr formed in the 

Bay of Bengal and made its landfall on the coast of Bangladesh on November 15th, 2007 with 

a speed of 260 km/h, thus easily making it into a category-5 tropical cyclone on the Saffir-

Simpson Scale (Ball 2007). Preparations for the impacting cyclone were relatively adequate: 2 

million people were evacuated from low-lying coastal areas to emergency shelters, weekly 

leave for government officials was withdrawn so that the full governmental apparatus could 

be mobilised to contribute to the coordination of the relief operations, all the country’s ports 

and harbours were closed and 40,000 Red crescent volunteers were mobilised to provide 

emergency assistance and support. The work carried out by the Indian Meteorological 

Department seemed to have been fundamental in contributing to effectively coordinate the 

pre-impact preparations not only in India but also, and especially, in Bangladesh (IMD 2007). 

While under the Indian Cyclone Preparedness Program over 600,000 people that would have 

found themselves in the path of the storm were evacuated, the areas of Barguna and 

Patuakhali still suffered at least 423 and 385 fatalities respectively making them the worst-

affected areas and contributing to a large proportion of the over 3,000 reported fatalities 

(Khan et al. 2007). The total number of fatalities was set at 4,250, the total number of affected 

people was set at 9,006,702 and the total estimated damage was set at US$ 2,400,000.  

Figure 3.8.1. November 15th, 2007 Bangladesh Cyclone Sidr quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

15/11/2007 
 

Bangladesh 
 

Cyclone 
 

4,250 
 

9,006,702 
 

2,400,000,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.9. South Asia cyclone 02/05/2008 

Originating on the 27th of April 2008 in the Bay of Bengal (1,150 km east-southeast of 

Chennai, India), Tropical Cyclone Nargis was first named by the Indian Meteorological 

Department (IMD) as such on on April 28th when located 550 km east of Chennai (IMD 

2008). Subsequently, Nargis pointed northeast towards the Bay of Bengal and the coast of 
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Myanmar (Burma) with winds of up to 215 km/h, making it a category-4 cyclone. Nargis 

finally made its landfall on the Ayeyarwady district (Myanmar) at full strength at 12.00 UCT 

time on the 2nd of May 2008 (JTWC 2008). Nargis’ devastating consequences were 

compounded by the actions of the country’s ruling military junta. While on the 6th of May 

2008 the military junta had officially requested the support of the United Nations in dealing 

with the aftermath of the catastrophe, the military rulers kept at the same time denying the 

necessary visas to aid workers to deliver the aid that was being made available (Denby 2008). 

It was only following the mediation of the Thai Prime Minister and the UN Secretary General 

Ban-Ki-Moon that finally, on May 19th; the military junta accepted the delivery of emergency 

aid provided by the Association of South East Asian Nations (ASEAN). Meanwhile, French, 

British and US ships that were carrying emergency relief supplies and that had been docked 

just outside Burma’s territorial waters had been refused entry for days and were forced to 

leave the disaster zone without having delivered their emergency supplies (BBC 2008). The 

exact number of victims of the cyclone will never be known but is is most likely to have been 

much lower had the ruling military junta allowed international humanitarian assistance to 

enter the country immediately after the cyclone had struck. The final count for the Nargis 

cyclone that hit Burma in May 2008 saw a total of 138,434 fatalities, 3,209,389 affected 

people and an estimated US$ 4,019,000 in damages. 

Figure 3.9.1. May 2nd, 2008 Bangladesh Cyclone Nargis quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

02/05/2008 
 

Burma 
 

Cyclone 
 

138,434 
 

3,209,389 
 

4,019,000,000 
 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.10. China earthquake 12/05/2008 

The “Sichuan earthquake” struck at 14:28:01 Chinese Standard Time (CST) or 02:28:01 EDT 

on May 12th, 2008. The epicentre of the earthquake was located west-northwest of Chengdu 

(capital of Sichuan province) in the densely populated Wenchuan province. The focal depth of 

the earthquake was 19 km and the magnitude registered on the Richter scale was 7.9 (USGS 
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2008). The earthquake took place along the Longmenshan fault line on the border between the 

Indio-Australian plate and the Eurasian plate, it lasted approximately two minutes and it 

propagated at the speed of 3.1 km per second. 104 major aftershocks ranging in intensity 

between 4.0 and 6.1 were recorded within 72 hours of the main quake (Chinese earthquake 

administration 2008). Although following the last two decades of sustained economic 

development the search and rescue services of the Republic of China have tremendously 

improved in terms of speed and efficiency, the total death toll resulted very high due to the 

high population density in the earthquake-stricken areas. The estimated damage was 

extremely high due to the fact that major buildings and infrastructures in urban areas (as 

opposed to rural areas) had been affected. Within the Sichuan region, the provinces of 

Mianyang, Ngawa and Deyang were the worst affected ones with the number of fatalities set 

at 21,963, 20,258 and 17,121 respectively (Sina 2008). The total number of fatalities was set 

at 87,476 individuals, the total number of people affected at 45,976,596 and and the estimated 

damage at US$ 85,000,000. 

Figure 3.10.1. May 12th, 2008 Sichuan (China) earthquake quick reference table 

 
Date 

 
Location 

 
Event 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

12/05/2008 
 

China 
 

Earthquake 
 

87,476 
 

45,976,59
6 

 
85,000,000,000 

 
 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

3.11. Comparative data analysis 

While so far the data concerning each of the ten natural disasters under investigation has been 

presented individually, the following three graphs and one table present the data on the natural 

disasters investigated through a comparative perspective. Data concerning the magnitude of 

the ten natural disasters under investigation is presented here in a comparative manner for 

both theoretical and analytical reasons. Indeed, while this dissertation investigates the ten 

biggest natural disasters for the period of analysis, the ten catastrophes under analysis are 

characterised by significant variation in terms of the number of fatalities, people affected and 

estimated damages reported. Therefore, it is appropriate to present the data in a comparative 
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perspective so as to eventually be able, at a later stage, to identify particular patterns of 

disbursement in relation to these characteristics. The following three graphs present the total 

number of fatalities, the total number of affected people and the total estimated damages 

recorded for each natural disaster under investigation respectively. Finally the table 

summarises all the data provided for all the analysed catastrophes. 

Figure 3.11.1. Total number of fatalities recorded for each natural disaster 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

Figure 3.11.1 highlights the total number of fatalities that were recorded for each of the ten 

humanitarian catastrophes under investigation. The earthquake and resulting tsunami that 

struck South East Asia on the 26th of December 2004 is by far the catastrophe that registered 

the highest number of fatalities. On this occasion, 226,508 people lost their lives and almost 

all of them on the day of the tsunami itself. This sets this disaster aside from other 

catastrophes such as floods, hurricanes or earthquakes where a significant number of people 

are likely to loose their lives not on the day of the catastrophe itself but in the following days 

as result of the conditions created by the catastrophe (spread of infectious diseases, lack of 

water and food and loss of shelter).  

The cyclone that struck South Asia on the 2nd of May 2008 is the natural disaster that caused 

the second-highest number of fatalities among the natural disaster investigated. While a 

significant number of individuals lost their lives directly as result of the cyclone, the majority 
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of the fatalities that took place were to be attributed to events that followed the cyclone itself. 

The events that too place could be divided between natural and man-made. Natural events 

have to do with the rapidly deteriorating conditions that developed following the cyclone: lack 

of potable water, spread of diseases due to the overflowing of poorly maintained sewage 

systems and the loss of income and food due to the destruction of rice fields. Yet, a significant 

number of deaths following the cyclone that hit Burma in May 2008 can be traced also to 

what could be seen as man-made humanitarian disasters. Following the catastrophe itself, the 

ruling Burmese military junta for a number of days refused any kind of international 

assistance and did not openly acknowledge the sheer magnitude of the calamity that had hit 

the country. When the junta finally allowed foreign assistance to flow into the country, it did 

so in a slow, inconsistent and very selective manner, still refusing significant aid and support. 

The actions of the junta are therefore likely to be at least partly responsible for the 138,434 

victims recorded following the devastating landfall of cyclone Nargis on the southern coast of 

Myanmar. 

The third and fourth catastrophes with the highest numbers of fatalities recorded are the 

Sichuan earthquake of May 2008 and the October 2005 Kashmir earthquake. The 87,476 

fatalities registered for the Chinese earthquake of May 2008 are primarily due to the fact that 

the affected areas were densely inhabited and semi-urbanised: the collapse of buildings and 

infrastructures caused the majority of the fatalities. The 74,659 fatalities recorded for the 

Kashmir earthquake were to be found primarily in rural and mountainous areas. Entire 

communities found themselves cut off the relief effort and had to improvise themselves 

rudimentary search and rescue operations. The topography of the region and the difficulties 

registered in reaching the affected populations are one of the primary causes for the high 

number of fatalities.  

The earthquake that struck Gujarat (India) in January 2001 caused 20,023 victims. While the 

strength of the quake was the primary cause of the high number of victims, two additional 

reasons for the high number of fatalities can be found both in the absence of anti-seismic 

provisions in the construction of buildings and in the fact that the regional and densely-

populated capital of Ahmedabad was struck by the quake: hundreds of lives were lost in this 

city alone.  

While certainly not less tragic, the number of victims in the other examined catastrophes is 

significantly lower: 5,778 fatalities were registered in the May 27th 2006 Java earthquake, 

4,250 lives were lost due to cyclone Sidr in Bangladesh in November 2007, 1,677 were taken 
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by the floods that hit Bangladesh in June 2004, 1,641 lives were lost as result of hurricane 

Stan in October 2005 and, finally, 1,259 fatalities were recorded following the floods that hit 

India in July 2005.  

While one might expect immense variation in the total number of fatalities due to different 

natural catastrophes, it is particularly interesting to observe that the number of fatalities is by 

no means necessarily proportional to the number of affected people by that very same 

catastrophe: natural catastrophes might record extremely high number of victims but 

relatively low numbers of people affected and vice-versa. A point this, that is clearly 

illustrated by the next graph that takes into account not the number of fatalities per 

catastrophe but, rather, the total number of people affected by each selected catastrophe. 

Figure 3.11.2. Total number of affected individuals recorded for each natural disaster 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

Figure 3.11.2 highlights the total number of people that have been affected by each one of the 

catastrophes that have been selected for investigation. The term ”affected people” refers to all 

those individuals that, while not having lost their lives, have nevertheless been injured, have 

lost their home, have lost their primary source of income or whose lives have been severely 

disrupted by a natural catastrophe. What immediately becomes apparent is the fact that the 

data recorded for the South East Asian Tsunami and the June 2004 Bangladesh floods are 

almost reversed. While in the previous graph the number of fatalities reported for the 
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Bangladesh floods was minimal compared to the total number of fatalities reported for the 

South East Asian Tsunami, in this graph the number of affected people in the June 2004 

Bangladeshi floods is incomparably higher than the number of people affected by the 

December 2004 South East Asian Tsunami. The reasons for this only apparent discrepancy 

are to be found in the fact in the different nature of the two catastrophes. The December 2004 

tsunami was a sudden catastrophe that struck with no warning whatsoever: those that were 

along the hit coastal areas had no warning and almost no opportunity to seek safety: many of 

the victims were caught by surprise by the tsunami while still asleep. This is the key reason 

why the number of fatalities was so high. The number of affected people, on the other hand, 

was relatively low in that the earthquake produced itself in the middle of the Indian Ocean 

and that the tsunami only hit coastal areas. While some of these coastal areas were densely 

populated (and the overwhelming part of the population lost their lives), many other coastal 

areas were either non-inhabited or sparsely populated. That is the reason why only relatively 

few people were recorded as affected by the tsunami: individuals were more likely to be either 

non-affected or to outright loose their lives.  

The reason why the number of affected people by the June 2004 Bangladesh floods is so high 

is diametrically the opposite. While extensive flooding can up to a certain extent be predicted, 

there is very little that can be done to avoid it (at least on the short-term without long-term 

preparedness programmes). The warnings and the forecasting of the incoming floods offered 

an opportunity for the authorities to evacuate the population and to organise emergency relief 

operations in advance of the floods, thus saving tens of thousands of lives. On the other hand, 

however, the number of people affected was always bound to be very high because of the 

morphology of the country: Bangladesh is a low-laying flood-prone area criss-crossed by a 

variety of river basins and river systems: an exceptional percentage of the population was 

therefore bound to be affected by the floods. While “only“ 2,431,765 people were affected by 

the December 2004 South East Asian tsunami, a staggering 69,808,532 people were affected 

by the floods that hit Bangladesh (and marginally India) in June 2004.  

The Sichuan earthquake that shook China in May 2008 recorded the second-highest number 

of affected people among the natural catastrophes under investigation: 45,976,596 people 

were affected by the quake. The area worst hit by the Sichuan earthquake was Wenchuan 

province: a densely populated area just northwest of Chengdu, the capital of Sichuan. The fact 

that Chengdu province is home to various urban centres (Chengdu being just the largest one) 

coupled with the fact that anti-seismic provisions were not incorporated in the construction 
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plans for most of the existing buildings made it most likely to have an extremely high number 

of affected people.  

The floods that struck India in July 2005 affected 20,000,061 individuals. Again, a similar 

explanation to the one envisioned in the case of the June 2004 Bangladeshi floods can be 

employed: while the total number of victims was relatively low thanks to the work of the 

emergency services and the fact that the floods could be predicted, a high number of people 

were affected in the city of Mumbai and the densely-populated surrounding region. Cyclone 

Sidr that struck Bangladesh in November 2007 and the earthquake that hit Gujarat (India) in 

January 2001 affected 9,006,702 and 7,236,304 people respectively. On the one hand, the 

reason for the high number of people affected by cyclone Sudr can be found in the fact that, 

while making its landfall on the coast, Sidr proceeded inland as far as the Burmese border 

across densely-populated regions. The reasons for the high number of affected people in the 

Gujarat earthquake, on the other hand, are to be found in the high population density and in 

the fact that the regional capital of Ahmedabad (over 5 million inhabitants) was affected by 

the earthquake.  

The remaining five natural catastrophes under investigation recorded a number of affected 

people always around or well below 5,000,000 people. The number of affected people was 

5,287,622 for the Pakistani earthquake of the 8th of October 2005, 3,177,923 for the Java 

earthquake of June 2006, 3,209,389 for cyclone Nargis on Myanmar in May 2008, 2,431,765 

for the South East Asian tsunami of December 2008 (as mentioned before) and, finally, 

2,512,997 when hurricane Stan struck Central America in October 2005. 
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Figure 3.11.3. Total estimated damage recorded for each natural disaster (US$) 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

Figure 3.11.3 highlights the total estimated damage recorded for each of the ten natural 

disasters under investigation. One catastrophe stands above all the other ones in this respect: 

the Sichuan earthquake that shattered China on the 12th of May 2008. In this instance, the 

estimated total damage was a staggering US$ 85 billion, an amount many times higher than 

the ones of recorded by any of the other natural catastrophes under investigation. The location 

of the earthquake is one of two fundamental reason for such an outcome: the epicentre of the 

quake was located in the Wenchuan province, less than 100 km northwest of Chengdu, a 

sprawling city of over 11 million people and capital of Sichuan province. Urban areas were 

therefore strongly affected by the earthquake: the damage to infrastructure, buildings, roads, 

sewage systems and industry was substantial.  

The second important factor that contributed to the stellar estimated damages for the Sichuan 

earthquake is the relative wealth of the region. If it is undeniable that a significant gap in 

terms of wealth still persists between Chinese coastal areas and the inland provinces, it is also 

clear that over the last two decades China underwent an impressive economic transformation. 

As result of this economic development not only wealth was accumulated in the form of more 

luxurious homes, cars and offices but also in the shape of insurance policies: the costs of 

refinancing insured property in the affected regions is a specificity of China when compared 
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to the other investigated catastrophes. The extremely high estimated damages that were 

recorded as result of the May 2008 Sichuan earthquake are therefore to a great extent to be 

attributed to the fact that this was a “catastrophe of the wealthy” that affected a relatively rich 

and economically developed area.  

While all other natural disasters under investigation recorded significantly lower total 

estimated damages, two catastrophes still stand out compared to the remaining ones: the 

December 2004 South East Asian tsunami and the October 2005 Kashmir earthquake. The 

tsunami that struck much of South East Asia (and beyond) in December 2004 caused 

estimated damages for almost US$ 10 billion: an exorbitant financial cost but still a relatively 

limited one in the broader context of the number of fatalities recorded on that fateful day. The 

reasons for such a relatively low financial cost are to be found in the fact that, although the 

tsunami struck up to fourteen countries surrounding the Indian Ocean, no major cities were 

hit. Also, while many coastal areas were affected, many of these were uninhabited. The 

communities and populations that were directly hit by the tsunami were in the overwhelming 

majority of cases rural communities and fishermen’s villages characterised by subsistence 

farming, local fishing and very low household incomes. Last but not least, the fact that the 

epicentre of the earthquake was in the middle of the Indian Ocean meant that the damage 

caused was much more contained than had the epicentre been located inland.  

The earthquake that struck Pakistani-controlled Kashmir on the 8th of October 2005 caused an 

estimated damage of over US$ 6 billion. Once again, while this was certainly a tremendous 

financial blow to a country such as Pakistan, the total estimated damages were relatively low 

when compared with the total number of fatalities registered for the same catastrophe. The 

key reason for such an outcome is to be found in the fact that Kashmir is a very poor region 

characterised by extremely low household incomes, minimal infrastructure (indeed, 

emergency relief operations following the quake were chronically hampered by the absence of 

decent roads) and with few urban centres. At the same time, Kashmir is one of the areas with 

the lowest population density in the whole of central and northern Pakistan and that 

contributed to account for the relatively low total estimated damages. The three natural 

disasters that recorded the highest number of estimated damages were therefore all 

earthquakes (including the December 2004 tsunami).  

Each of the remaining seven natural catastrophes under investigation registered total 

estimated damages of around or below US$ 5 billion. The estimate for the June 2004 

Bangladesh floods was US$ 5,073,700,000, the estimated damage from tropical cyclone 
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Nargis (Myanmar) was US$ 4,019,000,000, that for the damage sustained by Central 

American countries because of hurricane Stan in October 2005 was US$ 3,864,000,000, the 

floods that affected western India in July 2005 caused estimated damages for US$ 

3,330,000,000, the earthquake that struck Java (Indonesia) in May 2006 recorded estimated 

damages for a total of US$ 3,100,000,000 while the earthquake that shook India in January 

2001 recorded damages for a total of US$ 2,623,500,000. Finally, cyclone Sidr that struck 

Bangladesh in November 2007 caused a total estimated damage of “only” US$ 

2,400,000,000.  

Figure 3.11.4. Comparative summary of all humanitarian catastrophes under investigation 

 
Date 

 
Location 

 
Disaster 

 
Fatalities 

 
Affected 

 
Damage (US$) 

 
 

26/01/01 
 

India 
 

Earthquake 
 

20,023 
 

7,236,304 
 

2,623,500,000 
 

 
20/06/04 

 
Bangladesh 

 
Floods 

 
1,677 

 
69,808,532* 

 
5,073,700,000 

 
 

26/12/04 
 

S. E. Asia 
 

Tsunami 
 

226,508* 
 

2,431,765 
 

9,991,000,000 
 

 
24/07/05 

 
India 

 
Floods 

 
1,259 

 
20,000,061 

 
3,330,000,000 

 
 

01/10/05 
 

C. America 
 

Hurricane 
 

1,641 
 

2,512,997 
 

3,864,000,000 
 

 
08/10/05 

 
Pakistan 

 
Earthquake 

 
74,659 

 
5,287,622 

 
6,200,050,000 

 
 

27/05/06 
 

Indonesia 
 

Earthquake 
 

5,778 
 

3,177,923 
 

3,100,000,000 
 

 
15/11/2007 

 
Bangladesh 

 
Cyclone 

 
4,250 

 
9,006,702 

 
2,400,000,000 

 
 

02/05/2008 
 

Burma 
 

Cyclone 
 

138,434 
 

3,209,389 
 

4,019,000,000 
 

 
12/05/2008 

 
China 

 
Earthquake 

 
87,476 

 
45,976,596 

 
85,000,000,000* 
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Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

Figure 3.11.4 summarizes in a comparative manner the total number of fatalities, affected 

people and estimated damages for all the ten natural disasters under investigation. While all 

numbers provided are, inevitably, only estimates of the totals, the table provides a clear 

insight for what concerns the magnitude of each of the investigated natural disasters. For the 

chosen period of analysis (January 1st 2000 to December 31st 2008) only humanitarian 

catastrophes that recorded at least 1,000 fatalities, 1,000,000 affected people and US$ 

1,000,000,000 in damages were selected. Among the ten natural disasters under investigation, 

the catastrophe that recorded the highest number of fatalities was the South-East Asian 

tsunami of the 26th of December 2004. The natural disaster that recorded the highest number 

of affected individuals was the Bangladesh floods of the 20th of June 2004. Finally, the 

humanitarian catastrophe that recorded the highest estimated damages was the Sichuan 

earthquake (China) of the 12th of May 2008.  
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4. Data analysis and empirical results 

While the concluding chapter of this dissertation will provide an overview of the empirical 

findings by presenting them according to the three research hypotheses under investigation, 

this fourth chapter limits itself to present the data analysis for the examinated case studies and 

to provide a short summary of the major findings obtained in each instance. In order to do so, 

data is initially presented in a comparative perspective for all donor countries combined. 

Subsequently, data is presented for each donor country individually.  

4.1. All donor countries combined 

This first part of the chapter dedicated to the data analysis and the presentation of the 

empirical results concentrates on the output obtained for all donor countries combined. Data is 

therefore obtained and presented through a number of steps. To begin with, the multiple 

regression analysis of all the investigated independent variables against disbursements of 

humanitarian assistance is presented. This is done at the very beginning of the chapter so as to 

explicitly highlight the superior explanatory value of multivariate results vis-à-vis bivariate 

findings. As a second step, the dependent variable is investigated in more detail by 

introducing three graphs concentrating on the data available for the disbursements of 

humanitarian assistance. The introduction of these three graphs at an early stage within the 

chapter is justified due to the peculiar role played by the single dependent variable under 

investigation as opposed to the various independent variables which are tested against it. As a 

third step, a graph for the independent variable pertaining to the total number of fatalities 

recorded for each natural disaster is introduced. This graph is presented so as to provide a 

clearer picture of the independent variable that, according to the multiple regression analysis, 

most influences the dependent variable. Finally and having taken the steps presented above, a 

last graph highlights the dynamic interactions taking place between the two variables 

presented above: the one pertaining to the disbursemnets of humanitarian assistance and the 

one made up by the number of fatalities recorded for each natural disaster under investigation. 

For the sake of academic rigour as well as to systemaically explore the correlation between 

the investigated variables, data and findings pertaining to all selected case studies are always 

presented in the same order and format. 
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Figure 4.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

unitedkingdom: United Kingdom (dummy variable) 

italy: Italy (dummy variable) 

netherlands:The Netherlands (dummy variable) 

france:France (dummy variable) 

spain:Spain (dummy variable) 

germany:Germany (dummy variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 
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damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 

Figure 4.1.1 shows the results for the Multiple Regression Analysis (MRA) with Generalised 

Least Squares (GLS) carried out for all countries combined over 1470 days of analysis (i.e. 

the 210 days investigated for each donor country).  

A P > z value of almost 0.004 for the variable accounting for gross domestic product, a P > z 

value of 0.001 for the number of days that have elapsed since the onset of a catastrophe and a 

P > z value of 0.000 for the number of fatalities recorded, highlight the fact that in all these 

instances there is an almost 100% probability that these independent variables have an effect 

on the amount of emergency humanitarian aid disbursed. Conversely, such results highlight 

the fact that there is an almost 0% likelihood that the obtained value is the result of random 

distribution. Unsurprisingly, most of the six dummy variables that have been included for the 

statistical model that investigates all countries combined also show highly significant P > z 

values. Indeed, the values recorded for the variables identified as “unitedkingdom”, “italy”, 

“france” and “germany” are all almost 0.000 while the P > z value recorded for the variable 

“spain” is 0.050. Unlike the other five dummy variables, the one identified as “netherlands” 

records a non-significant P > z value of 0.326. Within this context, the empirical values 

obtained for the dummy variables can be interpreted by comparing them against the constant. 

In the case of this multiple regression analysis involving all donor countries combined, all 

dummy variables except the one pertaining to the Netherlands are therefore statistically 

significant. 

While the P > z value shows the significance of the variable, the absolute value of the 

coefficient shows its amount of influence. In this case and once the dummy variables are 

excluded, the independent variables with the coefficients with the highest absolute values are 

those ones accounting for the donor countries’ gross domestic product (-0.402) and the 

number of fatalities recorded (0.164). While displaying a significantly smaller coefficient (-

0.057), the fact that the variable concerned with the number of days that have elapsed since 

the onset of a natural disaster displays a negative coefficient should be no cause for concern. 

Indeed, such an outcome is entirely logical in that it highlights that, as the number of days that 
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have elapsed since the onset of a natural disaster increase, the disbursements of emergency 

humanitarian assistance decrease. As results of what has been mentioned above and once the 

dummy variables are excluded, the most significant independent variables in determining the 

amount of humanitarian aid disbursed are therefore the number of fatalities recorded, the 

number of days that have elapsed since the onset of a catastrophe and, to a more limited 

extent, the size of the donor countries’ gross domestic products. In relative terms when 

assessed vis-à-vis the other standardized independent variables, the effect of the number of 

fatalities could therefore be assessed as very large with the exception of the dummy variables 

and the predictor pertaining to the donor countries’ gross domestic product. Indeed, one 

standard deviation increase in the total number of fatalities results in 0.164 standard deviation 

increase in the disbursement of emergency humanitarian assistance. 

Having said that, multicollinearity within the regression is checked for by computing for the 

tolerance value and by regressing one of the explanatory variables on all other explanatory 

variables. In this multiple regression, multicollinearity is recorded for the gross domestic 

product independent variable as well as for four out of six of the dummy variables. While the 

presence of multicollinearity for the dummy variables is to be expected and is no cause for 

concern, three key considerations shall be made in relation to the variable accounting for all 

donor countries’ gross domestic products. To begin with, the presence of multicollinearity for 

the variable made up by the gross domestic product is to be expected. That is the case because 

there is very little variation in the variable itself, because dummy variables have been 

included and because almost no residual variation can be detected. Having said that and given 

the fact that the individual (i.e. country specific) multiple regressions do not need to include 

any dummy variables, the gross domestic product variable is expected not to experience 

multicollinearity problems when tested for each individual donor country as opposed to all 

donor countries combined. Secondly, the high standard error is likely a cause of the 

multicollinearity and the model might be overfitting, such that more data would be required to 

obtain a more reliable estimate. Because of that, the value for this variable might be 

unreliable. Finally, the negative coefficient recorded for the gross domestic product variable is 

cause for concern. Indeed, such a negative coefficient would seem to imply that, as a donor 

country’s gross domestic product increases, the amount of humanitarian assistance provided 

by the donor country in question decreases. In light of the three considerations made above, 

one should not take for granted the apparent significance of the gross domestic product 

variable but, rather, should assess its significance also in light of the results obtained for the 

individual case studies under investigation. 



 83 

In light of the points highlighted above, a few final considerations can summarize the findings 

obtained for all donor countries combined through the multiple regression analysis. To begin 

with, the number of fatalities recorded in a natural disaster is by far the most significant factor 

affecting the extent to which a donor government might provide emergency humanitarian 

assistance to a country struck by a sudden natural disaster. In other words, the greater the 

number of fatalities recorded, the greater the amount of humanitarian assistance provided. 

Secondly, the number of days that have elapsed since the onset of a natural disaster is also a 

significant factor influencing the extent to which emergency humanitarian assistance might be 

disbursed. Indeed, the evidence suggests that, as the number of days since the onset of a 

natural disaster increases, the amount of humanitarian assistance disbursed tends to decrease. 

Finally, while the evidence overwhelmingly confirms the hypothesis according to which the 

magnitude of a natural disaster is highly significant in influencing the extent to which a donor 

government might be ready to provide emergency humanitarian assistance to a country struck 

by a sudden natural disaster, the same evidence suggest that the domestic politics of the donor 

country in question are not significant in influencing disbursements of humanitarian 

assistance.  

Figure 4.1.2. Disbursement for all investigated catastrophes per donor country (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  
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Figure 4.1.2 illustrates the total amount of disbursements of emergency financial assistance 

provided by each donor country for the ten largest humanitarian disasters that took place 

within the January 1st 2000 to December 31st 2008 period of analysis.  

By looking at the graph, the remarkable performance of the United Kingdom becomes 

immediately apparent: despite an economy significantly smaller that that of Germany and 

comparable to that of France in terms of absolute GDP, the United Kingdom outperforms both 

of its continental partners with an expenditure of over US$ 90,000,000. On the other hand, 

with an economy significantly larger than that of the United Kingdom, Germany only 

manages to provide just above US$ 80,000,000 in emergency financial assistance. France, 

with an economy of comparable size to that of the United Kingdom but an expenditure of just 

below US$ 50,000,000, only musters barely more than half of the contribution provided by 

the United Kingdom. Given the fact that its economy is of a comparable size to those of both 

the United Kingdom and France, Italy performs particularly poorly with an expenditure of 

approximately US$ 28,000,000: that is equivalent to roughly half the expenditure of France 

and to one third of the expenditure of the United Kingdom. With an expenditure hovering 

around US$ 25,000,000, both The Netherlands and Denmark post an impressive performance 

when compared to their peers. While their economies are puny in comparison to those of 

France and Italy, both The Netherlands and Denmark contribute half of the expenditure of 

France and even match the expenditure of Italy. Finally, Spain performs particularly poorly in 

terms of the provision of humanitarian aid for the ten humanitarian crises under investigation: 

with an economic size in between Italy and The Netherlands, Spain only manages to provide a 

tiny fraction of the emergency financial assistance provided by its fellow European Union’s 

member states (US$ 5,000,000). 
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Figure 4.1.3. Disbursements for the period of analysis (US$) for all donors combined 

 

Source: the author and elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.1.3 illustrates the total amount of emergency financial assistance provided by all 

donor countries under investigation combined throughout the whole period of analysis 

(January 1st 2000 to December 31st 2008).  

As it becomes immediately apparent, the tsunami of December 26th, 2008 is the natural 

disaster that received by far the greatest amount of emergency financial assistance among all 

natural disasters investigated in the sample. While the fact that the donors under investigation 

provided over US$ 45,986,132 in emergency relief for the victims of the tsunami in one single 

day is in itself outstanding, what is even more exceptional is the total amount of emergency 

financial aid that was provided over the entire three weeks following the disaster itself. In the 

three weeks following the tsunami of 26th of December 2004, the seven donor countries under 

investigation provided US$ 197,859,730 in emergency financial assistance as recorded 

through the Office for the Coordination of Humanitarian Affairs’ Financial Tracking System 

(FTS). The day of the tsunami itself saw disbursements for a total of US$ 10,617,179 and, 

aside from the peak of US$ 45,986,132 mentioned earlier, five other days saw total 

disbursements of over US$ 10,000,000 as well. Throughout the three weeks following the 

tsunami, only 3 days saw no financial disbursements to the benefit of the victims of the 

tsunami coming from the seven donor countries under investigation. Indeed, the victims of the 
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tsunami received therefore not only substantial but also prolonged assistance from the seven 

EU member states under investigation.  

A second catastrophe that stands out in terms of the quantity of emergency financial 

assistance received by the affected population in one single day is the Gujarat earthquake 

(India) of January 26th, 2001. The seven donor countries under investigation provided over 

US$ 25,000,000 to the victims of this calamity as recorded by OCHA’s Financial Tracking 

System making it the third natural disaster to receive the most emergency financial assistance 

within the nine-year period of analysis in this study. A word of caution is nevertheless in 

order at this point for what concerns the provision of humanitarian aid on the occasion of the 

Gujarat earthquake: while the data for what concerns the total amount of financial assistance 

provided is in as far as possible correct, not the same can be said for its timing. Research 

carried out on tabulates of the Financial Tracking System (FTS) of the UN Office for the 

Coordination of Humanitarian Affairs (OCHA) has highlighted a situation whereby all donor 

countries under investigation that reported having provided emergency financial assistance to 

the victims of the January 2001 Gujarat earthquake, reported doing so on the 31st of January 

2001 only. This should lead to use some caution when analysing the data in that it seems 

unlikely that all donor countries should provide emergency financial assistance on exactly the 

same day for the same catastrophe. What is likely to have happened is that emergency 

financial disbursements might have taken place on a number of different days but have been 

reported on a set date as the result of administrative requirements on behalf of the Office for 

the Coordination of Humanitarian Affairs. However, disregarding the potential exact timing 

of the financial assistance provided to the victims of the Gujarat earthquake, it is safe to claim 

that this was indeed the natural disaster that received the third largest amount of emergency 

financial assistance from the combined seven donor member states under investigation within 

the whole nine-year period of analysis.  

Aside from the December 26th, 2004 tsunami and the January 26th, 2001 Gujarat earthquake, 

at least three other humanitarian catastrophes among those under investigation received 

substantial emergency financial assistance from the seven EU member states under scrutiny. 

The victims of the earthquake that shattered Pakistani-controlled Kashmir on the 8th of 

October 2005 received emergency humanitarian assistance to the tune of US$ 41,737,091 

over the three weeks following the quake itself. Within these three weeks, four days clearly 

stand out as particularly significant in that over US$ 5,000,000 were donated in each of them. 

The provision of emergency financial assistance to Pakistan following the October 2005 
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Kashmir earthquake was both speedy and sustained over the whole three weeks following the 

disaster: this was the second humanitarian catastrophe (after the December 2004 tsunami) that 

received the most emergency financial assistance among all the natural disasters under 

investigation. The victims of cyclone Nargis received US$ 9,861,933 in emergency financial 

assistance in one single day and a total of US$ US$ 22,227,252 in emergency financial 

assistance over the three weeks following the landfall of the cyclone on Myanmar. This was 

the case despite the questionable handling of the emergency on behalf of the Burmese military 

junta and the diplomatic constraints that donor countries had to deal with. These constraints 

might nevertheless have significantly accounted for the relative slow response in the 

disbursement of emergency humanitarian assistance.  

According to OCHA’s Financial Tracking System, the seven donor countries under 

investigation provided emergency financial assistance to the tune of US$ 15,084,589 to the 

victims of the Sichuan earthquake that shattered China on the 12th of May 2008. The bulk of 

the assistance came over two specific days when the donor countries provided almost US$ 

5,000,000 per day. Another three humanitarian catastrophes under investigation did receive 

emergency financial assistance but on a significantly more limited scale. The earthquake that 

struck Java (Indonesia) on the 27th of May 2006 mobilized US$ 2,621,672 in emergency 

humanitarian assistance from the investigated seven donor countries. The bulk of the 

assistance came in two specific days to the tune of US$ 1,000,000 per day. Similarly, when 

hurricane Stan made its landfall on the Central American Atlantic coast, the seven EU donor 

countries under investigation answered with the provision of US$ 796,480 in emergency 

financial assistance. Finally, the floods that affected the Mumbai region (India) in July 2005 

triggered the disbursement of only US$ 174,577 from the seven donor countries. If the 

victims of the three natural disasters mentioned above could complain about the neglect 

displayed towards them by the seven EU member states under investigation, they were still in 

a better situation than the victims of the floods that affected Bangladesh in June 2004 or the 

victims of cyclone Sidr that again struck Bangladesh in July 2007. In these two instances, no 

EU member state among those investigated provided any sort of emergency humanitarian 

assistance to the victims of the disasters as reported through OCHA’s Financial Tracking 

System. 
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Figure 4.1.4. Disbursements per donor country over the period of analysis (US$) 

 

Source: the author and elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.1.4 illustrates the variation in the amount of disbursements provided by each donor 

country under investigation for the whole period of analysis (January 1st 2000 to December 

31st 2008) for the ten investigated natural catastrophes. 

By looking at the graph, it immediately becomes apparent the exceptional amount of 

emergency financial assistance provided by all donor countries on the occasion of the 

December 26th, 2004 tsunami. More specifically, what emerges is the role played by Germany 

in leading the commitment and disbursement of humanitarian assistance. Indeed, on the 

occasion of the tsunami, Germany outdid all other donor countries and in two occasions 

provided donations to the tune of over US$ 23,000,000 and US$ 31,000,000 respectively. On 

this occasion, France also played a significant role in the provision of emergency financial 

assistance, both with a one-off donation of approximately US$ 24,000,000 and with a series 

of multiple donations between US$ 2,000,000 and US$ 6,000,000 throughout the three weeks 

following the tsunami itself. In line with the size of their economies, the United Kingdom and 

Italy also provided some very significant amounts of financial assistance. While providing 

smaller donations throughout the three weeks following the tsunami itself, the United 

Kingdom provided especially significant assistance on three specific days to the tune of over 

US$ 9,000,000, US$ 5,000,000 and again US$ 9,000,000. On a more limited scale, Italy 

distinguished itself with a significant one-off donation to the tune of approximately US$ 
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12,000,000 well into the third week following the onset of the emergency. Again in line with 

the size of their economies, The Netherlands and Denmark were the smallest donors on the 

occasion of the tsunami. Denmark’s performance should nevertheless be praised in that, 

although by far the smallest economy among all the investigated donors, it did nevertheless 

manage to outdo The Netherlands in terms of total amount of aid provided to the victims of 

the tsunami. Last but not least, the almost complete absence of Spain among the donors (only 

US$ 100,000 were donated) for the tsunami should be noticed. While this data is indeed 

surprising, it should be kept in mind that this study only takes into consideration 

disbursements recorded through OCHA’s Financial Tracking System and that, therefore, 

donations in kind as the ones that came from the Spanish government (who actually mobilised 

the navy and other military assets on the occasion of the tsunami in order to provide 

emergency relief assistance) are not recorded in the graph.  

The data for what concerns the provision of emergency humanitarian assistance to the victims 

of the January 26th 2001 Gujarat earthquake is unreliable to say the very least. It is highly 

unlikely for the disbursements from all donor countries for this natural disaster to have taken 

place on the same day. Rather and as pointed out before, the timing of the provision of aid as 

shown in the graph is likely to be distorted due to administrative and reporting requirements. 

The 31st of January 2001 is likely to be an arbitrary date set by either by OCHA through its 

Financial Tracking System or by the national governments themselves. While the timing of 

the disbursements is unreliable, the quantity is not: on the occasion of the Gujarat earthquake, 

it was the British and German governments and, to a much more limited extent the Dutch and 

the Danish ones, that stood out in terms of amounts of emergency assistance provided. The 

British and the German government provided approximately US$ 10,000,000 and US$ 

7,500,000 in aid respectively while the Dutch and Danish governments provided 

approximately US$ 3,000,000 and 2,500,000 respectively, leaving all other potential donor 

countries far behind in terms of financial commitments.  

Moving on to cyclone Nargis that made its landfall on the shores of Myanmar on the 2nd of 

May 2008, it can be easily seen how the United Kingdom is the donor that stood out in terms 

of the amount of humanitarian aid provided with a disbursement of approximately US$ 

10,000,000. On this occasion, Denmark and Italy came a distant second and third with 

disbursements of over US$ 5,000,000 and approximately US$ 4,000,000 respectively. 

Interestingly ad with the exception of two almost symbolic disbursements from Spain 

immediately after the landfall of the cyclone, all disbursements that took place in favour of 
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the victims of cyclone Nargis are to be recorded at least two weeks into the emergency, 

perhaps highlighting the concern that a number of donors had that the assistance provided 

would have been mismanaged or siphoned off to the private bank accounts of the ruling 

military junta.  

Unlike in the case of cyclone Nargis, the disbursements that took place following the Sichuan 

earthquake (China) on the 12th of May 2008 were more limited in terms of amounts provided 

but more constant over time. Indeed, all the donor countries under investigation bar The 

Netherlands and Denmark provided emergency aid to the tune of between US$ 500,000 and 

US$ 2,500,000 over the two weeks following the quake itself. It might be no coincidence that 

the two countries that overall score best in terms of the percentage of GDP dedicated to 

financial emergency assistance did not contribute any financial assistance to the one recipient 

country that is by far the wealthiest of all those included in the sample.  

Two more natural disasters to have received substantial emergency assistance as recorded 

through the United Nation’s Financial Tracking System are the earthquake in Pakistan-

administered Kashmir on the 8th of October 2005 and the Java earthquake of the 27th of may 

2006. The victims of the October 2005 Kashmir earthquake received substantial assistance 

from both the German and the British government. The first provided two instalments of 

approximately US$ 5,000,000 each while the latter provided two instalments between US$ 

5,500,000 and 6,000,000 each. On a much more limited scale, all other donor countries 

contributed emergency assistance throughout the three weeks following the quake itself, but 

always remained far from the quantities of assistance provided by Germany and the United 

Kingdom. The victims of the Java earthquake were to receive significantly less financial 

assistance than their Pakistani counterparts. The assistance provided was indeed to come 

primarily through two instalments from the British government, each to the value of 

approximately US$ 1,000,000 and from a tiny and rather symbolic disbursement of the Italian 

government.  

Finally and on a very negative note, it should be observed that hurricane Stan in October 2005 

and the floods that affected western India in July 2005 saw the mobilization of little more than 

symbolic amounts of emergency financial assistance from a limited amount of donor 

countries. While the victims of hurricane Stan and the western Indian floods of July 2005 

received very limited assistance, these were still able to count on more international support 

than the victims of other natural disasters. Indeed, the graph above clearly illustrates how the 

victims of the Bangladesh floods of June 2004 and those of cyclone Sidr in November 2007 
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could count on no emergency financial assistance whatsoever from any of the seven EU 

member states under investigation. The international community effectively left the victims of 

these two humanitarian catastrophes to their own means. 

Figure 4.1.5. Total recorded fatalities for the period of analysis 

 

Source: the author on elaborations from the International Disasters Database (EM-DAT) of 

the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic University 

of Louvain (UCL). 

Figure 4.1.5 briefly presents in a comparative manner the number of fatalities recorded for 

each one of the ten natural disasters under investigation within the period of analysis running 

from the 1st of January 2000 to the 31st of December 2008.  

As it immediately becomes apparent, the tsunami of the 26th of December 2004 is the 

humanitarian catastrophe that recorded by far the highest number of fatalities. Just on the 

onset of the disaster, over 226,000 people lost their lives. A distant second in this unfortunate 

ranking, the cyclone that struck Myanmar on the 2nd of May 2008 recorded a still dramatic toll 

of over 138,000 lives. Next in third and fourth positions, the earthquake that struck the 

Chinese province of Sichuan on the 12th of May 2008 and the one that struck Pakistani-

controlled Kashmir on the 8th of October 2005 caused over 87,000 and 74,000 victims 

respectively. In a distant fifth place, the earthquake that hit the Indian region of Gujarat on the 

26th of January 2001 recorded just over 20,000 fatalities. On a still relatively more limited 

scale, the earthquake that struck the Indonesian island of Java on the 27th of May 2006 and the 

cyclone that shattered Bangladesh on the 15th of November 2007 caused almost 6,000 and just 
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above 4,000 fatalities each. Last but certainly not least, three more natural disasters recorded 

fatalities in the range of between 1,000 and 2,000 people. These were the Bangladesh floods 

of the 20th of June 2004, hurricane Stan on much of Central America on the 1st of October 

2005 and the Indian floods of the 24th of July 2005. 

Figure 4.1.6. Total fatalities against total disbursements for all countries combined 

 

Source: the author with elaborations on data from the International Disasters Database (EM-

DAT) of the Centre for Research on the Epidemiology of Disasters (CRED) at the Catholic 

University of Louvain (UCL) and with elaborations from the Financial Tracking Service 

(FTS) of the United Nations’ Office for the Coordination of Humanitarian Affairs (UN 

OCHA). 

Figure 4.1.6 simultaneously presents the data for both the number of fatalities recorded and 

for the total disbursements from all donor countries combined for each of the ten natural 

disasters under investigation throughout the whole period of analysis (January 1st, 2000 to 

December 31st, 2008). 

By looking at the graph, it appears that, in general, a higher number of recorded fatalities 

seem to be followed by higher disbursements of emergency humanitarian aid. The results 

presented by figure 4.1.6 seem therefore to suggest that the amount of humanitarian assistance 

disbursed following each natural disaster is dependent on the magnitude of the disaster itself 

(in this case, understood as the total number of fatalities recorded). Furthermore, an 

explanation that would see changes in disbursements of humanitarian assistance to be 

dependent upon the total number of fatalities recorded for each natural disaster would be 
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entirely compatible with the results obtained through the Multiple Regression Analysis 

(MRA) presented at the beginning of the chapter in figure 4.1.1. 

An individual analysis of each natural disaster under investigation further highlights the 

strong relationship between the number of fatalities recorded and humanitarian disbursements 

that emerges through the multiple regression analysis given in figure 4.1.1. Outstanding 

among all the catastrophes examined, the tsunami of the 26th of December 2004 saw the 

survivors of its over 260,000 fatalities be awarded unprecedented amounts of emergency 

humanitarian assistance by the international community. Indeed, throughout the three weeks 

following the onset of the disaster, disbursements of humanitarian assistance kept pouring into 

the affected countries and recorded peaks of over US$ 45,000,000, US$ 35,000,000 and US$ 

24,000,000 per day. Amounts, those recorded, unprecedented in history as unprecedented in 

history had been the total number of people that had lost their lives in a single humanitarian 

catastrophe.  

On a much more limited yet still significant scale, three other catastrophes saw very high 

numbers of fatalities being followed by significant disbursements of emergency humanitarian 

aid. The survivors of the earthquake that struck Pakistani-controlled Kashmir on the 8th of 

October 2005, those of the cyclone that hit Myanmar on the 2nd of May 2008 and those of the 

earthquake that shattered the Chinese province of Sichuan on the 12th of May 2008, all could 

theoretically benefit from significant amounts of assistance from the seven donor countries 

under investigation. While this was the case also for those who survived the over 20,000 

victims of the Gujarat earthquake of the 26th of January 2001, the data provided by the 

Financial Tracking System of the United Nations’ Office for the Coordination of 

Humanitarian Affairs make it impossible to establish the timing of the disbursements. Last 

and unfortunately least, the survivors of the remaining five natural disasters under 

investigation received very limited amounts of emergency financial assistance from the 

international community. Indeed, the Bangladesh floods of the 20th of June 2004, the Indian 

floods of the 24th of July 2005, hurricane Stan on Central America on the 1st of October 2005, 

the earthquake on the Indonesian island of Java of the 27th of May 2006 and the cyclone that 

struck Bangladesh on the 15th of November 2007, all saw relatively low number of fatalities 

and, consequentially, very limited disbursements of humanitarian assistance.  
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4.1.2. Summary of the major findings for all countries combined 

The quantitative analysis carried out through multiple regression for all donor countries 

combined provides a variety of interesting results and, most importantly, clearly confirm the 

research hypothesis according to which the magnitude of a natural disaster under investigation 

is by far the most significant factor accounting for variation in the disbursement of emergency 

humanitarian assistance on behalf of the analysed donor countries.  

More specifically for what pertains to the point mentioned above, two out of four independent 

variables investigated to test this particular research hypothesis consistently seem to influence 

the dependent variable. Indeed, the number of fatalities recorded for a specific natural disaster 

as well as the number of days that have elapsed since the onset of the humanitarian 

emergency can account for variation in disbursements of emergency humanitarian assistance 

provided by the donor countries under investigation. The independent variable accounting for 

the number of people affected by a selected natural disaster and the one concerning the 

estimated damages caused by a humanitarian disaster, however, do not seem to be significant 

in relation to the dependent variable. 

When investigating the hypothesis according to which a donor country’s domestic politics 

might play a significant role in influencing disbursements of emergency humanitarian 

assistance, three out of four of the analysed independent variables (the extent of media 

coverage of the natural disaster under investigation in a selected donor country, whether or 

not this finds itself in the midst of an electoral period and whether or not this is led by a 

centre-left government) do not account for variation in disbursements of emergency 

humanitarian assistance. Having said that, the evidence on whether or not changes in a 

country’s gross domestic product might influence the dependent variable is more patchy and 

inconclusive at best. Indeed, that is the case because, despite this independent variable being 

highlighted as significant by the multiple regression analysis, a more thorough investigation 

of the variable and a range of considerations previously highlighted in this chapter cast doubts 

on the extent to which the results for such an independent variable can be seen as entirely 

reliable.  

Aside from the focus on the two research hypotheses presented above, the quantitative 

analysis carried out for all donor countries contributes to shine some light on important 

patterns underlying the provision of emergency humanitarian assistance on behalf of 

European donor governments to countries struck by sudden natural disasters. Chief among 



 95 

these is the overall performance and commitment of a selected donor country to the provision 

of humanitarian assistance to the countries struck by the ten natural disasters under 

investigation. Indeed, while in absolute terms the United Kingdom is the country that provides 

the most emergency humanitarian assistance following the onset of the ten natural disasters 

under investigation, it is the Netherlands and, even more so, Denmark that, as a proportion of 

their economies, are most generous in providing assistance following the onset of a natural 

disaster. Conversely and still when measured relative to the size of their economies, Spain and 

particularly Italy are the two donor countries that score the worst performances in terms of 

their provision of emergency humanitarian assistance to countries struck by a sudden 

humanitarian catastrophe.  

Within the context summarized above, the combined quantitative and qualitative analysis of 

the relationship between disbursements of emergency humanitarian assistance and a variety of 

independent variables that is presented below for each individual donor country, aims to 

investigate in more detail the three research hypotheses according to which the provision of 

emergency humanitarian assistance might be dependent on the magnitude of a natural 

disaster, on the domestic politics of the donor country in question or on the modus operandi 

of the humanitarian agency of a selected donor country.  

4.2. United Kingdom 

This second part of the chapter dedicated to data analysis concentrates on the empirical results 

obtained for the United Kingdom. This part of the chapter is therefore divided into three 

sections: a first one centering on the quantitative analysis of the “domestic politics” and 

“disaster magnitude” hypotheses, a second one focussing on the qualitative investigation of 

the “humanitarian mechanism” hypothesis and a third one providing a brief summary of the 

major findings. 
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4.2.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.2.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 

damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 
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Figure 4.2.1.1 presents the results for the Multiple Regression Analysis (MRA) with 

Generalised Least Squares (GLS) carried out for the United Kingdom over 210 days of 

analysis (i.e. the 21 days following the onset of each natural disaster).  

A P > z value of 0.004 for the variable pertaining to the number of fatalities recorded 

highlights the fact that there is an (almost) 100% probability that this investigated independent 

variable has an effect on the amount of emergency humanitarian assistance disbursed. 

Conversely, this result suggests that there is an almost 0% likelihood that the obtained value is 

the result of random distribution. While the P > z value shows the significance of the variable, 

the absolute value of the coefficient shows its amount of influence. In this case, the 

independent variables with the coefficients with the highest absolute values are the one for the 

number of fatalities recorded and the one for the donor country’s GDP. Indeed, while the 

variables for the number of fatalities recorded and for the donor country’s GDP both display a 

very high absolute value for their coefficients (0.264 and -0.432 respectively), only the 

independent variable for the total number of recorded fatalities shows a significant P > Z 

value. Within this context, the multiple regression analysis is checked for multicollinearity by 

computing for the tolerance value by regressing one of the explanatory variables on all other 

explanatory variables: the diagnostics run for the regression confirm that there is no 

multicollinearity because there is no VIF in excess of 20 and no 1/VIF below .05. As result of 

what mentioned above, the most significant independent variable in determining the amount 

of humanitarian aid disbursed is therefore the total number of fatalities recorded. 

To sum up, three key considerations can be made as result of the output provided by the 

multiple regression analysis for the British case study. To begin with, the number of fatalities 

recorded for a selected natural disaster is by far the most significant factor influencing the 

extent to which the British government might be ready to disburse emergency humanitarian 

assistance. Secondly and in light of this result, the research hypothesis according to which the 

magnitude of a natural disaster is key in influencing humanitarian aid disbursements to 

countries struck by a sudden natural disaster can be confirmed. Finally, the evidence suggests 

that the domestic political dynamics taking place in the United Kingdom the day an 

investigated natural disaster takes place play absolutely no role in influencing the British 

government’s decision of whether or not to disburse emergency humanitarian assistance to the 

country struck by the above-mentioned sudden natural disaster. 
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Figure 4.2.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.2.1.2 presents the logarithm of the disbursement value and its estimated values for 

the twenty-one days following the onset of each one of the ten natural disasters analysed 

throughout the 1st of January 2000 to 31st of December 2008 period. 

Having carried out the generalised least squares estimation in figure 4.2.1.6, the 

corresponding mathematical model is employed in order to estimate the dependent variable. 

Figure 4.2.1.2 shows the overall performance of the predictive model but also helps to 

observe its performance for specific stages within the period of analysis. The model seems to 

predict rather accurately and with a high degree of significance increases in disbursements 

throughout the period of analysis. Indeed, while the model might at times predict 

disbursemnts that then fail to take place, it never fails to predict those disbursements that then 

actually do take place. In particular, the model is particularly accurate in predicting 

disbursements that take place for the South-East Asian tsunami of the 26th of December 2004 

as well as those recorded on the occasion of the earthquake of the 8th of Occtober 2005 in 

Pakistani-controlled Kashmir. 

 

 

 

0
.2

.4
.6

.8
1

0 50 100 150 200
Absoluteday

Log_disburse Fitted values



 99 

Figure 4.2.1.3. Disbursements for the 21 days following each natural disaster (US$) 

 

Source: the author on elaborations from the Financial Tracking System (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.2.1.3 illustrates the disbursements provided by the British government for all the ten 

selected humanitarian catastrophes within the investigated period of analysis that runs from 

the 1st of January 2000 to the 31st of December 2008.  

In line with the fact that the South East Asian tsunami of the 26th of December 2004 is the 

natural disaster with the highest number of fatalities recorded among all humanitarian 

catastrophes investigated, the disbursements recorded for this disaster are also by far the most 

significant ones. Not only is a single disbursement of almost US$ 11,000,000 the largest 

single disbursement recorded within our period of analysis, but with six disbursements all 

ranging between just below US$ 2,000,000 and just below US$ 11,000,000, the total sum of 

disbursements provided for this humanitarian crises easily dwarfs the financial assistance 

provided by the British government to any other humanitarian emergency within our period of 

investigation. While the Gujarat (India) earthquake of January 2001 recorded one very 

significant disbursement of just above US$ 10,000,000, this data has to be taken with 

extraordinary caution: the reporting mechanism of the United Nations’ Financial Tracking 

System (FTS) displays a number of inconsistencies in relation to this specific disbursement 

and therefore one should not take such disbursement at face value in that the data provided 

might not be accurate.  
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The other very significant disbursement that can be observed (almost US$ 10,000,000) took 

place on the 15th of May 2008 in response to the emergency provoked by cyclone Nargis in 

Myanmar. This disbursement came about a full two weeks following the onset of the 

humanitarian crises: a development that can most likely be attributed to the fact that the 

British authorities were reticent to provide any financial assistance unless they could have 

been sure that this would have been both accepted by the Burmese military junta and then 

properly used for the benefit of the population and not siphoned off into the private bank 

accounts of the military regime. Two more significant financial disbursement can be observed 

within the investigated period of analysis: both made to alleviate the suffering of those struck 

by the earthquake that hit Pakistan-controlled Kashmir on the 8th of October 2005. These two 

large payments were preceded by smaller payments hovering between US$ 2,000,000 and 

US$ 3,000,000 for the same disaster. In this context, there would have appeared to be some 

sort of moderation in the amounts disbursed combined with a prolonged attention on behalf of 

the British government.  

Financial assistance for the other humanitarian catastrophes under investigation ranged from 

nil (in the case of the Bangladesh floods of June 2004, the Indian floods of July 2005, the 

Central American hurricane Stan of October 2005 and cyclone Sidr on Bangladesh in 

November 2007) to minimal as in the case of the Java (Indonesia) earthquake in May 2006 

(two almost consecutive disbursements of just above US$ 1,000,000) or the Sichuan (China) 

earthquake of May 2008 (two more significant payments both hovering around US$ 

2,000,000 at the very end of our period of analysis). 
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Figure 4.2.1.4. Fatalities and disbursements for the 21 days following each disaster 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for Research of the Epidemiology of Disasters (CRED) at 

the Catholic University of Louvain (UCL) and the Financial Tracking Service (FTS) of the 

United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 

Figure 4.2.1.4 illustrates the relationship between the financial assistance provided by the 

British government and the number of fatalities recorded throughout the whole period of 

analysis for the ten natural disasters under investigation.  

Looking at graph 4.2.1.4, it immediately becomes apparent how financial disbursements tend 

to take place following a sudden increase in the recorded number of fatalities due to a natural 

disaster. Such a trend, once more, confirms the results produced through the multiple 

regression analysis and it highlights how the magnitude of a disaster (as measured by the 

number of fatalities recorded) is the driving force behind disbursements of British 

humanitarian assistance. Although this data in itself should not come as a surprise, a number 

of more detailed observations are in order.  

To begin with, it is interesting to observe that, on the one hand, following certain natural 

disasters (the South East Asian tsunami in December 2004, the earthquake in Pakistani-

controlled territories and the Gujarat earthquake of January 2001) financial assistance to 

catastrophe-stricken countries is provided almost immediately. On the other hand, in the case 

of other natural disasters (cyclone Nargis or the Sichuan earthquake), emergency financial 

assistance took a significantly longer amount of time to be disbursed. Another pattern that can 
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be observed consists in the fact that, following a peak in the number of fatalities, one or more 

relatively limited financial disbursements might well precede a later much more significant 

disbursement: a pattern, this one, that can be easily observed both in the case of the the South 

East Asian tsunami and the Pakistan earthquake.  

Such patterns might be partly explained by the British government’s willingness to first assess 

the actual extent of a catastrophe before committing substantial financial resources to it. Still, 

such an explanation would not account for the fact that, while following certain natural 

disasters, emergency financial assistance seems to be made available immediately while in 

other instances that seems not to be the case. A further explanation for these patterns could 

therefore be found in fears that the financial assistance might be mismanaged for private 

purposes by corrupted political leadership (as it might well have been in the case of cyclone 

Nargis when it struck Burma). Ensuring that substantial financial disbursements are preceded 

by smaller and targeted disbursements might therefore provide a government with the 

opportunity to verify the management of the financial assistance received by the affected 

country and its leadership. These differing patterns mentioned-above are very different to the 

pattern observed in the previous graph, where an increase in issue salience always took place 

immediately following a peak in the number of fatalities. 

4.2.2. Data analysis for the “humanitarian mechanism” hypothesis 

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 

1. Internationalisation 

The United Kingdom clearly plays a leading role within the international humanitarian 

community. London has a long tradition of substantial engagement in the field of both 

development and humanitarian assistance and it is making considerable efforts to further 

improve its standing with international stakeholders. A number of facts provide evidence in 

this respect.  

To begin with, the United Kingdom is a founding member of the Organisation for Economic 

Cooperation and Development’s Development Assistance Committee (DAC) since its 

inception in 1961: a powerful steering body that oversees the provision of development and 

humanitarian assistance to economically least developed countries on behalf of OECD 
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members. Secondly and together with another 16 countries, the United Kingdom has been a 

key promoter of the 2003 Good Humanitarian Donorship initiative: a series of informal fora 

set up to advance the exchange of best practices within the international donor community 

(Good Humanitarian Donorship 2011). Thirdly, the United Kingdom is party to the 2005 

Paris Declaration on Aid Effectiveness and the 2008 Accra Agenda for Action: two high level 

international initiatives aimed at drafting a comprehensive list of specific actions that all 

stakeholders should undertake to improve aid effectiveness. Fourthly, in 2006 Britain’s 

Department For International Development (DFID) not only signed up to but also started 

publishing data within the framework of the International Aid Transparency Initiative (IATI): 

a scheme developed in order to promote higher standards of transparency and accountability 

in the realm of development and humanitarian expenditures. Fifthly, high-level reviews of 

British humanitarian practice such as the one commissioned to Lord Ashdown in 2011 keep 

emphasising the value of ever-closer cooperation with the international donor community 

(HERR 2011). Finally, all this legislative and diplomatic activity has always been developed 

within a context whereby DFID regularly published white papers (in 1997, 2000, 2006 and 

2009) in order to encourage other relevant stakeholders to share in the department’s reformist 

zeal. The number of initiatives mentioned above suggests an implicit awareness on behalf of 

the British Department For International Development (DFID) of the need for the UK to keep 

engaging with the international humanitarian community as a key component of its policy-

making. 

2. Financial commitment 

While at first sight the performance of the United Kingdom in terms of financial commitment 

to the provision of humanitarian and development assistance might seem lacklustre, a more 

historical perspective highlights significant positive developments in terms of the financial 

resources that London is increasingly ready to dedicate to this policy area. 

Throughout the period of analysis, the United Kingdom dedicated an amount of its Gross 

National Income (GNI) to the provision of Overseas Development Assistance (ODA) well 

below the average provided by all the seven donor countries under investigation in this 

dissertation. Indeed, for the whole period of analysis (January 1st 2000 to December 31st, 

2008), the United Kingdom destined an average of only 0.38% of its GNI to the provision of 

ODA against an average of 0.46% of GNI for all donor countries under investigation 

combined. While it must be acknowledged that the percentage of GNI dedicated to ODA by 
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the United Kingdom is below the average for all the donor countries investigated in this 

dissertation, a number of considerations shall nevertheless be made.  

Firstly, the average ODA expenditure as a percentage of GNI obtained for all countries 

combined is skewed by the outstanding performance recorded by Denmark and, to a lesser 

extent, the Netherlands. Indeed, each one of these two countries dedicated, throughout the 

period of analysis, an average of 0.88% and 0.80% of its GNI to the provision of ODA. 

Secondly and once both Denmark and the Netherlands are excluded from the analysis, the 

United Kingdom together with France provides significantly higher percentages of its GNI to 

the provision of ODA than Germany, Spain or Italy throughout all the years investigated for 

the period of analysis. Finally and despite the non-stellar performance scored against 

Denmark and the Netherlands, a relatively strong commitment to the provision of both 

humanitarian and development assistance on behalf of the United Kingdom emerges when 

one adopts a more historical perspective to analyse British disbursements to less economically 

developed countries.  

Within such a perspective, it must be acknowledged that the British government did over the 

years make a serious attempt to back its official position in favour of further developing 

humanitarian and development aid policies with increasingly substantial financial resources. 

Indeed, while between 1995 and 1999 British Overseas Development Assistance (ODA) 

hovered around US$ 5 billion, between 2000 and 2002 London increased its ODA to 

approximately US$ 6 billion before stabilising the resources dedicated to this policy area to 

around US$ 8 billion in the 2003 to 2005 period. From 2006 to 2009, British ODA 

experienced a continuous and sustained increase from a total of US$ 9.3 billion in 2006 to a 

record US$ 13.2 billion in 2009.  

The amount of Overseas Development Assistance that the United Kingdom has over the years 

dedicated specifically to the provision of humanitarian aid as opposed to more long-term 

development assistance is also significant. Indeed, between 1995 and 1999 British 

humanitarian aid constantly oscillated between US$ 582 million and US$ 485.2 million per 

year. From 1999 to 2006 and although with notable variations over the years, the UK’s 

humanitarian aid budget significantly increased from US$ 519.9 million in 1999 to a record of 

over US$ 1.2 billion in 2006. Finally, the 2007 to 2009 period saw Britain’s humanitarian aid 

stabilising around US$ 1 billion per year. Throughout the 1999 to 2009 period, the UK spent 

therefore between 9.3% and 13.3% of its total Overseas Development Assistance (ODA) on 

humanitarian aid. As result of what described above, the United Kingdom stands in second 
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place in Europe and in third place worldwide behind the United States and the European 

Commission in terms of the absolute amount of financial resources provided for humanitarian 

assistance (GHA 2011).  

3. Operational independence 

The British Department for International Development (DFID) is relatively free of undue 

political interference. Evidence of DFID’s relative operational independence is provided by 

the presence of specific administrative arrangements, by targeted legislative initiatives, by 

observing which countries have been selected as recipients of British aid and by the choice of 

the financing channels used by the United Kingdom in order to provide humanitarian 

assistance to disaster-stricken countries. 

To begin with, the fact that decisions to disburse emergency financial assistance can be taken 

independently by medium to high-ranking civil servants within DFID as opposed to political 

figures at the ministerial level makes it less likely for policy-decisions to be taken according 

to foreign policy considerations as opposed to more strictly humanitarian ones. Indeed, due to 

the politically sensitive nature of development and humanitarian policy, DFID leadership is 

split between a political dimension and an operational and technocratic one. On the one hand, 

DFID’s political leadership is comprised by the Secretary of State for International 

Development (currently Rt. Hon. Andrew Mitchell MP), the Minister of State for 

International Development and the Parliamentary Under-Secretary of State for International 

Development. On the other hand, DFID operational leadership is assured by the Permanent 

Secretary (currently Mr. Mark Lowcock), the Director General for Country Programmes, the 

Director General for Policy and Global Issues and the Director General for Corporate 

Performance as well as by two external non-Executive Directors in an advisory role.  

Secondly, two separate legislative initiatives have contributed to enhance the transparency 

and the accountability of DFID’s humanitarian and developmental activities. The 2002 

International Development Act (HMG 2002) at least theoretically untied development aid 

from economic and trade interests. This was a first important step to publicly acknowledge 

that geostrategic interests should not trumpet upon humanitarian and developmental concerns. 

As a next step, the Reporting and Transparency Act approved by Westminster in 2006 has in 

time enhanced the parliamentary scrutiny of humanitarian activities. Indeed, British MPs have 

now the legal right to investigate in detail all expenditures made by DFID in order to fulfil its 

mandate (HMG 2006). As result of the strengthened role of Parliament in the supervision of 
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humanitarian affairs, DFID is now more than ever encouraged to display a high degree of 

responsiveness to “humanitarian instances” as opposed to possible “foreign policy directives” 

that the executive branch might have felt tempted to emanate.  

Thirdly, the fact that the recipients of British humanitarian assistance tend not to change 

despite the constantly evolving geostrategic and military commitments of the United 

Kingdom is also relevant. Indeed, such a state of affairs seems to suggest that British 

humanitarian aid is remarkably “depoliticised” and relatively insulated from the risk of being 

hijacked to fulfil the British government’s foreign policy objectives to the detriment of more 

explicit humanitarian goals. Within this context, African and Asian countries experiencing 

protracted humanitarian crises comprise the bulk of recipients of British humanitarian aid. 

The top five recipients of British humanitarian assistance in 2008 were Sudan with US$ 138 

million (14.2% of the total), the Democratic Republic of Congo with US$ 87.7 million (9%), 

Myanmar with US$ 70.8 million (7.3%), Somalia with US$ 66.5 million (6.9%) and Ethiopia 

with US$ 62.8 million (6.5%). Interestingly, two countries where the UK has for a long time 

been heavily involved both politically and militarily such as Afghanistan and Iraq came only 

sixth and seventh with humanitarian aid commitments for US$ 59.5 million (6.1%) and US$ 

59.2 million (6.1%) respectively. The one just described above is a pattern sustained over the 

years: with the exception of 2008 when Myanmar replaced the Occupied Palestinian 

Territories in third place, the Sudan, the Democratic Republic of Congo and the Occupied 

Palestinian Territories were consistently the top three recipients of British humanitarian aid in 

the 2005 to 2008 period.  

Finally, the fact that DFID privileges multilateral organisations above all other kinds of first-

tier recipients of humanitarian aid seems to suggest that the British government is not able to 

trump upon explicitly humanitarian criteria for the framing of DFID’s policy decisions. 

Indeed, if that were to be the case, the provision of humanitarian assistance would far more 

frequently take place through bilateral channels that can more easily be “influenced” so as to 

contribute to the advancement of British geostrategic objectives. Evidence of this state of 

affairs is provided by the fact that the channels through which British humanitarian aid is 

spent show a significant degree of homogeneity over the years. Approximately 45% of all 

humanitarian aid is channelled through multilateral organisations, approximately 30% of it is 

released through the European Commission, approximately 15% is disbursed through NGOs 

and civil society and the remaining 10% is channelled through the public sector. Indeed, in 

2008 alone, the European Commission received US$ 310.8 million in financial contributions 



 107 

from the British government making it by far the largest first-level recipient of British 

humanitarian aid while UNDP came only a distant second with US$ 150.6 million. Other UN 

agencies such as OCHA, WFP, UNHCR, UNICEF as well as the IBRD received US$ 86.2 

million, US$ 78.1 million, US$ 52.9 million, US$ 37.3 million and US$ 27.8 million each in 

humanitarian aid financing. At the bottom of the list, UN-HABITAT, the IOM and the IFRC 

were the last three top-ten first-level recipient of British humanitarian aid with contributions 

of US$ 5.8 million, US$ 5.5 million and US$ 2.3 million respectively (GHA 2011).  

4. Administrative capacity 

The United Kingdom’s Department for International Development (DFID) presents a well-

established and sophisticated administrative structure that enables it to successfully carry out 

its mandate. Evidence of such a relatively successful administrative set-up can be detected in 

a variety of instances.  

To begin with, the fact that the United Kingdom can count on an entire department dedicated 

to the provision of humanitarian assistance is indicative of a state of affairs whereby specific 

human resources are dedicated to deal with the provision of humanitarian assistance. The 

Conflict, Humanitarian and Security Department (CHASE) is the section within DFID that is 

tasked with this activity. CHASE is under the leadership of one of DFID’s three Director-

Generals. More specifically, the Director General for Country Programmes is in charge of the 

East and Central Africa division, the West and Southern Africa division, the Security, 

Humanitarian, Middle East, Caribbean and Overseas territories division, the Asia division and 

the Western Asia and Stabilisation division and, therefore, also heads the Conflict, 

Humanitarian and Security Department (DFID 2011).  

Secondly and unlike in a number of other European donor countries, the United Kingdom has 

not fragmented responsibility for its official humanitarian response between a variety of 

operational agencies but kept it all within the sole responsibility of DFID thus making it easier 

to provide a coherent humanitarian response following the onset of an emergency. Such an 

arrangement has been made possible by the fact that each of DFID’s three executive Director 

Generals manages a number of country, policy or thematic divisions that comprise all aspects 

of both the humanitarian and developmental aid cycles. Aside from the Director General for 

Country Programmes mentioned above, a second Director General for Policy and Global 

Issues heads the international finance division, the international relations division, the policy 

division, the research and evidence division (chaired by the Chief Scientific Advisor) and the 
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Joint Trade Policy unit. Finally, a third Director General for Corporate Performance heads the 

finance and corporate performance division, the international audit department, the evaluation 

department, the human resources division, the communications division and the business 

solutions division. As result of the fact that all aspects of the policy cycle are managed within 

the same structure, there exist relatively little room for duplication in terms of those activities 

that shall contribute to humanitarian efforts.  

Thirdly, since 1963 DFID has developed an effective modus operandi with its humanitarian 

partners that enables it to better implement its policies when delivering humanitarian 

assistance on the field. The key institution in this respect is the Disaster Emergency 

Committee (DEC). While it was established in 1963, this forum was further strengthened 

following the set up of the Consortium of British Humanitarian Agencies (CBHA) in 2010 

and the subsequent institutionalisation of the relationship between DFID and British NGOs. 

There exists now a clear institutional setting where DFID can exchange views and coordinate 

its policies with other relevant British humanitarian stakeholders and, therefore, enhance the 

quality of its humanitarian aid provision. 

Finally and unlike some of its European peers, DFID is endowed with some very substantial 

financial resources that allow it to be a major player within the international humanitarian 

community. Indeed, with a yearly budget of over GBP 6.7 billion in 2010 alone (HM 

Treasury 2011), the United Kingdom is the third largest donor of humanitarian assistance 

worldwide and can play a key role within the international humanitarian system thanks to the 

smooth operation of DFID’s humanitarian and developmental mechanism (GHA 2011). 

4.2.3. Summary of the major findings for the United Kingdom 

When providing a summary of the major findings obtained for the United Kingdom, a number 

of observations can be made that place the country squarely in the camp of those case studies 

that most clearly reflect the results obtained by the multivariate analysis for all donor 

countries combined. 

Most importantly and to begin with, the number of fatalities recorded following the onset of a 

natural disaster is clearly the most significant factor in accounting for the eventual 

disbursement of emergency humanitarian assistance on behalf of the British government. This 

finding is corroborated both by the results observed through bivariate analysis as well as, most 

importantly, by the results recorded through the multiple regression analysis.  
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Secondly and while the number of recorded fatalities for a natural disaster under investigation 

seems to be fundamental in influencing the amount of emergency humanitarian assistance 

provided by Britain to countries affected by a natural disaster, other indicators pertaining to 

the magnitude of a recorded natural disasters do not seem particularly relevant. Indeed, the 

number of affected people, the estimated damages recorded and the number of days that have 

elapsed since the onset of a natural disaster do not significantly influence the extent to which 

DFID is ready to release emergency humanitarian assistance.  

Thirdly, it is important to observe that, in line with the results obtained in the multiple 

regression analysis performed for all donor countries combined, the hypothesis revolving 

around the value of domestic politics can be discarded. Indeed, none of the four variables 

under investigation for this hypothesis (the donor country’s GDP, whether or not the United 

Kingdom finds itself in the midst of an electoral period, the amount of media coverage 

received by the natural disaster under investigation or whether or not a centre-left party might 

be in government in the United Kingdom) is able to account for variation in the disbursement 

of emergency humanitarian aid. 

Finally, at least three out of four of the indicators analysed in order to investigate the 

hypothesis pertaining to the donor country’s humanitarian mechanism, can influence the 

extent to which the United Kingdom provides emergency humanitarian assistance to countries 

affected by a sudden natural disaster. Indeed, this is the case for the variable accounting for 

the outstanding extent to which the United Kingdom is involved with the international 

humanitarian community, the degree to which DFID can be free from undue political 

influence from the British government when taking policy decisions and the quality of DFID 

administrative structure and human resources.  

4.3. Italy 

This third part of the chapter dedicated to data analysis focuses on the empirical results 

obtained for Italy. This part of the chapter is also divided into three sections: one 

concentrating on the quantitative analysis of the “domestic politics” and “disaster magnitude” 

hypotheses, another one focussing on the qualitative investigation of the “humanitarian 

mechanism” hypothesis and a third one providing a summary of the major findings. 
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4.3.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.3.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 

damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 
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Figure 4.3.1.1 presents the results for the Multiple Regression Analysis (MRA) with 

Generalised Least Squares (GLS) carried out for the Italy for the period of analysis running 

from the 1st of January 2000 to the 31st of December 2008.  

While a P value of 0.050 or less is generally accepted as a good enough value to discard the 

null hypothesis that there is no relationship between the dependent and the independent 

variables under investigation, in the case of Italy there are no values that approach a P > z 

value of 0.050 or less. One is therefore limited to observe the coefficients of the independent 

variables in order to estimate the amount of influence that these can have on the dependent 

variable. In this case, the independent variables with the coefficients with the highest absolute 

values are those relating to the total number of articles published and to the donor country’s 

GDP (with absolute values of -0.224 and -0.355 respectively). However, this is irrelevant 

given the non-significance of these (or any other) independent variables (P > z 0.060 and 

0.638 respectively). The multiple regression analysis is checked for eventual multicollinearity 

problems between the independent variables by computing for the tolerance value by 

regressing one of the explanatory variables on all other explanatory variables. The diagnostics 

carried out suggest that there is no collinearity between the independent variables: indeed no 

VIF in excess of 20 or 1/VIF below .05 are recorded. 

In light of the output presented above, three considerations can be made. To begin with, no 

clear results can be obtained for Italy through the multiple regression analysis. Indeed, no 

single variable seems to be able to account for variation in the level of disbursements of 

humanitarian assistance. Secondly and unlike as in the other case studies, the fact that the 

multiple regression analysis is unable to provide any meaningful inferences for the Italian 

case study suggests that the reasons for variation in the amounts of emergency humanitarian 

assistance provided to countries struck by a sudden natural disaster are to be found in other 

explanatory variables not taken into account by the multiple regression analysis. Finally, it 

can be assumed that a more thorough study of the Italian humanitarian mechanism and the 

modus operandi of its humanitarian agency could provide clues on which alternative 

independent variables could be included so as to obtain more meaningful results. 
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Figure 4.3.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.3.1.2 shows the logarithm of the disbursement value and its estimated values for each 

of the twenty-one days following the onset of each one of the ten natural disasters under 

investigation.  

Once the multiple regression analysis is carried out, the corresponding mathematical model is 

employed to estimate the dependent variable. This is done in order to observe the predictive 

performance of the model in general as well as to be able to investigate the model’s 

performance in relation to specific parts of the period under investigation. Looking at figure 

4.3.1.2 as well as at the data table that emerged through the multiple regression analysis, no 

clear pattern of any sort can be observed for Italy. While both the model developed and the 

independent variables that have been investigated seem to different extents to successfully 

predict variations in the dependent variable when applied to other donor countries, in the case 

of Italy both the model and the independent variables do not seem to be be able to provide any 

significant results. Indeed, while the model seems to a certain extent to be able to predict the 

disbursements recorded on the occasion of the earthquake of the 8th October 2005 in 

Pakistani-controlled Kashmir, it nevertheless fails to adequately predict all other 

disbursements. These unsatisfactory results are, however, perfectly in line with the 

challenging output provided by the multiple regression analysis. 
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Figure 4.3.1.3. Disbursements for the 21 days following each natural disaster (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.3.1.3 illustrates the timing and quantity of the disbursements of emergency 

humanitarian assistance provided by the Italian government to the victims of the ten natural 

disasters under investigation.  

As recorded through OCHA’s Financial Tracking System (FTS), Italy provided only one 

single and significant disbursement of emergency financial assistance to the victims of the 

December 26th, 2004 south East Asian tsunami. This single donation was in the amount of 

approximately US$ 11,500,000 and it came about in the second week following the tsunami 

itself. This was the only donation for this humanitarian emergency as recorded through 

OCHA’s FTS.  

A second humanitarian emergency where Italy was remarkably active (if not in terms of total 

disbursements at least in terms of the frequency of its interventions) is the one related to the 

Kashmir earthquake of the 8th of October 2005. On this occasion, the Italian government 

almost immediately provided assistance to the tune of almost US$ 4,000,000 and it activated 

itself on another three occasions providing a total of an additional US$ 3,500,000.  

Two more humanitarian crisis that received substantial attention from the Italian government 

are the ones of cyclone Nargis and the Sichuan earthquake; both in May 2008. Probably due 

to the peculiar political and diplomatic conditions surrounding the provision of humanitarian 
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assistance to the government of the Burmese military junta, Italy provided only a symbolic 

amount of aid to Myanmar immediately following the landfall of cyclone Nargis (less than 

US$ 1,000,000) and it was only well into the third week following the onset of the crises that 

more substantial assistance (to the tune of almost US$ 4,000,000) was to come. Things 

seemed more straightforward on the occasion of the earthquake that struck Sichuan province 

on the 12th of May 2008. Within the first week following the quake, Italy made two 

disbursements of almost identical proportion one after the other to provide a total of almost 

US$ 4,000,000 in humanitarian assistance to the victims of the earthquake.  

Finally, the victims of two more humanitarian crises received what amounts to little more than 

symbolic assistance from the Italian government. On the occasion of hurricane Stan that 

impacted Central America and on the occasion of the Java earthquake, the Italian government 

disbursed each time less than a quarter of a million dollars in emergency assistance.  

If the victims of the last two mentioned crises could complain of Italian neglect for their 

plights, they were still to be luckier than the victims of another four humanitarian crises under 

investigation. Indeed, the victims of the of the Gujarat earthquake of January 26th, 2001, of 

the floods that affected Bangladesh in June 2004, of the Indian floods of July 2005 and those 

of cyclone Sidr in November 2011 received no assistance whatsoever from the Italian 

government as recorded through the United Nations Office for the Coordination of 

Humanitarian Assistance’s Financial Tracking System. 
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Figure 4.3.1.4. Fatalities and disbursements for the 21 days following each disaster 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for Research of the Epidemiology of Disasters (CRED) at 

the Catholic University of Louvain (UCL) and the Financial Tracking Service (FTS) of the 

United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 

Figure 4.3.1.4 illustrates the relationship between the total number of recorded fatalities for 

each catastrophe and the disbursements of humanitarian aid provided by the Italian 

government in response to each natural disaster.  

While unsurprisingly there appears to exist some correlation between a higher number of 

fatalities and greater disbursement of humanitarian aid, more interestingly there also appears 

to be significant variation in the timing of the provision of aid following a disaster. The South 

East Asian tsunami of December 26th, 2004 is clearly the single humanitarian crises that 

within our sample both recorded the highest number of fatalities and that received the most 

assistance from the Italian government. What is particularly interesting to observe on this 

occasion is the fact that over ten days passed between the onset of the catastrophe and the 

provision of humanitarian assistance.  

A somewhat similar pattern can be observed for what concerns cyclone Nargis on the 2nd of 

May 2008. Against an exceptionally high number of fatalities (approximately 138,000), after 

having immediately released less than US$ 1,000,000 immediately after the onset of the 

disaster, the Italian government waited almost three weeks before providing much more 

significant assistance to the tune of almost US$ 4,000,000. Indeed, in the case of both of the 
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two humanitarian disasters that recorded the largest amount of fatalities, the Italian 

government was extremely slow to respond with the provision of emergency financial 

assistance. The response of the Italian government was radically different for what concerns 

the third and fourth largest crises in terms of fatalities recorded. In both the case of the 

Kashmir earthquake of the 8th of October 2005 (absolute day 106) and the Sichuan earthquake 

of the 12th of May 2008 (absolute day 190), similar number of fatalities received similar 

amounts of emergency assistance at similar speeds. In the case of the Kashmir earthquake 

(approximately 75,000 fatalities), the Italian government provided emergency financial 

assistance to the tune of almost US$ 4,000,000 immediately after the quake itself and even 

provided some more limited assistance in the following weeks. In the case of the Sichuan 

earthquake (approximately 87,000 fatalities), the Italian government again reacted quickly 

providing to almost identical donations of almost US$ 2,000,000 each within one week from 

the day of the quake itself. In both these two disasters, the Italian government was therefore 

quick to react and it provided similar degrees of assistance to the victims. In two more 

instances and in line with the relatively limited number of fatalities, the amount of 

humanitarian assistance provided was much more limited. This was the case for hurricane 

Stan (absolute day 85) and for the Java earthquake (absolute day 127) where less than 2,000 

and less than 6,000 fatalities respectively never received more than a quarter of a million 

dollars in humanitarian assistance.  

Unlike in the case of other humanitarian crisis, the victims of four natural disasters under 

investigation received no assistance whatsoever from the Italian government. While this data 

is not so surprising for humanitarian crises where the total number of fatalities was relatively 

low (approximately 1,700 fatalities in the Bangladesh floods of June 2004, 1,250 in the Indian 

floods of July 2005 and 4,250 because of cyclone Sidr in November 2007), this data is still 

surprising for what concerns the Gujarat earthquake of January 26th, 2001 (absolute day 1). In 

this last instance, over 20,000 fatalities were recorded and yet, despite the very high number 

of victims, no emergency financial assistance was provided by the Italian government to the 

people affected by the quake. 

4.3.2. Data analysis for the “humanitarian mechanism” hypothesis 

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 
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1. Internationalisation 

Italian involvement with the international humanitarian community is relatively recent and of 

a limited nature. Indeed, when compared with its fellow European partners, Italy displays a 

number of characteristics typical of a country that has only recently began to attempt to 

develop a coherent humanitarian policy within the international humanitarian community.  

First of all and despite its relatively high GDP per capita, the fact that Italy was for many 

years simply not present within the international humanitarian community with an agency 

dedicated to the provision of humanitarian assistance is telling of Italy’s limited presence on 

the international humanitarian stage. Indeed, the fact that the Italian Directorate General for 

Development Cooperation (DGCS) was established only in 1987 (i.e. over two decades later 

than its equivalents in other European member states) is emblematic of Italy’s latecomer 

status in the field. Secondly, Italy tends to be a follower rather than a leader in setting the 

agenda of the international humanitarian community. Evidence of this can be traced back to 

Italy joining the ‘Good Humanitarian Donorship Initiative’ only in 2007 (four years after this 

was initially launched) and, in the same year, by the country’s adopting the European 

Consensus on Humanitarian Aid as the basis for its humanitarian aid policy as opposed to 

developing an independent and more structured national overarching policy framework. 

Thirdly, Italy was one of the few countries not to be part of the broad coalition that 

contributed to launch the 2008 International Aid Transparency Initiative (IATI): a policy that 

might mirror the country’s less than stellar performance in terms of accountability and 

financing reporting. Last but not least, the Humanitarian Response Index 2008 (the latest one 

available for the period of analysis taken into consideration by this dissertation) presented by 

Development Assistance Research Associates (DARA) once more highlights how limited 

international cooperation with other humanitarian partners is one of the greatest weaknesses 

of the Italian humanitarian system (DARA 2008). 

2. Financial commitment 

Italy scores particularly poorly in terms of its financial commitment to both humanitarian and 

development aid policies. Indeed, the country’s financial commitment to the provision of 

humanitarian and development assistance is both very limited in quantity and of questionable 

nature in terms of its quality.  

Italy is by far the worst country among the seven donor countries under investigation when it 

comes to the percentage of Gross National Income (GNI) dedicated to the provision of 
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Overseas Development Assistance (ODA). Indeed, with an average of 0.18% of its GNI 

dedicated to ODA compared to the average of 0.46% reported for all investigated donor 

countries combined for the whole period of analysis (January 1st 2000 to December 31st, 

2008), Italy scores an abysmal performance (UNData 2011). The poor performance in terms 

of development assistance mentioned above is mirrored by mediocre results posted in terms of 

the provision of humanitarian assistance. Indeed, with just above 0.0002% of its Gross 

National Income (GNI) disbursed for the ten natural disasters under investigation in this 

dissertation, Italy ranks in second-last position among the seven donor countries under 

investigation (ahead of Spain) in terms of its commitment to the provision of humanitarian 

assistance.  

Italy’s poor performance in terms of humanitarian aid provision falls within a broader lack of 

financial commitment to the provision of long-term development assistance. Indeed, despite 

having signed up to the pledge to dedicate at least 0.07% of its Gross National Income (GNI) 

to Overseas Development Assistance (ODA) by the year 2015 at the 2002 Monterrey 

Conference on Financing for Development, Italy’s commitment by the year 2008 was still 

only a meagre 0.20% of its GNI (OECD 2009). Within such a discouraging context, data 

analysed in a more historical perspective further reinforce the impression that Italy’s financial 

commitment to humanitarian and development assistance remains very limited throughout the 

investigated years. Indeed, between the year 2000 and the year 2008, the amount of gross 

national income that Italy dedicated to overseas development assistance increased from an 

abysmal 0.13% to only 0.20% of its GNI (OECD 2001, 2009). 

Not only does Italy dedicate few financial resources to aid provision but also, when it does so, 

it provides ‘poor quality’ assistance. Indeed, when one looks at the breakdown of 

development assistance provided, a number of issues come to light. Firstly, a significant 

proportion of what the Italian government counts as development assistance is actually 

nothing more than debt relief on past credits to developing countries that the Italian 

government would anyways be almost sure never to see repaid. This debt relief masked as 

development assistance accounted for !624,090,000 in 2008 alone and it represents a 

staggering 38.70% of Italian ‘development assistance’ in that year. Secondly, the Italian 

government creatively manages to count ‘costs for refugees in donor countries’ (i.e. in Italy) 

as expenditure for development assistance. Indeed, this expenditure was !2,110,000 in 2008 

alone and it accounts for 0.13% of the total budget. Finally, it shall be pointed out that the 

Italian government itself highlights the extent to which transparency in reporting government 
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expenditure is not taken seriously when it manages to have two budget lines literally called 

‘unspecified’ and ‘other businesses’ for a total of !20,840,000 and !5,090,000 accounting for 

1.29% and 0.32% of the total budget respectively.  

3. Operational independence 

The operations of the Italian Directorate General for Development Cooperation (DGCS) are 

hampered by the fact that the DGCS is granted a very limited amount of independence vis-à-

vis the political establishment. Indeed, a number of indicators highlight a state of affairs 

whereby DGCS is likely to frequently be the target of undue political pressure.   

To begin with and unlike the case in the United Kingdom, in Italy there appears to be no 

clear-cut separation between DGCS’s top political leadership and the highest echelons of its 

operational structure (DGCS 2008). Indeed, in a context whereby career diplomat Elisabetta 

Belloni heads the Directorate General with the support of other politically appointed 

administrators such as the central director for the programming of cooperation interventions, 

the central director for administration and general affairs and the director for the central 

technical unit, there appears to be no clear distinction between political and operational 

leadership. Such a situation inevitably makes it more likely for a state of affairs to emerge 

whereby humanitarian considerations and broader geopolitical ones come into conflict with 

one another. The situation mentioned above is not helped by the fact that, in Italy, there is no 

figure such as a vice-minister or a permanent secretary for development and humanitarian 

assistance nor a specialised development or humanitarian aid committee within the Italian 

Parliament that would have an interest to “shield” humanitarian and development aid policies 

from undue political pressures.  

Secondly, in the case of Italy there appears to exist virtually no legal guarantees in terms of 

the insulation of humanitarian aid policy from the Italian government’s foreign policy 

objectives. Indeed, while law n. 47 of the 26th of February 1987 establishes the framework for 

the set up and running of the Directorate General for Development Cooperation, no specific 

legislation aimed at ensuring the independence of Italy’s humanitarian agency from undue 

political interference seems to have been put in place to date (COOPI 2011).  

Thirdly, a quick look at the list of the recipients of Italian humanitarian assistance seems to 

suggest that, as it is the case for longer-term development aid, the choice of where to allocate 

humanitarian assistance tends to follow geostrategic interests rather than exclusively 

humanitarian criteria. In this respect, it is unfortunate to observe that the top recipients of 
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Italian humanitarian assistance also happen to be countries that either have long historical and 

colonial ties with Italy or countries that see the presence of Italian military involvement on the 

ground. Indeed, in the last year of analysis for this dissertation, four of the six main recipients 

of Italian humanitarian aid happened to be Lebanon, Somalia, Afghanistan and Iraq (DARA 

2008).  

Finally, the choice of channels through which Italy routinely provides its humanitarian and 

development assistance to economically less developed countries highlights a state of affairs 

whereby aid could easily and frequently be employed as a foreign policy “lubricant” to serve 

the country’s geostrategic interests. There are four financial channels through which DGCS 

can carry out its mission. A first channel is represented by the provision of financing through 

national embassies in the disaster-stricken countries. These are bilateral initiatives with ad-

hoc disbursements that are directly administered by the Italian embassy in the relevant 

country and that tend to address a specific aspect of an unfolding emergency. A second 

channel of funding is constituted by voluntary financial contributions to the support of 

international organizations. These are ‘revolving funds’ (financial commitments re-iterated on 

an annual basis) that provide financing for the World Food Programme (WFP), the Office for 

the Coordination of Humanitarian Affairs (OCHA), the Red Cross, the World health 

organization (WHO), the United nations Development programme (UNDP), the United 

nations High Commission for Refugee (UNHCR) and the United Nations’ Children Fund 

(UNICEF) and the like. A significant part of this funding goes into the management and 

support of operations that take place from the United Nations Humanitarian Response Depot 

in Brindisi: this is the largest depot of its kind worldwide from which emergency relief aid 

can be dispatched anywhere in the world with a 24 to 48 hours notice (UNHRD 2011). A 

third funding channel is the self-explanatory ‘fund for de-mining operations’. Finally, a fourth 

type of funding is the one provided to the Italian Agency for the Provision of Agricultural 

Goods (AGEA) for the collection and delivery of agricultural supplies to famine-stricken 

countries. While the ones mentioned above are the channels through which Italy could 

theoretically provide humanitarian assistance, it must be noted that 86.1% of Italian 

humanitarian aid is actually disbursed through bilateral channels (DARA 2008). Italy 

therefore still makes widespread use of bilateral funding channels rather than multilateral ones 

in order to provide humanitarian assistance to disaster-stricken countries. Such a policy makes 

it more likely for humanitarian assistance to be provided with various kinds of conditionality 

attached so as to serve not strictly humanitarian purposes but, rather, geostrategic ones. 



 121 

4. Administrative capacity 

Unlike in the case of many of its European peers, Italy lacks a well-established governance 

structure through which effectively articulate and implement its humanitarian policy. Indeed, 

a number of factors underline the weak administrative capacity of Italy’s Directorate General 

for Development Cooperation (DGCS) and its relationship with relevant stakeholders.  

To begin with, the human resources that Italy dedicates to the management of its humanitarian 

operations are very limited. Indeed, only a small unit (out of seven offices) under the 

supervision of the central director for the programming of cooperation interventions is tasked 

with implementing humanitarian policy for the Italian DGCS (DGCS 2008). In this respect, 

the provision of humanitarian assistance falls only at the very bottom of an organisational 

structure made up by the Ministry of Foreign Affairs, the Directorate General for 

Development Cooperation and, finally, by the central director for the programming of 

cooperation interventions. While unlike some of its European partners Italy does not 

necessarily suffer from the fragmentation of its humanitarian agency in a variety of 

specialised sub-units, the small size of DGCS’ humanitarian department certainly limits the 

administrative burden that the directorate can sustain.  

Within this context, The Italian Directorate General for Development Cooperation also seems 

to have been unable to set up, manage and develop a forum where to exchange best practices 

and coordinate humanitarian policy with key Italian stakeholders of the sector. While the 

DGCS lists a variety of NGOs and associations it cooperates with, this interaction seems to 

take place either bilaterally or on an ad hoc basis (DGCS 2008). An institutionalised and 

permanent forum whereby DGCS takes the lead in involving all relevant humanitarian 

stakeholders seems therefore not to be in place. 

On top of what already mentioned above, the fact that the Italian Directorate General for 

Development Cooperation (DGCS) can exercise only a limited degree of control over the 

financial resources it needs to carry out its mandate makes it difficult for DGCS to enhance its 

administrative capacity. Indeed, when compared to its European peers, DGCS can count on 

very limited financial resources. Out of a total of !4,860,640,000 spent by the Italian 

government in development assistance in 2008, only !904,353,158 have been managed and 

controlled directly by the Directorate General for Development Cooperation (DGCS) while 

the lion’s share of the budget was managed by the Italian Foreign Ministry (DGCS 2008). The 

financial resources that are left under the direct competence of the Directorate General for 
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Development Cooperation (DGCS) are therefore a small proportion of the total financial 

resources dedicated to development and humanitarian assistance administered directly by the 

Ministry of Foreign Affairs. In the last year under investigation, financing for DGCS was 

obtained overwhelmingly through the yearly 2008 general financial law as dictated by point C 

of law 49/87 (!668,997,328), to a much more limited amount through article 15 of law 49/87 

(!95,313,676) and through the 2008 budget law (!64,442,144). On top of these regular 

sources of financing, the DGCS also received additional funds through two ad-hoc special 

laws designed to finance Italy’s participation to international military and humanitarian 

operations for a total of !75,600,000. The fact that the limited financial resources made 

available to the DGCS are overwhelming dependent on cash transfers from the foreign 

ministry and other ad hoc disbursements makes it very difficult for DGCS to plan its 

operations strategically, to clearly asses its long-term financial perspectives and to enhance its 

administrative capacity. 

4.3.3. Summary of the major findings for Italy 

A summary of the major findings obtained for Italy has to focus, paradoxically, on the 

absence of meaningful results. Unlike as in the case of the United Kingdom, when exploring 

the relationship between disbursements of emergency humanitarian assistance and the 

independent variables under investigation, no clear correlation let alone causal mechanism 

can be established.  

To begin with, neither the multiple regression analysis nor the bivariate analyses conducted 

for Italy have been able to identify any meaningful correlations between variations in any of 

the four independent variables employed to explore the hypothesis pertaining to the 

magnitude of a natural disaster. Unfortunately, that has been the case despite the more 

interesting results obtained through the multiple regression analysis carried out for all donor 

countries combined as well as for those run for the other individual case studies.  

Furthermore, the same unsatisfactory results were recorded for the four independent variables 

that were investigated to explore the hypothesis that concentrated on Italy’s domestic politics 

as a key explanatory factor that could have accounted for variation in the disbursement of 

emergency humanitarian assistance. Again, this was the case despite the fact that, at least for 

some of the other donor countries under investigation, the multiple regression analyses 

provided some interesting insights.  
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Having made the points above, it could possibly be argued that the specific characteristics of 

the Italian humanitarian mechanism could have a bearing on the apparent impossibility of 

establishing clear correlations or causal mechanisms between the dependent variable and any 

of the independent variables under investigation. Indeed, the four independent variables 

analysed to investigate the “humanitarian mechanism hypothesis” for this donor country do 

have one feature in common: the significantly poor performance scored by Italy vis-à-vis the 

vast majority of other donor countries under investigation.  

Last but not least and in light of the challenges presented by this case study, it shall be 

stressed that extensive further research should be carried out in order to account for the 

patterns of the disbursements (or lack thereof) of humanitarian assistance on behalf of the 

Italian government. Indeed, further research that were to be carried out in this sense could 

provide interesting inputs that could prove themselves useful in contributing to decode the 

country’s peculiar modus operandi as well as its policy-making in the field of humanitarian 

assistance. 

4.4. The Netherlands 

The fourth part of the chapter dealing with the data analysis focuses on the results obtained 

for the Netherlands. This part of the chapter is made up by three sections: one dedicated to the 

quantitative analysis of the “domestic politics” and “disaster magnitude” hypotheses, a second 

one which centers on the qualitative investigation of the “humanitarian mechanism” 

hypothesis and a third one providing a summary of the major findings. 
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4.4.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.4.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 

damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 
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Figure 4.4.1.1 presents the results for the Multiple Regression Analysis (MRA) with 

Generalised Least Squares (GLS) carried out for the Netherlands for the investigated natural 

disasters in the 1st of January 2000 to the 31st of December 2008 period of analysis. 

Figure 4.4.1.1 presents P > z values of 0.000, 0.001 and 0.004 for the variables represented by 

the total number of fatalities recorded, the donor country’s Gross Domestic Product (GDP) 

and the total number of published articles respectively. This highlights the fact that in all these 

instances there is an almost 100% probability that these three investigated independent 

variables have an effect on the dependent variable represented by disbursements of 

humanitarian assistance. Furthermore, this means that there is always an almost a 0% 

likelihood that the obtained value is the result of random distribution. Looking beyond the 

degree of significance presented by the P > z values, the independent variables with the 

coefficients with the highest absolute values are those pertaining to the donor country’s gross 

domestic product, to the total number of fatalities recorded and to the total number of 

published articles. Indeed, these three variables all display both a very high absolute value for 

their coefficients (-2.682, 0.202 and -0.243 respectively) as well as very significant P > z 

values of (almost) 0.000. The most significant independent variables in determining the value 

of the dependent variable represented by the disbursements of humanitarian aid are therefore 

the total number of fatalities recorded, the country’s Gross Domestic Product (GDP) and the 

total number of articles published on a natural disaster under investigation. Having said that 

and as it has been the case with the regression run for all donor countries combined, the fact 

that the gross domestic product variable displays both a negative coefficient and a very high 

standard error (0.774) should invite caution when assessing the variable itself. After running 

the regression, specific steps have been taken in order to check for the eventual presence of 

multicollinearity problems between the independent variables presented in the multiple 

regression analysis by computing for the tolerance value by regressing one of the explanatory 

variables on all other explanatory variables. The results obtained through the diagnostics show 

that no multicollinearity is recorded. 

In light of the data presented above, three main considerations can sum up the findings 

obtained. To begin with, the number of fatalities recorded for the natural disasters under 

investigation is the factor most likely to influence the extent to which the Dutch government 

might be ready to provide emergency humanitarian assistance to countries struck by a sudden 

natural disaster. This finding therefore seems to confirm the hypothesis according to which 

the magnitude of a natural disaster is a fundamental factor in influencing the extent of the 
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provision of emergency humanitarian assistance. Secondly and unlikely as it has been the case 

for other donor countries, the extent of media coverage (i.e. the number of published articles) 

of the selected natural disasters seems to impact the level of disbursement of humanitarian 

assistance. Finally and as explained above, both the findings pertaining to the above-

mentioned variable and, to an even greater extent, those pertaining to the variable accounting 

for the country’s gross domestic product, should not be taken at face value but, rather, 

investigated in greater depth. 

Figure 4.4.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.4.1.2 shows the logarithm of the disbursement value and its estimated values for each 

of the twenty-one days following the onset of each one of the ten natural disasters under 

investigation.  

Following up on the generalised least squares estimation, the corresponding mathematical 

model is adopted in order to estimate the dependent variable. In figure 4.4.1.2 one can observe 

the logarithm of the value of the disbursement and the values that have been estimated for the 

twenty-one days following each of the ten natural disasters selected. Figure 4.4.1.2 shows 

therefore both the overall performance of the predictive model and its performance for 

specific stages within the period of analysis. While the independent variables for the first 

disbursement (corresponding to the Gujarat earthquake of the 26th of January 2001) do not 

seem to predict the disbursement itself, it should be kept in mind that the data for the timing 

of this disbursement is not entirely reliable due to possible reporting inaccuracies in OCHA’s 
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Financial Tracking Service (FTS) for the global disbursements that have taken place on the 

occasion of this specific natural disaster. At the same time, the model and the most significant 

independent variables predict all the other disbursements made by the Dutch government 

throughout the period of analysis: namely, those recorded on the occasion of the tsunami that 

struck South-East Asia on the 26th of December 2004.  

Figure 4.4.1.3. Disbursements for the 21 days following each natural disaster (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.4.1.3 illustrates the timing and the quantity of disbursements on financial assistance 

provided by the Dutch government to countries affected by any of the ten humanitarian 

catastrophes investigated in the January 1st 2000 to December 31st 2008 period of analysis.  

What immediately appears striking by observing the graph is the extremely limited number of 

times when the Dutch government provided emergency financial assistance over the period of 

analysis. The Netherlands provided almost US$ 22,000,000 in emergency financial assistance 

following the December 2004 tsunami that struck most of South East Asia. This was an 

exceptional disbursement that took place less than one week following the tsunami itself and 

was in line with the exceptional magnitude of the disaster. Previously and immediately 

following the tsunami itself, the Dutch government had provided the symbolic amounts of 

US$ 50,000 on the actual day of the tsunami and an additional US$ 64,035 two days later. 

Finally for what concerns the December 2004 tsunami, the Dutch government made two 
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additional disbursements of just above US$ 650,000 and just above US$ 260,000 almost three 

weeks following the tsunami itself.  

The only other humanitarian disaster that received any emergency financial assistance within 

the nine-year period of analysis is the earthquake that struck Gujarat (India) on January 26th, 

2001. Following the quake, the Dutch government provided almost US$ 3,500,000 in 

emergency financial assistance less than a week after the disaster. As result of these 

disbursements, the December 2004 tsunami and the January 2001 Gujarat earthquake were the 

two only humanitarian catastrophes that received any emergency financial assistance from the 

Dutch government.  

While this result might seem at first shocking, it must be kept in mind that this research only 

investigates emergency financial assistance that has been actually disbursed and not only 

pledged, that has been disbursed within three weeks of the onset of a catastrophe and that has 

been disbursed and recorded through the United Nations Office for the Coordination of 

Humanitarian Affairs Financial Tracking System (OCHA-FTS).  

Figure 4.4.1.4. Disbursements and fatalities for the 21 days following a disaster (US$) 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for Research on the Epidemiology of Disasters (CRED) at 

the Catholic University of Louvain (UCL) and the Financial Tracking Service (FTS) of the 

United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 
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Figure 4.4.1.4 illustrates the relationship between the disbursements and the recorded number 

of fatalities for each of the humanitarian crises under investigation in the January 1st 2000 to 

December 31st 2008 period of analysis.  

Observing the graph, it is immediately apparent a pre and a post-tsunami divide in the 

relationship between the number of fatalities recorded in each humanitarian crises and the 

emergency financial disbursements provided by the Dutch government. The December 26th, 

2004 tsunami caused over 226,000 fatalities and was awarded almost US$ 22,000,000 in 

emergency financial assistance by The Netherlands. This disbursement took place six days 

following the tsunami and was both preceded and followed by two other almost symbolic 

instalments: two instalments amounting to a total of just over US$ 100,000 within 3 days of 

the tsunami and two instalments amounting to a total of just over US$ 900,000 almost three 

weeks after the tsunami. The disbursements dedicated to the tsunami were therefore both 

speedy and significant, in line with the extremely high number of fatalities reported.  

A relatively similar situation also took place for what concerned the Gujarat earthquake 

(India) of January 26th, 2001. Against a reported total of slightly over 20,000 fatalities, the 

Dutch government released within 6 days emergency financial assistance worth almost US$ 

3.5 million. Also in this case, the financial disbursements provided by the Dutch government 

seemed both timely and consistent with the total number of fatalities recorded in the 

earthquake.  

While for the January 2001 Gujarat earthquake and the December 2004 tsunami the Dutch 

government responded positively to the request for emergency financial assistance, the data 

does not show any financial disbursements from February 2005 onwards. This is the case 

independently of the total number of fatalities recorded in different catastrophes: both natural 

disasters that recorded extremely high number of fatalities (such as cyclone Nargis with 

almost 140,000 fatalities) or those that recorded relatively few fatalities (such as the Java 

earthquake with less than 6,000 fatalities) did not receive any emergency financial assistance 

from the Dutch government as recorded through OCHA’s Financial Tracking System.  

4.4.2. Data analysis for the “humanitarian mechanism” hypothesis 

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 
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1. Internationalisation 

The evidence suggests that the Dutch humanitarian mechanism is and has for a long time been 

significantly embedded within the broader international humanitarian system. A historically 

high degree of internationalisation of the Dutch humanitarian system can be re-conduced to 

the extent and number of international initiatives in which the Netherlands have participated 

over the years.  

To begin with, the Netherlands has been a funding member of the Organisation for Economic 

Cooperation and Development’s Development Assistance Committee (DAC) since its 

inception in 1961. It therefore contributed to the very first attempts made by the international 

community to develop and institutionalise policies dedicated to the alleviation of poverty in 

economically less developed countries. Secondly and much more recently, the Netherlands is 

since 2003 a founding member of the Good Humanitarian Donorship initiative for the 

exchange of best practices aimed at improving the provision of humanitarian and 

development assistance. Thirdly, Amsterdam is party to the February 2005 Paris Declaration 

on Sustainable Donorship and the subsequent Accra Agenda for Action (AAA): it therefore 

worked closely with major OECD donors to provide the humanitarian agenda with new 

impetus. Fourthly, the Netherlands has gone beyond the efforts made by many of its partners 

and not only signed up to but also published all relevant data within the International Aid 

Transparency Initiative (IATA). Finally, assessments carried out by various research 

institutions such as Development Assistance Research Associates (DARA) and by the Global 

Humanitarian Assistance (GHA) research group all agree in claiming that the Netherlands is a 

country strongly committed to the international humanitarian community displaying above-

average policy performances (DARA 2010; GHA 2011) 

2. Financial commitment 

The Netherlands is one of the countries that score very high marks when it comes to financial 

commitment to the provision of emergency humanitarian assistance as well as, more broadly, 

long-term development assistance. A number of key findings support such a statement.  

To begin with, the Netherlands dedicates an impressive percentage of its Gross National 

Income (GNI) to the provision of Overseas Development Assistance (ODA). Indeed, with an 

average of 0.80% of its GNI dedicated to ODA throughout the period of analysis, the 

Netherlands comes second only to Denmark (0.88%) and significantly above the average 

obtained by all donor countries taken into consideration in this dissertation (UNData 2011). 
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Such a positive performance is confirmed by the fact that the Netherlands comes just behind 

Denmark also in terms of emergency humanitarian assistance as a percentage of Gross 

National Income (GNI) disbursed for the ten natural disasters under investigation. Indeed the 

Netherlands provided about 0.0007% of its GNI in emergency financial assistance to the 

disaster-stricken countries analysed in this dissertation thus once more highlighting its above 

average performance in terms of financial commitment to humanitarian assistance.  

From a more historical perspective, the Netherlands has over the years shown a long-standing 

commitment to provide substantial financial resources for development and humanitarian aid 

policies. The Homogenous Budget for International Cooperation (HGIS) is the financial tool 

through which the Netherlands provides both short-term and long-term assistance to 

economically less developed countries. This is divided into two main budget lines: Overseas 

Development Assistance (ODA) expenditure and non-ODA expenditure. The ODA 

component of the HGIS’ budget has traditionally automatically been set at 0.8% of Dutch 

GDP. Such an arrangement has ensured for many years that the amount available for 

development and humanitarian assistance would have increased or decreased in line with 

changes in the country’s GDP. Unfortunately, this policy changed in 2011 as result of the 

coalition agreement signed by the political parties that formed the government following the 

autumn 2010 elections. The government agreement envisages, among other things, to cap the 

HGIS’s budget at 0.7% of GDP from the fiscal year 2011 onwards (VVD-CDA 2010). This is 

a lower percentage than the one dedicated to ODA in the past but still in line with the 0.7% of 

GDP target recommended within the framework of the Millennium Development Goals 

(MDGs). 

3. Operational independence 

A number of features contribute to nurture a situation whereby the Dutch humanitarian 

agency can benefit from a considerable degree of operational independence from undue 

political pressure. Such state of affairs contributes to ensure that Dutch humanitarian 

assistance is generally, although not always, provided according to politically neutral 

humanitarian criteria.  

While overall responsibility for the provision of humanitarian assistance rests with the 

Minister for European Affairs and International Cooperation, a set of five top-level civil 

servants (a Secretary General, her Deputy and three Director-Generals) is clearly entrusted 

with operational control over whether and when to disburse which emergency financial 
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assistance to disaster-stricken countries. Indeed, while the Minister for European Affairs and 

International Cooperation (currently Dr. Ben Knapen) is entrusted with the political 

leadership of development and humanitarian aid policy under the overall supervision of the 

Foreign Minister (currently Prof. Uri Rosenthal), the two ministers delegate operational 

control of the humanitarian and development aid policies to five senior civil servants: the 

Secretary-General, the Deputy Secretary-General and three Director-Generals. The three 

Director-Generals are in charge of the Directorate-General for European Cooperation 

(DGES), the Directorate-General for Political Affairs (DGPZ) and the Directorate-General for 

Development Cooperation (DGIS) respectively with the latter in charge of the operational 

management of Dutch humanitarian and development aid policies. Each Directorate-General 

is, in turn, responsible for a series of Departments focussing on policy-related or support 

activities. The state of affairs described above contributes to limit the extent to which the 

political establishment can influence what should be decisions fundamentally taken according 

to humanitarian criteria from within the Directorate-General for Development Cooperation 

(DGIS). 

Secondly, the way the Dutch development and humanitarian aid budget has been designed 

contributes to guarantee a significant degree of operational independence for DGIS. Indeed, 

the fact that Dutch Overseas Development Assistance (ODA) is planned over three-year 

cycles and that, as a rule, 8% of ODA is destined exclusively to the provision of humanitarian 

aid, help DGIS to retain a significant degree of planning and operational autonomy (B4C 

2010). Such a state of affairs is further reinforced by the fact that funds allocated through the 

HGIS must compulsorily be spent on nine key policy themes that make up the fundamental 

policy areas of The Netherlands’ foreign policy. The first policy theme focuses on 

strengthening the international legal order and worldwide respect for human rights. The 

second policy theme concentrates on fostering security, stability, good governance and 

providing humanitarian aid. The third policy theme is dedicated specifically to the 

strengthening of European cooperation in foreign policy issues. The fourth theme looks at 

ways of promoting increases in structural economic growth and poverty reduction in 

developing countries. Within this context, the fifth general objective is the promotion of social 

and human development, while the sixth policy area is dedicated to environmental protection. 

The seventh overarching policy objective consists in the best possible provision of assistance 

to Dutch nationals abroad and the management of immigration and asylum flows. The eight 

theme focuses on the promotion of Dutch culture and the Netherlands’ image abroad. Finally, 

policy theme number nine covers the overall objective of promoting all other policies while at 
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the same time maintaining all expenditures and administrative costs as low as possible (Dutch 

Ministry of Foreign Affairs 2011).  

While many observations point to a considerable degree of independence of the Dutch 

humanitarian agency from undue political influence, a look at the main recipients of the 

country’s humanitarian assistance rises more than a highbrow. Indeed, an investigation of 

bilateral humanitarian flows between 2000 and 2008 highlights how, in a number of instances, 

the top recipients of bilateral assistance have been either countries that saw the involvement 

of the Dutch military (Kosovo, Afghanistan and Iraq) or countries that happened to have been 

Dutch colonies such as Indonesia (GHA 2011). Such a finding would therefore seem to 

suggest that, although the Netherlands channels the overwhelming majority of its 

humanitarian assistance through multilateral channels (see below), when it decides to channel 

it trough bilateral ones, it might end up doing so according to foreign policy objectives rather 

than strictly humanitarian considerations.  

While a few selected countries account for a significant proportion of Dutch humanitarian 

disbursements, the Netherlands traditionally proved to be an exceptional supporter of 

multilateral organisations and, in 2008 alone, channelled 65.9% of its humanitarian aid 

through multilateral organisations. Indeed, 22% of Dutch humanitarian aid was dedicated to 

the Central Emergency Response Fund (CERF), the (CHF) and the (ERF), 19.8% went to 

support the activities of UNHCR, UNRWA and WFP and 24.1% was provided through a 

mixture of other multilateral channels. Humanitarian aid that was provided through non-

multilateral organisations went to NGOs and civil society (16.4%), the European Commission 

(14.2%), the public sector (3.4%) and others (0.1%). Again for 2008 and as it has been the 

case for many years, The Netherlands was a steadfast supporter of United Nations’ 

Consolidated Appeals Processes (CAPs) and provided US$ 171.4 million to support these as 

part of a total of US$ 632.9 million spent for Overseas Development Assistance (ODA). The 

ten first-tier recipients of humanitarian aid in 2008 were the European Commission with US$ 

96.3 million, the United nations’ Office for the Coordination of Humanitarian Affairs with 

US$ 89.1 million, the World Food Programme with US$ 70.6 million, the United Nations 

High Commissioner for Refugees with US$ 68.9 million, the United Nations Development 

Programme with US$ 59.2 million, the International Committee of the Red Cross (ICRC) 

with US$ 46.9 million, the United Nations Relief and Works Agency (UNRWA) with US$ 

30.2 million, the International Bank for Reconstruction and Development (IBRD) with US$ 

24.3 million, The Netherlands Red Cross with US$ 22.3 million and the Office of the 
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President with US$ 11.4 million (GHA 2011). For all the reasons mentioned above, The 

Netherlands can take pride in being one of the countries that show greatest commitment to the 

provision of humanitarian aid worldwide. Total Official Development Assistance (ODA) 

provided by The Netherlands to the developing world continuously increased between 2004 

and 2008. Unfortunately, this positive trend went into reverse in 2009 and is likely to 

accentuate itself in the coming years following the spending cuts decided by the Dutch 

government in the fall of 2010 (DEVEX 2010).  

4. Administrative capacity 

The humanitarian mechanism that revolves around the Dutch government’s provision of 

humanitarian assistance is characterised by a high degree of administrative capacity. Indeed, a 

number of observations point to a state of affairs whereby the administrative capacity of the 

Dutch humanitarian agency scores good results.  

To begin with, the fact that the Netherlands can count on the work of a dedicated unit that 

focuses only on humanitarian interventions is bound to enhance the quality of the country’s 

humanitarian response. Indeed, within the Directorate-General for International Cooperation 

(DGIS), the Human Rights and Peace Building Department (DMV) is responsible for the 

planning, management and delivery of emergency humanitarian aid. The DMV is in turn 

made up by the humanitarian aid division (DMV/HH), the human rights division (DMV/MR) 

and the peace-building and good governance division (DMV/VG). These three divisions are 

all embedded within the Human Rights and Peace Building Department and work in 

partnership to ensure the provision of emergency humanitarian aid to disaster-stricken 

countries on behalf of the Dutch government.  

Secondly, the Dutch humanitarian mechanism is characterised by a significant degree of 

coordination between different humanitarian departments on the one hand and streamlined 

administrative procedures on the other. Such a state of affairs is characterised by a situation 

whereby the Dutch Foreign Ministry is both fully responsible for the financing of the 

Homogenous Budget for International Cooperation (HGIS) and for the management of 

humanitarian aid on behalf of the Dutch government. In a context whereby the Dutch MFA 

finances 91% of the HGIS while at the same time incorporating within its structures the 

humanitarian aid division (DMV/HH), the human rights division (DMV/MR) and the peace-

building and good governance division (DMV/VG) under the aegis of the Human Rights and 

Peace Building Department, resources and skills are all housed under the same roof thus 
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favouring greater coordination when selecting the timing for targeted disbursements of 

emergency financial assistance.  

Thirdly, the presence of an institutionalised forum where key stakeholders of the Dutch 

humanitarian mechanism can exchange best practices and coordinate their policies contributes 

to the effectiveness of the Dutch humanitarian mechanism. The independent National 

Committee for International Cooperation and Sustainable Development (NCDO) was 

established by DGIS’ humanitarian divisions in order for it to be able to liaise with key 

stakeholders in a regular and official format. Indeed, the establishment of new and relatively 

streamlined administrative procedures that enhanced the effectiveness of the Dutch 

humanitarian mechanism occurred partly as the result of the dialogue established with 

relevant humanitarian stakeholders through the NCDO. On the one hand, the establishment of 

Channel Financing Agreements between the Dutch Ministry of Foreign Affairs and the ICRC 

and UN agencies as well as a more widespread use of earmarked funding has greatly 

improved the predictability and the timeliness of Dutch humanitarian assistance. On the other 

hand, the streamlining of reporting requirements for implementing NGOs has had the positive 

result of reducing the administrative burden placed upon DGIS’ humanitarian divisions 

themselves (IOB 2006).  

Finally, the Dutch humanitarian mechanism can count on a state apparatus that puts at its 

service considerable financial resources in a reliable and predictable fashion. Significant 

financial resources and enhanced predictability of the funds available are indeed two key 

strengths of the Dutch humanitarian system. On the one hand, the Netherlands’ humanitarian 

budget has for a long time been run according to a three-year plan. Because of that, DGIS 

always had the opportunity to strategically plan its financial operations and commitments. On 

the other hand, the fact that for many years 0.08% of Dutch GNI was automatically dedicated 

to the financing of Dutch humanitarian activities has provided a constant and reliable source 

of financing for those. Such a state of affairs has for a long time enabled the Dutch 

humanitarian sector to count on significant amounts of financial resources in a reliable and 

timely way and, therefore, to enhance DGIS’ administrative capacity. 

4.4.3. Summary of the major findings for the Netherlands 

As it has already been observed in the case of the United Kingdom, the Netherlands are also a 

country that subscribes to a significant extent to the findings recorded through the multiple 

regression analysis carried out for all donor countries combined. However, unlike the United 
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Kingdom, the Netherlands also provide some interesting insights into the potential correlation 

between disbursements of humanitarian aid and other independent variables. 

To begin with, the Netherlands are perfectly in line with the results obtained by the multiple 

regression analysis carried out for all donor countries combined whereby the magnitude of a 

natural disaster under investigation is likely to have a significant impact on the extent to 

which the national government might be ready to disburse emergency humanitarian assistance 

to countries struck by a sudden natural disaster. Indeed and as it has already been observed in 

the case of the United Kingdom, the total number of fatalities recorded is a highly significant 

independent variable vis-à-vis the dependent variable made up by the actual disbursements of 

emergency humanitarian assistance.  

Having said that, the provision of emergency humanitarian assistance on behalf of the 

government of the Netherlands could at first sight be explained also through the prism of the 

“domestic politics hypothesis”. This is due to the fact that both the independent variable 

pertaining to the country’s GDP as well as the one focussing on media coverage are recorded 

as highly significant by the multiple regression analysis. However, following a more careful 

analysis of these two independent variables for this specific donor country, such a hypothesis 

was rejected. 

Last but not least, a qualitative investigation of the four independent variables selected to 

explore the hypothesis according to which the modus operandi of the humanitarian 

mechanism of a donor country could have a significant impact on the provision of 

humanitarian assistance to countries struck by a sudden natural disaster also provides 

interesting insights. Indeed, the Netherlands are a country that, compared to the other case 

studies under investigation, scores particularly well in all these four domains: the degree of 

independence of the country’s humanitarian agency vis-à-vis the government, the country’s 

overall financial commitment to the provision of Overseas Development Assistance (ODA), 

the country humanitarian agency’s administrative capacity and the extent of its involvement 

within the international humanitarian community.  

4.5. Spain 

This fifth part of the chapter concerned with data analysis concentrates on the results obtained 

for Spain. This part of the chapter is therefore also developed in three sections: one section 

focussing on the quantitative analysis of the “domestic politics” and “disaster magnitude” 
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hypotheses, another one dealing with the qualitative investigation of the “humanitarian 

mechanism” hypothesis and a third one providing a summary of the major findings. 

4.5.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.5.1.1. Multiple regression analysis for all the independent variables  

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 

damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 
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Figure 4.5.1.1 presents the results for the Multiple Regression Analysis (MRA) with 

Generalised Least Squares (GLS) carried out for Spain for the ten natural disasters under 

investigation in the period of analysis running from the 1st of January 2000 to the 31st of 

December 2008.  

Figure 4.5.1.1 shows a P > z value of 0.017 for the variable concerned with the number of 

days that have elapsed since the onset of a natural disaster: there exists therefore a 99% 

probability that this investigated independent variable has an effect on the dependent variable 

represented by the disbursements of humanitarian assistance. Conversely, such a P > z value 

indicates that there is only 1% likelihood that the obtained value is the result of random 

distribution. Still looking at the independent variables, the highest absolute value recorded for 

the coefficients is the one for the variable relating to the donor country’s GDP (0.462). 

However, unlike the independent variable for the number of days that have elapsed since the 

onset of a natural disaster (coefficient of -0.088), the variable represented by the country’s 

gross domestic product is not significant (P > z value of 0.182). The most significant 

independent variable in determining the value of the dependent variable is therefore the 

number of days that have elapsed since the onset of a humanitarian catastrophe. When the 

relevant diagnostics are run for the regression, no multicollinearity is detected between the 

variables under investigation. 

The data obtained for Spain through the multiple regression analysis provides interesting 

insights that can be summarised in three main points. To begin with, the number of days that 

have elapsed since the onset of a natural disaster is the variable most likely to account for 

variation in the levels of provision of humanitarian assistance provided to countries struck by 

a sudden natural disaster. Secondly, while the finding presented above seems to confirm the 

hypothesis according to which the magnitude of a natural disaster is the factor most likely to 

influence the disbursement of humanitarian assistance, the country’s domestic politics seem to 

have no bearing on the extent to which the Spanish government might be ready to disburse 

emergency humanitarian assistance. Last but not least, the fact that the number of days that 

have elapsed since the onset of a natural disaster seems to be such a significant explanatory 

variable, suggests that greater research should be dedicated to explore the response 

mechanisms of the Spanish humanitarian agency and the speed at which this is in a position to 

respond to a sudden natural disaster.  
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Figure 4.5.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.5.1.2 shows the logarithm of the disbursement and its estimated values for the 

twenty-one days following each one of the ten natural disasters under investigation. 

After having carried out the generalised least squares estimation, the corresponding 

mathematical model is presented in graphic format in order to show the estimation of the 

dependent variable throughout the period of analysis and in relation to specific crises. What 

the graph clearly shows is that, while at times a predicted disbursement might not take place, 

the model never fails to predict a disbursement that will subsequently effectively be recorded. 

In the case of Spain, the model adequately predicts eventual disbursements of emergency 

humanitarian assistance for all those instances when disbursemnts have indeed taken place. 

This is the case for the earthquake that struck Gujarat on the 26th of January 2001, the South-

East Asian tsunami of the 26th of December 2004, the earthquake in Pakistani-controlled 

Kashmir on the 8th of Occtober 2005, the cyclone that struck Myanmar on the 2nd of May 

2008 and the Sichuan earthquake of thee 12th of May 2008. 
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Figure 4.5.1.3. Disbursements for the 21 days following each natural disaster (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.5.1.3 illustrates the disbursements of emergency financial assistance provided by the 

Spanish central government in response to the ten natural catastrophes under investigation for 

the January 1st, 2000 to December 31st, 2008 period. While only a few disbursements took 

place within the whole period of analysis, it was nevertheless decided to include this figure 

for the sake of coherence and for comparative purposes with the same figure offered for other 

donor countries. 

The single largest disbursement took place in response to the earthquake that struck the 

Sichuan province (China) on the 12th of May 2008 and came about a merely 48 hours 

following the quake itself: such disbursement was worth slightly less than US$ 1,600,000. 

The second largest disbursement took place on the 9th of October 2005: merely 24 hours after 

the earthquake that shook Pakistan-controlled Kashmir and it consisted of well over US$ 

1,000,000 in emergency financial assistance. Following the landfall of cyclone Nargis on 

Myanmar on the 2nd of May 2008, the Spanish government released two almost consecutive 

disbursements that, together, represented the second-largest disbursement for any of the 10 

natural disasters under investigation. A first disbursement of almost US$ 800,000 was 

followed 48 hours later by a second disbursement of over US$ 400,000, for a total of over 

US$ 1,200,000. Interestingly, both of these two disbursements took place almost one week 
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into the humanitarian catastrophe: a response, this one, much slower than the ones displayed 

by the Spanish government in occasion of both the Sichuan and the Kashmir earthquakes.  

As in the case of cyclone Nargis, the Gujarat earthquake (India) of the 26th of January 2001 

recorded a delayed delivery of emergency financial assistance with one and much smaller 

disbursement of just above half a million US$ taking place a full 5 days following the quake 

itself. Even more surprisingly and unlike in most of the other case studies under investigation, 

the smallest recorded disbursement took place in response to the December 2004 tsunami and 

it was limited to only US$ 115,000. While it might come as a surprise to observe at first sight 

that only such a limited disbursement was released in the face of the South East Asian 

tsunami, it should be kept into account that the assistance provided might have been, and 

indeed it was, of a different and non-financial nature: to respond to the tsunami, the Spanish 

government mobilised military assets rather than only financial assistance.  

Last but not least, the graph clearly illustrates the fact that, against of a total of 10 natural 

disasters being investigated within our period of analysis, the Spanish central government 

provided emergency financial assistance only in 5 humanitarian crises. On the other hand, the 

Bangladesh floods of June 2004, the Indian floods of July 2005, Hurricane Stan in October 

2005, the Java earthquake of May 2006 and the cyclone that struck Bangladesh in November 

2007: none of these catastrophes spurred the short-term provision of emergency humanitarian 

assistance as recorded through the UN-based Financial Tracking Service. 
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Figure 4.5.1.4. Fatalities and disbursements for the 21 days following a disaster (US$) 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for Research on the Epidemiology of Disasters (CRED) at 

the Catholic University of Louvain (UCL) and the Financial Tracking Service (FTS) of the 

United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 

Figure 4.5.1.4 illustrates the disbursements provided by the Spanish central government 

following each humanitarian catastrophe under investigation as well as the total number of 

fatalities recorded for each catastrophe.  

Unlike as it has been in a number of other case studies and as it is confirmed by the multiple 

regression analysis in figure 4.5.1.1, disbursements of humanitarian assistance do not 

correlate to the magnitude of a natural disaster understood as the number of recorded 

fatalities. Indeed, two catastrophes that registered a relatively similar number of fatalities (the 

Pakistani earthquake with over 74,000 fatalities and the Sichuan earthquake with over 87,000 

fatalities) received markedly different levels of emergency financial assistance from the 

Spanish government. Pakistan received slightly over US$ 1,000,000 while China received 

almost 50% more with aid worth almost US$ 1,600,000. In both cases, emergency financial 

assistance was disbursed immediately after the earthquakes took place.  

A third earthquake (Gujarat in January 2001) saw emergency assistance worth just above US$ 

500,000 in line with a much smaller number of recorded fatalities. Here, nevertheless, the 

disbursement of emergency financial assistance was not as speedy as in the case of the two 
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earthquakes mentioned above and one week passed following the earthquake before the 

Spanish government authorised the disbursement.  

A story of its own must be told for what concerns cyclone Nargis in May 2008. The second-

largest catastrophe in terms of fatalities in our sample, the victims of cyclone Nargis were 

offered two instalments of emergency financial assistance amounting to a total of 

approximately US$ 1,200,000. This was the second-largest provision of humanitarian aid 

within our sample (after the assistance provided following the Sichuan earthquake) but was 

offered in two instalments, both taking place almost a week following the landfall of cyclone 

Nargis on Myanmar. The peculiar political situation in the country and the fear that aid might 

have been mismanaged might explain the disbursement of separate instalments and the 

relative slow reaction in providing the payments.  

The fifth and last humanitarian catastrophe to have received financial assistance was the 

December 2008 tsunami. By far the biggest catastrophe in terms of total fatalities recorded, 

the victims of the tsunami received only slightly over US$ 100,000 from the Spanish central 

government. A data, this one, that although surprising, must be carefully interpreted in the 

light of of other factors such as the donations of Spanish autonomous regional governments, 

the provision of emergency financial assistance outside the Financial tracking System (FTS) 

operated by the UN Office for the Coordination of Humanitarian Affairs (OCHA) and the 

donations in kind (Spain sent the navy and various military units to provide emergency 

assistance) that followed the disaster.  

Finally, it must be observed that for 5 out of the 10 humanitarian disasters under investigation, 

the Spanish government provided no emergency financial assistance (at least through the UN-

managed FTS). The victims of the June 2004 Bangladesh floods, the July 2005 Indian floods, 

the October 2005 hurricane Stan, the Java earthquake of May 2006 and cyclone Sidr in 

November 2007 received no emergency financial assistance whatsoever.   

4.5.2. Data analysis for the “humanitarian mechanism” hypothesis 

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 
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1. Internationalisation 

Spain displays characteristics typical of a country that has only recently started to play a 

significant role within the international humanitarian community but that is rapidly becoming 

a significantly more prominent actor. A number of observations support such a view. 

To begin with and when investigating the Spanish case study, it is particularly interesting to 

observe that Spain has become a member of the Organisation for Economic Cooperation and 

Development’s Development Assistance Committee (DAC) only in 1991. Spain has therefore 

joined DAC exactly three decades after the organisation had originally been established. Such 

a development should not surprise in that it is in line with the exceptional economic 

development that the country enjoyed since the end of Franco’s dictatorship in 1975 and the 

possibilities that it opened for the country to start playing a more active role on the 

international stage. While Spain is a relative newcomer to the international donor community, 

Madrid is rapidly becoming one of its key players. Indeed, following its “late start” within the 

international aid community, Spain has over the last two decades taken a number of important 

steps to join its European partners on the international humanitarian stage. Indeed, the fact 

that Spain joined the Global Humanitarian Donorship (GHD) initiative, that is swiftly adhered 

to the Paris Declaration on Aid Effectiveness and the subsequent Accra Agenda for Action 

(AAA) and that it has already published data within the framework of the International Aid 

Transparency Initiative (IATI) are all clear signs of Madrid’s commitment to make up for the 

late start that it had accumulated in joining the international humanitarian community (GHA 

2011). Even more significantly, Spain has over the years taken increasingly significant steps 

to match its increased diplomatic involvement to join the international aid community with 

concrete financial commitments worth of the role that it wishes to play. 

2. Financial commitment 

The extent of the financial commitment that Spain is ready to dedicate to the provision of 

Overseas Development Assistance (ODA) mirrors the on going transformation of the country 

from a marginal donor to a key player within the international development and humanitarian 

communities.  

While a first cursory look at Spain’s ODA levels might give the impression that Madrid is not 

particularly committed to the provision of both long and short-term assistance to less 

economically developed countries, a more thorough examination of recent historical patterns 

suggests that the country is undergoing profound changes in the role it plays in the 
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international humanitarian arena. When one first compares the percentage of Gross National 

Income (GNI) that Spain dedicates to the provision of Overseas Development Assistance 

(ODA) to the one provided by the other six countries under investigation, Madrid does not 

fare well. Indeed, within the whole period of analysis, Spain dedicated only 0.29% of its GNI 

to the provision of ODA against the average 0.46% provided by all seven case studies under 

investigation (UNData 2011). This below average performance is mirrored by the one that, 

within the same period of analysis, Spain recorded vis-à-vis its European peers when it came 

to the provision of emergency humanitarian assistance for the victims of the ten natural 

disasters under investigation. Indeed, for all the natural disasters under investigation, Spain 

dedicated only 0.0001% of its Gross National Income (GNI) to the provision of emergency 

humanitarian assistance. A percentage that compares poorly with the higher percentages of 

GNI committed by all the other six donors under investigation.  

While such initial impressions are far from positive, Spain’s performance can be seen in a 

more favourable light when one starts to adopt a more historical perspective. Indeed, while 

Spain’s average expenditure for both humanitarian and development aid for the whole period 

of analysis is well below the one recorded by the other donor countries under investigation, a 

significantly encouraging trend can be observed through the years. This positive trend started 

in 2003 and took shape in the form of the steady increases in funding made available for both 

development and humanitarian aid from 2005 onwards under both the first and the second 

socialist governments of Prime Minister Zapatero. Indeed, throughout its time in office, 

Zapatero’s government virtually doubled Spanish funding for humanitarian aid bringing it 

from a 2005 level of US$ 326 million to a 2008 level of US$ 629 million. Total ODA also 

significantly increased from US$ 3.2 billion in 2005 to US$ 6.5 billion in 2008. Indeed, in 

2008 humanitarian aid accounted for 9.6% of all Spanish Overseas Development Aid (ODA): 

a percentage significantly higher than the average 7.4% of total ODA recorded for the 1995 to 

2007 period as a whole (GHA 2011). As result of what has been highlighted above it can be 

claimed that, although not yet exceptional, the amount of financial resources dedicated by the 

Spanish government to the provision of humanitarian and development aid has been steadily 

and significantly increasing over time. 

3. Operational independence 

Spain displays mixed results when one investigates the degree of operational independence 

that its humanitarian agency enjoys from undue political pressure. Indeed, a number of facts 

contribute to paint a contradictory picture whereby Spain’s humanitarian agency is not always 
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granted the operational independence needed to carry out its mission solely according to 

humanitarian criteria.  

To begin with, the Spanish humanitarian mechanism seems to be characterised by a state of 

affairs whereby the separation between political responsibility and operational control is not 

particularly clear-cut. Indeed, while at the political level the Secretary of State for 

International Cooperation is supposed to support the Spanish Foreign Minister by chairing the 

presidency of the Spanish Agency for International Cooperation and Development (AECID), 

at the administrative level the AECID’s director is supposed to be concerned with the daily 

operational management of development and humanitarian activities. Within this context it is 

therefore disturbing to observe that reports of malpractice have been emerging within the 

context of the appointment procedure of the director himself: Mr. Francisco Moza Zapatero 

(ABC 2010).  

Secondly and in contrast to what has been observed for other countries, Spain does not seem 

to have yet taken any substantial legislative initiatives in order to shield the provision of 

emergency humanitarian assistance from the eventual interference of the political 

establishment. Law 23 of the 7th of July 1998 on International Cooperation and Development 

provides the basic framework for Spain’s provision of both long-term development aid and 

emergency humanitarian assistance (AECID 2011). While such a law did not envisage any 

specific provisions to “shield” Spanish humanitarian assistance from undue political pressure, 

it is a disappointment to observe that even the law that has been approved by the Spanish 

Cortes in 2010 to amend the existing development and humanitarian aid legislation (law 941 

of the 23rd of July 2010) has failed to address this issue (AECID 2011).  

Thirdly, an investigation of the main recipients of Spanish humanitarian aid seems to suggest 

that non-strictly humanitarian criteria too often seem to determine the destination of Spanish 

emergency humanitarian assistance. Indeed, recipients of Spanish humanitarian assistance that 

display linguistic, cultural and historical ties to Madrid seem to feature highly among the key 

recipients of Spanish humanitarian aid. In this respect, El Salvador, Venezuela, Argentina, 

Colombia, Guatemala, Nicaragua or Peru always featured among the top ten recipients of 

Spanish humanitarian aid throughout all the years under investigation bar for 2008 (GHA 

2008). Such a state of affairs suggests that geopolitical and strategic interests might still play a 

significant role when it comes to deciding which countries should be benefit from Spanish 

humanitarian assistance. Furthermore, a focus on the Central and South American regions can 

be observed also for what concerns the overall activities of the Spanish Agency for 
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International Cooperation and Development (AECID). Indeed, the fact that AECID has a 

Directorate specifically dedicated to Latin America and the Caribbean and that in 2008 it set 

up its own “Humanitarian Logistics Centre” in the Republic of Panama (two occurrences that 

do not take place for any other region of the world) is emblematic of the special attention that 

Madrid dedicates to its former colonies.  

Finally, while an analysis of the main recipients of Spanish humanitarian aid seems to suggest 

that foreign policy criteria still play a significant role in determining which countries are most 

likely to become recipients of Spanish aid, an investigation of the funding channels chosen by 

Spain seems to offer hope that the decision to provide aid disbursements might over time 

become increasingly dependent on more strictly humanitarian criteria. This hope is justified 

by the fact that, throughout the period of analysis, humanitarian aid channelled via pooled 

funding mechanisms as well as the share of humanitarian aid channelled via the United 

Nations’ Consolidated Appeal Process (CAP) have seen both steady and substantial increases 

(GHA 2011). This is a trend that is indeed also confirmed by data available for the last year of 

the period under investigation. The Spanish government in 2008 channelled over half of all its 

humanitarian assistance (51.7%) through multilateral organisations. More specifically, 

UNHCR, UNRWA and WFP received 6.3% of total Spanish humanitarian aid; the CERF, the 

CHF and the ERF accounted for 9.7% of all funding for humanitarian aid and other 

multilateral organisations received an additional 35.6% of the total of Madrid’s humanitarian 

aid. NGOs and civil society were granted 11.5% of all Spanish humanitarian aid, the public 

sector received 9.4% of the total and other disbursements accounted for 2.3% of total 

humanitarian aid provided (GHA 2011). Indeed, a specific analysis for the last available year 

of investigation (2008) confirms that Spain proved itself to be a strong supporter of 

multilateral humanitarian aid funding mechanisms and, with a contribution of over US$ 45 

million, ranked fifth (behind the United Kingdom, The Netherlands, Sweden and Norway) 

among donors to the Central Emergency Response Fund (OCHA 2011). Within this context, it 

is interesting to observe that the Spanish government proved itself to be a a strong supporter 

of European Union’s humanitarian aid: the European Commission in 2008 was by far the 

single largest first-tier recipient of Spanish humanitarian aid and was provided with US$ 

162.7 million or 25.2% of all Spanish humanitarian aid for that year. Still in 2008, WFP was 

the second largest first-tier recipient of Spanish humanitarian aid with US$ 92.9 million 

followed by the World Bank with US$ 51.2 million. The Spanish Agency for International 

Cooperation and Development (AECID) and the United Nations’ Office for the Coordination 

of Humanitarian Affairs (OCHA) were tied in fourth and fifth position with funding for US$ 
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51.1 million while UNHCR came a close sixth with US$ 48 million. UNDP and the United 

Nations Relief and Works Agency (UNRWA) occupied seventh and eight spot each with 

funding in the order of US$ 29.7 million and US$ 24.6 million respectively. Finally still 

making into the top-ten first-tier recipients of Spanish humanitarian aid in 2008, the United 

Nations Development Group (UNDG) and the Food and Agriculture Organisation (FAO) 

received US$ 14.4 million and US$ 11.3 million each.  

4. Administrative capacity 

The overall administrative capacity of the Spanish humanitarian agency is characterised by 

both positive features and by situations that hamper its effectiveness. A number of 

observations might shed light on both the strengths and weaknesses that currently characterise 

AECID’s administrative capacity in the field of humanitarian assistance.  

To begin with, the Spanish Agency for International Cooperation and Development (AECID) 

can rely upon the work of a specialised Humanitarian Department. Such a department plays 

indeed a fundamental role within AECID thanks to two fundamental characteristics. On the 

one hand, the humanitarian office finds itself under the direct responsibility of AECID’s 

director: it therefore has privileged access to the top echelons of AECID’s administrative 

structure. On the other hand, because it is tasked with the coordination not only of the acute 

phase of a humanitarian emergency but also with the transitional process from humanitarian 

assistance to development aid, the influence that AECID’s humanitarian office can exercise 

within AECID’s broader administrative structure is enhanced.  

While the humanitarian office plays a prominent role within AECID’s centralised structure, 

the overall provision of Spanish humanitarian assistance is still hampered by the 

fragmentation of the Spanish humanitarian humanitarian system between centralised and 

regional administrations. Indeed, aside from the role played by the Spanish central 

government in Madrid through the Spanish Agency for International Cooperation and 

Development (AECID), a key characteristic of the country’s humanitarian system is 

represented by the significant role played by the autonomias (regional administrations) in 

contributing to the provision of humanitarian assistance to disaster-stricken countries 

worldwide. While the Spanish Agency for International Cooperation and Development 

(AECID) is located within the Ministry of Foreign Affairs and Cooperation and manages the 

provision of development and humanitarian aid on behalf of the Spanish state as a whole, 

Spain’s institutional architecture is characterised by the presence of seventeen highly 
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autonomous regions. Sixteen of these regions have their own international cooperation laws 

with six of them even possessing independent agencies for the management and provision of 

humanitarian and development aid (GHA 2011). Such a state of affairs is unfortunately bound 

to contribute to duplication processes and inefficiencies in the provision of emergency 

humanitarian assistance.  

Aside from an exceptional degree of decentralisation, a limited amount of coordination with 

key stakeholders within the Spanish humanitarian community might further contribute to limit 

the potential of the Spanish humanitarian mechanism. Indeed, while the majority of Spanish 

humanitarian NGOs have set up an umbrella organisation to coordinate their positions vis-à-

vis the Spanish government; no institutionalised, regular and structured forum has to date 

been set up for AECID to be able to coordinate its policies with the umbrella organisation and 

the NGOs themselves. Such a state of affairs inevitably makes it more difficult for AECID to 

take advantage of the resources that could come from the Spanish humanitarian community 

and, it turn, it limits the effectiveness of its implementation programmes. 

Finally and this time on a rather positive note, it shall be noted that AECID is being granted 

steadily increasing financial resources to carry out its mandate. As result of these endowments 

and as already pointed out previously, the absolute amount of Overseas Development 

Assistance (ODA) as well as the specific financial resources dedicated to humanitarian 

assistance managed by AECID have effectively more than doubled between the beginning 

and the end of the first decade of the 21st century (GHA 2011). These increasing financial 

resources are provided to AECID through a four-year Master Plan for International 

Cooperation that sets the overall strategy for more specific Annual Plans for International 

Cooperation. Each of these plans is in turn broken down into thirteen policy areas including 

humanitarian action (MAE 2005, MAE 2009). Such a relatively long-term planning horizon 

coupled with increasing financial resources should help AECID to improve its administrative 

capacity over the years. 

4.5.3. Summary of the major findings for Spain 

In line with the findings already obtained through the multiple regression analysis carried out 

for all countries combined as well as with those recorded for the United Kingdom and the 

Netherlands, the Spanish case study subscribes to the “magnitude of the humanitarian 

disaster” hypothesis. However, a number of qualifications should be added in this respect. 
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To begin with, it appears clear that, in the case of Spain, the number of days that have elapsed 

since the onset of a natural disaster are by far the most significant variable accounting for the 

disbursement of emergency humanitarian assistance on behalf of the central government.  

However, while re-affirming the validity of the hypothesis already confirmed through the 

multiple regression analysis for all donor countries combined as well as the findings for the 

United Kingdom and the Netherlands, Spain differs from its partners in that the number of 

fatalities recorded for a humanitarian disaster does not seem to be a significant variable. The 

number of people affected by the disaster or the estimated damages that resulted from it do 

not seem to be relevant either.  

Secondly and for what concerns the four independent variables investigated to explore the 

hypothesis according to which domestic politics play a key role in influencing the 

disbursement of emergency humanitarian assistance following the onset of a natural disaster, 

the results allow for the rejection of the hypothesis itself. Indeed, none of the four investigated 

variables (the country’s GDP, the presence in power of a centre-left government, whether or 

not the country finds itself in the midst of an electoral period and the extent of media coverage 

on a selected natural disaster) are significant in influencing the dependent variable. 

On top of the picture presented above, the qualitative analysis carried out for Spain presents a 

rather contradictory picture for what concerns the hypothesis according to which the modus 

operandi of a donor country’s humanitarian mechanism influences the extent to which a 

national government is ready to provide emergency humanitarian assistance to countries 

struck by a sudden natural disaster. Indeed, within this context, Spain’s performance falls 

somewhere in between the best and the worst performing countries investigated by this study: 

while still struggling to free itself from undue political interference and being hampered by a 

byzantine administrative structure, AECID is undergoing a quick process of 

internationalization and being entrusted with ever greater financial resources to manage. In 

this respect, Spain can be seen as a country in the midst of a transformation of its 

humanitarian aid sector.  

4.6. Germany 

This sixth part of the chapter dedicated to data analysis presents the results obtained for 

Germany. This part of the chapter is consists of three sections: one concerned with the 

quantitative analysis of the “domestic politics” and “disaster magnitude” hypotheses, one 
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focused on the qualitative investigation of the “humanitarian mechanism” hypothesis and a 

third one providing a summary of the major findings. 

4.6.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.6.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 

damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 
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Figure 4.6.1.1 illustrates the results obtained through the Multiple Regression Analysis 

(MRA) with Generalised Least Squares (GLS) for the Federal Republic of Germany for the 

ten natural disasters under investigation.  

The P > z values of 0.003 and almost 0.056 for the variables pertaining to the number of 

fatalities recorded and the number of days elapsed since the onset of a natural disaster show 

that there is an almost 100% and 95% probability respectively that these two investigated 

independent variables have an effect on the dependent variable. Consequently, the data 

suggest that there exist only an almost 0% and 5% likelihood respectively that the obtained 

value is the result of random distribution. In terms of the coefficients of the independent 

variables, the highest absolute value to be found is the one that refers to the number of 

fatalities recorded. Indeed, the variable for the number of fatalities recorded displays both a 

very high absolute value for its coefficient (0.168) as well as a very significant P > z value of 

0.003. The most significant independent variables in determining the value of the dependent 

variable are therefore the number of fatalities recorded and, to a much more limited extent, the 

number of days that have elapsed since the onset of a natural disaster. Following up on these 

results, multicollinearity is checked for by computing for the tolerance value and by 

regressing one of the explanatory variables on all other explanatory variables. The relevant 

regression diagnostics confirm that no problems of multicollinearity are identified in that 

there is no VIF value in excess of 20 and no 1/VIF value below .05. 

In light of the results presented above, three main observations can summarise the findings 

pertaining to Germany. To begin with, the number of fatalities recorded for the investigated 

natural disasters as well as the number of days that have elapsed since the onset of the 

selected humanitarian emergencies clearly do account for variation in the extent to which the 

German government is ready to provide emergency humanitarian assistance to countries 

struck by a sudden natural disaster. Secondly, it shall be observed that, while the findings 

obtained confirm the research hypothesis according to which the magnitude of a natural 

disaster has a bearing on disbursements of humanitarian aid, the hypothesis according to 

which Germany’s domestic politics might influence disbursements has to be discarded. 

Indeed, none of the relevant independent variables in this respect seems significant in relation 

to the dependent variable. Finally, it shall be pointed out that the results obtained for the 

specific German case study are significantly in line with those obtained through the multiple 

regression analysis that had been performed for all donor countries combined. 
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Figure 4.6.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.6.1.2 presents the logarithm of the disbursement value for Germany and its estimated 

values for twenty-one days that follow each of the ten selected natural disasters.  

Figure 4.6.1.2 corresponds to the estimate of the dependent variable on the generalised least 

squares estimation that had been previously carried out in figure 4.6.1.1. The added value of 

this graph rests with the fact that it visually illustrates the performance of the predicting value 

across the whole period of analysis. In this respect, while struggling to predict disbursements 

of emergency humanitarian assistance on the occasion of the earthquake that struck the 

Chinese province of Sichuan on the 12th of May 2008, the model very clearly predicts the 

disbursements that take place on the occasion of the South-East Asian tsunami of the 26th of 

December 2006 and the earthquake of the 8th of October 2005 in Pakistani-controlled 

Kashmir. As already highlighted before and while to a certain extent successfully managing to 

predict it, data pertaining to the Gujarat earthquake of the 26th of January 2001 should be 

treated with extreme caution. 
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Figure 4.6.1.3. Disbursements for the 21 days following each natural disaster (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.6.1.3 illustrates the emergency financial disbursements provided by the German 

government to the disaster-stricken countries under investigation for the whole period of 

analysis. While the number of disbursements is relatively limited, the figure was retained for 

reasons of coherence and for comparative with the other case studies under investigation. 

This graph highlights the German government’s uneven distribution of humanitarian aid. 

While the victims of the South-East Asian tsunami benefitted from German emergency 

financial assistance to the tune of well over US$ 55,000,000 (in more than one tranche), all 

other humanitarian catastrophes never managed to secure over US$ 10,000,000 in emergency 

humanitarian assistance (including multiple disbursements for the same humanitarian 

catastrophe). As much as Germany displayed great generosity following the December 2004 

tsunami, little generosity was displayed in the years preceding or following that catastrophe. 

While the second most well funded humanitarian emergency (the Kashmir earthquake) 

received US$ 10,000,000 in emergency aid (in two tranches) and the third best-funded (the 

Gujarat earthquake of January 2001) received US$ 7,500,000, all other catastrophes never 

managed to attract funding for over US$ 2,000,000. Five out of the ten natural disasters under 

investigation (including the almost 140,000 victims of cyclone Nargis in May 2008) received 

no financial assistance from the German government. The emergency aid provided by the 

German government to countries struck by natural disasters seems to be forthcoming only in 
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very few circumstances and in relatively limited amounts: the aid provided following the 

December 2004 tsunami seems even more exceptional once placed within the broader context 

of the amounts of financial assistance that Germany has provided within the whole period of 

analysis, both highlighting the generosity of the days following December 26th, 2004 and 

potentially putting to shame the behaviour of the federal government ever since.  

Figure 4.6.1.4. Disbursements and fatalities for the 21 days following a disaster (US$) 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for Research on the Epidemiology of Disasters (CRED) at 

the Catholic University of Louvain (UCL) and the Financial Tracking Service (FTS) of the 

United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 

Figure 4.6.1.4 highlights the disbursements of emergency financial assistance provided by the 

German federal government against the number of fatalities recorded for the natural disasters 

under investigation for the whole period of analysis.  

Looking at the graph, a number of observations can be made. Firstly, the amount of financial 

assistance provided seems to be linked to the number of fatalities reported for a natural 

catastrophe. While such finding is confirmed by the multiple regression analysis, some 

qualifications are still needed. As the graph clearly highlights in the case of the December 

2004 tsunami, the Gujarat earthquake of January 2001 and the Kashmir earthquake of October 

2005, greater numbers of fatalities are followed by greater disbursements. However, such 

pattern is not so clear if one focuses on the cyclone that struck Myanmar on the 2nd of May 

2008 and the Sichuan (China) earthquake of the 12th of May 2008. While disbursements for 
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these two last natural disasters were either nil or very limited, disaster-specific explanations 

might account for this lack or limited amount of financial assistance. Indeed, in the case of the 

Myanmar cyclone, the extremely complicated diplomatic situation involving the country’s 

military junta might have encouraged the German government from refraining to provide 

immediate humanitarian assistance. In the case of the Sichuan earthquake, the fact that China 

is increasingly seen as a relatively wealthy and developed country might have accounted for 

the German government’s decision to provide the country with only very limited 

humanitarian aid. A second observation that can be made by looking at the graph relates to the 

timing of the provision of financial assistance: with the sole exception of the Sichuan 

earthquake (China) in May 2008, it appears as if emergency financial assistance on behalf of 

the German federal government either is provided almost immediately following a natural 

catastrophe or not all. Finally, a last observation shall be made in relation to the “pull factor“ 

that the number of fatalities recorded in a natural disaster might or might not have in 

determining the disbursement of emergency financial assistance on behalf of the German 

federal government. Indeed, while only natural disasters that recorded more than 20,000 

fatalities seem to be receiving any amount of emergency financial assistance, it should be 

noted that the denial of financial assistance seem to be absolutely not correlated with the total 

number of fatalities recorded: both relatively “minor” crises such as the Bangladeshi floods of 

June 2004, the Java earthquake in May 2005, the Indian floods of July 2005, Hurricane Stan 

in October 2005 or cyclone Sidr in November 2007 as well as “major crises” in terms of 

fatalities such as cyclone Nargis in May 2008 might completely fail to encourage the German 

federal government to provide any emergency financial assistance. Having made the above-

mentioned observations of the quantitative analysis obtained through statistical methods as 

shown through the GLS regression and the graphs that have followed, our investigation has to 

be complemented by a qualitative analysis capable of accounting for some of the patterns and 

trends that have been highlighted so far. 

4.6.2. Data analysis for the “humanitarian mechanism” hypothesis 

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 
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1. Internationalisation 

The German humanitarian system seems remarkably well integrated within the broader 

international humanitarian system and Germany plays a pro-active role within it. A brief 

analysis of the initiatives that Germany has subscribed to over the years provides ample 

evidence of the country’s long-standing commitment to cooperate with the international 

community in order to provide assistance to less economically developed countries.  

To begin with, it shall be noted that Germany has been a founding member of the 

Development Assistance Committee (DAC) of the Organisation for Economic Cooperation 

and Development (OECD) since its inception in 1961. This early commitment to the OECD’s 

committee dedicated to the provision of development and humanitarian assistance is a first 

indicator of the fact that Germany is no newcomer to the international donor community. 

Within this context, Germany’s long-standing commitment to humanitarian practice has been 

renewed at the beginning of the 20th century through Berlin’s participation in a number of 

new initiatives. Indeed, while in 2003 Germany joined the Good Humanitarian Donorship 

(GHD) initiative, in 2005 it also adhered to the Paris Declaration on Aid Effectiveness and in 

2008 it moved on to subscribe to the Accra Agenda for Action (AAA). Finally, while unlike 

some of its European peers Germany has not yet ratified and published the relevant data, 

Berlin has signed up to the International Aid Transparency Initiative (IATI) on aid 

accountability and transparent reporting (GHA 2011). The evidence therefore suggests that, 

unlike countries such as Spain and Italy, Germany has for a long time been and still is a donor 

country fully and actively integrated within the international humanitarian community. 

2. Financial commitment 

Germany’s financial commitment to humanitarian and development aid policies is rather 

modest. While being one of the single largest providers of both humanitarian and 

development assistance worldwide in absolute terms, in relative terms Germany dedicates 

rather limited resources to the provision of humanitarian and development assistance.  

A look at the data provided by the United Nations’ statistical department highlights the 

unspectacular performance posted by Germany in terms of development aid provision. While 

in the period between the 1st of January 2000 and the 31st of December 2008 Berlin dedicated 

an average of 0.31% of its Gross National Income (GNI) to the provision of Overseas 

Development Assistance (ODA), throughout the same period, the average percentage of GNI 

dedicated to ODA by all the seven donor countries under investigation was a much higher 



 158 

0.46% (UNData 2011). Germany’s below average performance can also be observed when 

one focuses on humanitarian aid rather than long-term development assistance. Indeed, while 

the percentage of German humanitarian aid out of the total of Germany’s ODA has risen from 

a low of 2% in 2004 to 3.3% in 2008, Germany still lags far behind the DAC donors’ average 

of 9.2% for 2008 (OECD 2010). Furthermore, it shall be pointed out that Germany’s 

uninspiring performance in terms of its commitment to the provision of humanitarian 

assistance was further confirmed by the findings of this dissertation. While countries such as 

Denmark, the Netherlands and the United Kingdom dedicated 0.0020%, 0.0007% and 

0.0007% of their respective GNIs to the provision of emergency humanitarian assistance to 

the victims of the ten natural disasters under investigation, Germany managed to provide 

assistance only to the tune of 0.0005% of its GNI.  

Shifting one’s analysis to a more historical perspective, a number of observations can also be 

made. To begin with, Germany’s total Overseas Development Assistance (ODA) throughout 

the 1995 to 2005 period constantly hovered around US$ 7.5 billion. It then rather suddenly 

started to significantly increase under the leadership of Chancellor Merkel whereby the CDU-

SPD Grand Coalition oversaw a constant increase in ODA expenditure from US$ 7.9 billion 

in 2005 to US$ 12.3 billion in 2009. Following a similar pattern, German humanitarian aid 

has also experienced a significant increase from 2005 onwards. Indeed, at the time of the 

South East Asian tsunami (between 2004 and 2005), German humanitarian assistance shoot 

up from US$ 571 million in 2004 to US$ 839 million in 2005 and it has since then hovered 

between US$ 839 million in 2005 and US$ 738 million in 2009. Having said that, it should be 

noted that German humanitarian aid as a percentage of total Overseas Development 

Assistance (ODA) has actually decreased over the period of analysis taken into account by 

this dissertation (GHA 2011).  

3. Operational independence  

Germany’s humanitarian department within the Foreign Ministry seems to be able to enjoy a 

substantial degree of operational independence in deciding when, where and how to provide 

emergency humanitarian assistance to disaster-stricken countries worldwide. A number of 

observations provide clues in this respect. 

To begin with, a peculiarity of the German humanitarian system rests with the fact that it is 

the German Foreign Office that directly manages humanitarian aid provided by the German 

government to disaster-stricken populations worldwide. This is due to a long-term strategic 
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decision dating back to the 1970s to keep humanitarian and development aid as separate 

policies under the responsibility of separate government agencies. This modus operandi 

persisted both through the exponential growth in the number of humanitarian crises of the 

1970s and 1980s as well as the re-organisation of Germany’s foreign policy and the country’s 

enhanced role on the world stage following the fall of the Berlin Wall. This peculiarity clearly 

distinguishes the organisational culture of German humanitarian and development aid 

institutions from the structures of many of its European counterparts where, as a rule, 

humanitarian and development aid are managed by the same executive body. Such an 

arrangement is key in keeping the provision of short-term emergency humanitarian assistance 

separated and independent from long-term development assistance more likely to be the 

subject of undue geostrategic and foreign policy objectives.  

Secondly, the provision of humanitarian aid on behalf of the German Foreign Ministry has to 

follow a strict “hierarchy of needs” whereby priority is given to the provision of potable water 

and food, followed by the provision of medical care to meet the immediate needs of the 

affected populations and, finally, the provision of security and protection for the recipient 

populations both from the elements of nature and from eventual violent attacks (Eberwein, 

2002). The fact that the humanitarian department of the German Foreign Ministry has to stick 

to such a strict “hierarchy of needs” further contributes to make it more likely for 

humanitarian aid to be delivered according to strict humanitarian criteria as opposed to more 

subjective ones that could be superseded by foreign policy considerations.  

Thirdly and in terms of the destination of its humanitarian aid, Germany displays a significant 

degree of predictability for what concerns both the recipient countries it decides to support 

and the funding channels that it chooses to use in order to do so. Looking at the recipients, 

there exists a significant degree of predictability for what concerns the countries most likely 

to receive German humanitarian aid. Indeed, Sudan, Afghanistan and the Occupied 

Palestinian Territories have always been among the top five recipients of German 

humanitarian assistance throughout the 2003 to 2008 period (GHA 2011). Stability and 

predictability in terms of recipient countries would seem therefore to suggest that the 

provision of German humanitarian assistance is not subject to follow foreign policy interests 

and geostrategic considerations.  

Moving on to the actual channels through which German’s assistance is delivered, it 

immediately becomes clear that most of the country’s humanitarian aid is overwhelmingly 

channelled through multilateral channels in general and the European Commission’s 
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Humanitarian Office (ECHO) in particular. Indeed, in 2009 alone, Germany channelled US$ 

336,500,000 million in humanitarian aid to the European Commission making it by far its 

largest first-tier recipient of aid. Germany’s support for the European Commission has been 

consistent over the years with a percentage between 46% and 57% of all German 

humanitarian aid between 2005 and 2009 being channelled through the European 

Commission. A pattern, this one, that has been further strengthened by the fact that between 

the same years, Germany contributed always over 20% of the European Commission’s total 

Overseas Development assistance (ODA). Still in the year 2009 but far behind the European 

Commission, the Deutsche Gesellschaft für Technische Zusammenarbeit (GTZ), the World 

Food Programme (WFP) and the KfW banking group were awarded US$ 66,500,000, US$ 

58,100,000 and US$ 54,200,000 in financing respectively. OCHA, UNHCR and UNRWA 

ranked fifth, sixth and seventh place as first-tier recipients with donations of US$ 21.4 

million, US$ 17.6 million and US$ 11.4 million each. Last but not least, the World Bank, the 

ICRC and the Federal Ministry for Development Cooperation (BMZ) were the last three top-

tier recipients of German humanitarian aid with donations of US$ 8.6 million, US$ 5.7 

million and US$ 4.9 million in 2009 (GHA 2011). The fact that German humanitarian 

assistance is overwhelmingly provided through multilateral channels seems to suggest once 

more that Germany’s humanitarian department can count on a significant degree of 

operational independence vis-à-vis the country’s foreign policy’s objectives. Indeed, had the 

German Foreign Ministry wished to make use of humanitarian assistance as a “foreign policy 

lubricant”, bilateral channels would have been a much preferred option.  

4. Administrative capacity 

The administrative capacity of Germany’s humanitarian agency has for a long time been 

weakened by a series of institutional and structural shortcomings of the broader German 

humanitarian system. As a number of observations highlight, the situation is nevertheless in 

tremendous flux and Germany is working hard to address these challenges.  

To begin with and on a positive note, the German Foreign Office can count on a dedicated 

“Department of the United Nations, Human Rights and Humanitarian Aid” with exclusive 

competence and responsibility for the coordination of emergency relief operations and the 

provision of humanitarian aid. Headed by the Commissioner for Human Rights Policy and 

Humanitarian Aid (currently Mr. Markus Löning) and with a staff of over 20 full-time 

employees dedicated solely to humanitarian aid issues, it is this specific department that 

effectively sets the humanitarian aid agenda for the foreign ministry itself.  
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While Germany can count on the work of a dedicated humanitarian unit within its foreign 

ministry, the provision of German humanitarian aid has for a long time suffered from the lack 

of coordination that resulted from having a variety of institutions engaging in the provision of 

humanitarian assistance at the same time. Indeed, German humanitarian assistance has 

traditionally been extremely fragmented between a number of agencies such as the Deutsche 

Gesellschaft für Technische Zusammenarbeit (GTZ), InWent, the Deutscher 

Entwicklungsdienst (DED), the Kreditanstalt für Wiederaufbau (DfW) and the Bundesanstalt 

Technisches Hilfswerk (THW) as well as the Ministry of Foreign Affairs (AA) and the 

German development Ministry (BMZ). Such fragmentation has been significantly reduced as 

from January 1st 2011 with the creation of the Gesellschaft für Internationale Zusammenarbeit 

(GIZ) that resulted from the merger of GTZ, DED and InWent. Nevertheless, the significant 

degree of fragmentation experienced over many years has for a long time made it particularly 

challenging to coordinate the simultaneous provision of emergency financial assistance from 

all the national bodies involved in humanitarian policy.  

Within this context, challenges to the effective provision of humanitarian assistance have been 

experienced for a long time and despite the fact that a relevant forum had been put in place in 

order to address them. German humanitarian aid is strategically overseen by the Humanitarian 

Aid Coordinating Committee: a body comprising representatives from the Foreign Office 

itself, other ministries such as the Federal Ministry for Economic Cooperation and 

Development (BMZ) and representatives of German aid organisations. The fact that all aid 

and governmental organisations involved in the German Humanitarian Aid Coordinating 

Committee managed to agree to the “twelve basic rules of humanitarian assistance abroad” on 

the 17th of June 1993 was an important moment in the establishment of a stronger partnership 

between stakeholders of the German humanitarian that nevertheless did not address the high 

degree of fragmentation described above. It is now hoped that, following the establishment of 

GIZ in 2011, administrative practices will be streamlined to the benefit of all relevant 

stakeholders.  

Last but not least, the Department of the United Nations, Human Rights and Humanitarian 

Aid within the German Foreign Ministry can count on significant and slowly but constantly 

increasing financial resources that enable it to retain an adequate administrative capacity. 

Indeed, throughout the period of analysis, resources available to the department for 

expenditure directly aimed at the provision of humanitarian assistance have risen from a low 

of US$ 516,900,000 in 2000 to US$ 743,100,000 in 2008. Such a positive development 
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should in principle have made it easier for the department to enhance its administrative 

capacity. 

4.6.3. Summary of the major findings for Germany 

As observed in the case of all donor countries combined, the Federal Republic of Germany 

subscribes to the hypothesis according to which the magnitude of a natural disaster has a 

significant impact on the extent to which donor governments are prepared to disburse 

emergency humanitarian assistance to countries struck by a sudden natural disaster. More 

interestingly, however, the findings obtained for Germany corroborate both those recorded for 

the British and Dutch case studies as well as for the Spanish one.  

More specifically for what concerns the “magnitude of the natural disaster hypothesis”, both 

the independent variable pertaining to the number of fatalities recorded for a natural disaster 

under investigation as well as the number of days that have elapsed since the onset of a 

disaster are highly significant in encouraging the provision of emergency humanitarian 

assistance on behalf of the German government. Indeed, these findings are in line with those 

obtained through the multiple regression analysis for all donor countries combined, with those 

obtained for the United Kingdom and the Netherlands with respect to the variable pertaining 

to the number of fatalities reported and with those recorded for Spain for what concerns the 

number of days that have elapsed since the onset of a natural disaster.  

Having said that, unlike in the case of the research hypothesis presented above, the results 

obtained for the hypothesis according to which the domestic politics of a donor country are 

significant in affecting the extent to which its government is ready to provide emergency 

humanitarian assistance to countries struck by a sudden natural disaster do not seem to be able 

to confirm the hypothesis. Indeed, none of the four independent variables analysed to 

investigate such a hypothesis seem able to account for variation in the dependent variable.  

Within this context, a qualitative analysis of the modus operandi of the German humanitarian 

agency carried out in order to investigate the hypothesis according to which this might 

influence the provision of humanitarian assistance on behalf of a national government, seem 

to go some way towards confirming the hypothesis. Indeed, for all independent variables 

examined (the humanitarian agency’s administrative capacity, its degree of 

internationalization, its degree of independence from undue political pressure and the 

country’s general financial commitment to the provision of ODA), Germany records above-

average results vis-à-vis the other donor countries under investigation.  
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4.7. France 

The seventh part of the chapter dealing with the data analysis provides the results obtained for 

France. This part of the chapter is therefore once more made up by three sections: a first one 

which focuses on the quantitative analysis of the “domestic politics” and “disaster magnitude” 

hypotheses, a second one which concentrates on the qualitative investigation of the 

“humanitarian mechanism” hypothesis and a third one providing a summary of the major 

findings. 

4.7.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.7.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 

catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 
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damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 

Figure 4.7.1.1 illustrates the results obtained through the Multiple Regression Analysis 

(MRA) with Generalised Least Squares (GLS) for France in the ten natural disasters under 

investigation.  

In figure 4.7.1.1, one can observe P > z values of almost 0.000, the variables relating to the 

donor country’s GDP and the number of fatalities recorded and a P > z value of 0.018 for the 

estimated damages for the ten natural disasters under investigation. The data therefore suggest 

that there is a 99% to (almost) 100% probability that these three investigated independent 

variables have an effect on the dependent variable. Likewise, the data suggest that there is less 

than 1% likelihood that the obtained values are the result of random distribution. Aside from 

the P > z values, the coefficients with the highest absolute values are also those ones 

pertaining to the donor country’s GDP, to the total number of fatalities recorded and to the 

estimated damages for the natural catastrophes under investigation (-1.505, 0.178 and 0.165 

respectively) The most significant independent variables that account for disbursements of 

emergency humanitarian assistance in the case of France are therefore those represented by 

the donor country’s GDP, the total number of fatalities recorded and the estimated damages 

sustained due to a natural disaster. Having said that and as it has been the case for the 

regressions run for all donor countries combined and for the Netherlands, the negative 

coefficient and the extremely high standard error recorded for the variable accounting for 

France’s gross domestic product (0.478) should invite caution when assessing the variable 

itself. Following the multiple regression analysis, possible multicollinearity problems between 

the investigated variables are checked by computing for the tolerance value by regressing one 

of the explanatory variables on all other explanatory variables. The relevant diagnostics run 

for the regression find no multicollinearity between the investigated variables. 

The data collected through the multiple regression analysis for the French case study allow us 

to make three final considerations. To begin with, the hypothesis according to which the 

magnitude of a natural disaster is a significant factor accounting for disbursements of 

humanitarian assistance on behalf of the French government is confirmed. Indeed, both the 
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variable pertaining to the number of fatalities recorded as well as the one pertaining to the 

estimated damages recorded following the onset of a sudden natural disaster are significant in 

accounting for variation in the levels of disbursement. Secondly, the hypothesis according to 

which French domestic politics might influence the extent to which the French humanitarian 

agency might be ready to provide emergency humanitarian assistance to countries struck by a 

sudden natural disaster should be discarded. Indeed, this shall be the case due the fact that 

three out of four variables selected to operationalize such hypothesis are not significant. 

Finally, even if one of these four variables is seen to be significant (the one pertaining to the 

country’s gross domestic product), there exist a number of factors that should invite great 

caution in taking the results obtained for this variable at face value. 

Figure 4.7.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.7.1.2 presents the logarithm of the disbursement value and its estimated values for 

the twenty-one “crises days” that have been analysed following each of the ten natural 

disasters under investigation. 

Figure 4.7.1.2 compares the predicted values of the disbursements aganst the actual recorded 

values. The graph therefore provides the opportunity to investigate the performance of the 

predictive model across the whole period of analysis Observing the graph, two observations 

can be made: to begin with, the model, by predicting only the sections around absolute day 

fifty, eighty and two hundred, clearly struggles to account for variation of the dependent 

variable. Secondly, the model could potentially improve with the inclusion of further 
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variables. Having said that, the model rpredicts in a relatively accurate manner those 

disbursemnst that took place on the occasion of the South-East Asian tsunami of the 26th of 

January 2004 and for the Sichuan earthquake of the 12th of May 2008.  

Figure 4.7.1.3. Disbursements for the 21 days following each natural disaster (US$) 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.7.1.3 illustrates the disbursements of emergency financial assistance provided by the 

French government to the victims of the ten natural disasters under investigation as recorded 

through the United Nations Office for the Coordination of Humanitarian Affairs’ Financial 

Tracking System. While only a few disbursements are recorded for the whole period of 

analysis, it was decided to still include this graph for comparative purposes in relation to the 

other case studies under investigation.  

By looking at the graph, it immediately appears clear the imbalance between the amount of 

financial emergency assistance provided by the French government on the occasion of the 

South East Asian tsunami of December 26th, 2004 and all the other natural disasters under 

investigation in the January 1st 2000 to December 31st 2008 period. Not only did the victims 

of the 2004 tsunami received by far the single largest donation from the French government 

within the whole period of analysis (over US$ 24,000,000), they also received some three 

other donations to the tune of over US$ 6,000,000, US$ 4,000,000 and US$ 5,000,000 and an 

additional four smaller donations throughout the three weeks following the onset of the 
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emergency. The total amount of financial emergency assistance received by the victims of the 

tsunami from the French government was therefore to the tune of US$ 43,852,400. This 

amount stands in sharp contrast with the disbursements made by the French government on all 

other occasions.  

On the occasion of the earthquake that struck Pakistani-controlled Kashmir on the 8th of 

October 2005, the French government made the largest disbursement for any catastrophe 

other than the December 2004 tsunami: just over US$ 2,421,308. This amount, coupled to a 

later donation of US$ 342,548 brought the total amount of emergency financial assistance 

offered to the victims of the Pakistani earthquake to US$ 2,763,856. The natural disaster that 

received the second largest amount of emergency financial assistance after the December 

2004 tsunami received therefore just over 5% of the total received by the victims of the 

tsunami itself.  

The catastrophe that received the third largest amount of disbursements was the Gujarat 

earthquake of January 26th, 2001: the victims of the quake received a one off donation of US$ 

1,297,921 while the fourth catastrophe in terms of assistance received was the Sichuan 

earthquake of May 12th, 2008. On this occasion, the French government released three 

payments of US$ 973,988, US$ 492,236 and US$ 31,153 for a total of US$ 1,497,377. 

Finally, the French government provided the symbolic sum of US$ 66,106 in emergency 

financial assistance to the victims of hurricane Stan in October 2005. Five out of the ten 

humanitarian catastrophes under investigation (Bangladesh floods of June 2004, Indian floods 

of July 2005, Java earthquake of May 2006, cyclone Sidr in November 2007 and cyclone 

Nargis in May 2008) received no aid whatsoever from the French government as recorded 

through OCHA’s Financial Tracking System. 
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Figure 4.7.1.4. Fatalities and disbursements for the 21 days following a disaster (US$) 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for the Research on the Epidemiology of Disasters 

(CRED) at the Catholic University of Louvain and the Financial Tracking Service (FTS) of 

the United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 

Figure 4.7.1.4 illustrates the relationship between the total number of fatalities recorded and 

the disbursements provided by the French government for each of the ten selected 

humanitarian crises for the 1st of January 2000 to December 31st 2008 period of analysis.  

As it can be immediately observed, the South-East Asian tsunami of December 2004 is by far 

the humanitarian crises that triggered the provision of most humanitarian assistance on behalf 

of the French government. Aside from the actual amounts, what is particularly interesting to 

observe is that the overwhelming majority of funding was released within a week of the onset 

of the crises and that only a minimal amount (with a peak of US$ 5,305,040) was disbursed 

towards the end of the three-weeks period of analysis following each humanitarian 

catastrophe under investigation.  

Although on an exceptionally smaller scale, such a quick response in terms of the provision of 

humanitarian assistance can also be observed following the Gujarat earthquake of the 26th of 

January 2001 and the Sichuan earthquake of the 12th of May 2008: in both these instances, the 

provision of emergency financial assistance came about well within one week of the onset of 

each crises. Unlike in the case of the emergencies mentioned above, in the case of the 
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Kashmir earthquake of the 8th of October 2005, financial assistance was provided well two 

and three weeks into the crises.  

A number of other crises received either no or only symbolic financial assistance from the 

French government. This was clearly the case for the Bangladesh floods of June 2004, the 

Indian floods of July 2005, hurricane Stan in October 2005, the Java earthquake of of the 27th 

of May 2006 and cyclone Sidr in November 2007. One final general consideration can be 

made by looking at the graph illustrating the relationship between the total number of 

recorded fatalities and the disbursements of emergency financial assistance of behalf of the 

French government: the total amount of humanitarian assistance does not seem to be related 

to the total number of fatalities. Indeed, this situation is clearly illustrated by the fact that 

natural disasters such as the Kashmir earthquake (74,659 fatalities), cyclone Nargis (138,434 

fatalities) and the Sichuan earthquake (87,476 fatalities) did not receive financial assistance in 

proportional terms relative to the number of fatalities recorded. 

4.7.2. Data analysis for the “humanitarian mechanism” hypothesis 

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 

1. Internationalisation 

France is a long-term and substantial contributor to the international humanitarian 

community. The country played and still plays a significant role on the international stage and 

it has been the promoter of a number of multilateral initiatives both past and present. It has, 

however, so far failed to sign up to the latest initiatives launched by the international 

community to promote greater accountability and transparency in terms of financial 

disbursements. 

A number of indicators seem to contribute to paint a picture that sees France as having been 

for many decades a key actor on the humanitarian stage. To begin with, France together with 

a number of other West European governments and the United States was instrumental in 

establishing the OECD’s Development Assistance Committee (DAC) in 1961. More recently, 

in February 2005 France hosted and organised with the OECD the Paris High Level Forum on 

Aid Effectiveness. The proceedings of such meeting led to over one hundred parties to sign 

the Paris Declaration on Aid Effectiveness and to set new and much higher standards for the 
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international community in terms of development aid provision. Following up on the 

commitments taken in Paris, France was, together with the United Kingdom, instrumental in 

pushing forward and adopting together with the international community the Accra Agenda 

for Action (AAA) in September 2008. However, despite the fact that it was launched at the 

same time as the Accra Agenda for Action, France has so far failed to sign up to the 

International Aid Transparency Initiative (IATI) to promote greater accountability in 

humanitarian and developmental expenditures worldwide (GHA 2011).  

2. Financial commitment 

French financial commitment to the provision of both humanitarian and development aid is 

mediocre with the country’s performance falling near the average performance recorded by all 

seven donor countries under investigation. Furthermore and when looked at from an historical 

perspective, Paris’ financial commitment to the provision of financial assistance to 

economically less developed countries seems to be subject to extreme variation over time.  

A number of observations suggest that France records a rather average performance when it 

comes to the provision of both humanitarian and development assistance. To begin with, 

throughout the period of analysis, France dedicated an average of 0.38% of its Gross National 

income (GNI) to the provision of Overseas Development Assistance (ODA). This is a 

percentage clearly below the average of 0.46% recorded by all seven donors under 

investigation. However, when one excludes the exceptional performance posted by Denmark 

and, to a lesser extent, the Netherlands, Paris performance is a respectable one on a par with 

that of the United Kingdom (UNData 2011). The performance described above falls within a 

broader context whereby the amount of Overseas Development Assistance (understood as 

long-term development aid plus humanitarian aid and minus debt relief) provided by France 

in the 1995 to 2008 period, has been going through three separate stages. The phase between 

1995 and 1997 included saw the French government providing high volumes of ODA with 

this ranging between US$ 11.2 billion in 1995 to US$ 10.18 billion in 1997 and through US$ 

9.33 billion in 1996. A second stage between 1998 and 2003 saw a significant drop in the 

amount of overseas development assistance provided. Indeed, between 1998 and 2003, French 

ODA oscillated between a high of US$ 7.55 billion in 1998 and a low of US$ 5.99 billion in 

2003. Finally, in the years from 2004 onward, French ODA increased once more to some 

more significant (although by no means exceptional) levels. Indeed, between 2004 and 2008 

included, French ODA hovered between a low of US$ 7.94 billion recorded in 2005 and a 

high of US$ 9.59 billion recorded in 2008 at 2009 constant prices (GHA 2011).  
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Still from an historical perspective, French expenditure for humanitarian aid remained 

remarkably low in the 1995 to 2000 period, it saw a spectacular increase in the 2001 to 2005 

period and it then returned to more modest levels from 2006 onward. Indeed, between 1995 

and 2000 and with the exception of 1999 that saw significantly higher expenditures, the 

French government always disbursed between US$ 196.07 million (in 1996) and US$ 237.39 

million (in 2000) per year for humanitarian assistance. The years between 2001 and 2005 saw 

a new phase whereby the French government continuously increased to ever more significant 

levels the amount of humanitarian aid willing to provide to recipient countries. Indeed, 

throughout these years, humanitarian aid expenditure continuously increased from the US$ 

237.39 million of 2000 to the US$ 1160.75 million of 2005. Finally and following such a 

marked increase over the second half of the first decade of the 21st century, French 

humanitarian aid decreased once more and settled to some more modest and almost identical 

levels: US$ 448.85 million in 2006, US$ 434.26 million in 2007 and US$ 422.96 million in 

2008 (GHA 2011). As result of what has been highlighted above, it can be claimed that 

French financial commitment to the provision of both humanitarian and development 

assistance is characterised by an average performance coupled with “historical swings” that 

alternate a number of years of increased commitment with others where disbursements are 

significantly more limited. 

3. Operational independence 

French humanitarian and development assistance seems to be delivered under strict political 

supervision. As result of this, a number of characteristics of the French humanitarian system 

suggest the presence of a state of affairs whereby aid might often be provided according to 

foreign policy considerations rather than humanitarian ones. 

To begin with, the fact that the French political establishment can exercise direct control over 

many aspects of both development and humanitarian aid policies does not bode well for the 

French humanitarian agency’s ability to take decisions free of undue political pressure. While 

Mr. Henri de Raincourt is the Minister responsible for development cooperation, the 

Directorate General for Global Affairs, Development and Partnerships (DG GAPD) is the 

structure tasked with managing French humanitarian and development aid from within the 

French Foreign Ministry. DG GADP consists of two delegations (External Action of Local 

Authorities and Relations with Civil Society) and five directorates: Global economy and 

development strategies; Global public goods; Culture and French language policy; Mobility 

and attractiveness policy and, finally, Finance and network coordination. Each directorate is, 
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in turn, made up by a number of specialised units. While political leadership for French 

humanitarian and development aid policies rests with the Directorate General for Global 

Affairs, Development and Partnerships (DG GADP), most of France’s developmental 

commitments are carried out through the work carried out by the Agence Française de 

Développement (AFD), which DG GADP supervises both politically and operationally.  

Established with a governmental decree on the 30th of October 1992, the Agence Française de 

Développement (AFD) is the development finance institution of the French government (AFD 

2007; 2011). The AFD is a specialised financial institution operating under the aegis of the 

French Ministry of Finances, the French Ministry for Overseas Territories and the French 

Ministry of Foreign Affairs. Structured both as a specialised financial institution and as a 

development bank, AFD runs a network of 61 agencies and offices around worldwide tasked 

with the implementation of France’s overseas development Assistance. Within this context, 

AFD is under the political supervision of a Board of Directors made up by a Chairperson and 

by 16 individuals. Six board members are state representatives from the three above-

mentioned government ministries. Five board members are individuals appointed in light of 

their professional expertise. Three board members are selected by the French parliament. 

Finally, two board members are appointed by the AFD Union of Employees. Therefore, as its 

has been highlighted, the AFD clearly operates under strict political control.  

In line with the findings presented above, an investigation of the key recipients of 

humanitarian aid suggests that France is still too frequently tempted to disburse emergency 

humanitarian assistance according to parameters which are not only strictly humanitarian 

ones. When looking at the top-ten recipients of French humanitarian assistance for the last 

year under investigation (2008) one can observe the presence of various countries that are not 

surprisingly also the top recipients of humanitarian aid from other European member states. 

The Occupied Palestinian Territories, Sudan, Afghanistan, Somalia, Sri Lanka and Jordan fall 

into this category. However and more surprisingly, among the top-ten recipients of French 

humanitarian aid one can also find countries such as Lebanon, Haiti, the Democratic Republic 

of Congo and Ivory Coast. More specifically, a look at the top recipients of French 

humanitarian assistance for the year 2008 provides a good glimpse of some long-term and 

established patterns. The top-ten recipients of French humanitarian aid in 2008 were the 

Palestinian Administered Territories with US$ 56.54 million (equal to 15% of total 

disbursements), Sudan with US$ 38.42 million (10% of the total), Afghanistan with US$ 

36.54 million (10%), Somalia with US$ 18.51 million (5%), Lebanon with US$ 16.23 million 
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(5%), Sri Lanka with US$ 13.67 million (4%), Haiti with US$ 12.56 million (3%), Jordan 

with US$ 12.38 million (3%), DR Congo with US$ 12.17 million (3%) and, finally, Ivory 

Coast with US$ 11.85 million (3% of the total) (GHA 2011). A number of countries that are 

either former French colonies or entertain close economic, historical, linguistic and cultural 

ties with France seem therefore to be entitled to receive significant amounts of humanitarian 

assistance despite not necessarily finding themselves in the dire circumstances one would 

expect them to be in order to qualify for French humanitarian aid. While highly disturbing, 

such use of humanitarian assistance as a “foreign policy lubricant” should not come as a 

surprise. Based within the French Foreign Ministry, DG GAPD is tasked with the 

management of French humanitarian and development assistance through the Agence 

Française de Développement. In turn, the AFD operates under the aegis of a triumvirate made 

up by the French Ministry of Finances, the French Ministry for Overseas Territories and the 

French Ministry of Foreign Affairs. It is therefore not surprising that the compromises needed 

to reach an agreement between the three ministries on which potential recipients might be 

worthy of French humanitarian assistance should promote a state of affairs whereby 

geopolitical considerations might too often take precedence over more strictly humanitarian 

ones.  

Finally and in terms of the channels through which the French government provides 

humanitarian aid to recipient countries, interesting patterns can be observed for both UN 

agencies and the European Union: the two key first-tier recipients of French humanitarian 

assistance. For what concerns funding of humanitarian assistance through the three “primary 

humanitarian agencies” (UNHCR, UNWRA and WFP), one can observe the presence of two 

very distinct periods. On the one hand, in the decade from 1995 to 2005, the French 

government provided a fundamentally stable amount of financing to UN agencies. Indeed, 

this is highlighted by the fact that, while French humanitarian assistance channelled through 

UN agencies in 1995 was of a magnitude of US$ 15.5 million, in 2005 this was of a similar 

magnitude of US$ 13.9 million. While the years immediately before and after the turn of the 

century had seen a modest increase in the amounts provided (for instance, US$ 24.5 million in 

2000), this temporary increase was not sustained and does not alter the overall picture 

provided by the 1995 to 2005 period. On the other hand, the years from 2006 onwards saw a 

significant increase in the amount of humanitarian assistance channelled through UN 

multilateral institutions. Indeed, the contrast is sharp when one observes that, against the US$ 

13.9 million provided in 2005, the French government channelled US$ 37.3 million, US$ 43.8 

million and US$ 44.9 million in 2006, 2007 and 2008 respectively. Of an entirely different 
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magnitude is the amount of humanitarian assistance that the French government channels to 

recipient countries through the European Commission. Here as well, a specific pattern for the 

1995 to 2004 period and another one for the years from 2005 onward can be observed, just on 

an altogether grander scale. In the 1995 to 2004 period, the French government channelled 

always a remarkably similar amount of humanitarian assistance through the European 

Commission: one that oscillated little between a low of US$ 180.16 in 1996 and a high of 

US$ 236.09 million in 1995 (with the significant an much lower exception of US$ 112.10 

million in 1998). From 2005 onward, however, the French government seems to be willing to 

channel significantly higher amounts of its humanitarian assistance through the European 

Commission. Indeed, between 2004 and 2008, the amount channelled through the commission 

increases significantly, ranging from a low of US$ 280.81 million in 2004 to a maximum of 

US$ 382.42 million in 2005 (GHA 2011). Most of the humanitarian assistance that France 

channels through multilateral organisations is devoted to the financing of the European 

Commission Humanitarian Office (ECHO) rather than of United Nations’ agencies.  

4. Administrative capacity 

The French humanitarian mechanism is favourably affected by the substantial administrative 

capacity enjoyed by the Ministry of Foreign Affairs’ Delegation for Humanitarian Action 

(DAH). This relies on a tightly controlled, relatively well-funded and significantly centralised 

administrative structure in order to effectively perform its tasks in cooperation with partner 

Non-Governmental Organisations (NGOs). 

The overall coordination and provision of French humanitarian assistance can count upon the 

specialized services provided by the Delegation for Humanitarian Action (DAH) and its sub-

departments. Established in 2002 within the French Ministry of Foreign and European 

Affairs, the DAH incorporates the functions that had previously been carried out by the 

Service de l’Action Humanitaire (SAH) and the intergovernmental Cellule d’Urgence 

(CELLUR). Under the leadership of M.me Louise Avon (Director General) and M. Serge 

Casseri (Executive Director) and in order to coordinate and oversee the provision of 

humanitarian assistance, the Delegation for Humanitarian Action carries out its work through 

two departments: the “Sub-directorate for political and humanitarian affairs” (DAH/P) and the 

“Sub-directorate for humanitarian interventions and evaluation” (DAH/I). Both sub-

directorates are made up by a number of specialised units and while the former tends to focus 

on the observation and anticipation of crises situations and the elaboration of French 

humanitarian policy, the latter tends to focus on the inter-ministerial coordination of French 
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humanitarian action, the disbursement of the emergency financial instruments and the 

management of humanitarian stocks (DAH 2011). 

Potential fragmentation of the French government’s humanitarian mechanism is limited by the 

fact that the different agencies that contribute to its delivery are all clustered within the 

Delegation for Humanitarian Action (DAH) and strictly supervised by it. Indeed, three 

different agencies directly located within the French Ministry of Foreign and European 

Affairs are tasked with the handling of France’s humanitarian aid policy. Firstly, the Crises 

Centre (CDC) has privileged access to the Humanitarian Emergency Fund and it is tasked 

with the assessment of and the response to sudden humanitarian emergencies through the 

financing of both NGOs and, if necessary, direct government interventions. Secondly, the 

United Nations and International Organisations Department (UNIO) provides financing to the 

ICRC, the IFRC and the various UN agencies operating in the context of humanitarian 

assistance. Finally, the Department for Development Policy (DPDEV) is tasked with the 

provision of food aid in emergency relief operations. While fulfilling different tasks, all these 

three agencies fall under the supervision of the Delegation for Humanitarian Action (CDC 

2011). 

Thirdly, the close cooperation that exists between DG GAPD and French Non-Governmental 

Organisations (NGOs) results in a win-win situation whereby the French Foreign Ministry can 

offload the burden of the implementation of its humanitarian policies to NGOs while these 

can count of the financial resources provided by the ministry. Within this context, the 

Delegation for Humanitarian Action has over the years established a long-term relationship 

with other key stakeholders of the French humanitarian aid system. Twenty-two Non-

Governmental Organisations (NGOs) have been selected and invited to establish a partnership 

with the French Foreign Ministry and, in many instances, are tasked with the actual delivery 

of emergency financial assistance provided by the Delegation for Humanitarian Action (CDC 

2011).  

Finally, the close cooperation that the Delegation for Humanitarian Action entertains with 

Non-Governmental Organisations (NGOs) is made possible in large measure by the financial 

resources that have increasingly made been available to the Delegation by DG GAPD. The 

French Delegation for Humanitarian Action has been endowed with an amount of financial 

resources that has significantly increased over time. Indeed, such an amount has doubled from 

approximately US$ 200,000,000 in 2000 to approximately US$ 400,000,000 in 2008 (GHA 

2011). At the same time, the newly established Crisis Centre within the French Foreign 
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Ministry has been endowed with an independent humanitarian emergency fund of 

approximately US$ 11,400,000 for the year 2008 alone (DAH 2011). 

4.7.3. Summary of the major findings for France 

Once again as it has been the case with both the multiple regression analysis carried out for all 

donor countries combined as well as with the British, Dutch, Spanish and German case 

studies, the evidence obtained for the French case study suggests that the hypothesis 

according to which the magnitude of a natural disaster has a significant impact on the 

disbursement of emergency humanitarian assistance on behalf of a donor government can be 

confirmed.  

Following up on the above statement it should be observed that, however, in the French case 

study, such a hypothesis can be confirmed through the positive feedback provided not only by 

the independent variable pertaining to the number of fatalities recorded following the onset of 

a natural disaster. In this respect, while still highly significant, such an independent variable is 

complemented by the one pertaining to the estimated damages recorded following the onset of 

a natural disaster. Indeed, unlike in the case of all other investigated donor countries, within 

the French context, estimated damages seem to significantly influence the degree to which the 

French government might be willing to provide emergency humanitarian assistance to 

countries struck by a sudden natural disaster. 

Moving on to the hypothesis according to which domestic politics plays a key role in 

influencing the disbursement of emergency humanitarian assistance, once again the evidence 

seems to suggest that the hypothesis should be discarded. Indeed, this is the case despite the 

fact that, at first sight, changes in the country’s GDP might have had an impact on the 

dependent variable. However, after a more thorough investigation of the variable and as 

explained earlier on in this chapter, the contention that changes in the country’s GDP have a 

significant impact on disbursements on humanitarian assistance should be treated with the 

greatest caution. Having said that and less controversially, the other three independent 

variables investigated for this hypothesis clearly do not account for variation in the dependent 

variable.  

Within the context presented above, the contention that the modus operandi of a country’s 

humanitarian mechanism can impact the extent to which its humanitarian agency is ready to 

provide emergency humanitarian assistance following the onset of a natural disaster cannot 

readily be confirmed nor disconfirmed. That is the case because, according to the four 
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indicators under investigation (administrative capacity, degree of internationalisation, 

freedom from undue political interference and overall financial commitment to the provision 

of overseas development assistance), France scores mixed results. Indeed, that is clearly the 

case in a situation whereby, while being highly “internationalised” in its outlook and 

displaying a significantly above-average administrative capacity, the French humanitarian 

agency seems to be subject to remarkably persistent political interference as well as 

unpredictable budgetary constraints on behalf of the central government. 

4.8. Denmark 

This final part of the chapter dedicated to the data analysis presents the results obtained for 

Denmark. As it has been the case with the previous donor countries under investigatin, this 

part of the chapter consists of three sections. A first section is dedicated to the quantitative 

analysis of the “domestic politics” and “disaster magnitude” hypotheses, a second section 

focuses on the qualitative investigation of the “humanitarian mechanism” hypothesis and a 

third one provids a summary of the major findings. 

4.8.1. Data analysis for the “domestic politics” and “disaster magnitude” hypotheses 

Figure 4.8.1.1. Multiple regression analysis for all the independent variables 

 

Key: 

log_disburse: Logarithmic disbursement (dependent variable) 

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation 
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catastroph˜y: Catastrophe day (days elapsed since the onset of a selected natural disaster) 

clgovernment: Centre-left government (presence or not of centre-left parties in government) 

election: Election (presence or not of electoral period in the donor country) 

fatalities: Fatalities (number of fatalities recorded for natural disaster under investigation) 

affected: Affected (number of people affected by the natural disaster under investigation) 

damage: Damage (estimated damages recorded for the natural disaster under investigation) 

totarticles: Total articles (total articles recorded on the natural disaster under investigation 

_cons: Constant 

Source: the author. 

Figure 4.8.1.1 presents the results obtained with the Multiple Regression Analysis (MRA) 

carried out through Generalised Least Squares (GLS) for Denmark for the ten natural disasters 

under investigation.  

The P > z values obtained in figure 4.8.1.1 highlight the fact that no single independent 

variable among those under investigation is able to account for disbursements of emergency 

humanitarian assistance on behalf of the Danish government. That is clearly the case in that 

the independent variable with the best result (the number of fatalities recorded) still records a 

staggering P > z value of 0.136: far from being in any way significant. Therefore, in the case 

of Denmark, the data obtained through the multiple regression analysis suggests that no single 

independent variable among those investigated can adequately predict Danish disbursements 

of humanitarian assistance to disaster-stricken countries. Having said that, the multiple 

regression analysis can still be analysed for eventual issues of multicollinearity by computing 

for the tolerance value by regressing one of the explanatory variables on all other explanatory 

variables. The results obtained show that no multicollinearity is recorded (no VIF in excess of 

20 and no 1/VIF below .05). 

In light of the results obtained in the multiple regression analysis presented above, three final 

considerations can be made for the Danish case study. To begin with, none of the variables 

that had been selected to investigate either the hypothesis according to which the magnitude 

of a natural disaster or the one according to which the country’s domestic politics might 

influence the provision of emergency humanitarian assistance to countries struck by a sudden 
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natural disaster seem able to predict variation in the dependent variable. Therefore, both these 

two research hypotheses can be discarded. Secondly, the fact that no independent variable 

successfully accounts for variation in the levels of disbursement suggests that the modus 

operandi of the Danish humanitarian agency might significantly differ from the one of the 

other donor countries under investigation and that a more thorough analysis of the Danish 

humanitarian system might provide interesting insights as to which additional variables could 

be investigated so as to account for variation in the levels of disbursements. Finally, the fact 

that the results obtained are coupled with Denmark’s stellar performance in the field of 

humanitarian assistance vis-à-vis the other donor countries under investigation, suggests that 

the Danish humanitarian system might simply be working on a “level of sophistication” that 

goes beyond the one of the other donor countries taken into account by this research study.  

Figure 4.8.1.2. Comparison of the observed and the predicted values of the disbursements 

 

Source: the author. 

Figure 4.8.1.2 presents the logarithm of the disbursement value and its estimated values for 

the twenty-one days following the onset of each one of the ten natural disasters analysed 

throughout the 1st of January 2000 to 31st of December 2008 period.  

The graph provided confirms what has already been highlighted by the multiple regression 

analysis: with no identified significant independent variables, the mathematical model does 

not manage to meaningfully predict Danish disbursements of humanitarian assistance. In this 

respect and as it is the case with Italy, Denmark presents an empirical puzzle in that none of 

the independent variables under investigation seem to be able to adequately predict eventual 
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disbursements of emergency humanitarian assistance. Indeed, the reduced model employing 

only the most significant independent variable spresented above can successfully predict only 

those disbursemnts that took place on the occasion of the South-East Asian tsunami of the 26th 

of December 2004. 

Figure 4.8.1.3. Disbursements for the 21 days following each natural disaster 

 

Source: the author on elaborations from the Financial Tracking Service (FTS) of the United 

Nations’ Office for the Coordination of Humanitarian Affairs (UN OCHA).  

Figure 4.8.1.3 illustrates the amount of emergency humanitarian assistance disbursed by the 

Danish government to the victims of the ten natural disasters under investigation for the 1st of 

January 2000 to the 31st of December 2008 period of analysis as recorded through OCHA’s 

Financial tracking System (FTS).  

The largest disbursements provided by the Danish government took place on the occasion of 

the South East Asian tsunami of the 26th of December 2004. Indeed, on this occasion the 

Danish government made five separate disbursements. Two relatively minor disbursements to 

the tune of US$ 25,000 and US$ 149,649 took place immediately after the onset of the 

catastrophe on absolute days 43 and 44 respectively. These two initial disbursements were 

then followed by three much larger disbursements well into the second and third week 

following the onset of the tsunami. These three donations were to the tune of US$ 3,516,540, 

US$ 4,562,044 and US$ 5,485,095 respectively. These five disbursements amounted to a total 

of US$ 13,738,328 and made the December 2004 tsunami by far the natural disaster that 
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received the most financial assistance from the Danish government among all the natural 

disasters under investigation.  

Among all the catastrophes under investigation, Cyclone Nargis that made its landfall on the 

coasts of Myanmar on the 2nd of May 2008 is the natural disaster whose victims have received 

the second largest amount of financial assistance from the Danish government. On this 

occasion, the Danish government disbursed US$ 5,323,623 but made sure to do so only at the 

very end of the third week following the onset of the crises. Indeed, as it has been the case 

with other donor countries, the fact that humanitarian assistance was provided so late into the 

emergency might be re-conduced to the complicated political and diplomatic conditions 

surrounding the emergency due to the conduct of the ruling Burmese military junta.  

The victims of a natural disaster to have received the third largest amount of emergency 

financial assistance from the Danish government are those of the Gujarat earthquake of the 

26th of January 2001. On this occasion, the Danish government disbursed US$ 2,569,499. A 

distant fourth and fifth, two more natural disasters recorded the disbursement of emergency 

financial assistance from the Danish government as recorded through OCHA’s Financial 

Tracking System (FTS).  

The victims of the Pakistani earthquake that struck Kashmir on the 8th of October 2005 

received a small disbursement of US$ 83,622 followed by a much more significant one of 

US$ 1,293,463 while the victims of hurricane Stan in Central America in October 2005 

received US$ 470,970 in emergency financial assistance. The victims of the Bangladesh 

floods of June 2004, the Indian floods of July 2005, the Java earthquake of May 2006, 

cyclone Sidr in November 2007 and the Sichuan earthquake of May 2008 did not receive any 

emergency financial assistance from the Danish government as recorded by the United 

Nations Office for the Coordination of Humanitarian Affairs’ Financial Tracking System. 
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Figure 4.8.1.4. Fatalities and disbursements for the 21 days following a disaster (US$) 

 

Source: Elaborations of the author on data provided by the International Emergency Events 

Database (EM-DAT) of the Centre for the Research on the Epidemiology of Disasters 

(CRED) at the Catholic University of Louvain and the Financial Tracking Service (FTS) of 

the United Nations’ Office for the Coordination of Humanitarian Affairs (OCHA). 

Figure 4.8.1.4 illustrates the relationship between the recorded fatalities and the 

disbursements provided by the Danish government for each one of the ten natural catastrophes 

under investigation.  

A number of dynamics can be observed by looking at the graph. Firstly, significant 

disbursements of emergency financial assistance do not necessarily take place immediately 

after the onset of a catastrophe but might rather come about well into the second or the third 

week following the onset of an emergency. This can be clearly observed on the occasion of 

the South East Asian tsunami of the 26th of December 2004, hurricane Stan in October 2005 

and cyclone Nargis in May 2008. Secondly, on those occasions when emergency financial 

disbursements do take place immediately following the onset of a natural disaster, these 

disbursements tend to be extremely limited and, eventually, followed by much more 

significant disbursements at a later stage. Indeed, this pattern can be observed for the 

December 2004 tsunami as well as for the earthquake that struck Pakistani-controlled 

Kashmir on the 8th of October 2005. Thirdly, five out of the ten natural disasters under 

investigation recorded a situation whereby the victims of a humanitarian emergency have 

received no assistance whatsoever from the Danish government. This was the case for the 
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victims of the floods that struck Bangladesh in June 2004, those of the floods that affected the 

Mumbai region in July 2005, those of the Java earthquake of the 27th of May 2006, the 

Bangladeshi victims of cyclone Sidr in November 2007 and those of the Sichuan earthquake 

of the 12th of May 2008. Finally, it is worth observing that the amount of emergency financial 

assistance provided by the Danish government on the occasion of each natural disaster is 

clearly not depending only upon the total number of fatalities recorded.  

4.8.2. Data analysis for the “humanitarian mechanism” hypothesis  

While the previous chapter quantitatively dealt with the first two hypotheses under 

investigation, this chapter investigates the “humanitarian mechanism” explanation by 

qualitatively exploring the four independent variables selected for it. 

1. Internationalisation 

The Danish humanitarian aid system is characterised by a tremendous degree of 

internationalisation. Indeed, Denmark is not only a proactive promoter and participant in a 

variety of multilateral initiatives. Additionally, Copenhagen is committed to develop its own 

national initiatives with the specific aim of strengthening the work of the international 

humanitarian community. 

To begin with, Denmark is a member of the OECD’s Development Assistance Committee 

(DAC) since 1963: Copenhagen has therefore been part of international efforts to alleviate 

poverty around the world from their very onset. Secondly, the country is also a signatory to 

the International Aid Transparency Initiative (IATI) launched by Sweden and the United 

Kingdom in 2003. Thirdly, Denmark has signed up to and has been a staunch supporter of the 

2005 Paris Declaration On Aid Effectiveness. Fourthly, the Nordic country has been 

continuously promoting the aims of the 2008 Accra Agenda for Action (AAA). Fifthly, in 

2007 Denmark’s was a co-chair of the Good Humanitarian Donorship Group (GHD). Finally, 

the latest assessment carried out by Development Assistance Research Associates (DARA) 

through the 2010 Humanitarian Assessment Index ranked Denmark first worldwide in terms 

of the quality of the humanitarian aid provided to less economically developed countries 

(DARA 2010).  

Aside from what has been mentioned above, Denmark’s development and humanitarian aid 

policies were last subjected to intense scrutiny through peer review by the OECD’s 

Development Assistance Committee in 2007 (DAC 2007) and are due to be newly assessed in 
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light of the recently published development and humanitarian aid strategies for the 2011 to 

2015 period (DANIDA 2010a; DANIDA 2010b). Within this context and on top of its 

participation in a variety of multilateral initiatives, Copenhagen is committed to take 

individual action to independently strengthen the international humanitarian community. 

Indeed, a peculiarity of the Danish humanitarian aid system rests with the International 

Humanitarian Service (IHB). This is a roster comprising up to 800 highly skilled and 

specialised professionals that can be made available and deployed at short notice for CFSP or 

humanitarian aid missions worldwide as result of the strategic decisions carried out by the 

Humanitarian Contact Group and formalised by the Danish Foreign Ministry (GHK 2010). 

For all the reasons mentioned above, Denmark can certainly be seen as a particularly active 

and committed member of the international humanitarian community. 

2. Financial commitment 

The degree of financial commitment displayed by Denmark to the provision of both 

humanitarian and development assistance is extraordinary by all accounts. Indeed, a number 

of observations contribute to highlight Copenhagen’s leading position in Europe and beyond 

in terms of financial resources dedicated to aid economically less developed countries. 

To begin with, an investigation of the relative amount of financial resources that Denmark 

dedicates to the provision of Overseas Development Assistance (ODA) reveals Copenhagen’s 

dedication to development aid policies. This commitment immediately becomes apparent by 

looking at the average percentage of Gross National Income (GNI) that Denmark dedicates to 

the provision of ODA for the period under investigation against the other six donor countries 

analysed in this dissertation. Indeed, while the average percentage of GNI dedicated by all 

donor countries under investigation in the period from the 1st of January 2000 to the 31st of 

December 2008 is equal to 0.46% of their GNIs, the percentage that Denmark dedicated to the 

provision of ODA within the same period was a staggering 0.88% (UNData 2011). While 

confined to the disbursement of long-term Overseas Development Assistance (ODA), this 

finding is also in line with the outstanding performance recorded by Denmark in terms of its 

provision of emergency humanitarian assistance to disaster-stricken countries as previously 

highlighted by this dissertation.  

From a more historical perspective, two distinct phases can be observed in Denmark’s 

budgetary commitments. On the one hand, throughout the 1995 to 2004 period Danish 

humanitarian aid remained relatively constant hovering between a low of US$ 157.2 million 
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in 2002 and a high of US$ 217.7 million in 1996. On the other hand, from 2005 onwards 

Danish humanitarian assistance increased substantially to a new peak of US$ 316.3 million 

(in 2005 itself) and it then stabilised around this new threshold with expenditures of US$ 

306.1 in 2006, US$ 274.7 million in 2007 and US$ 295.4 million in 2008 respectively (GHA 

2011). A word of caution is however in order at this stage. If between 2005 and 2008 Danish 

humanitarian aid increased substantially compared to previous years, not the same can be said 

of total Danish Overseas Development Assistance (development and humanitarian aid 

combined). Indeed, while between 1995 and 2001 the total amount of Overseas Development 

Assistance (ODA) provided by Denmark recorded a gradual but continuous increase reaching 

a total of US$ 3.1 billion in 2001, the following years saw a substantial drop in Denmark’s 

commitment. In fact, between 2003 and 2008, Danish humanitarian and development 

assistance combined (i.e. understood as a combination of both long-term development aid 

commitments and short-term humanitarian assistance) stabilised between a low of US$ 2.5 

billion in 2003 and a high of US$ 2.7 billion in 2008 (GHA 2011). The amount of financial 

resources dedicated by Denmark to both humanitarian and development aid policy between 

2002 and 2008 is therefore significantly more limited than what it had been in the years 

between 1995 and 2001 but nevertheless still exceptional compared with the resources 

allocated by the other donor countries under investigation. 

3. Operational independence 

The provision of humanitarian assistance on behalf of the Danish government to disaster-

stricken countries is likely to be remarkably free of undue political interference. An 

investigation of DANIDA’s management structure, of its humanitarian five-year strategic 

plan, of the recipients of Danish humanitarian assistance and of the channels chosen to deliver 

it, all suggest the existence of a state of affairs whereby the Danish Department for 

Humanitarian Assistance and NGO Co-Operation can enjoy substantial operational 

independence in its policy-making. 

To begin with, the Danish International Development Agency (DANIDA) has found a 

creative way to ensure a clear separation of responsibility between its political leadership and 

its operational management. Christian Fiis Bach is the political head of both the Danish 

International Development Agency (DANIDA) and the Department for Humanitarian 

Assistance and NGO Co-Operation. Like DANIDA, the Department for Humanitarian 

Assistance and NGO Co-Operation is an agency located within the Danish Foreign Ministry 

and headquartered in Copenhagen. The department’s operational management is, however, 
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characterised by a high degree of decentralisation whereby the bulk of decision-making is 

largely delegated to humanitarian advisors in Kabul, Addis Ababa and Nairobi. Such an 

administrative set up ensures that, while political responsibility for the delivery and the 

quality of Danish humanitarian assistance is centralised in Copenhagen, policy decisions and 

operational control are delegated to professionals on the field.  

Secondly and from a strategic policy-making point of view, the fact that Danish humanitarian 

policy is developed according to a five-year strategic plan contributes to ensure that the 

provision of Danish humanitarian assistance is less likely to be hijacked by foreign policy 

considerations that might suddenly arise within the country’s foreign ministry. The current 

strategy for development cooperation runs from 2011 to 2015 and it focuses specifically on 

the world’s forty-three most fragile states (DANIDA 2010a; Ministry of Foreign Affairs of 

Denmark 2010). As part of this strategy, Denmark is to focus all its humanitarian assistance 

on the world’s forty-three most fragile states and on seven other countries that have recently 

experienced exceptional socio-political and economic upheaval: Afghanistan, Ethiopia, Iraq, 

Myanmar, the Occupied Palestinian Territories, Somalia and Sudan. Also from 2011 year 

onward, 20% of the country’s annual humanitarian budget is specifically set aside for 

unforeseen humanitarian catastrophes, thus highlighting a renewed focus on humanitarian 

assistance and the management of sudden emergencies (Ministry of Foreign Affairs of 

Denmark 2010). The fact that a significant proportion of Danish humanitarian assistance is 

already set to be concentrated on some of the world’s most fragile states is a good indicator of 

the fact that the recipients of Copenhagen’s humanitarian aid are most likely to be selected 

according to humanitarian criteria rather than geostrategic ones. 

Thirdly and in terms of the main recipients of Danish humanitarian assistance, the last year of 

analysis of this dissertation well illustrates long-term and well-established trends that 

characterise the destination of Danish humanitarian aid flows. In 2008, the top six recipients 

of Danish humanitarian aid were Palestine with US$ 30.5 million (11.7% of the yearly total), 

Sudan with US$ 28.8 million (11% of the total), Somalia with US$ 19.1 million (7.3%), Iraq 

with US$ 18.1 million (6.9%), Myanmar with US$ 15.6 million (6%) and Afghanistan with 

US$ 14.4 million (5.5% of the total). Interestingly, throughout the last 5 years of analysis 

(2004 to 2008 included), the Occupied Palestinian Territories (OPT) were always either the 

top or the second largest recipient of Danish humanitarian aid thanks to significant funding 

channelled through UNRWA (GHA 2011). 
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Finally, when looking at the channels that are most likely to be used for the provision of 

humanitarian aid, Copenhagen’s overwhelming preference for using multilateral channels 

over bilateral ones highlights once more highlights Denmark’s non-partisan use of its 

humanitarian assistance. Denmark allocates an overwhelming proportion of its humanitarian 

financing through multilateral channels and NGOs, therefore limiting the extent through 

which its own humanitarian assistance could be used as a ‘foreign policy lubricant’. Indeed, in 

2008 alone, Denmark has spent 63% of its humanitarian aid through multilateral channels 

(including the European Commission) and 24% of its humanitarian budget through NGOs 

(GHA 2011). These data exemplify a pattern that has become well established over the years 

and that it consistently sees multilateral organisations and NGOs accounting for well over 

80% of the country’s channelled expenditures. Indeed, such pattern can once more be 

exemplified by a quick look at our last year of analysis (2008) for what concerns the top-ten 

first-level recipients of Denmark’s humanitarian aid. In 2008, these were UNHCR with US$ 

53.1 million, WFP with US$ 46.1 million, the European Commission with US$ 41.3 million, 

the Danish Refugee Council with US$ 20.4 million, the Danish Red Cross with US$ 15 

million, UNRWA with US$ 14.5 million, UNICEF with US$ 12.8 million, Danish Churchaid 

with US$ 10 million, Save the Children Denmark with US$ 6.4 million and, finally, the ICRC 

with US$ 6.2 million.  

4. Administrative capacity 

The administrative capacity displayed by both DANIDA and its Department for Humanitarian 

Assistance and NGO Co-Operation is enhanced by a number of particular arrangements. 

These include the position of the department for humanitarian aid within DANIDA’s 

overarching administrative set up, DANIDA’s tremendously decentralised structure, its 

cooperation with other Danish humanitarian actors and the human and financial resources 

provided to DANIDA’s country offices. 

To begin with, the fact that the Danish International Development Agency (DANIDA) is 

provided with a specialised department solely dedicated to the provision of humanitarian 

assistance contributes to enhance the quality of the Danish humanitarian response to sudden 

emergencies. The Department for Humanitarian Assistance and NGO Co-Operation operates 

under the direct supervision of the Head for Multilateral Affairs. She or he is also one of two 

Under Secretaries that, together with the State Secretary, are charged with the running of the 

so-called South Group: the ensemble of ministries, agencies and departments within the 

Danish government that directly or indirectly work in the field of development and 
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humanitarian aid policies with economically less developed countries. The fact that a member 

of the South Group’s “triumvirate” also happens to be directly responsible for the work 

carried out by the Department for Humanitarian Assistance and NGO Co-Operation, 

inevitably enhances the profile of the department itself vis-à-vis other departments within 

DANIDA. 

Secondly, in the case of Denmark, the decentralisation of decision-making procedures in the 

field of humanitarian assistance has not translated into fragmentation of DANIDA’s 

operational capacity. While ultimate political responsibility for the strategic oversight of both 

development and humanitarian assistance lays with the Ministry of Foreign Affairs in 

Copenhagen, responsibility for designing and delivering aid programmes rests with country 

offices. The advantages provided by this set up are numerous: faster response to humanitarian 

emergencies, greater flexibility to adapt to the specific needs of partner countries and 

enhanced cooperation with other donors in the field being some of them (DAC 2007). As 

result of what mentioned above, the highly decentralised decision-making structure upon 

which humanitarian policy is developed has not resulted into operational fragmentation but, 

rather, into the organisation’s enhanced administrative capacity.  

Thirdly, the Danish government has successfully managed to institutionalise and enhance a 

structured dialogue with all relevant stakeholders of the Danish humanitarian aid system.  

Established in 1995 under the aegis of the Danish Foreign Ministry, the Humanitarian Contact 

Group is a Copenhagen-based network that brings together humanitarian aid practitioners, 

NGOs and ministry officials. The twenty-four bodies belonging to it meet in order to 

collectively discuss and coordinate both long-term humanitarian strategies as well as the 

handling of sudden onset emergencies (DANIDA 2011). The Humanitarian Contact Group 

therefore can now complement the broader Council of International Development 

Cooperation that was originally established already in 1971 and contribute to streamline and 

improve the administrative practices of both DANIDA and its partners. 

Last but not least, the fact that individual country offices bear individual responsibility for the 

design and the implementation of aid programmes has encouraged DANIDA to endow these 

with substantial human and financial resources. On the one hand and from a human resources 

point of view, the vast majority of staff employed by DANIDA works on the field rather than 

in Copenhagen. Indeed, out of a total of 1087 people employed by the Danish government in 

the field of development and humanitarian aid policy, 295 individuals are based in 

Copenhagen while a staggering 792 staff is based in non-OECD countries. On the other hand 
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and from a financial point of view, what is striking about the Danish humanitarian aid system 

is not only the relative amount of financial resources upon which it can count but, rather, the 

discretionary use that country offices can make of these. Indeed, while for most of the years 

under investigation the total amount of humanitarian assistance made available by Denmark 

hovered around US$ 280,000,000 (GHA 2011), it is impressive to observe that, within the 

Danish humanitarian aid system, each country office is allowed to independently authorise the 

disbursement of financial assistance up to the staggering amount of US$ 880,000 (DAC 

2007).  

4.8.3. Summary of the major findings for Denmark 

Like Italy and unlike all other case studies under investigation, the multiple regression 

analysis carried out for Denmark suggests that no single independent variable under 

investigation accounts for variation in the dependent variable. However, having said that, the 

similarities between Italy and Denmark are limited to this consideration. Indeed, while Italy 

scores bottom of the list in almost all indicators investigated throughout this study, Denmark 

stands out among all case studies under investigation as the undisputed champion in the 

provision of emergency humanitarian assistance to countries struck by a sudden natural 

disaster.  

When exploring the extent to which the magnitude of a natural disaster might influence the 

disbursement of emergency humanitarian assistance on behalf of the Danish government, 

none of the four independent variables selected for this purpose (the number of fatalities 

reported, the number of people affected, the estimated damages recorded and the number of 

days that have elapsed since the onset of a natural disaster) seem to be able to account for 

variation in the dependent variable. A state of affairs, this one, that is encountered also when 

exploring the four independent variables chosen to analyse the hypothesis according to which 

the domestic politics of a donor country might affect the extent to which a donor government 

might be ready to provide emergency humanitarian assistance to countries struck by a sudden 

natural disaster (the media coverage on a selected natural disaster, the donor country’s GDP, 

whether or not the donor country finds itself in the midst of an electoral period and whether or 

not it is led by a centre-left government). 

While the results obtained through the quantitative analysis are rather disappointing in that 

they do not manage to highlight any significant correlations between any of the eight selected 

independent variables and variation in the levels of disbursement of humanitarian assistance, 
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the qualitative analysis carried out to investigate the hypothesis according to which the modus 

operandi of a country’s humanitarian mechanism can impact the provision of humanitarian 

assistance can at least reveal the outstanding performance of the Danish humanitarian agency 

vis-à-vis all its European partners under investigation. Indeed, for all four independent 

variables under investigation (the extent of the humanitarian agency’s “internationalisation”, 

the degree of freedom that this can enjoy from undue political pressure, the quality of its 

administrative capacity as well as the country’s overall commitment to the provision of 

overseas development assistance), Denmark performs significantly better than all the other 

donor countries under investigation. 

Possibly exactly because of the stellar performance of its humanitarian agency, the 

independent variables that have successfully predicted variation in disbursements of 

humanitarian assistance in all other donor countries (bar Italy) seem to have failed to highlight 

meaningful correlations in the Danish case. Indeed, any further research into causal 

mechanisms accounting for the provision of humanitarian assistance on behalf of the Danish 

government might wish to explore DANIDA’s modus operandi in greater detail as a means to 

understand the forces determining Denmark’s policy-making in the field of humanitarian 

assistance.  
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5. Conclusion 

The aim of this dissertation was to investigate which factors were most likely to affect the 

provision of emergency humanitarian assistance on behalf of European governments to 

countries that have been struck by a sudden natural disaster. In light of this objective, the 

added value of this dissertation was threefold. To begin with, this dissertation contributed to 

fill a gap in the literature by exploring the determinants of humanitarian aid as opposed to the 

already well-investigated determinants of more long-term development assistance. Secondly, 

this research provided a useful comparative framework to analyse national policy-making in 

the field of humanitarian assistance across different European countries. Finally, the work 

carried out offered some interesting insights for all those socio-political actors that conceive 

of themselves as key stakeholders of the European humanitarian mechanism and wish to 

influence its modus operandi. Within this dissertation, three alternative explanations have 

been investigated in order to account for the extent to which European governments might be 

ready to provide emergency humanitarian assistance to countries struck by a humanitarian 

catastrophe. A first hypothesis revolved around the understanding that domestic politics is the 

key factor affecting a donor country’s willingness to disburse emergency financial assistance. 

A second hypothesis identified the magnitude of a natural disaster as the fundamental 

determinant of a European government’s response to the sudden onset of a humanitarian 

emergency. Finally, a third hypothesis concentrated on a donor country’s humanitarian 

mechanism as the principal factor influencing its government’s readiness to provide 

emergency humanitarian aid to disaster-stricken countries. While the scope of the dissertation 

was limited to sudden natural disasters and to the provision of humanitarian assistance on 

behalf of selected European donors, a number of interesting empirical results have 

nonetheless emerged. 

5.1. Summary of the main findings 

This first part of the conclusion highlights the main empirical findings for each one of the 

three hypotheses under investigation by presenting the results obtained for the four 

independent variables employed to analyse them. This part of the conclusion therefore 

presents both the main quantitative and the key qualitative findings of the dissertation 

according to the three research hypotheses under investigation. To begin with, the results for 

the “disaster’s magnitude” hypothesis are presented. As a next step, the empirical findings for 

the “humanitarian mechanism” hypothesis are given. Finally, this chapter highlights the 

evidence that emerged in relation to the “domestic politics” hypothesis. 
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5.1.1. Empirical findings for the “disaster’s magnitude” hypothesis 

The magnitude of a sudden natural disaster seems to be a key explanatory factor in 

determining the extent to which donor countries are prepared to provide emergency 

humanitarian assistance to a disaster-stricken country. Four independent variables were 

selected to test the hypothesis according to which the magnitude of a natural disaster is key in 

determining the extent to which donor governments might be prepared to provide emergency 

humanitarian assistance to countries struck by a sudden natural disaster. These were the 

number of fatalities recorded, the number of individuals affected by the humanitarian 

emergency, the estimated damages caused by the natural disaster and the number of days that 

have elapsed since the onset of a natural disaster. 

Among the four independent variables investigated to determine the magnitude of a natural 

disaster, the number of fatalities recorded stands out as the most significant one. Both the 

Multiple Regression Analysis (MRA) that was run for all donor countries combined as well as 

the individual regressions carried out for each one of the seven donor countries under 

investigation provided important results in this respect. Indeed, the number of recorded 

fatalities seems to have a significant degree of influence on the disbursement of emergency 

financial assistance for all countries combined as well as for disbursements of humanitarian 

assistance from the United Kingdom, the Netherlands, Germany and France.  

Still highly significant, the number of days that have elapsed since the onset of a natural 

disaster is a second independent variable that also seems to have an impact on the emergency 

financial assistance provided by the donor countries under investigation. Indeed, the multiple 

regressions run for all countries combined as well as the ones carried out for Spain and 

Germany highlight the significance of this independent variable whereby, as the number of 

days that have elapsed since the onset of a natural disaster increases, the amount of 

emergency humanitarian assistance provided decreases.  

Third among the four independent variables investigated to test the “disaster’s magnitude” 

hypothesis, the estimated damage caused by a natural catastrophe does not seem to be, 

according to the multiple regression analysis carried out for all donor countries combined, a 

significant independent variable for all countries combined. This variable seems, however, to 

be a significant one in the case of humanitarian assistance provided by the French government 

whereby greater estimated damages correlate with an increase in the amount of assistance 

provided. 
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Finally, the number of people affected by a natural disaster (i.e. those individuals that have 

survived the catastrophe but have been injured, have been displaced or have lost their 

livelihoods) does not seem to be a significant independent variable for all countries combined. 

Similarly, when the multiple regression analyses were carried out for each infividual donor 

country, in no instance did this variable seem to influence the dependent variable. 

As result of what has been mentioned above, it can be claimed that the magnitude of a natural 

disaster is the single most significant factor accounting for variation in disbursements of 

emergency humanitarian assistance on behalf of donor governments to those countries that 

have been struck by a sudden natural disaster. More specifically, the number of fatalities 

recorded and, to a more limited extent, the number of days that have elapsed since the onset of 

a natural disaster, are the two key factors most likely to influence the decision on behalf of 

donor countries to disburse emergency humanitarian assistance. 

5.1.2. Empirical findings for the “humanitarian mechanism” hypothesis 

The humanitarian mechanism of a donor country also seems to play a key role in determining 

the extent of emergency humanitarian assistance that donor governments are ready to offer to 

countries that have been struck by a sudden natural disaster. In order to investigate this 

hypothesis, a qualitative analysis of four selected independent variables was carried out. 

These were the extent to which the donor country in question was committed to work with its 

partners of the international humanitarian community, the financial commitment displayed by 

the donor country in question to the overall provision of Overseas Development Assistance 

(ODA) to developing countries, the administrative capacity enjoyed by the donor country’s 

humanitarian agency and, finally, the extent to which this can enjoy freedom from undue 

political interference from its national government.   

To begin with, a strong correlation seems to exist between the extent to which a donor 

country’s humanitarian mechanism is embedded within the international humanitarian 

community and the extent to which its government is ready to provide humanitarian 

assistance to countries affected by a humanitarian catastrophe. Indeed, the evidence suggests 

that countries that play a particularly active role within the international humanitarian 

community such as Denmark, the Netherlands and the United Kingdom, also provide the most 

significant amounts of emergency humanitarian assistance as a percentage of their Gross 

National Incomes (GNIs). Conversely, countries that have either only relatively recently 

joined the humanitarian stage such as Spain or that appear to be less engaged with it such as 
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Italy, also happen to have contributed least to the provision of humanitarian aid for the ten 

natural disasters under investigation in this dissertation.  

Secondly, there appears to be a strong correlation between the amount of humanitarian 

assistance that a country provided for the ten natural disasters under investigation and its 

broader financial commitment to support economically less developed countries. Evidence of 

such a state of affairs can be found in the fact that the two countries that provided the highest 

average percentage of their respective GNIs for the provision of long-term Overseas 

Development Assistance (ODA) throughout the whole period of analysis (Denmark and the 

Netherlands), were also the two top performers in terms of the average percentage of GNI 

dedicated to the provision of humanitarian assistance for the ten natural disasters under 

investigation. Conversely, Spain and Italy dedicated the lowest percentages of their GNIs to 

both the provision of humanitarian aid for the ten humanitarian catastrophes under 

investigation and for long-term development assistance within the period of analysis.  

Thirdly, the extent of humanitarian assistance provided following a humanitarian catastrophe 

seems also to strongly correlate to the degree of operational independence that a humanitarian 

agency can enjoy from undue political pressure. Once again, countries that provided the 

highest average percentages of their GNIs in humanitarian aid for the ten natural disasters 

under investigation (Denmark, the Netherlands and the United Kingdom) also seem to be the 

ones where policy-decisions are most likely to be taken according to humanitarian criteria 

rather than to geostrategic ones. In line with this finding, the evidence suggests that Italy and, 

to a more limited extent, Spain and France are countries where the national humanitarian 

agencies might be more likely to be the target of undue political pressure.  

Finally, there also appears to exist a strong correlation between the administrative capacity of 

a donor country’s humanitarian agency and the extent of its provision of humanitarian 

assistance following the onset of a natural disaster. Indeed and at the two extremes of an ideal 

spectrum, Denmark and Italy seem to display the best and the most deficient administrative 

structures respectively in terms of their countries’ humanitarian agencies. In line with this 

finding, the two countries mentioned above scored very good and very poor performances 

respectively in terms of their provision of humanitarian assistance to the countries affected by 

the ten natural disasters under investigation.  

To sum up, a qualitative analysis of the modus operandi of the seven donor countries under 

investigation seems to highlight a strong correlation between the quality of a donor country’s 
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humanitarian mechanism and the extent to which its humanitarian agency will be ready to 

disburse emergency humanitarian assistance to countries struck by a sudden natural disaster. 

Indeed, those donor countries, such as the Netherlands and Denmark, that display the best 

performances in terms of their engagement with the international humanitarian community, 

that can enjoy the most freedom from undue political pressure from their governments, that 

can rely on the most sophisticated administrative capacities and that can operate within 

countries that dedicate the most substantial budgets as a percentage of their GDPs to the 

provision of long-term overseas development assistance, tend to also be the best performers in 

terms of the provision of emergency humanitarian assistance to countries struck by a sudden 

natural disaster.  

5.1.3. Empirical findings for the “domestic politics” hypothesis 

Unlike as it has been the case in the two previous hypotheses, the evidence does not support 

the hypothesis that domestic politics play a significant role in influencing the provision of 

emergency assistance on behalf of donor governments to countries that have been struck by a 

sudden natural disaster. In order to come to this conclusion and to operationalize the research 

hypothesis that is now to be discarded, four independent variables had been investigated. 

These pertained to the presence or not in the government of the donor country of a centre-left 

coalition, to whether or not the donor country in question was finding itself in the midst of an 

electoral period when a sudden natural disaster took place, to the country’s gross domestic 

product and to the extent to which the donor country’s national media covered the natural 

disasters under investigation.  

To begin with, the size of a donor country’s economy seems at first sight to influence the 

amount of emergency financial assistance that the respective government is ready to provide 

to the victims of a sudden natural disaster. However, such a result can be disputed on three 

grounds. First of all, the fact that the coefficient recorded for this independent variable for all 

countries combined is negative invites some caution and should ideally be investigated as part 

of a further research agenda: it indeed seems unlikely that, as a country’s Gross Domestic 

Product (GDP) increases, the country’s provision of humanitarian assistance should decrease. 

Secondly, the fact that the standard error for a donor country’s gross domestic product is 

consistently high across various regressions should invite great caution when assessing the 

reliability of the variable’s output. Finally and when computing for the tolerance value of the 

multiple regression analysis carried out for all donor countries under investigation combined, 

the independent variable represented by a country’s GDP is characterised by a significant 
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degree of multicollinearity with other independent variables. Because of the reasons 

mentioned above, the claim that increases in a country’s GDP influence the country’s 

disbursement of humanitarian assistance shall be regarded with the outmost suspicion, cannot 

be taken at face value and should be the subject of eventual further research. 

Secondly, the degree of attention dedicated by the media to a natural disaster is not a 

significant variable. Indeed, media attention seems to influence the eventual disbursement of 

humanitarian assistance only in the specific case study represented by the Netherlands. Such a 

finding must, however, not be taken at face value for two fundamental reasons. On the one 

hand, the number of disbursements of humanitarian assistance provided by the Dutch 

government for the ten natural disasters under investigation is, unlike in the case of other 

donor countries, absolutely minimal: a state of affairs that is likely to negative impact upon 

the quality of the multiple regression analysis carried out for the country. On the other hand 

and as it has been highlighted through various graphs and bivariate analysis, the evidence 

provided for both the specific case studies as well as for all countries combined suggests that 

increases in issue salience follow the number of fatalities recorded rather than anticipating 

disbursements of humanitarian assistance. The fact that media coverage is not a significant 

independent variable in terms of its influence on the dependent variable for any of the other 

countries under investigation also suggests great caution when claiming that media coverage 

might influence disbursements. 

Thirdly, the political orientation of the party in government does not seem to be a significant 

independent variable in terms of its influence on the dependent variable. Indeed, the multiple 

regression analysis carried out for all countries combined as well as the ones carried out 

individually for each donor country under investigation do not identify the political 

orientation of a government’s ruling coalition as a factor that influences the provision of 

humanitarian aid. A result, this one, that seems to discredit the idea that left-leaning political 

parties in government, should be, due to their ideological roots, more prepared than 

conservative governments to engage with economically less developed countries. 

Finally, whether or not a donor country finds itself in an electoral period immediately 

antecedent to a national election does not seem to be significant either. Indeed, no multiple 

regression analysis carried out either for all donor countries combined or for an individual 

donor highlights such a correlation. Whether or not a donor country might be in the midst of 

an electoral period seems therefore not to have an impact on the potential disbursement of 

humanitarian assistance. 
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As result of what has been described above, it is safe to claim that domestic politics are not a 

key factor accounting for changes in the extent to which European donor countries are ready 

to provide emergency humanitarian assistance to third countries struck by a sudden natural 

disaster. Indeed, none of the four independent variables that had been selected to explore 

whether or not internal political dynamics could affect humanitarian aid disbursements could 

convincingly succeed in accounting for variation in the dependent variable. 

5.2. Areas identified for further research 

After having presented the key results obtained for the three hypotheses under investigation, 

the second part of this last chapter concludes the dissertation with a number of observations 

on issues that have been identified as potential areas for further research. These concentrate 

on the empirical puzzle presented by Denmark and Italy and, more generally, on the 

opportunity to explore the socio-cultural dimension of the donor countries under investigation 

in order to gain a better insight on those variables that might play a key role in influencing the 

provision of humanitarian assistance. 

To begin with, the results obtained for Denmark present an empirical puzzle that deserves to 

be further explored. While in absolute terms the United Kingdom was the single largest 

provider of humanitarian assistance to the various countries affected by the ten natural 

disasters under investigation, in relative terms Denmark was by far the most generous donor 

country. Indeed, while having the smallest economy among the seven donor countries under 

investigation, in absolute terms Denmark came in sixth position in terms of the total amount 

of emergency financial assistance provided for the ten natural disasters under investigation. In 

this respect, Denmark performed behind the United Kingdom, Germany and France but well 

ahead of a country with a significantly larger economy such as Spain. Indeed, dedicating 

0.0020% of its GNI to the provision of humanitarian assistance for the ten natural disasters 

under investigation, in absolute terms Denmark comes just short of providing more 

emergency financial assistance than either the Netherlands or Italy: two countries that, 

according to their economic sizes, should easily outdo many times over Denmark in terms of 

total humanitarian assistance provided. While being the top performer in terms of 

humanitarian assistance provided among the seven donor countries under investigation, 

Denmark also presents an empirical puzzle in that none of the independent variables 

quantitatively explored through the multiple regression analysis for either the “disaster’s 

magnitude” hypothesis or for the “domestic politics” hypothesis seem to be able to account 

for variation in the dependent variable. While the qualitative analysis carried out for the 
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independent variables selected for the “humanitarian mechanism” hypothesis provides some 

insights into Denmark’s performance, a more thorough investigation of the country’s socio-

political dimension would therefore be needed in order to better grasp the reasons for the 

country’s stellar performance.  

Unlike Denmark, Italy is a country that performs particularly poorly in terms of its provision 

of emergency humanitarian assistance to disaster-stricken countries. Like Denmark, however, 

Italy deserves special attention in that there seems to be no independent variable capable of 

accounting for variation in the dependent variable in relation to the “disaster’s magnitude” 

and the “domestic politics” hypotheses. While it might be entirely conceivable for the model 

selected for the Multiple Regression Analysis (MRA) to be inappropriate, the same model has 

been able to provide interesting insights for the other donor countries under investigation. 

While the institutional weaknesses discovered within the modus operandi of the Italian 

Directorate General for Development Cooperation (DGCS) by the qualitative analysis carried 

out for the “humanitarian mechanism” might partially account for Italy’s poor performance, 

further research on the country’s political and humanitarian contexts should be carried out in 

order to better understand the reasons for Italy’s results. Both in the case of a country such as 

Denmark that performs particularly well in terms of its provision of humanitarian assistance 

to disaster-stricken countries as well as in one such as Italy that records a particularly poor 

performance, the multiple regressions seemed unable to identify key independent variables 

responsible for variation in the dependent variable. Both these countries therefore present 

empirical puzzles that would be worth investigating through further research.  

Aside from Denmark and Italy, all donor countries under investigation can be clustered into 

three groups not only according to their performance in terms of humanitarian assistance 

provided, but also according to their broader socio-cultural characteristics. Within such an 

understanding, Denmark finds itself in a league of its own in terms of its provision of 

humanitarian assistance for the ten natural disasters under investigation. Interestingly, 

Denmark also happens to be a high-income, small, protestant, north-European country with a 

very limited colonial history and a very high ranking in the United Nations’ Human 

Development Index (HDI). In terms of their commitment to the provision of humanitarian 

assistance to disaster-stricken countries, the Netherlands, the United Kingdom, France and 

Germany make up a second cluster of countries. Aside from sharing more average 

performances on the dependent variable, these four countries display a somewhat lower 

average income per capita than Denmark, have large populations (at least for European 
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standards), have a mixed protestant and catholic background, generally display a lower HDI 

than Denmark and have substantial colonial histories. Last but not least, as the two donors that 

provided the least humanitarian assistance for the ten natural disasters under investigation, 

Italy and Spain make up a third cluster of countries characterized by a number of similarities. 

Indeed, both of these south European countries display a staunchly catholic background, 

extensive colonial histories, lower incomes per capita and HDIs than the other countries under 

investigation and medium-sized populations. While the presence of a causal mechanism 

between these characteristics and the dependent variable cannot at this stage be established, 

the presence of these common patterns nevertheless provides some interesting insights that 

could be further investigated when trying to explore the determinants of humanitarian 

assistance provision from a more socio-cultural perspective. 
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Appendices 

Appendix 1 

Appendix 1 refers to the data analysis carried out for all countries combined in section 4.1.1. 

It presents the command that has been computed in order to obtain the multiple regression 

analysis, the regression itself and, finally, the table obtained in order to check for 

multicollinearity by computing for the tolerance value. 

xtgls log_disburse dummy1 dummy2 dummy3 dummy4 dummy5 dummy6 gdpus 

catastropheday clgovernment election fatalities affected damage totarticles, i(catastropheday) 

 

 

 

 

                                                                              
       _cons      .082383   .0386203     2.13   0.033     .0066885    .1580775
 totarticles     .0004838   .0406089     0.01   0.990    -.0791082    .0800757
      damage     .0229692   .0233795     0.98   0.326    -.0228538    .0687921
    affected     -.030683   .0202764    -1.51   0.130    -.0704239     .009058
  fatalities     .1639531   .0228891     7.16   0.000     .1190913    .2088148
    election    -.0252116   .0344455    -0.73   0.464    -.0927236    .0423003
clgovernment      .009441   .0155398     0.61   0.543    -.0210165    .0398984
catastroph~y    -.0566921   .0176792    -3.21   0.001    -.0913426   -.0220416
       gdpus    -.4023916   .1389613    -2.90   0.004    -.6747507   -.1300325
      dummy6     .2593412   .0853094     3.04   0.002     .0921378    .4265447
      dummy5     .3401364   .1218558     2.79   0.005     .1013035    .5789693
      dummy4     .1155588   .0590191     1.96   0.050    -.0001166    .2312342
      dummy3     .0289606   .0294656     0.98   0.326     -.028791    .0867122
      dummy2       .21104   .0765753     2.76   0.006     .0609551    .3611249
      dummy1     .3140768   .0936561     3.35   0.001     .1305142    .4976394
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =  323.9367          Prob > chi2        =    0.0000
                                                Wald chi2(14)      =    170.81
Estimated coefficients     =        15          Time periods       =        70
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =      1470

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF       19.18
                                    
catastroph~y        1.01    0.986382
    affected        1.56    0.641416
      damage        1.73    0.576631
 totarticles        1.92    0.520005
  fatalities        2.10    0.477191
clgovernment        2.33    0.429428
    election        3.20    0.312759
      dummy3        4.15    0.241110
      dummy4       16.64    0.060098
      dummy2       28.01    0.035700
      dummy6       34.77    0.028764
      dummy1       41.90    0.023866
       gdpus       58.34    0.017141
      dummy5       70.93    0.014098
                                    
    Variable         VIF       1/VIF  
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Appendix 2 

Appendix 2 refers to the data analysis carried out for the United Kingdom in section 4.2.1.1. It 

presents the command that has been computed in order to obtain the multiple regression 

analysis, the regression itself and, finally, the table obtained in order to check for 

multicollinearity by computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

  

 

 

 

 

 

 

 

 

                                                                              
       _cons     .3711198   .2936078     1.26   0.206     -.204341    .9465806
 totarticles     .2004247     .15344     1.31   0.191    -.1003122    .5011616
      damage    -.0055367   .0832721    -0.07   0.947     -.168747    .1576737
    affected    -.0514753   .0717139    -0.72   0.473    -.1920319    .0890813
  fatalities     .2640017   .0922759     2.86   0.004     .0831441    .4448592
    election    (omitted)
clgovernment    (omitted)
catastroph~y    -.0648061   .0639139    -1.01   0.311     -.190075    .0604629
       gdpus    -.4319799   .4168515    -1.04   0.300    -1.248994    .3850341
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             = -19.30676          Prob > chi2        =    0.0000
                                                Wald chi2(6)       =     44.65
Estimated coefficients     =         7          Time periods       =        10
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        1.74
                                    
catastroph~y        1.01    0.986594
       gdpus        1.24    0.806447
    affected        1.49    0.670308
      damage        1.68    0.594195
 totarticles        2.39    0.417690
  fatalities        2.61    0.383824
                                    
    Variable         VIF       1/VIF  
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Appendix 3 

Appendix 3 refers to the data analysis carried out for Italy in section 4.3.1.1. It presents the 

command that has been computed in order to obtain the multiple regression analysis, the 

regression itself and, finally, the table obtained in order to check for multicollinearity by 

computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

 

 

 

 

 

 

 

 

 

                                                                              
       _cons     .3464358   .4831452     0.72   0.473    -.6005114    1.293383
 totarticles    -.2237557   .1187452    -1.88   0.060    -.4564921    .0089807
      damage     .0604978   .0731238     0.83   0.408    -.0828221    .2038178
    affected     -.093584   .0603402    -1.55   0.121    -.2118486    .0246806
  fatalities     .1001436   .0676789     1.48   0.139    -.0325046    .2327919
    election    -.0635151   .1493037    -0.43   0.671     -.356145    .2291147
clgovernment    -.0367229   .0441972    -0.83   0.406    -.1233478    .0499019
catastroph~y    -.0697585    .049968    -1.40   0.163    -.1676939    .0281769
       gdpus    -.3545099   .7536826    -0.47   0.638    -1.831701    1.122681
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =  41.15029          Prob > chi2        =    0.1602
                                                Wald chi2(8)       =     11.80
Estimated coefficients     =         9          Time periods       =        10
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        2.08
                                    
catastroph~y        1.10    0.907584
    election        1.84    0.543346
    affected        1.88    0.532364
 totarticles        2.13    0.470137
clgovernment        2.29    0.437205
      damage        2.31    0.433264
  fatalities        2.49    0.401184
       gdpus        2.57    0.389776
                                    
    Variable         VIF       1/VIF  
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Appendix 4 

Appendix 4 refers to the data analysis carried out for the Netherlands in section 4.4.1.1. It 

presents the command that has been computed in order to obtain the multiple regression 

analysis, the regression itself and, finally, the table obtained in order to check for 

multicollinearity by computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

 

 

 

 

 

 

 

 

 

                                                                              
       _cons     .5677191   .1755524     3.23   0.001     .2236426    .9117955
 totarticles    -.2434429   .0850843    -2.86   0.004    -.4102049   -.0766808
      damage     .0395538   .0449407     0.88   0.379    -.0485285     .127636
    affected    -.0439939   .0371657    -1.18   0.237    -.1168374    .0288495
  fatalities     .2021999   .0410059     4.93   0.000     .1218299    .2825699
    election    -.0086672   .0594983    -0.15   0.884    -.1252818    .1079474
clgovernment    -.0364942   .0385353    -0.95   0.344     -.112022    .0390336
catastroph~y    -.0185416   .0288814    -0.64   0.521    -.0751482    .0380649
       gdpus    -2.682016   .7744806    -3.46   0.001     -4.19997   -1.164062
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =  146.0986          Prob > chi2        =    0.0000
                                                Wald chi2(8)       =     44.24
Estimated coefficients     =         9          Time periods       =        10
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        2.00
                                    
catastroph~y        1.00    0.999891
    election        1.15    0.870623
clgovernment        1.93    0.518875
    affected        1.94    0.516483
      damage        2.37    0.422190
 totarticles        2.39    0.417573
  fatalities        2.49    0.402233
       gdpus        2.75    0.364218
                                    
    Variable         VIF       1/VIF  
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Appendix 5 

Appendix 5 refers to the data analysis carried out for Spain in section 4.5.1.1. It presents the 

command that has been computed in order to obtain the multiple regression analysis, the 

regression itself and, finally, the table obtained in order to check for multicollinearity by 

computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

  

 

 

 

 

 

 

 

 

                                                                              
       _cons     -.084326   .1398243    -0.60   0.546    -.3583766    .1897245
 totarticles     .0943309   .0831758     1.13   0.257    -.0686906    .2573525
      damage    -.0240081   .0549324    -0.44   0.662    -.1316736    .0836574
    affected     .0285093   .0477545     0.60   0.551    -.0650877    .1221063
  fatalities     .0451656   .0481201     0.94   0.348     -.049148    .1394792
    election     .0156899    .075313     0.21   0.835    -.1319209    .1633007
clgovernment    -.0864021   .0549532    -1.57   0.116    -.1941083    .0213042
catastroph~y    -.0875368    .036534    -2.40   0.017    -.1591421   -.0159315
       gdpus     .4619103    .346234     1.33   0.182    -.2166958    1.140516
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =  100.1759          Prob > chi2        =    0.0752
                                                Wald chi2(8)       =     14.26
Estimated coefficients     =         9          Time periods       =        10
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        2.07
                                    
catastroph~y        1.03    0.967695
    election        1.19    0.841478
    affected        2.06    0.484458
 totarticles        2.21    0.453012
  fatalities        2.21    0.452335
      damage        2.29    0.437597
clgovernment        2.53    0.395128
       gdpus        3.03    0.329676
                                    
    Variable         VIF       1/VIF  
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Appendix 6 

Appendix 6 refers to the data analysis carried out for Germany in section 4.6.1.1. It presents 

the command that has been computed in order to obtain the multiple regression analysis, the 

regression itself and, finally, the table obtained in order to check for multicollinearity by 

computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

 

 

 

 

 

 

 

 

 

                                                                              
       _cons     .1947606    .403388     0.48   0.629    -.5958653    .9853866
 totarticles     .0087572    .113468     0.08   0.938     -.213636    .2311503
      damage     .0918535   .0631214     1.46   0.146    -.0318623    .2155692
    affected    -.0503184   .0537484    -0.94   0.349    -.1556634    .0550266
  fatalities     .1678711   .0561768     2.99   0.003     .0577665    .2779757
    election    -.0591415   .1006746    -0.59   0.557    -.2564601     .138177
clgovernment     .0658093   .0562269     1.17   0.242    -.0443934    .1760119
catastroph~y    -.0865478   .0453367    -1.91   0.056     -.175406    .0023104
       gdpus    -.1615516   .4288302    -0.38   0.706    -1.002043    .6789401
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =  51.65102          Prob > chi2        =    0.0000
                                                Wald chi2(8)       =     35.10
Estimated coefficients     =         9          Time periods       =        10
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        2.26
                                    
catastroph~y        1.00    0.997559
    election        1.34    0.747564
    affected        1.65    0.607097
 totarticles        1.65    0.604401
  fatalities        1.90    0.526870
      damage        1.90    0.526118
       gdpus        4.23    0.236664
clgovernment        4.45    0.224684
                                    
    Variable         VIF       1/VIF  
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Appendix 7 

Appendix 7 refers to the data analysis carried out for France in section 4.7.1.1. It presents the 

command that has been computed in order to obtain the multiple regression analysis, the 

regression itself and, finally, the table obtained in order to check for multicollinearity by 

computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

 

 

 

 

 

 

 

 

 

                                                                              
       _cons     1.050929   .3302029     3.18   0.001     .4037435    1.698115
 totarticles     .0021752    .136897     0.02   0.987     -.266138    .2704885
      damage     .1649869   .0699357     2.36   0.018     .0279154    .3020584
    affected    -.0983254   .0599796    -1.64   0.101    -.2158833    .0192325
  fatalities     .1776326   .0642187     2.77   0.006     .0517663     .303499
    election    (omitted)
clgovernment    -.1138497   .0622061    -1.83   0.067    -.2357714    .0080719
catastroph~y    -.0517327    .045594    -1.13   0.257    -.1410954    .0376299
       gdpus    -1.505157   .4779273    -3.15   0.002    -2.441877   -.5684365
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =    53.603          Prob > chi2        =    0.0000
                                                Wald chi2(7)       =     48.62
                                                               max =        10
                                                               avg =  9.130435
Estimated coefficients     =         8          Obs per group: min =         1
Estimated autocorrelations =         0          Number of groups   =        23
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        2.20
                                    
catastroph~y        1.01    0.991531
clgovernment        2.08    0.480495
    affected        2.09    0.478529
      damage        2.38    0.420693
 totarticles        2.47    0.404872
  fatalities        2.53    0.395750
       gdpus        2.84    0.352658
                                    
    Variable         VIF       1/VIF  
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Appendix 8 

Appendix 8 refers to the data analysis carried out for Denmark in section 4.8.1.1. It presents 

the command that has been computed in order to obtain the multiple regression analysis, the 

regression itself and, finally, the table obtained in order to check for multicollinearity by 

computing for the tolerance value. 

xtgls log_disburse gdpus catastropheday clgovernment election fatalities affected damage 

totarticles, i(catastropheday) 

 

 

 

 

 

 

                                                                              
       _cons     .7409208   .4639426     1.60   0.110      -.16839    1.650232
 totarticles    -.0535504   .0837467    -0.64   0.523     -.217691    .1105901
      damage     .0209411      .0698     0.30   0.764    -.1158644    .1577467
    affected    -.0649645   .0590071    -1.10   0.271    -.1806164    .0506873
  fatalities     .1130308   .0758974     1.49   0.136    -.0357253    .2617869
    election    -.0617217   .0875928    -0.70   0.481    -.2334005     .109957
clgovernment    -.0538394   .0750526    -0.72   0.473    -.2009397     .093261
catastroph~y    -.0237402   .0435088    -0.55   0.585    -.1090159    .0615356
       gdpus    -9.912945    7.66385    -1.29   0.196    -24.93382    5.107925
                                                                              
log_disburse        Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
                                                                              

Log likelihood             =  63.19996          Prob > chi2        =    0.0017
                                                Wald chi2(8)       =     24.83
Estimated coefficients     =         9          Time periods       =        10
Estimated autocorrelations =         0          Number of groups   =        21
Estimated covariances      =         1          Number of obs      =       210

Correlation:   no autocorrelation
Panels:        homoskedastic
Coefficients:  generalized least squares

Cross-sectional time-series FGLS regression

    Mean VIF        3.02
                                    
catastroph~y        1.03    0.970320
 totarticles        1.83    0.545354
    affected        2.22    0.451245
      damage        2.59    0.385441
clgovernment        3.32    0.301251
  fatalities        3.87    0.258581
    election        4.52    0.221169
       gdpus        4.78    0.209343
                                    
    Variable         VIF       1/VIF  
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fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)

Appendix 9 presents the data set used to investigate all countries combined.

The unit of analysis employed throughout the data set is the day.

d1: Dummy variable number 1

List of acronyms and abbreviations:

d3: Dummy variable number 3
d2: Dummy variable number 2

log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 

clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)

d4: Dummy variable number 4
d5: Dummy variable number 5
d6: Dummy variable number 6
gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)

election: Election (presence or not of an electoral period in the donor country under investigation)
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d1 d2 d3 d4 d5 d6 gdpus catastropheday clgovernment election fatalities affected damage totarticles log_disburse
1 0 0 0 0 0 0,585513078 0,047619048 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,095238095 1 1 0,088399 0,103659 0,030865 0,078947 0
1 0 0 0 0 0 0,585513078 0,142857143 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,19047619 1 1 0,088399 0,103659 0,030865 0,184211 0
1 0 0 0 0 0 0,585513078 0,238095238 1 1 0,088399 0,103659 0,030865 0,131579 0
1 0 0 0 0 0 0,585513078 0,285714286 1 1 0,088399 0,103659 0,030865 0,157895 0,995614
1 0 0 0 0 0 0,585513078 0,333333333 1 1 0,088399 0,103659 0,030865 0,131579 0
1 0 0 0 0 0 0,585513078 0,380952381 1 1 0,088399 0,103659 0,030865 0,131579 0
1 0 0 0 0 0 0,585513078 0,428571429 1 1 0,088399 0,103659 0,030865 0,105263 0
1 0 0 0 0 0 0,585513078 0,476190476 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,523809524 1 1 0,088399 0,103659 0,030865 0,026316 0
1 0 0 0 0 0 0,585513078 0,571428571 1 1 0,088399 0,103659 0,030865 0,052632 0
1 0 0 0 0 0 0,585513078 0,619047619 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,666666667 1 1 0,088399 0,103659 0,030865 0,026316 0
1 0 0 0 0 0 0,585513078 0,714285714 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,761904762 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,80952381 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,857142857 1 1 0,088399 0,103659 0,030865 0,026316 0
1 0 0 0 0 0 0,585513078 0,904761905 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 0,952380952 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,585513078 1 1 1 0,088399 0,103659 0,030865 0 0
1 0 0 0 0 0 0,670355466 0,047619048 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,095238095 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,142857143 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,19047619 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,238095238 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,285714286 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,333333333 1 1 0,007404 1 0,059691 0 0
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1 0 0 0 0 0 0,670355466 0,380952381 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,428571429 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,476190476 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,523809524 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,571428571 1 1 0,007404 1 0,059691 0,026316 0
1 0 0 0 0 0 0,670355466 0,619047619 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,666666667 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,714285714 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,761904762 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,80952381 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,857142857 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,904761905 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,952380952 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 1 1 1 0,007404 1 0,059691 0 0
1 0 0 0 0 0 0,670355466 0,047619048 1 1 1 0,034835 0,117541 0 0,945474
1 0 0 0 0 0 0,670355466 0,095238095 1 1 1 0,034835 0,117541 0,289474 0,90183
1 0 0 0 0 0 0,670355466 0,142857143 1 1 1 0,034835 0,117541 0,552632 0
1 0 0 0 0 0 0,670355466 0,19047619 1 1 1 0,034835 0,117541 0,552632 0,713293
1 0 0 0 0 0 0,670355466 0,238095238 1 1 1 0,034835 0,117541 0,473684 0,917499
1 0 0 0 0 0 0,670355466 0,285714286 1 1 1 0,034835 0,117541 0,789474 0
1 0 0 0 0 0 0,670355466 0,333333333 1 1 1 0,034835 0,117541 0,921053 0
1 0 0 0 0 0 0,670355466 0,380952381 1 1 1 0,034835 0,117541 0 0
1 0 0 0 0 0 0,670355466 0,428571429 1 1 1 0,034835 0,117541 0,736842 0
1 0 0 0 0 0 0,670355466 0,476190476 1 1 1 0,034835 0,117541 0,736842 0,992548
1 0 0 0 0 0 0,670355466 0,523809524 1 1 1 0,034835 0,117541 0,815789 0
1 0 0 0 0 0 0,670355466 0,571428571 1 1 1 0,034835 0,117541 0,894737 0
1 0 0 0 0 0 0,670355466 0,619047619 1 1 1 0,034835 0,117541 0,710526 0,954312
1 0 0 0 0 0 0,670355466 0,666666667 1 1 1 0,034835 0,117541 1 0,893082
1 0 0 0 0 0 0,670355466 0,714285714 1 1 1 0,034835 0,117541 0 0



Appendix 9

!!%

1 0 0 0 0 0 0,670355466 0,761904762 1 1 1 0,034835 0,117541 0,526316 0,970681
1 0 0 0 0 0 0,670355466 0,80952381 1 1 1 0,034835 0,117541 0,578947 1
1 0 0 0 0 0 0,670355466 0,857142857 1 1 1 0,034835 0,117541 0,368421 0
1 0 0 0 0 0 0,670355466 0,904761905 1 1 1 0,034835 0,117541 0,473684 0,891906
1 0 0 0 0 0 0,670355466 0,952380952 1 1 1 0,034835 0,117541 0,289474 0
1 0 0 0 0 0 0,670355466 1 1 1 1 0,034835 0,117541 0,368421 0
1 0 0 0 0 0 0,69047619 0,047619048 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,095238095 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,142857143 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,19047619 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,238095238 1 1 0,005558 0,286499 0,039176 0 0,745189
1 0 0 0 0 0 0,69047619 0,285714286 1 1 0,005558 0,286499 0,039176 0,052632 0
1 0 0 0 0 0 0,69047619 0,333333333 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,380952381 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,428571429 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,476190476 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,523809524 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,571428571 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,619047619 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,666666667 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,714285714 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,761904762 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,80952381 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,857142857 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,904761905 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,952380952 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 1 1 1 0,005558 0,286499 0,039176 0 0
1 0 0 0 0 0 0,69047619 0,047619048 1 1 0,007245 0,035998 0,045459 0,026316 0
1 0 0 0 0 0 0,69047619 0,095238095 1 1 0,007245 0,035998 0,045459 0 0
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1 0 0 0 0 0 0,69047619 0,142857143 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,19047619 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,238095238 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,285714286 1 1 0,007245 0,035998 0,045459 0,026316 0
1 0 0 0 0 0 0,69047619 0,333333333 1 1 0,007245 0,035998 0,045459 0,052632 0
1 0 0 0 0 0 0,69047619 0,380952381 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,428571429 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,476190476 1 1 0,007245 0,035998 0,045459 0,131579 0
1 0 0 0 0 0 0,69047619 0,523809524 1 1 0,007245 0,035998 0,045459 0,026316 0
1 0 0 0 0 0 0,69047619 0,571428571 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,619047619 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,666666667 1 1 0,007245 0,035998 0,045459 0,026316 0
1 0 0 0 0 0 0,69047619 0,714285714 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,761904762 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,80952381 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,857142857 1 1 0,007245 0,035998 0,045459 0 0
1 0 0 0 0 0 0,69047619 0,904761905 1 1 0,007245 0,035998 0,045459 0,026316 0
1 0 0 0 0 0 0,69047619 0,952380952 1 1 0,007245 0,035998 0,045459 0,078947 0
1 0 0 0 0 0 0,69047619 1 1 1 0,007245 0,035998 0,045459 0,131579 0
1 0 0 0 0 0 0,69047619 0,047619048 1 1 0,329609 0,075745 0,072942 0 0,91301
1 0 0 0 0 0 0,69047619 0,095238095 1 1 0,329609 0,075745 0,072942 0 0
1 0 0 0 0 0 0,69047619 0,142857143 1 1 0,329609 0,075745 0,072942 0,315789 0
1 0 0 0 0 0 0,69047619 0,19047619 1 1 0,329609 0,075745 0,072942 0,263158 0,901099
1 0 0 0 0 0 0,69047619 0,238095238 1 1 0,329609 0,075745 0,072942 0,210526 0,902245
1 0 0 0 0 0 0,69047619 0,285714286 1 1 0,329609 0,075745 0,072942 0,157895 0
1 0 0 0 0 0 0,69047619 0,333333333 1 1 0,329609 0,075745 0,072942 0,131579 0,776361
1 0 0 0 0 0 0,69047619 0,380952381 1 1 0,329609 0,075745 0,072942 0,131579 0
1 0 0 0 0 0 0,69047619 0,428571429 1 1 0,329609 0,075745 0,072942 0 0
1 0 0 0 0 0 0,69047619 0,476190476 1 1 0,329609 0,075745 0,072942 0,052632 0
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1 0 0 0 0 0 0,69047619 0,523809524 1 1 0,329609 0,075745 0,072942 0,052632 0,716802
1 0 0 0 0 0 0,69047619 0,571428571 1 1 0,329609 0,075745 0,072942 0,078947 0
1 0 0 0 0 0 0,69047619 0,619047619 1 1 0,329609 0,075745 0,072942 0,078947 0
1 0 0 0 0 0 0,69047619 0,666666667 1 1 0,329609 0,075745 0,072942 0,078947 0,971415
1 0 0 0 0 0 0,69047619 0,714285714 1 1 0,329609 0,075745 0,072942 0,105263 0
1 0 0 0 0 0 0,69047619 0,761904762 1 1 0,329609 0,075745 0,072942 0 0
1 0 0 0 0 0 0,69047619 0,80952381 1 1 0,329609 0,075745 0,072942 0,052632 0
1 0 0 0 0 0 0,69047619 0,857142857 1 1 0,329609 0,075745 0,072942 0,052632 0
1 0 0 0 0 0 0,69047619 0,904761905 1 1 0,329609 0,075745 0,072942 0,052632 0
1 0 0 0 0 0 0,69047619 0,952380952 1 1 0,329609 0,075745 0,072942 0,078947 0
1 0 0 0 0 0 0,69047619 1 1 1 0,329609 0,075745 0,072942 0,052632 0,957741
1 0 0 0 0 0 0,722669349 0,047619048 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,095238095 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,142857143 1 1 0,025509 0,045523 0,036471 0,210526 0
1 0 0 0 0 0 0,722669349 0,19047619 1 1 0,025509 0,045523 0,036471 0,157895 0
1 0 0 0 0 0 0,722669349 0,238095238 1 1 0,025509 0,045523 0,036471 0,052632 0
1 0 0 0 0 0 0,722669349 0,285714286 1 1 0,025509 0,045523 0,036471 0,026316 0,869428
1 0 0 0 0 0 0,722669349 0,333333333 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,380952381 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,428571429 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,476190476 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,523809524 1 1 0,025509 0,045523 0,036471 0 0,860257
1 0 0 0 0 0 0,722669349 0,571428571 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,619047619 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,666666667 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,714285714 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,761904762 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,80952381 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,857142857 1 1 0,025509 0,045523 0,036471 0 0



Appendix 9

!')

1 0 0 0 0 0 0,722669349 0,904761905 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 0,952380952 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,722669349 1 1 1 0,025509 0,045523 0,036471 0 0
1 0 0 0 0 0 0,752179745 0,047619048 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,095238095 1 1 0,018763 0,12902 0,028235 0,026316 0
1 0 0 0 0 0 0,752179745 0,142857143 1 1 0,018763 0,12902 0,028235 0,026316 0
1 0 0 0 0 0 0,752179745 0,19047619 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,238095238 1 1 0,018763 0,12902 0,028235 0,078947 0
1 0 0 0 0 0 0,752179745 0,285714286 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,333333333 1 1 0,018763 0,12902 0,028235 0,105263 0
1 0 0 0 0 0 0,752179745 0,380952381 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,428571429 1 1 0,018763 0,12902 0,028235 0,052632 0
1 0 0 0 0 0 0,752179745 0,476190476 1 1 0,018763 0,12902 0,028235 0,026316 0
1 0 0 0 0 0 0,752179745 0,523809524 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,571428571 1 1 0,018763 0,12902 0,028235 0,026316 0
1 0 0 0 0 0 0,752179745 0,619047619 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,666666667 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,714285714 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,761904762 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,80952381 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,857142857 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,904761905 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 0,952380952 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752179745 1 1 1 0,018763 0,12902 0,028235 0 0
1 0 0 0 0 0 0,752850436 0,047619048 1 1 0,611166 0,045974 0,047282 0 0
1 0 0 0 0 0 0,752850436 0,095238095 1 1 0,611166 0,045974 0,047282 0 0
1 0 0 0 0 0 0,752850436 0,142857143 1 1 0,611166 0,045974 0,047282 0 0
1 0 0 0 0 0 0,752850436 0,19047619 1 1 0,611166 0,045974 0,047282 0,078947 0
1 0 0 0 0 0 0,752850436 0,238095238 1 1 0,611166 0,045974 0,047282 0,157895 0
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1 0 0 0 0 0 0,752850436 0,285714286 1 1 0,611166 0,045974 0,047282 0,315789 0
1 0 0 0 0 0 0,752850436 0,333333333 1 1 0,611166 0,045974 0,047282 0,157895 0
1 0 0 0 0 0 0,752850436 0,380952381 1 1 0,611166 0,045974 0,047282 0,342105 0
1 0 0 0 0 0 0,752850436 0,428571429 1 1 0,611166 0,045974 0,047282 0,184211 0
1 0 0 0 0 0 0,752850436 0,476190476 1 1 0,611166 0,045974 0,047282 0 0
1 0 0 0 0 0 0,752850436 0,523809524 1 1 0,611166 0,045974 0,047282 0,210526 0
1 0 0 0 0 0 0,752850436 0,571428571 1 1 0,611166 0,045974 0,047282 0,236842 0
1 0 0 0 0 0 0,752850436 0,619047619 1 1 0,611166 0,045974 0,047282 0,131579 0
1 0 0 0 0 0 0,752850436 0,666666667 1 1 0,611166 0,045974 0,047282 0,131579 0,994246
1 0 0 0 0 0 0,752850436 0,714285714 1 1 0,611166 0,045974 0,047282 0,105263 0
1 0 0 0 0 0 0,752850436 0,761904762 1 1 0,611166 0,045974 0,047282 0,131579 0
1 0 0 0 0 0 0,752850436 0,80952381 1 1 0,611166 0,045974 0,047282 0 0
1 0 0 0 0 0 0,752850436 0,857142857 1 1 0,611166 0,045974 0,047282 0,131579 0
1 0 0 0 0 0 0,752850436 0,904761905 1 1 0,611166 0,045974 0,047282 0,078947 0
1 0 0 0 0 0 0,752850436 0,952380952 1 1 0,611166 0,045974 0,047282 0,052632 0
1 0 0 0 0 0 0,752850436 1 1 1 0,611166 0,045974 0,047282 0,052632 0,861243
1 0 0 0 0 0 0,752850436 0,047619048 1 1 0,386194 0,65861 1 0 0
1 0 0 0 0 0 0,752850436 0,095238095 1 1 0,386194 0,65861 1 0,184211 0
1 0 0 0 0 0 0,752850436 0,142857143 1 1 0,386194 0,65861 1 0,263158 0,894384
1 0 0 0 0 0 0,752850436 0,19047619 1 1 0,386194 0,65861 1 0,210526 0
1 0 0 0 0 0 0,752850436 0,238095238 1 1 0,386194 0,65861 1 0,157895 0
1 0 0 0 0 0 0,752850436 0,285714286 1 1 0,386194 0,65861 1 0,184211 0
1 0 0 0 0 0 0,752850436 0,333333333 1 1 0,386194 0,65861 1 0 0
1 0 0 0 0 0 0,752850436 0,380952381 1 1 0,386194 0,65861 1 0,157895 0
1 0 0 0 0 0 0,752850436 0,428571429 1 1 0,386194 0,65861 1 0,105263 0
1 0 0 0 0 0 0,752850436 0,476190476 1 1 0,386194 0,65861 1 0,078947 0
1 0 0 0 0 0 0,752850436 0,523809524 1 1 0,386194 0,65861 1 0,052632 0,905418
1 0 0 0 0 0 0,752850436 0,571428571 1 1 0,386194 0,65861 1 0,078947 0
1 0 0 0 0 0 0,752850436 0,619047619 1 1 0,386194 0,65861 1 0,078947 0
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1 0 0 0 0 0 0,752850436 0,666666667 1 1 0,386194 0,65861 1 0 0
1 0 0 0 0 0 0,752850436 0,714285714 1 1 0,386194 0,65861 1 0,105263 0
1 0 0 0 0 0 0,752850436 0,761904762 1 1 0,386194 0,65861 1 0,052632 0
1 0 0 0 0 0 0,752850436 0,80952381 1 1 0,386194 0,65861 1 0 0
1 0 0 0 0 0 0,752850436 0,857142857 1 1 0,386194 0,65861 1 0,078947 0
1 0 0 0 0 0 0,752850436 0,904761905 1 1 0,386194 0,65861 1 0,026316 0
1 0 0 0 0 0 0,752850436 0,952380952 1 1 0,386194 0,65861 1 0,052632 0
1 0 0 0 0 0 0,752850436 1 1 1 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,555331992 0,047619048 1 0,5 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,095238095 1 0,5 0,088399 0,103659 0,030865 0,181818 0
0 1 0 0 0 0 0,555331992 0,142857143 1 0,5 0,088399 0,103659 0,030865 0,136364 0
0 1 0 0 0 0 0,555331992 0,19047619 1 0,5 0,088399 0,103659 0,030865 0,045455 0
0 1 0 0 0 0 0,555331992 0,238095238 1 0,5 0,088399 0,103659 0,030865 0,090909 0
0 1 0 0 0 0 0,555331992 0,285714286 1 0,5 0,088399 0,103659 0,030865 0,090909 0
0 1 0 0 0 0 0,555331992 0,333333333 1 0,5 0,088399 0,103659 0,030865 0,022727 0
0 1 0 0 0 0 0,555331992 0,380952381 1 1 0,088399 0,103659 0,030865 0,022727 0
0 1 0 0 0 0 0,555331992 0,428571429 1 1 0,088399 0,103659 0,030865 0,022727 0
0 1 0 0 0 0 0,555331992 0,476190476 1 1 0,088399 0,103659 0,030865 0,022727 0
0 1 0 0 0 0 0,555331992 0,523809524 1 1 0,088399 0,103659 0,030865 0,045455 0
0 1 0 0 0 0 0,555331992 0,571428571 1 1 0,088399 0,103659 0,030865 0,022727 0
0 1 0 0 0 0 0,555331992 0,619047619 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,666666667 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,714285714 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,761904762 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,80952381 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,857142857 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,904761905 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 0,952380952 1 1 0,088399 0,103659 0,030865 0 0
0 1 0 0 0 0 0,555331992 1 1 1 0,088399 0,103659 0,030865 0 0
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0 1 0 0 0 0 0,561703555 0,047619048 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,095238095 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,142857143 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,19047619 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,238095238 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,285714286 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,333333333 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,380952381 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,428571429 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,476190476 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,523809524 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,571428571 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,619047619 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,666666667 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,714285714 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,761904762 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,80952381 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,857142857 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,904761905 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,952380952 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 1 0 0,5 0,007404 1 0,059691 0 0
0 1 0 0 0 0 0,561703555 0,047619048 0 0,5 1 0,034835 0,117541 0 0
0 1 0 0 0 0 0,561703555 0,095238095 0 0,5 1 0,034835 0,117541 0,636364 0
0 1 0 0 0 0 0,561703555 0,142857143 0 0,5 1 0,034835 0,117541 1 0
0 1 0 0 0 0 0,561703555 0,19047619 0 0,5 1 0,034835 0,117541 0,977273 0
0 1 0 0 0 0 0,561703555 0,238095238 0 0,5 1 0,034835 0,117541 0,795455 0
0 1 0 0 0 0 0,561703555 0,285714286 0 0,5 1 0,034835 0,117541 0,090909 0
0 1 0 0 0 0 0,561703555 0,333333333 0 0,5 1 0,034835 0,117541 0 0
0 1 0 0 0 0 0,561703555 0,380952381 0 0,5 1 0,034835 0,117541 0,727273 0
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0 1 0 0 0 0 0,561703555 0,428571429 0 0,5 1 0,034835 0,117541 0,772727 0
0 1 0 0 0 0 0,561703555 0,476190476 0 0,5 1 0,034835 0,117541 0,772727 0
0 1 0 0 0 0 0,561703555 0,523809524 0 0,5 1 0,034835 0,117541 0,613636 0
0 1 0 0 0 0 0,561703555 0,571428571 0 0,5 1 0,034835 0,117541 0,681818 0
0 1 0 0 0 0 0,561703555 0,619047619 0 0,5 1 0,034835 0,117541 0,636364 0
0 1 0 0 0 0 0,561703555 0,666666667 0 0,5 1 0,034835 0,117541 0,477273 0
0 1 0 0 0 0 0,561703555 0,714285714 0 0,5 1 0,034835 0,117541 0,363636 0
0 1 0 0 0 0 0,561703555 0,761904762 0 0,5 1 0,034835 0,117541 0,181818 0
0 1 0 0 0 0 0,561703555 0,80952381 0 0,5 1 0,034835 0,117541 0,136364 1
0 1 0 0 0 0 0,561703555 0,857142857 0 0,5 1 0,034835 0,117541 0,159091 0
0 1 0 0 0 0 0,561703555 0,904761905 0 0,5 1 0,034835 0,117541 0,181818 0
0 1 0 0 0 0 0,561703555 0,952380952 0 0,5 1 0,034835 0,117541 0,090909 0
0 1 0 0 0 0 0,561703555 1 0 0,5 1 0,034835 0,117541 0,068182 0
0 1 0 0 0 0 0,577800134 0,047619048 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,095238095 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,142857143 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,19047619 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,238095238 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,285714286 0 0,5 0,005558 0,286499 0,039176 0,022727 0
0 1 0 0 0 0 0,577800134 0,333333333 0 0,5 0,005558 0,286499 0,039176 0,022727 0
0 1 0 0 0 0 0,577800134 0,380952381 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,428571429 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,476190476 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,523809524 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,571428571 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,619047619 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,666666667 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,714285714 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,761904762 0 0,5 0,005558 0,286499 0,039176 0 0
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0 1 0 0 0 0 0,577800134 0,80952381 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,857142857 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,904761905 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,952380952 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 1 0 0,5 0,005558 0,286499 0,039176 0 0
0 1 0 0 0 0 0,577800134 0,047619048 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,095238095 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,142857143 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,19047619 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,238095238 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,285714286 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,333333333 0 0,5 0,007245 0,035998 0,045459 0 0,766855
0 1 0 0 0 0 0,577800134 0,380952381 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0 1 0 0 0 0 0,577800134 0,428571429 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0 1 0 0 0 0 0,577800134 0,476190476 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0 1 0 0 0 0 0,577800134 0,523809524 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,571428571 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0 1 0 0 0 0 0,577800134 0,619047619 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,666666667 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,714285714 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,761904762 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,80952381 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0 1 0 0 0 0 0,577800134 0,857142857 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,904761905 0 0,5 0,007245 0,035998 0,045459 0 0
0 1 0 0 0 0 0,577800134 0,952380952 0 0,5 0,007245 0,035998 0,045459 0,045455 0
0 1 0 0 0 0 0,577800134 1 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0 1 0 0 0 0 0,577800134 0,047619048 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,095238095 0 0,5 0,329609 0,075745 0,072942 0,068182 0
0 1 0 0 0 0 0,577800134 0,142857143 0 0,5 0,329609 0,075745 0,072942 0,159091 0,929716
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0 1 0 0 0 0 0,577800134 0,19047619 0 0,5 0,329609 0,075745 0,072942 0,090909 0,824064
0 1 0 0 0 0 0,577800134 0,238095238 0 0,5 0,329609 0,075745 0,072942 0,090909 0
0 1 0 0 0 0 0,577800134 0,285714286 0 0,5 0,329609 0,075745 0,072942 0,022727 0
0 1 0 0 0 0 0,577800134 0,333333333 0 0,5 0,329609 0,075745 0,072942 0,022727 0,814609
0 1 0 0 0 0 0,577800134 0,380952381 0 0,5 0,329609 0,075745 0,072942 0,022727 0
0 1 0 0 0 0 0,577800134 0,428571429 0 0,5 0,329609 0,075745 0,072942 0,022727 0
0 1 0 0 0 0 0,577800134 0,476190476 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,523809524 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,571428571 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,619047619 0 0,5 0,329609 0,075745 0,072942 0 0,818536
0 1 0 0 0 0 0,577800134 0,666666667 0 0,5 0,329609 0,075745 0,072942 0 0,663166
0 1 0 0 0 0 0,577800134 0,714285714 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,761904762 0 0,5 0,329609 0,075745 0,072942 0 0,861175
0 1 0 0 0 0 0,577800134 0,80952381 0 0,5 0,329609 0,075745 0,072942 0,045455 0
0 1 0 0 0 0 0,577800134 0,857142857 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,904761905 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 0,952380952 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,577800134 1 0 0,5 0,329609 0,075745 0,072942 0 0
0 1 0 0 0 0 0,604963112 0,047619048 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,095238095 1 0,5 0,025509 0,045523 0,036471 0,113636 0
0 1 0 0 0 0 0,604963112 0,142857143 1 0,5 0,025509 0,045523 0,036471 0,045455 0
0 1 0 0 0 0 0,604963112 0,19047619 1 0,5 0,025509 0,045523 0,036471 0 0,747701
0 1 0 0 0 0 0,604963112 0,238095238 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,285714286 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,333333333 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,380952381 1 0,5 0,025509 0,045523 0,036471 0,022727 0
0 1 0 0 0 0 0,604963112 0,428571429 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,476190476 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,523809524 1 0,5 0,025509 0,045523 0,036471 0 0
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0 1 0 0 0 0 0,604963112 0,571428571 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,619047619 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,666666667 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,714285714 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,761904762 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,80952381 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,857142857 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,904761905 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 0,952380952 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,604963112 1 1 0,5 0,025509 0,045523 0,036471 0 0
0 1 0 0 0 0 0,630114017 0,047619048 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,095238095 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,142857143 1 0,5 0,018763 0,12902 0,028235 0,045455 0
0 1 0 0 0 0 0,630114017 0,19047619 1 0,5 0,018763 0,12902 0,028235 0,022727 0
0 1 0 0 0 0 0,630114017 0,238095238 1 0,5 0,018763 0,12902 0,028235 0,113636 0
0 1 0 0 0 0 0,630114017 0,285714286 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,333333333 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,380952381 1 0,5 0,018763 0,12902 0,028235 0,022727 0
0 1 0 0 0 0 0,630114017 0,428571429 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,476190476 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,523809524 1 0,5 0,018763 0,12902 0,028235 0,022727 0
0 1 0 0 0 0 0,630114017 0,571428571 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,619047619 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,666666667 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,714285714 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,761904762 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,80952381 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,857142857 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 0,904761905 1 0,5 0,018763 0,12902 0,028235 0 0
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0 1 0 0 0 0 0,630114017 0,952380952 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,630114017 1 1 0,5 0,018763 0,12902 0,028235 0 0
0 1 0 0 0 0 0,631455399 0,047619048 1 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 0,095238095 1 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 0,142857143 1 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 0,19047619 1 0,5 0,611166 0,045974 0,047282 0,068182 0
0 1 0 0 0 0 0,631455399 0,238095238 1 0,5 0,611166 0,045974 0,047282 0,159091 0,834484
0 1 0 0 0 0 0,631455399 0,285714286 1 0,5 0,611166 0,045974 0,047282 0,090909 0
0 1 0 0 0 0 0,631455399 0,333333333 0 0,5 0,611166 0,045974 0,047282 0,090909 0
0 1 0 0 0 0 0,631455399 0,380952381 0 0,5 0,611166 0,045974 0,047282 0,068182 0
0 1 0 0 0 0 0,631455399 0,428571429 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0 1 0 0 0 0 0,631455399 0,476190476 0 0,5 0,611166 0,045974 0,047282 0,068182 0
0 1 0 0 0 0 0,631455399 0,523809524 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0 1 0 0 0 0 0,631455399 0,571428571 0 0,5 0,611166 0,045974 0,047282 0,022727 0
0 1 0 0 0 0 0,631455399 0,619047619 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0 1 0 0 0 0 0,631455399 0,666666667 0 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 0,714285714 0 0,5 0,611166 0,045974 0,047282 0,022727 0
0 1 0 0 0 0 0,631455399 0,761904762 0 0,5 0,611166 0,045974 0,047282 0,022727 0
0 1 0 0 0 0 0,631455399 0,80952381 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0 1 0 0 0 0 0,631455399 0,857142857 0 0,5 0,611166 0,045974 0,047282 0 0,933679
0 1 0 0 0 0 0,631455399 0,904761905 0 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 0,952380952 0 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 1 0 0,5 0,611166 0,045974 0,047282 0 0
0 1 0 0 0 0 0,631455399 0,047619048 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,095238095 0 0,5 0,386194 0,65861 1 0,113636 0
0 1 0 0 0 0 0,631455399 0,142857143 0 0,5 0,386194 0,65861 1 0,090909 0
0 1 0 0 0 0 0,631455399 0,19047619 0 0,5 0,386194 0,65861 1 0,022727 0
0 1 0 0 0 0 0,631455399 0,238095238 0 0,5 0,386194 0,65861 1 0 0,887512
0 1 0 0 0 0 0,631455399 0,285714286 0 0,5 0,386194 0,65861 1 0 0
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0 1 0 0 0 0 0,631455399 0,333333333 0 0,5 0,386194 0,65861 1 0,045455 0,887356
0 1 0 0 0 0 0,631455399 0,380952381 0 0,5 0,386194 0,65861 1 0,022727 0
0 1 0 0 0 0 0,631455399 0,428571429 0 0,5 0,386194 0,65861 1 0,045455 0
0 1 0 0 0 0 0,631455399 0,476190476 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,523809524 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,571428571 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,619047619 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,666666667 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,714285714 0 0,5 0,386194 0,65861 1 0,045455 0
0 1 0 0 0 0 0,631455399 0,761904762 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,80952381 0 0,5 0,386194 0,65861 1 0,045455 0
0 1 0 0 0 0 0,631455399 0,857142857 0 0,5 0,386194 0,65861 1 0,068182 0
0 1 0 0 0 0 0,631455399 0,904761905 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 0,952380952 0 0,5 0,386194 0,65861 1 0 0
0 1 0 0 0 0 0,631455399 1 0 0,5 0,386194 0,65861 1 0 0
0 0 1 0 0 0 0,17739772 0,047619048 1 0,5 0,088399 0,103659 0,030865 0,027027 0
0 0 1 0 0 0 0,17739772 0,095238095 1 0,5 0,088399 0,103659 0,030865 0,054054 0
0 0 1 0 0 0 0,17739772 0,142857143 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 1 0 0 0 0,17739772 0,19047619 1 0,5 0,088399 0,103659 0,030865 0,135135 0
0 0 1 0 0 0 0,17739772 0,238095238 1 0,5 0,088399 0,103659 0,030865 0,108108 0
0 0 1 0 0 0 0,17739772 0,285714286 1 0,5 0,088399 0,103659 0,030865 0,108108 0,891615
0 0 1 0 0 0 0,17739772 0,333333333 1 0,5 0,088399 0,103659 0,030865 0,081081 0
0 0 1 0 0 0 0,17739772 0,380952381 1 0,5 0,088399 0,103659 0,030865 0,027027 0
0 0 1 0 0 0 0,17739772 0,428571429 1 0,5 0,088399 0,103659 0,030865 0,135135 0
0 0 1 0 0 0 0,17739772 0,476190476 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 1 0 0 0 0,17739772 0,523809524 1 0,5 0,088399 0,103659 0,030865 0,162162 0
0 0 1 0 0 0 0,17739772 0,571428571 1 0,5 0,088399 0,103659 0,030865 0,054054 0
0 0 1 0 0 0 0,17739772 0,619047619 1 0,5 0,088399 0,103659 0,030865 0,027027 0
0 0 1 0 0 0 0,17739772 0,666666667 1 0,5 0,088399 0,103659 0,030865 0,027027 0
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0 0 1 0 0 0 0,17739772 0,714285714 1 0,5 0,088399 0,103659 0,030865 0,081081 0
0 0 1 0 0 0 0,17739772 0,761904762 1 0,5 0,088399 0,103659 0,030865 0,027027 0
0 0 1 0 0 0 0,17739772 0,80952381 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 1 0 0 0 0,17739772 0,857142857 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 1 0 0 0 0,17739772 0,904761905 1 0,5 0,088399 0,103659 0,030865 0,027027 0
0 0 1 0 0 0 0,17739772 0,952380952 1 0,5 0,088399 0,103659 0,030865 0,054054 0
0 0 1 0 0 0 0,17739772 1 1 0,5 0,088399 0,103659 0,030865 0,027027 0
0 0 1 0 0 0 0,19047619 0,047619048 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,095238095 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,142857143 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,19047619 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,238095238 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,285714286 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,333333333 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,380952381 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,428571429 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,476190476 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,523809524 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,571428571 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,619047619 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,666666667 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,714285714 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,761904762 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,80952381 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,857142857 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,904761905 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 0,952380952 0 0,5 0,007404 1 0,059691 0 0
0 0 1 0 0 0 0,19047619 1 0 0,5 0,007404 1 0,059691 0,027027 0
0 0 1 0 0 0 0,19047619 0,047619048 0 0,5 1 0,034835 0,117541 0 0,640498
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0 0 1 0 0 0 0,19047619 0,095238095 0 0,5 1 0,034835 0,117541 0,432432 0
0 0 1 0 0 0 0,19047619 0,142857143 0 0,5 1 0,034835 0,117541 0,378378 0,655144
0 0 1 0 0 0 0,19047619 0,19047619 0 0,5 1 0,034835 0,117541 0,459459 0
0 0 1 0 0 0 0,19047619 0,238095238 0 0,5 1 0,034835 0,117541 0,567568 0
0 0 1 0 0 0 0,19047619 0,285714286 0 0,5 1 0,034835 0,117541 0,351351 0
0 0 1 0 0 0 0,19047619 0,333333333 0 0,5 1 0,034835 0,117541 0 1
0 0 1 0 0 0 0,19047619 0,380952381 0 0,5 1 0,034835 0,117541 0 0
0 0 1 0 0 0 0,19047619 0,428571429 0 0,5 1 0,034835 0,117541 0,567568 0
0 0 1 0 0 0 0,19047619 0,476190476 0 0,5 1 0,034835 0,117541 0,621622 0
0 0 1 0 0 0 0,19047619 0,523809524 0 0,5 1 0,034835 0,117541 0,675676 0
0 0 1 0 0 0 0,19047619 0,571428571 0 0,5 1 0,034835 0,117541 0,648649 0
0 0 1 0 0 0 0,19047619 0,619047619 0 0,5 1 0,034835 0,117541 0,756757 0
0 0 1 0 0 0 0,19047619 0,666666667 0 0,5 1 0,034835 0,117541 1 0
0 0 1 0 0 0 0,19047619 0,714285714 0 0,5 1 0,034835 0,117541 0 0
0 0 1 0 0 0 0,19047619 0,761904762 0 0,5 1 0,034835 0,117541 0,351351 0
0 0 1 0 0 0 0,19047619 0,80952381 0 0,5 1 0,034835 0,117541 0,378378 0
0 0 1 0 0 0 0,19047619 0,857142857 0 0,5 1 0,034835 0,117541 0,432432 0
0 0 1 0 0 0 0,19047619 0,904761905 0 0,5 1 0,034835 0,117541 0,486486 0,792689
0 0 1 0 0 0 0,19047619 0,952380952 0 0,5 1 0,034835 0,117541 0,432432 0,738697
0 0 1 0 0 0 0,19047619 1 0 0,5 1 0,034835 0,117541 0,378378 0
0 0 1 0 0 0 0,200536553 0,047619048 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,095238095 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,142857143 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,19047619 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,238095238 0 1 0,005558 0,286499 0,039176 0,027027 0
0 0 1 0 0 0 0,200536553 0,285714286 0 1 0,005558 0,286499 0,039176 0,027027 0
0 0 1 0 0 0 0,200536553 0,333333333 0 1 0,005558 0,286499 0,039176 0,027027 0
0 0 1 0 0 0 0,200536553 0,380952381 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,428571429 0 1 0,005558 0,286499 0,039176 0,027027 0
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0 0 1 0 0 0 0,200536553 0,476190476 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,523809524 0 1 0,005558 0,286499 0,039176 0,027027 0
0 0 1 0 0 0 0,200536553 0,571428571 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,619047619 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,666666667 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,714285714 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,761904762 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,80952381 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,857142857 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,904761905 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,952380952 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 1 0 1 0,005558 0,286499 0,039176 0 0
0 0 1 0 0 0 0,200536553 0,047619048 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,095238095 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,142857143 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,19047619 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,238095238 0 0,5 0,007245 0,035998 0,045459 0,027027 0
0 0 1 0 0 0 0,200536553 0,285714286 0 0,5 0,007245 0,035998 0,045459 0,054054 0
0 0 1 0 0 0 0,200536553 0,333333333 0 0,5 0,007245 0,035998 0,045459 0,027027 0
0 0 1 0 0 0 0,200536553 0,380952381 0 0,5 0,007245 0,035998 0,045459 0,027027 0
0 0 1 0 0 0 0,200536553 0,428571429 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,476190476 0 0,5 0,007245 0,035998 0,045459 0,027027 0
0 0 1 0 0 0 0,200536553 0,523809524 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,571428571 0 0,5 0,007245 0,035998 0,045459 0,027027 0
0 0 1 0 0 0 0,200536553 0,619047619 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,666666667 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,714285714 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,761904762 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,80952381 0 0,5 0,007245 0,035998 0,045459 0 0
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0 0 1 0 0 0 0,200536553 0,857142857 0 0,5 0,007245 0,035998 0,045459 0 0
0 0 1 0 0 0 0,200536553 0,904761905 0 0,5 0,007245 0,035998 0,045459 0,054054 0
0 0 1 0 0 0 0,200536553 0,952380952 0 0,5 0,007245 0,035998 0,045459 0,081081 0
0 0 1 0 0 0 0,200536553 1 0 0,5 0,007245 0,035998 0,045459 0,054054 0
0 0 1 0 0 0 0,200536553 0,047619048 0 0,5 0,329609 0,075745 0,072942 0 0
0 0 1 0 0 0 0,200536553 0,095238095 0 0,5 0,329609 0,075745 0,072942 0 0
0 0 1 0 0 0 0,200536553 0,142857143 0 0,5 0,329609 0,075745 0,072942 0,27027 0
0 0 1 0 0 0 0,200536553 0,19047619 0 0,5 0,329609 0,075745 0,072942 0,216216 0
0 0 1 0 0 0 0,200536553 0,238095238 0 0,5 0,329609 0,075745 0,072942 0,162162 0
0 0 1 0 0 0 0,200536553 0,285714286 0 0,5 0,329609 0,075745 0,072942 0,054054 0
0 0 1 0 0 0 0,200536553 0,333333333 0 0,5 0,329609 0,075745 0,072942 0,081081 0
0 0 1 0 0 0 0,200536553 0,380952381 0 0,5 0,329609 0,075745 0,072942 0,108108 0
0 0 1 0 0 0 0,200536553 0,428571429 0 0,5 0,329609 0,075745 0,072942 0 0
0 0 1 0 0 0 0,200536553 0,476190476 0 0,5 0,329609 0,075745 0,072942 0,054054 0
0 0 1 0 0 0 0,200536553 0,523809524 0 0,5 0,329609 0,075745 0,072942 0,054054 0
0 0 1 0 0 0 0,200536553 0,571428571 0 0,5 0,329609 0,075745 0,072942 0,081081 0
0 0 1 0 0 0 0,200536553 0,619047619 0 0,5 0,329609 0,075745 0,072942 0,027027 0
0 0 1 0 0 0 0,200536553 0,666666667 0 0,5 0,329609 0,075745 0,072942 0,108108 0
0 0 1 0 0 0 0,200536553 0,714285714 0 0,5 0,329609 0,075745 0,072942 0,216216 0
0 0 1 0 0 0 0,200536553 0,761904762 0 0,5 0,329609 0,075745 0,072942 0 0
0 0 1 0 0 0 0,200536553 0,80952381 0 0,5 0,329609 0,075745 0,072942 0,108108 0
0 0 1 0 0 0 0,200536553 0,857142857 0 0,5 0,329609 0,075745 0,072942 0,027027 0
0 0 1 0 0 0 0,200536553 0,904761905 0 0,5 0,329609 0,075745 0,072942 0,243243 0
0 0 1 0 0 0 0,200536553 0,952380952 0 0,5 0,329609 0,075745 0,072942 0,162162 0
0 0 1 0 0 0 0,200536553 1 0 0,5 0,329609 0,075745 0,072942 0,108108 0
0 0 1 0 0 0 0,211602951 0,047619048 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,095238095 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,142857143 0 0,5 0,025509 0,045523 0,036471 0,108108 0
0 0 1 0 0 0 0,211602951 0,19047619 0 0,5 0,025509 0,045523 0,036471 0,108108 0



Appendix 9

!*"

0 0 1 0 0 0 0,211602951 0,238095238 0 0,5 0,025509 0,045523 0,036471 0,054054 0
0 0 1 0 0 0 0,211602951 0,285714286 0 0,5 0,025509 0,045523 0,036471 0,027027 0
0 0 1 0 0 0 0,211602951 0,333333333 0 0,5 0,025509 0,045523 0,036471 0,081081 0
0 0 1 0 0 0 0,211602951 0,380952381 0 0,5 0,025509 0,045523 0,036471 0,216216 0
0 0 1 0 0 0 0,211602951 0,428571429 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,476190476 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,523809524 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,571428571 0 0,5 0,025509 0,045523 0,036471 0,027027 0
0 0 1 0 0 0 0,211602951 0,619047619 0 0,5 0,025509 0,045523 0,036471 0,027027 0
0 0 1 0 0 0 0,211602951 0,666666667 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,714285714 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,761904762 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,80952381 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,857142857 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,904761905 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 0,952380952 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,211602951 1 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 1 0 0 0 0,224010731 0,047619048 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,095238095 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,142857143 0 0,5 0,018763 0,12902 0,028235 0,108108 0
0 0 1 0 0 0 0,224010731 0,19047619 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,238095238 0 0,5 0,018763 0,12902 0,028235 0,054054 0
0 0 1 0 0 0 0,224010731 0,285714286 0 0,5 0,018763 0,12902 0,028235 0,027027 0
0 0 1 0 0 0 0,224010731 0,333333333 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,380952381 0 0,5 0,018763 0,12902 0,028235 0,054054 0
0 0 1 0 0 0 0,224010731 0,428571429 0 0,5 0,018763 0,12902 0,028235 0,027027 0
0 0 1 0 0 0 0,224010731 0,476190476 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,523809524 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,571428571 0 0,5 0,018763 0,12902 0,028235 0 0
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0 0 1 0 0 0 0,224010731 0,619047619 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,666666667 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,714285714 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,761904762 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,80952381 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,857142857 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,904761905 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,224010731 0,952380952 0 0,5 0,018763 0,12902 0,028235 0,027027 0
0 0 1 0 0 0 0,224010731 1 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 1 0 0 0 0,232729712 0,047619048 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 1 0 0 0 0,232729712 0,095238095 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 1 0 0 0 0,232729712 0,142857143 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 1 0 0 0 0,232729712 0,19047619 0 0,5 0,611166 0,045974 0,047282 0,081081 0
0 0 1 0 0 0 0,232729712 0,238095238 0 0,5 0,611166 0,045974 0,047282 0,135135 0
0 0 1 0 0 0 0,232729712 0,285714286 0 0,5 0,611166 0,045974 0,047282 0,189189 0
0 0 1 0 0 0 0,232729712 0,333333333 0 0,5 0,611166 0,045974 0,047282 0,135135 0
0 0 1 0 0 0 0,232729712 0,380952381 0 0,5 0,611166 0,045974 0,047282 0,135135 0
0 0 1 0 0 0 0,232729712 0,428571429 0 0,5 0,611166 0,045974 0,047282 0,081081 0
0 0 1 0 0 0 0,232729712 0,476190476 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 1 0 0 0 0,232729712 0,523809524 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 1 0 0 0 0,232729712 0,571428571 0 0,5 0,611166 0,045974 0,047282 0,081081 0
0 0 1 0 0 0 0,232729712 0,619047619 0 0,5 0,611166 0,045974 0,047282 0,243243 0
0 0 1 0 0 0 0,232729712 0,666666667 0 0,5 0,611166 0,045974 0,047282 0,135135 0
0 0 1 0 0 0 0,232729712 0,714285714 0 0,5 0,611166 0,045974 0,047282 0,108108 0
0 0 1 0 0 0 0,232729712 0,761904762 0 0,5 0,611166 0,045974 0,047282 0,135135 0
0 0 1 0 0 0 0,232729712 0,80952381 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 1 0 0 0 0,232729712 0,857142857 0 0,5 0,611166 0,045974 0,047282 0,135135 0
0 0 1 0 0 0 0,232729712 0,904761905 0 0,5 0,611166 0,045974 0,047282 0,108108 0
0 0 1 0 0 0 0,232729712 0,952380952 0 0,5 0,611166 0,045974 0,047282 0,054054 0
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0 0 1 0 0 0 0,232729712 1 0 0,5 0,611166 0,045974 0,047282 0,027027 0
0 0 1 0 0 0 0,232729712 0,047619048 0 0,5 0,386194 0,65861 1 0 0
0 0 1 0 0 0 0,232729712 0,095238095 0 0,5 0,386194 0,65861 1 0,081081 0
0 0 1 0 0 0 0,232729712 0,142857143 0 0,5 0,386194 0,65861 1 0,162162 0
0 0 1 0 0 0 0,232729712 0,19047619 0 0,5 0,386194 0,65861 1 0,135135 0
0 0 1 0 0 0 0,232729712 0,238095238 0 0,5 0,386194 0,65861 1 0,189189 0
0 0 1 0 0 0 0,232729712 0,285714286 0 0,5 0,386194 0,65861 1 0,054054 0
0 0 1 0 0 0 0,232729712 0,333333333 0 0,5 0,386194 0,65861 1 0 0
0 0 1 0 0 0 0,232729712 0,380952381 0 0,5 0,386194 0,65861 1 0,108108 0
0 0 1 0 0 0 0,232729712 0,428571429 0 0,5 0,386194 0,65861 1 0,162162 0
0 0 1 0 0 0 0,232729712 0,476190476 0 0,5 0,386194 0,65861 1 0,054054 0
0 0 1 0 0 0 0,232729712 0,523809524 0 0,5 0,386194 0,65861 1 0,027027 0
0 0 1 0 0 0 0,232729712 0,571428571 0 0,5 0,386194 0,65861 1 0,081081 0
0 0 1 0 0 0 0,232729712 0,619047619 0 0,5 0,386194 0,65861 1 0,135135 0
0 0 1 0 0 0 0,232729712 0,666666667 0 0,5 0,386194 0,65861 1 0 0
0 0 1 0 0 0 0,232729712 0,714285714 0 0,5 0,386194 0,65861 1 0,081081 0
0 0 1 0 0 0 0,232729712 0,761904762 0 0,5 0,386194 0,65861 1 0,054054 0
0 0 1 0 0 0 0,232729712 0,80952381 0 0,5 0,386194 0,65861 1 0,054054 0
0 0 1 0 0 0 0,232729712 0,857142857 0 0,5 0,386194 0,65861 1 0,054054 0
0 0 1 0 0 0 0,232729712 0,904761905 0 0,5 0,386194 0,65861 1 0,135135 0
0 0 1 0 0 0 0,232729712 0,952380952 0 0,5 0,386194 0,65861 1 0 0
0 0 1 0 0 0 0,232729712 1 0 0,5 0,386194 0,65861 1 0 0
0 0 0 1 0 0 0,330315225 0,047619048 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,095238095 0 0,5 0,088399 0,103659 0,030865 0,210526 0
0 0 0 1 0 0 0,330315225 0,142857143 0 0,5 0,088399 0,103659 0,030865 0,157895 0
0 0 0 1 0 0 0,330315225 0,19047619 0 0,5 0,088399 0,103659 0,030865 0,105263 0
0 0 0 1 0 0 0,330315225 0,238095238 0 0,5 0,088399 0,103659 0,030865 0,157895 0
0 0 0 1 0 0 0,330315225 0,285714286 0 0,5 0,088399 0,103659 0,030865 0,210526 0,924306
0 0 0 1 0 0 0,330315225 0,333333333 0 0,5 0,088399 0,103659 0,030865 0,105263 0
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0 0 0 1 0 0 0,330315225 0,380952381 0 0,5 0,088399 0,103659 0,030865 0,105263 0
0 0 0 1 0 0 0,330315225 0,428571429 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,476190476 0 0,5 0,088399 0,103659 0,030865 0,210526 0
0 0 0 1 0 0 0,330315225 0,523809524 0 0,5 0,088399 0,103659 0,030865 0,263158 0
0 0 0 1 0 0 0,330315225 0,571428571 0 0,5 0,088399 0,103659 0,030865 0,052632 0
0 0 0 1 0 0 0,330315225 0,619047619 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,666666667 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,714285714 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,761904762 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,80952381 0 0,5 0,088399 0,103659 0,030865 0,052632 0
0 0 0 1 0 0 0,330315225 0,857142857 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,904761905 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 0,952380952 0 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 1 0 0 0,330315225 1 0 0,5 0,088399 0,103659 0,030865 0,052632 0
0 0 0 1 0 0 0,390342052 0,047619048 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,095238095 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,142857143 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,19047619 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,238095238 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,285714286 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,333333333 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,380952381 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,428571429 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,476190476 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,523809524 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,571428571 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,619047619 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,666666667 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,714285714 1 0,5 0,007404 1 0,059691 0 0
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0 0 0 1 0 0 0,390342052 0,761904762 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,80952381 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,857142857 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,904761905 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,952380952 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 1 1 0,5 0,007404 1 0,059691 0 0
0 0 0 1 0 0 0,390342052 0,047619048 1 0,5 1 0,034835 0,117541 0 0
0 0 0 1 0 0 0,390342052 0,095238095 1 0,5 1 0,034835 0,117541 0,315789 0
0 0 0 1 0 0 0,390342052 0,142857143 1 0,5 1 0,034835 0,117541 0,473684 0
0 0 0 1 0 0 0,390342052 0,19047619 1 0,5 1 0,034835 0,117541 0,736842 0
0 0 0 1 0 0 0,390342052 0,238095238 1 0,5 1 0,034835 0,117541 0,578947 0
0 0 0 1 0 0 0,390342052 0,285714286 1 0,5 1 0,034835 0,117541 0,421053 0,817235
0 0 0 1 0 0 0,390342052 0,333333333 1 0,5 1 0,034835 0,117541 0 0
0 0 0 1 0 0 0,390342052 0,380952381 1 0,5 1 0,034835 0,117541 0,368421 0
0 0 0 1 0 0 0,390342052 0,428571429 1 0,5 1 0,034835 0,117541 0,526316 0
0 0 0 1 0 0 0,390342052 0,476190476 1 0,5 1 0,034835 0,117541 1 0
0 0 0 1 0 0 0,390342052 0,523809524 1 0,5 1 0,034835 0,117541 0,947368 0
0 0 0 1 0 0 0,390342052 0,571428571 1 0,5 1 0,034835 0,117541 0,631579 0
0 0 0 1 0 0 0,390342052 0,619047619 1 0,5 1 0,034835 0,117541 0,684211 0
0 0 0 1 0 0 0,390342052 0,666666667 1 0,5 1 0,034835 0,117541 0,421053 0
0 0 0 1 0 0 0,390342052 0,714285714 1 0,5 1 0,034835 0,117541 0,473684 0
0 0 0 1 0 0 0,390342052 0,761904762 1 0,5 1 0,034835 0,117541 0,421053 0
0 0 0 1 0 0 0,390342052 0,80952381 1 0,5 1 0,034835 0,117541 0,473684 0
0 0 0 1 0 0 0,390342052 0,857142857 1 0,5 1 0,034835 0,117541 0,526316 0
0 0 0 1 0 0 0,390342052 0,904761905 1 0,5 1 0,034835 0,117541 0,789474 0
0 0 0 1 0 0 0,390342052 0,952380952 1 0,5 1 0,034835 0,117541 0,368421 0
0 0 0 1 0 0 0,390342052 1 1 0,5 1 0,034835 0,117541 0,157895 0
0 0 0 1 0 0 0,416163649 0,047619048 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,095238095 1 1 0,005558 0,286499 0,039176 0 0
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0 0 0 1 0 0 0,416163649 0,142857143 1 1 0,005558 0,286499 0,039176 0,052632 0
0 0 0 1 0 0 0,416163649 0,19047619 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,238095238 1 1 0,005558 0,286499 0,039176 0,105263 0
0 0 0 1 0 0 0,416163649 0,285714286 1 1 0,005558 0,286499 0,039176 0,052632 0
0 0 0 1 0 0 0,416163649 0,333333333 1 1 0,005558 0,286499 0,039176 0,052632 0
0 0 0 1 0 0 0,416163649 0,380952381 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,428571429 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,476190476 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,523809524 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,571428571 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,619047619 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,666666667 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,714285714 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,761904762 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,80952381 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,857142857 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,904761905 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,952380952 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 1 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 1 0 0 0,416163649 0,047619048 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,095238095 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,142857143 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0 0 0 1 0 0 0,416163649 0,19047619 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,238095238 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0 0 0 1 0 0 0,416163649 0,285714286 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0 0 0 1 0 0 0,416163649 0,333333333 1 0,5 0,007245 0,035998 0,045459 0,157895 0
0 0 0 1 0 0 0,416163649 0,380952381 1 0,5 0,007245 0,035998 0,045459 0,157895 0
0 0 0 1 0 0 0,416163649 0,428571429 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0 0 0 1 0 0 0,416163649 0,476190476 1 0,5 0,007245 0,035998 0,045459 0,210526 0
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0 0 0 1 0 0 0,416163649 0,523809524 1 0,5 0,007245 0,035998 0,045459 0,105263 0
0 0 0 1 0 0 0,416163649 0,571428571 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0 0 0 1 0 0 0,416163649 0,619047619 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,666666667 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,714285714 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,761904762 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 1 0 0 0,416163649 0,80952381 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0 0 0 1 0 0 0,416163649 0,857142857 1 0,5 0,007245 0,035998 0,045459 0,157895 0
0 0 0 1 0 0 0,416163649 0,904761905 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0 0 0 1 0 0 0,416163649 0,952380952 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0 0 0 1 0 0 0,416163649 1 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0 0 0 1 0 0 0,416163649 0,047619048 1 0,5 0,329609 0,075745 0,072942 0 0
0 0 0 1 0 0 0,416163649 0,095238095 1 0,5 0,329609 0,075745 0,072942 0,368421 0,974429
0 0 0 1 0 0 0,416163649 0,142857143 1 0,5 0,329609 0,075745 0,072942 0,526316 0
0 0 0 1 0 0 0,416163649 0,19047619 1 0,5 0,329609 0,075745 0,072942 0,368421 0
0 0 0 1 0 0 0,416163649 0,238095238 1 0,5 0,329609 0,075745 0,072942 0,157895 0
0 0 0 1 0 0 0,416163649 0,285714286 1 0,5 0,329609 0,075745 0,072942 0,157895 0
0 0 0 1 0 0 0,416163649 0,333333333 1 0,5 0,329609 0,075745 0,072942 0,210526 0
0 0 0 1 0 0 0,416163649 0,380952381 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0 0 0 1 0 0 0,416163649 0,428571429 1 0,5 0,329609 0,075745 0,072942 0,263158 0
0 0 0 1 0 0 0,416163649 0,476190476 1 0,5 0,329609 0,075745 0,072942 0,105263 0
0 0 0 1 0 0 0,416163649 0,523809524 1 0,5 0,329609 0,075745 0,072942 0,315789 0
0 0 0 1 0 0 0,416163649 0,571428571 1 0,5 0,329609 0,075745 0,072942 0,368421 0
0 0 0 1 0 0 0,416163649 0,619047619 1 0,5 0,329609 0,075745 0,072942 0,210526 0
0 0 0 1 0 0 0,416163649 0,666666667 1 0,5 0,329609 0,075745 0,072942 0,263158 0
0 0 0 1 0 0 0,416163649 0,714285714 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0 0 0 1 0 0 0,416163649 0,761904762 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0 0 0 1 0 0 0,416163649 0,80952381 1 0,5 0,329609 0,075745 0,072942 0,105263 0
0 0 0 1 0 0 0,416163649 0,857142857 1 0,5 0,329609 0,075745 0,072942 0,052632 0
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0 0 0 1 0 0 0,416163649 0,904761905 1 0,5 0,329609 0,075745 0,072942 0,315789 0
0 0 0 1 0 0 0,416163649 0,952380952 1 0,5 0,329609 0,075745 0,072942 0,210526 0
0 0 0 1 0 0 0,416163649 1 1 0,5 0,329609 0,075745 0,072942 0,105263 0
0 0 0 1 0 0 0,453051643 0,047619048 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,095238095 1 0,5 0,025509 0,045523 0,036471 0,526316 0
0 0 0 1 0 0 0,453051643 0,142857143 1 0,5 0,025509 0,045523 0,036471 0,421053 0
0 0 0 1 0 0 0,453051643 0,19047619 1 0,5 0,025509 0,045523 0,036471 0,263158 0
0 0 0 1 0 0 0,453051643 0,238095238 1 0,5 0,025509 0,045523 0,036471 0,105263 0
0 0 0 1 0 0 0,453051643 0,285714286 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0 0 0 1 0 0 0,453051643 0,333333333 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0 0 0 1 0 0 0,453051643 0,380952381 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,428571429 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,476190476 1 0,5 0,025509 0,045523 0,036471 0,105263 0
0 0 0 1 0 0 0,453051643 0,523809524 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0 0 0 1 0 0 0,453051643 0,571428571 1 0,5 0,025509 0,045523 0,036471 0,105263 0
0 0 0 1 0 0 0,453051643 0,619047619 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0 0 0 1 0 0 0,453051643 0,666666667 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,714285714 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,761904762 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,80952381 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,857142857 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 0,904761905 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0 0 0 1 0 0 0,453051643 0,952380952 1 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 1 0 0 0,453051643 1 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0 0 0 1 0 0 0,492622401 0,047619048 1 0,5 0,018763 0,12902 0,028235 0,052632 0
0 0 0 1 0 0 0,492622401 0,095238095 1 0,5 0,018763 0,12902 0,028235 0,105263 0
0 0 0 1 0 0 0,492622401 0,142857143 1 0,5 0,018763 0,12902 0,028235 0,157895 0
0 0 0 1 0 0 0,492622401 0,19047619 1 0,5 0,018763 0,12902 0,028235 0,105263 0
0 0 0 1 0 0 0,492622401 0,238095238 1 0,5 0,018763 0,12902 0,028235 0,157895 0
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0 0 0 1 0 0 0,492622401 0,285714286 1 0,5 0,018763 0,12902 0,028235 0,105263 0
0 0 0 1 0 0 0,492622401 0,333333333 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,380952381 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,428571429 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,476190476 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,523809524 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,571428571 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,619047619 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,666666667 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,714285714 1 0,5 0,018763 0,12902 0,028235 0,052632 0
0 0 0 1 0 0 0,492622401 0,761904762 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,80952381 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,857142857 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,904761905 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 0,952380952 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,492622401 1 1 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 1 0 0 0,497317237 0,047619048 1 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 1 0 0 0,497317237 0,095238095 1 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 1 0 0 0,497317237 0,142857143 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,19047619 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,238095238 1 0,5 0,611166 0,045974 0,047282 0,315789 0,951388
0 0 0 1 0 0 0,497317237 0,285714286 1 0,5 0,611166 0,045974 0,047282 0,578947 0
0 0 0 1 0 0 0,497317237 0,333333333 1 0,5 0,611166 0,045974 0,047282 0,210526 0,910389
0 0 0 1 0 0 0,497317237 0,380952381 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,428571429 1 0,5 0,611166 0,045974 0,047282 0,421053 0
0 0 0 1 0 0 0,497317237 0,476190476 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,523809524 1 0,5 0,611166 0,045974 0,047282 0,315789 0
0 0 0 1 0 0 0,497317237 0,571428571 1 0,5 0,611166 0,045974 0,047282 0,263158 0
0 0 0 1 0 0 0,497317237 0,619047619 1 0,5 0,611166 0,045974 0,047282 0,210526 0
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0 0 0 1 0 0 0,497317237 0,666666667 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,714285714 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,761904762 1 0,5 0,611166 0,045974 0,047282 0,105263 0
0 0 0 1 0 0 0,497317237 0,80952381 1 0,5 0,611166 0,045974 0,047282 0,105263 0
0 0 0 1 0 0 0,497317237 0,857142857 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,904761905 1 0,5 0,611166 0,045974 0,047282 0,052632 0
0 0 0 1 0 0 0,497317237 0,952380952 1 0,5 0,611166 0,045974 0,047282 0,105263 0
0 0 0 1 0 0 0,497317237 1 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0 0 0 1 0 0 0,497317237 0,047619048 1 0,5 0,386194 0,65861 1 0 0
0 0 0 1 0 0 0,497317237 0,095238095 1 0,5 0,386194 0,65861 1 0,631579 0
0 0 0 1 0 0 0,497317237 0,142857143 1 0,5 0,386194 0,65861 1 0,263158 1
0 0 0 1 0 0 0,497317237 0,19047619 1 0,5 0,386194 0,65861 1 0,210526 0
0 0 0 1 0 0 0,497317237 0,238095238 1 0,5 0,386194 0,65861 1 0,210526 0
0 0 0 1 0 0 0,497317237 0,285714286 1 0,5 0,386194 0,65861 1 0,210526 0
0 0 0 1 0 0 0,497317237 0,333333333 1 0,5 0,386194 0,65861 1 0,157895 0
0 0 0 1 0 0 0,497317237 0,380952381 1 0,5 0,386194 0,65861 1 0,157895 0
0 0 0 1 0 0 0,497317237 0,428571429 1 0,5 0,386194 0,65861 1 0,157895 0
0 0 0 1 0 0 0,497317237 0,476190476 1 0,5 0,386194 0,65861 1 0,105263 0
0 0 0 1 0 0 0,497317237 0,523809524 1 0,5 0,386194 0,65861 1 0,210526 0
0 0 0 1 0 0 0,497317237 0,571428571 1 0,5 0,386194 0,65861 1 0,105263 0
0 0 0 1 0 0 0,497317237 0,619047619 1 0,5 0,386194 0,65861 1 0,210526 0
0 0 0 1 0 0 0,497317237 0,666666667 1 0,5 0,386194 0,65861 1 0,052632 0
0 0 0 1 0 0 0,497317237 0,714285714 1 0,5 0,386194 0,65861 1 0,105263 0
0 0 0 1 0 0 0,497317237 0,761904762 1 0,5 0,386194 0,65861 1 0,157895 0
0 0 0 1 0 0 0,497317237 0,80952381 1 0,5 0,386194 0,65861 1 0,052632 0
0 0 0 1 0 0 0,497317237 0,857142857 1 0,5 0,386194 0,65861 1 0 0
0 0 0 1 0 0 0,497317237 0,904761905 1 0,5 0,386194 0,65861 1 0,105263 0
0 0 0 1 0 0 0,497317237 0,952380952 1 0,5 0,386194 0,65861 1 0 0
0 0 0 1 0 0 0,497317237 1 1 0,5 0,386194 0,65861 1 0,052632 0
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0 0 0 0 1 0 0,794433266 0,047619048 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,794433266 0,095238095 1 0,5 0,088399 0,103659 0,030865 0,142857 0
0 0 0 0 1 0 0,794433266 0,142857143 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,794433266 0,19047619 1 0,5 0,088399 0,103659 0,030865 0,285714 0
0 0 0 0 1 0 0,794433266 0,238095238 1 0,5 0,088399 0,103659 0,030865 0,285714 0
0 0 0 0 1 0 0,794433266 0,285714286 1 0,5 0,088399 0,103659 0,030865 0,380952 0,91809
0 0 0 0 1 0 0,794433266 0,333333333 1 0,5 0,088399 0,103659 0,030865 0,238095 0
0 0 0 0 1 0 0,794433266 0,380952381 1 0,5 0,088399 0,103659 0,030865 0,142857 0
0 0 0 0 1 0 0,794433266 0,428571429 1 0,5 0,088399 0,103659 0,030865 0,190476 0
0 0 0 0 1 0 0,794433266 0,476190476 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,794433266 0,523809524 1 0,5 0,088399 0,103659 0,030865 0,142857 0
0 0 0 0 1 0 0,794433266 0,571428571 1 0,5 0,088399 0,103659 0,030865 0,047619 0
0 0 0 0 1 0 0,794433266 0,619047619 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,794433266 0,666666667 1 0,5 0,088399 0,103659 0,030865 0,047619 0
0 0 0 0 1 0 0,794433266 0,714285714 1 0,5 0,088399 0,103659 0,030865 0,095238 0
0 0 0 0 1 0 0,794433266 0,761904762 1 0,5 0,088399 0,103659 0,030865 0,095238 0
0 0 0 0 1 0 0,794433266 0,80952381 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,794433266 0,857142857 1 0,5 0,088399 0,103659 0,030865 0,047619 0
0 0 0 0 1 0 0,794433266 0,904761905 1 0,5 0,088399 0,103659 0,030865 0,047619 0
0 0 0 0 1 0 0,794433266 0,952380952 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,794433266 1 1 0,5 0,088399 0,103659 0,030865 0 0
0 0 0 0 1 0 0,868879946 0,047619048 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,095238095 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,142857143 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,19047619 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,238095238 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,285714286 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,333333333 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,380952381 1 0,5 0,007404 1 0,059691 0 0
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0 0 0 0 1 0 0,868879946 0,428571429 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,476190476 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,523809524 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,571428571 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,619047619 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,666666667 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,714285714 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,761904762 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,80952381 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,857142857 1 0,5 0,007404 1 0,059691 0,047619 0
0 0 0 0 1 0 0,868879946 0,904761905 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,952380952 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 1 1 0,5 0,007404 1 0,059691 0 0
0 0 0 0 1 0 0,868879946 0,047619048 1 0,5 1 0,034835 0,117541 0 0
0 0 0 0 1 0 0,868879946 0,095238095 1 0,5 1 0,034835 0,117541 0,190476 0,817278
0 0 0 0 1 0 0,868879946 0,142857143 1 0,5 1 0,034835 0,117541 0,047619 0
0 0 0 0 1 0 0,868879946 0,19047619 1 0,5 1 0,034835 0,117541 0,380952 0
0 0 0 0 1 0 0,868879946 0,238095238 1 0,5 1 0,034835 0,117541 0,238095 0,842069
0 0 0 0 1 0 0,868879946 0,285714286 1 0,5 1 0,034835 0,117541 0,571429 0
0 0 0 0 1 0 0,868879946 0,333333333 1 0,5 1 0,034835 0,117541 0 0
0 0 0 0 1 0 0,868879946 0,380952381 1 0,5 1 0,034835 0,117541 0 0,982683
0 0 0 0 1 0 0,868879946 0,428571429 1 0,5 1 0,034835 0,117541 0,285714 0
0 0 0 0 1 0 0,868879946 0,476190476 1 0,5 1 0,034835 0,117541 1 0
0 0 0 0 1 0 0,868879946 0,523809524 1 0,5 1 0,034835 0,117541 0,761905 1
0 0 0 0 1 0 0,868879946 0,571428571 1 0,5 1 0,034835 0,117541 0,428571 0,826023
0 0 0 0 1 0 0,868879946 0,619047619 1 0,5 1 0,034835 0,117541 0,714286 0
0 0 0 0 1 0 0,868879946 0,666666667 1 0,5 1 0,034835 0,117541 0,619048 0
0 0 0 0 1 0 0,868879946 0,714285714 1 0,5 1 0,034835 0,117541 0 0
0 0 0 0 1 0 0,868879946 0,761904762 1 0,5 1 0,034835 0,117541 0,52381 0
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0 0 0 0 1 0 0,868879946 0,80952381 1 0,5 1 0,034835 0,117541 0,190476 0,815523
0 0 0 0 1 0 0,868879946 0,857142857 1 0,5 1 0,034835 0,117541 0,428571 0
0 0 0 0 1 0 0,868879946 0,904761905 1 0,5 1 0,034835 0,117541 0,238095 0
0 0 0 0 1 0 0,868879946 0,952380952 1 0,5 1 0,034835 0,117541 0,285714 0
0 0 0 0 1 0 0,868879946 1 1 0,5 1 0,034835 0,117541 0,333333 0
0 0 0 0 1 0 0,905767941 0,047619048 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,095238095 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,142857143 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,19047619 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,238095238 1 1 0,005558 0,286499 0,039176 0,047619 0
0 0 0 0 1 0 0,905767941 0,285714286 1 1 0,005558 0,286499 0,039176 0,047619 0
0 0 0 0 1 0 0,905767941 0,333333333 1 1 0,005558 0,286499 0,039176 0,047619 0
0 0 0 0 1 0 0,905767941 0,380952381 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,428571429 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,476190476 1 1 0,005558 0,286499 0,039176 0,047619 0
0 0 0 0 1 0 0,905767941 0,523809524 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,571428571 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,619047619 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,666666667 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,714285714 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,761904762 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,80952381 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,857142857 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,904761905 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,952380952 1 1 0,005558 0,286499 0,039176 0,095238 0
0 0 0 0 1 0 0,905767941 1 1 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 1 0 0,905767941 0,047619048 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,095238095 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,142857143 1 0,5 0,007245 0,035998 0,045459 0 0
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0 0 0 0 1 0 0,905767941 0,19047619 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,238095238 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,285714286 1 0,5 0,007245 0,035998 0,045459 0,095238 0
0 0 0 0 1 0 0,905767941 0,333333333 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,380952381 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,428571429 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,476190476 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,523809524 1 0,5 0,007245 0,035998 0,045459 0,142857 0
0 0 0 0 1 0 0,905767941 0,571428571 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,619047619 1 0,5 0,007245 0,035998 0,045459 0,095238 0
0 0 0 0 1 0 0,905767941 0,666666667 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,714285714 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,761904762 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,80952381 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,857142857 1 0,5 0,007245 0,035998 0,045459 0 0
0 0 0 0 1 0 0,905767941 0,904761905 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,952380952 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 1 1 0,5 0,007245 0,035998 0,045459 0,047619 0
0 0 0 0 1 0 0,905767941 0,047619048 1 0,5 0,329609 0,075745 0,072942 0 0,893526
0 0 0 0 1 0 0,905767941 0,095238095 1 0,5 0,329609 0,075745 0,072942 0 0
0 0 0 0 1 0 0,905767941 0,142857143 1 0,5 0,329609 0,075745 0,072942 0,333333 0,891938
0 0 0 0 1 0 0,905767941 0,19047619 1 0,5 0,329609 0,075745 0,072942 0,238095 0
0 0 0 0 1 0 0,905767941 0,238095238 1 0,5 0,329609 0,075745 0,072942 0,095238 0,512672
0 0 0 0 1 0 0,905767941 0,285714286 1 0,5 0,329609 0,075745 0,072942 0,238095 0
0 0 0 0 1 0 0,905767941 0,333333333 1 0,5 0,329609 0,075745 0,072942 0,095238 0
0 0 0 0 1 0 0,905767941 0,380952381 1 0,5 0,329609 0,075745 0,072942 0,047619 0
0 0 0 0 1 0 0,905767941 0,428571429 1 0,5 0,329609 0,075745 0,072942 0 0
0 0 0 0 1 0 0,905767941 0,476190476 1 0,5 0,329609 0,075745 0,072942 0,095238 0
0 0 0 0 1 0 0,905767941 0,523809524 1 0,5 0,329609 0,075745 0,072942 0,142857 0
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0 0 0 0 1 0 0,905767941 0,571428571 1 0,5 0,329609 0,075745 0,072942 0,095238 0,731573
0 0 0 0 1 0 0,905767941 0,619047619 1 0,5 0,329609 0,075745 0,072942 0,238095 0
0 0 0 0 1 0 0,905767941 0,666666667 1 0,5 0,329609 0,075745 0,072942 0,380952 0
0 0 0 0 1 0 0,905767941 0,714285714 1 0,5 0,329609 0,075745 0,072942 0,047619 0
0 0 0 0 1 0 0,905767941 0,761904762 1 0,5 0,329609 0,075745 0,072942 0 0
0 0 0 0 1 0 0,905767941 0,80952381 1 0,5 0,329609 0,075745 0,072942 0,095238 0
0 0 0 0 1 0 0,905767941 0,857142857 1 0,5 0,329609 0,075745 0,072942 0,095238 0
0 0 0 0 1 0 0,905767941 0,904761905 1 0,5 0,329609 0,075745 0,072942 0,047619 0
0 0 0 0 1 0 0,905767941 0,952380952 1 0,5 0,329609 0,075745 0,072942 0,333333 0
0 0 0 0 1 0 0,905767941 1 1 0,5 0,329609 0,075745 0,072942 0,142857 0
0 0 0 0 1 0 0,943661972 0,047619048 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,095238095 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,142857143 0 0,5 0,025509 0,045523 0,036471 0,380952 0
0 0 0 0 1 0 0,943661972 0,19047619 0 0,5 0,025509 0,045523 0,036471 0,238095 0
0 0 0 0 1 0 0,943661972 0,238095238 0 0,5 0,025509 0,045523 0,036471 0,047619 0
0 0 0 0 1 0 0,943661972 0,285714286 0 0,5 0,025509 0,045523 0,036471 0,238095 0
0 0 0 0 1 0 0,943661972 0,333333333 0 0,5 0,025509 0,045523 0,036471 0,047619 0
0 0 0 0 1 0 0,943661972 0,380952381 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,428571429 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,476190476 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,523809524 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,571428571 0 0,5 0,025509 0,045523 0,036471 0,142857 0
0 0 0 0 1 0 0,943661972 0,619047619 0 0,5 0,025509 0,045523 0,036471 0,047619 0
0 0 0 0 1 0 0,943661972 0,666666667 0 0,5 0,025509 0,045523 0,036471 0,095238 0
0 0 0 0 1 0 0,943661972 0,714285714 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,761904762 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,80952381 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,857142857 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 0,904761905 0 0,5 0,025509 0,045523 0,036471 0 0
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0 0 0 0 1 0 0,943661972 0,952380952 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,943661972 1 0 0,5 0,025509 0,045523 0,036471 0 0
0 0 0 0 1 0 0,985244802 0,047619048 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,095238095 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,142857143 0 0,5 0,018763 0,12902 0,028235 0,095238 0
0 0 0 0 1 0 0,985244802 0,19047619 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,238095238 0 0,5 0,018763 0,12902 0,028235 0,095238 0
0 0 0 0 1 0 0,985244802 0,285714286 0 0,5 0,018763 0,12902 0,028235 0,095238 0
0 0 0 0 1 0 0,985244802 0,333333333 0 0,5 0,018763 0,12902 0,028235 0,047619 0
0 0 0 0 1 0 0,985244802 0,380952381 0 0,5 0,018763 0,12902 0,028235 0,047619 0
0 0 0 0 1 0 0,985244802 0,428571429 0 0,5 0,018763 0,12902 0,028235 0,047619 0
0 0 0 0 1 0 0,985244802 0,476190476 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,523809524 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,571428571 0 0,5 0,018763 0,12902 0,028235 0,047619 0
0 0 0 0 1 0 0,985244802 0,619047619 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,666666667 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,714285714 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,761904762 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,80952381 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,857142857 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 0,904761905 0 0,5 0,018763 0,12902 0,028235 0,047619 0
0 0 0 0 1 0 0,985244802 0,952380952 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 0,985244802 1 0 0,5 0,018763 0,12902 0,028235 0 0
0 0 0 0 1 0 1 0,047619048 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 0 1 0 1 0,095238095 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 0 1 0 1 0,142857143 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 0 1 0 1 0,19047619 0 0,5 0,611166 0,045974 0,047282 0,095238 0
0 0 0 0 1 0 1 0,238095238 0 0,5 0,611166 0,045974 0,047282 0,190476 0
0 0 0 0 1 0 1 0,285714286 0 0,5 0,611166 0,045974 0,047282 0,238095 0
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0 0 0 0 1 0 1 0,333333333 0 0,5 0,611166 0,045974 0,047282 0,095238 0
0 0 0 0 1 0 1 0,380952381 0 0,5 0,611166 0,045974 0,047282 0,333333 0
0 0 0 0 1 0 1 0,428571429 0 0,5 0,611166 0,045974 0,047282 0,190476 0
0 0 0 0 1 0 1 0,476190476 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 0 1 0 1 0,523809524 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 0 1 0 1 0,571428571 0 0,5 0,611166 0,045974 0,047282 0,142857 0
0 0 0 0 1 0 1 0,619047619 0 0,5 0,611166 0,045974 0,047282 0,238095 0
0 0 0 0 1 0 1 0,666666667 0 0,5 0,611166 0,045974 0,047282 0,285714 0
0 0 0 0 1 0 1 0,714285714 0 0,5 0,611166 0,045974 0,047282 0,190476 0
0 0 0 0 1 0 1 0,761904762 0 0,5 0,611166 0,045974 0,047282 0,142857 0
0 0 0 0 1 0 1 0,80952381 0 0,5 0,611166 0,045974 0,047282 0,047619 0
0 0 0 0 1 0 1 0,857142857 0 0,5 0,611166 0,045974 0,047282 0,095238 0
0 0 0 0 1 0 1 0,904761905 0 0,5 0,611166 0,045974 0,047282 0,190476 0
0 0 0 0 1 0 1 0,952380952 0 0,5 0,611166 0,045974 0,047282 0 0
0 0 0 0 1 0 1 1 0 0,5 0,611166 0,045974 0,047282 0,047619 0
0 0 0 0 1 0 1 0,047619048 0 0,5 0,386194 0,65861 1 0 0
0 0 0 0 1 0 1 0,095238095 0 0,5 0,386194 0,65861 1 0,238095 0
0 0 0 0 1 0 1 0,142857143 0 0,5 0,386194 0,65861 1 0,238095 0
0 0 0 0 1 0 1 0,19047619 0 0,5 0,386194 0,65861 1 0,190476 0
0 0 0 0 1 0 1 0,238095238 0 0,5 0,386194 0,65861 1 0,142857 0
0 0 0 0 1 0 1 0,285714286 0 0,5 0,386194 0,65861 1 0,095238 0
0 0 0 0 1 0 1 0,333333333 0 0,5 0,386194 0,65861 1 0,142857 0
0 0 0 0 1 0 1 0,380952381 0 0,5 0,386194 0,65861 1 0,095238 0
0 0 0 0 1 0 1 0,428571429 0 0,5 0,386194 0,65861 1 0,190476 0
0 0 0 0 1 0 1 0,476190476 0 0,5 0,386194 0,65861 1 0,095238 0
0 0 0 0 1 0 1 0,523809524 0 0,5 0,386194 0,65861 1 0 0,838553
0 0 0 0 1 0 1 0,571428571 0 0,5 0,386194 0,65861 1 0,047619 0,844894
0 0 0 0 1 0 1 0,619047619 0 0,5 0,386194 0,65861 1 0,142857 0
0 0 0 0 1 0 1 0,666666667 0 0,5 0,386194 0,65861 1 0 0
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0 0 0 0 1 0 1 0,714285714 0 0,5 0,386194 0,65861 1 0,095238 0
0 0 0 0 1 0 1 0,761904762 0 0,5 0,386194 0,65861 1 0,190476 0
0 0 0 0 1 0 1 0,80952381 0 0,5 0,386194 0,65861 1 0,047619 0
0 0 0 0 1 0 1 0,857142857 0 0,5 0,386194 0,65861 1 0,047619 0
0 0 0 0 1 0 1 0,904761905 0 0,5 0,386194 0,65861 1 0,095238 0
0 0 0 0 1 0 1 0,952380952 0 0,5 0,386194 0,65861 1 0,095238 0
0 0 0 0 1 0 1 1 0 0,5 0,386194 0,65861 1 0 0
0 0 0 0 0 1 0,585513078 0,047619048 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,585513078 0,095238095 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,142857143 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,19047619 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,238095238 1 1 0,088399 0,103659 0,030865 0,241379 0
0 0 0 0 0 1 0,585513078 0,285714286 1 1 0,088399 0,103659 0,030865 0,103448 0,827749
0 0 0 0 0 1 0,585513078 0,333333333 1 1 0,088399 0,103659 0,030865 0,172414 0
0 0 0 0 0 1 0,585513078 0,380952381 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,585513078 0,428571429 1 1 0,088399 0,103659 0,030865 0,034483 0
0 0 0 0 0 1 0,585513078 0,476190476 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,523809524 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,571428571 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,619047619 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,585513078 0,666666667 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,714285714 1 1 0,088399 0,103659 0,030865 0,068966 0
0 0 0 0 0 1 0,585513078 0,761904762 1 1 0,088399 0,103659 0,030865 0,034483 0
0 0 0 0 0 1 0,585513078 0,80952381 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,585513078 0,857142857 1 1 0,088399 0,103659 0,030865 0,034483 0
0 0 0 0 0 1 0,585513078 0,904761905 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,585513078 0,952380952 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,585513078 1 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 1 0,622401073 0,047619048 0 1 0,007404 1 0,059691 0 0
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0 0 0 0 0 1 0,622401073 0,095238095 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,142857143 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,19047619 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,238095238 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,285714286 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,333333333 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,380952381 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,428571429 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,476190476 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,523809524 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,571428571 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,619047619 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,666666667 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,714285714 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,761904762 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,80952381 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,857142857 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,904761905 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 0,952380952 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 1 0,622401073 1 0 1 0,007404 1 0,059691 0,034483 0
0 0 0 0 0 1 0,622401073 0,047619048 0 1 1 0,034835 0,117541 0 0,918425
0 0 0 0 0 1 0,622401073 0,095238095 0 1 1 0,034835 0,117541 0,137931 0
0 0 0 0 0 1 0,622401073 0,142857143 0 1 1 0,034835 0,117541 0,275862 0
0 0 0 0 0 1 0,622401073 0,19047619 0 1 1 0,034835 0,117541 0,310345 0,902171
0 0 0 0 0 1 0,622401073 0,238095238 0 1 1 0,034835 0,117541 0,517241 0,844228
0 0 0 0 0 1 0,622401073 0,285714286 0 1 1 0,034835 0,117541 0,586207 0,844817
0 0 0 0 0 1 0,622401073 0,333333333 0 1 1 0,034835 0,117541 0,551724 1
0 0 0 0 0 1 0,622401073 0,380952381 0 1 1 0,034835 0,117541 0,275862 0
0 0 0 0 0 1 0,622401073 0,428571429 0 1 1 0,034835 0,117541 0,37931 0
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0 0 0 0 0 1 0,622401073 0,476190476 0 1 1 0,034835 0,117541 0,62069 0
0 0 0 0 0 1 0,622401073 0,523809524 0 1 1 0,034835 0,117541 0,655172 0
0 0 0 0 0 1 0,622401073 0,571428571 0 1 1 0,034835 0,117541 1 0
0 0 0 0 0 1 0,622401073 0,619047619 0 1 1 0,034835 0,117541 0,758621 0
0 0 0 0 0 1 0,622401073 0,666666667 0 1 1 0,034835 0,117541 0,517241 0
0 0 0 0 0 1 0,622401073 0,714285714 0 1 1 0,034835 0,117541 0,517241 0
0 0 0 0 0 1 0,622401073 0,761904762 0 1 1 0,034835 0,117541 0,137931 0
0 0 0 0 0 1 0,622401073 0,80952381 0 1 1 0,034835 0,117541 0,448276 0,686471
0 0 0 0 0 1 0,622401073 0,857142857 0 1 1 0,034835 0,117541 0,517241 0
0 0 0 0 0 1 0,622401073 0,904761905 0 1 1 0,034835 0,117541 0,241379 0,91054
0 0 0 0 0 1 0,622401073 0,952380952 0 1 1 0,034835 0,117541 0,172414 0
0 0 0 0 0 1 0,622401073 1 0 1 1 0,034835 0,117541 0,344828 0,58782
0 0 0 0 0 1 0,654594232 0,047619048 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,095238095 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,142857143 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,19047619 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,238095238 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,285714286 0 1 0,005558 0,286499 0,039176 0,034483 0
0 0 0 0 0 1 0,654594232 0,333333333 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,380952381 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,428571429 0 1 0,005558 0,286499 0,039176 0,034483 0
0 0 0 0 0 1 0,654594232 0,476190476 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,523809524 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,571428571 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,619047619 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,666666667 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,714285714 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,761904762 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,80952381 0 1 0,005558 0,286499 0,039176 0 0
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0 0 0 0 0 1 0,654594232 0,857142857 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,904761905 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,952380952 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 1 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 1 0,654594232 0,047619048 0 1 0,007245 0,035998 0,045459 0 0,652673
0 0 0 0 0 1 0,654594232 0,095238095 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,142857143 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,19047619 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,238095238 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,285714286 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,333333333 0 1 0,007245 0,035998 0,045459 0,034483 0
0 0 0 0 0 1 0,654594232 0,380952381 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,428571429 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,476190476 0 1 0,007245 0,035998 0,045459 0,034483 0
0 0 0 0 0 1 0,654594232 0,523809524 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,571428571 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,619047619 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,666666667 0 1 0,007245 0,035998 0,045459 0,034483 0
0 0 0 0 0 1 0,654594232 0,714285714 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,761904762 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,80952381 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,857142857 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 1 0,654594232 0,904761905 0 1 0,007245 0,035998 0,045459 0,034483 0
0 0 0 0 0 1 0,654594232 0,952380952 0 1 0,007245 0,035998 0,045459 0,068966 0
0 0 0 0 0 1 0,654594232 1 0 1 0,007245 0,035998 0,045459 0,034483 0
0 0 0 0 0 1 0,654594232 0,047619048 0 1 0,329609 0,075745 0,072942 0 0
0 0 0 0 0 1 0,654594232 0,095238095 0 1 0,329609 0,075745 0,072942 0 0
0 0 0 0 0 1 0,654594232 0,142857143 0 1 0,329609 0,075745 0,072942 0,172414 0
0 0 0 0 0 1 0,654594232 0,19047619 0 1 0,329609 0,075745 0,072942 0,241379 0
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0 0 0 0 0 1 0,654594232 0,238095238 0 1 0,329609 0,075745 0,072942 0,172414 0
0 0 0 0 0 1 0,654594232 0,285714286 0 1 0,329609 0,075745 0,072942 0,103448 0
0 0 0 0 0 1 0,654594232 0,333333333 0 1 0,329609 0,075745 0,072942 0,103448 0
0 0 0 0 0 1 0,654594232 0,380952381 0 1 0,329609 0,075745 0,072942 0,137931 0
0 0 0 0 0 1 0,654594232 0,428571429 0 1 0,329609 0,075745 0,072942 0,034483 0
0 0 0 0 0 1 0,654594232 0,476190476 0 1 0,329609 0,075745 0,072942 0,103448 0
0 0 0 0 0 1 0,654594232 0,523809524 0 1 0,329609 0,075745 0,072942 0,068966 0
0 0 0 0 0 1 0,654594232 0,571428571 0 1 0,329609 0,075745 0,072942 0,034483 0,864417
0 0 0 0 0 1 0,654594232 0,619047619 0 1 0,329609 0,075745 0,072942 0,068966 0
0 0 0 0 0 1 0,654594232 0,666666667 0 1 0,329609 0,075745 0,072942 0,034483 0
0 0 0 0 0 1 0,654594232 0,714285714 0 1 0,329609 0,075745 0,072942 0,103448 0
0 0 0 0 0 1 0,654594232 0,761904762 0 1 0,329609 0,075745 0,072942 0,034483 0
0 0 0 0 0 1 0,654594232 0,80952381 0 1 0,329609 0,075745 0,072942 0,034483 0
0 0 0 0 0 1 0,654594232 0,857142857 0 1 0,329609 0,075745 0,072942 0,034483 0
0 0 0 0 0 1 0,654594232 0,904761905 0 1 0,329609 0,075745 0,072942 0 0
0 0 0 0 0 1 0,654594232 0,952380952 0 1 0,329609 0,075745 0,072942 0,034483 0,749415
0 0 0 0 0 1 0,654594232 1 0 1 0,329609 0,075745 0,072942 0,103448 0
0 0 0 0 0 1 0,683433937 0,047619048 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,095238095 0 1 0,025509 0,045523 0,036471 0,068966 0
0 0 0 0 0 1 0,683433937 0,142857143 0 1 0,025509 0,045523 0,036471 0,103448 0
0 0 0 0 0 1 0,683433937 0,19047619 0 1 0,025509 0,045523 0,036471 0,206897 0
0 0 0 0 0 1 0,683433937 0,238095238 0 1 0,025509 0,045523 0,036471 0,103448 0
0 0 0 0 0 1 0,683433937 0,285714286 0 1 0,025509 0,045523 0,036471 0,034483 0
0 0 0 0 0 1 0,683433937 0,333333333 0 1 0,025509 0,045523 0,036471 0,034483 0
0 0 0 0 0 1 0,683433937 0,380952381 0 1 0,025509 0,045523 0,036471 0,034483 0
0 0 0 0 0 1 0,683433937 0,428571429 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,476190476 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,523809524 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,571428571 0 1 0,025509 0,045523 0,036471 0 0
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0 0 0 0 0 1 0,683433937 0,619047619 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,666666667 0 1 0,025509 0,045523 0,036471 0,034483 0
0 0 0 0 0 1 0,683433937 0,714285714 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,761904762 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,80952381 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,857142857 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 0,904761905 0 1 0,025509 0,045523 0,036471 0,034483 0
0 0 0 0 0 1 0,683433937 0,952380952 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,683433937 1 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 1 0,723004695 0,047619048 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,095238095 0 1 0,018763 0,12902 0,028235 0,034483 0
0 0 0 0 0 1 0,723004695 0,142857143 0 1 0,018763 0,12902 0,028235 0,068966 0
0 0 0 0 0 1 0,723004695 0,19047619 0 1 0,018763 0,12902 0,028235 0,034483 0
0 0 0 0 0 1 0,723004695 0,238095238 0 1 0,018763 0,12902 0,028235 0,103448 0
0 0 0 0 0 1 0,723004695 0,285714286 0 1 0,018763 0,12902 0,028235 0,034483 0
0 0 0 0 0 1 0,723004695 0,333333333 0 1 0,018763 0,12902 0,028235 0,034483 0
0 0 0 0 0 1 0,723004695 0,380952381 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,428571429 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,476190476 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,523809524 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,571428571 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,619047619 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,666666667 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,714285714 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,761904762 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,80952381 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,857142857 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,723004695 0,904761905 0 1 0,018763 0,12902 0,028235 0,034483 0
0 0 0 0 0 1 0,723004695 0,952380952 0 1 0,018763 0,12902 0,028235 0 0
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0 0 0 0 0 1 0,723004695 1 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 1 0,722334004 0,047619048 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 1 0,722334004 0,095238095 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 1 0,722334004 0,142857143 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 1 0,722334004 0,19047619 0 1 0,611166 0,045974 0,047282 0,103448 0
0 0 0 0 0 1 0,722334004 0,238095238 0 1 0,611166 0,045974 0,047282 0,068966 0
0 0 0 0 0 1 0,722334004 0,285714286 0 1 0,611166 0,045974 0,047282 0,068966 0
0 0 0 0 0 1 0,722334004 0,333333333 0 1 0,611166 0,045974 0,047282 0,137931 0
0 0 0 0 0 1 0,722334004 0,380952381 0 1 0,611166 0,045974 0,047282 0,241379 0
0 0 0 0 0 1 0,722334004 0,428571429 0 1 0,611166 0,045974 0,047282 0,103448 0
0 0 0 0 0 1 0,722334004 0,476190476 0 1 0,611166 0,045974 0,047282 0,034483 0
0 0 0 0 0 1 0,722334004 0,523809524 0 1 0,611166 0,045974 0,047282 0,137931 0
0 0 0 0 0 1 0,722334004 0,571428571 0 1 0,611166 0,045974 0,047282 0,137931 0
0 0 0 0 0 1 0,722334004 0,619047619 0 1 0,611166 0,045974 0,047282 0,068966 0
0 0 0 0 0 1 0,722334004 0,666666667 0 1 0,611166 0,045974 0,047282 0,103448 0
0 0 0 0 0 1 0,722334004 0,714285714 0 1 0,611166 0,045974 0,047282 0,103448 0
0 0 0 0 0 1 0,722334004 0,761904762 0 1 0,611166 0,045974 0,047282 0,137931 0
0 0 0 0 0 1 0,722334004 0,80952381 0 1 0,611166 0,045974 0,047282 0,034483 0
0 0 0 0 0 1 0,722334004 0,857142857 0 1 0,611166 0,045974 0,047282 0,103448 0
0 0 0 0 0 1 0,722334004 0,904761905 0 1 0,611166 0,045974 0,047282 0,068966 0
0 0 0 0 0 1 0,722334004 0,952380952 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 1 0,722334004 1 0 1 0,611166 0,045974 0,047282 0,068966 0
0 0 0 0 0 1 0,722334004 0,047619048 0 1 0,386194 0,65861 1 0 0
0 0 0 0 0 1 0,722334004 0,095238095 0 1 0,386194 0,65861 1 0,034483 0
0 0 0 0 0 1 0,722334004 0,142857143 0 1 0,386194 0,65861 1 0,310345 0,810865
0 0 0 0 0 1 0,722334004 0,19047619 0 1 0,386194 0,65861 1 0,206897 0
0 0 0 0 0 1 0,722334004 0,238095238 0 1 0,386194 0,65861 1 0,172414 0
0 0 0 0 0 1 0,722334004 0,285714286 0 1 0,386194 0,65861 1 0,275862 0
0 0 0 0 0 1 0,722334004 0,333333333 0 1 0,386194 0,65861 1 0,068966 0
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0 0 0 0 0 1 0,722334004 0,380952381 0 1 0,386194 0,65861 1 0,103448 0
0 0 0 0 0 1 0,722334004 0,428571429 0 1 0,386194 0,65861 1 0,206897 0
0 0 0 0 0 1 0,722334004 0,476190476 0 1 0,386194 0,65861 1 0,137931 0
0 0 0 0 0 1 0,722334004 0,523809524 0 1 0,386194 0,65861 1 0,172414 0,770735
0 0 0 0 0 1 0,722334004 0,571428571 0 1 0,386194 0,65861 1 0,068966 0,608431
0 0 0 0 0 1 0,722334004 0,619047619 0 1 0,386194 0,65861 1 0,034483 0
0 0 0 0 0 1 0,722334004 0,666666667 0 1 0,386194 0,65861 1 0 0
0 0 0 0 0 1 0,722334004 0,714285714 0 1 0,386194 0,65861 1 0,034483 0
0 0 0 0 0 1 0,722334004 0,761904762 0 1 0,386194 0,65861 1 0,068966 0
0 0 0 0 0 1 0,722334004 0,80952381 0 1 0,386194 0,65861 1 0,068966 0
0 0 0 0 0 1 0,722334004 0,857142857 0 1 0,386194 0,65861 1 0,068966 0
0 0 0 0 0 1 0,722334004 0,904761905 0 1 0,386194 0,65861 1 0,034483 0
0 0 0 0 0 1 0,739719813 0,557314063 0 1 0,386194 0,65861 1 0,034483 0
0 0 0 0 0 1 0,740444743 0,557676305 0 1 0,386194 0,65861 1 0 0
0 0 0 0 0 0 0,056673374 0,047619048 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,056673374 0,095238095 1 1 0,088399 0,103659 0,030865 0,272727 0
0 0 0 0 0 0 0,056673374 0,142857143 1 1 0,088399 0,103659 0,030865 0,454545 0
0 0 0 0 0 0 0,056673374 0,19047619 1 1 0,088399 0,103659 0,030865 0,545455 0
0 0 0 0 0 0 0,056673374 0,238095238 1 1 0,088399 0,103659 0,030865 0,181818 0
0 0 0 0 0 0 0,056673374 0,285714286 1 1 0,088399 0,103659 0,030865 0,454545 0,951131
0 0 0 0 0 0 0,056673374 0,333333333 1 1 0,088399 0,103659 0,030865 0,272727 0
0 0 0 0 0 0 0,056673374 0,380952381 1 1 0,088399 0,103659 0,030865 0,363636 0
0 0 0 0 0 0 0,056673374 0,428571429 1 1 0,088399 0,103659 0,030865 0,454545 0
0 0 0 0 0 0 0,056673374 0,476190476 1 1 0,088399 0,103659 0,030865 0,181818 0
0 0 0 0 0 0 0,056673374 0,523809524 1 1 0,088399 0,103659 0,030865 0,090909 0
0 0 0 0 0 0 0,056673374 0,571428571 1 1 0,088399 0,103659 0,030865 0,181818 0
0 0 0 0 0 0 0,056673374 0,619047619 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,056673374 0,666666667 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,056673374 0,714285714 1 1 0,088399 0,103659 0,030865 0,090909 0
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0 0 0 0 0 0 0,056673374 0,761904762 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,056673374 0,80952381 1 1 0,088399 0,103659 0,030865 0,181818 0
0 0 0 0 0 0 0,056673374 0,857142857 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,056673374 0,904761905 1 1 0,088399 0,103659 0,030865 0,090909 0
0 0 0 0 0 0 0,056673374 0,952380952 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,056673374 1 1 1 0,088399 0,103659 0,030865 0 0
0 0 0 0 0 0 0,061368209 0,047619048 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,095238095 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,142857143 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,19047619 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,238095238 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,285714286 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,333333333 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,380952381 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,428571429 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,476190476 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,523809524 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,571428571 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,619047619 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,666666667 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,714285714 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,761904762 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,80952381 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,857142857 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,904761905 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,952380952 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 1 0 1 0,007404 1 0,059691 0 0
0 0 0 0 0 0 0,061368209 0,047619048 0 0 1 0,034835 0,117541 0 0,652592
0 0 0 0 0 0 0,061368209 0,095238095 0 0 1 0,034835 0,117541 0,272727 0,767908
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0 0 0 0 0 0 0,061368209 0,142857143 0 0 1 0,034835 0,117541 0,636364 0
0 0 0 0 0 0 0,061368209 0,19047619 0 0 1 0,034835 0,117541 0,363636 0
0 0 0 0 0 0 0,061368209 0,238095238 0 0 1 0,034835 0,117541 0,545455 0
0 0 0 0 0 0 0,061368209 0,285714286 0 0 1 0,034835 0,117541 0,272727 0
0 0 0 0 0 0 0,061368209 0,333333333 0 0 1 0,034835 0,117541 0,363636 0
0 0 0 0 0 0 0,061368209 0,380952381 0 0 1 0,034835 0,117541 0,636364 0
0 0 0 0 0 0 0,061368209 0,428571429 0 0 1 0,034835 0,117541 0,090909 0
0 0 0 0 0 0 0,061368209 0,476190476 0 0 1 0,034835 0,117541 0,272727 0,971351
0 0 0 0 0 0 0,061368209 0,523809524 0 0 1 0,034835 0,117541 0,545455 0,988125
0 0 0 0 0 0 0,061368209 0,571428571 0 0 1 0,034835 0,117541 0,636364 0
0 0 0 0 0 0 0,061368209 0,619047619 0 0 1 0,034835 0,117541 1 0
0 0 0 0 0 0 0,061368209 0,666666667 0 0 1 0,034835 0,117541 0,545455 0
0 0 0 0 0 0 0,061368209 0,714285714 0 0 1 0,034835 0,117541 0,545455 0
0 0 0 0 0 0 0,061368209 0,761904762 0 0 1 0,034835 0,117541 0,545455 1
0 0 0 0 0 0 0,061368209 0,80952381 0 0 1 0,034835 0,117541 0,636364 0
0 0 0 0 0 0 0,061368209 0,857142857 0 0 1 0,034835 0,117541 0,818182 0
0 0 0 0 0 0 0,061368209 0,904761905 0 0 1 0,034835 0,117541 0,363636 0
0 0 0 0 0 0 0,061368209 0,952380952 0 0 1 0,034835 0,117541 0,454545 0
0 0 0 0 0 0 0,061368209 1 0 0 1 0,034835 0,117541 0,181818 0
0 0 0 0 0 0 0,063044936 0,047619048 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,095238095 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,142857143 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,19047619 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,238095238 0 1 0,005558 0,286499 0,039176 0,090909 0
0 0 0 0 0 0 0,063044936 0,285714286 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,333333333 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,380952381 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,428571429 0 1 0,005558 0,286499 0,039176 0,090909 0
0 0 0 0 0 0 0,063044936 0,476190476 0 1 0,005558 0,286499 0,039176 0 0
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0 0 0 0 0 0 0,063044936 0,523809524 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,571428571 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,619047619 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,666666667 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,714285714 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,761904762 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,80952381 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,857142857 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,904761905 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,952380952 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 1 0 1 0,005558 0,286499 0,039176 0 0
0 0 0 0 0 0 0,063044936 0,047619048 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,095238095 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,142857143 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,19047619 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,238095238 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,285714286 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,333333333 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,380952381 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,428571429 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,476190476 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,523809524 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,571428571 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,619047619 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,666666667 0 1 0,007245 0,035998 0,045459 0 0,841792
0 0 0 0 0 0 0,063044936 0,714285714 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,761904762 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,80952381 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,857142857 0 1 0,007245 0,035998 0,045459 0 0
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0 0 0 0 0 0 0,063044936 0,904761905 0 1 0,007245 0,035998 0,045459 0,090909 0
0 0 0 0 0 0 0,063044936 0,952380952 0 1 0,007245 0,035998 0,045459 0,181818 0
0 0 0 0 0 0 0,063044936 1 0 1 0,007245 0,035998 0,045459 0 0
0 0 0 0 0 0 0,063044936 0,047619048 0 1 0,329609 0,075745 0,072942 0 0
0 0 0 0 0 0 0,063044936 0,095238095 0 1 0,329609 0,075745 0,072942 0,363636 0
0 0 0 0 0 0 0,063044936 0,142857143 0 1 0,329609 0,075745 0,072942 0,727273 0
0 0 0 0 0 0 0,063044936 0,19047619 0 1 0,329609 0,075745 0,072942 0,727273 0
0 0 0 0 0 0 0,063044936 0,238095238 0 1 0,329609 0,075745 0,072942 0,363636 0,730403
0 0 0 0 0 0 0,063044936 0,285714286 0 1 0,329609 0,075745 0,072942 0,363636 0
0 0 0 0 0 0 0,063044936 0,333333333 0 1 0,329609 0,075745 0,072942 0,272727 0
0 0 0 0 0 0 0,063044936 0,380952381 0 1 0,329609 0,075745 0,072942 0,272727 0
0 0 0 0 0 0 0,063044936 0,428571429 0 1 0,329609 0,075745 0,072942 0,454545 0
0 0 0 0 0 0 0,063044936 0,476190476 0 1 0,329609 0,075745 0,072942 0,272727 0,906898
0 0 0 0 0 0 0,063044936 0,523809524 0 1 0,329609 0,075745 0,072942 0,272727 0
0 0 0 0 0 0 0,063044936 0,571428571 0 1 0,329609 0,075745 0,072942 0,181818 0
0 0 0 0 0 0 0,063044936 0,619047619 0 1 0,329609 0,075745 0,072942 0,454545 0
0 0 0 0 0 0 0,063044936 0,666666667 0 1 0,329609 0,075745 0,072942 0,090909 0
0 0 0 0 0 0 0,063044936 0,714285714 0 1 0,329609 0,075745 0,072942 0,545455 0
0 0 0 0 0 0 0,063044936 0,761904762 0 1 0,329609 0,075745 0,072942 0,181818 0
0 0 0 0 0 0 0,063044936 0,80952381 0 1 0,329609 0,075745 0,072942 0,181818 0
0 0 0 0 0 0 0,063044936 0,857142857 0 1 0,329609 0,075745 0,072942 0,181818 0
0 0 0 0 0 0 0,063044936 0,904761905 0 1 0,329609 0,075745 0,072942 0,090909 0
0 0 0 0 0 0 0,063044936 0,952380952 0 1 0,329609 0,075745 0,072942 0,545455 0
0 0 0 0 0 0 0,063044936 1 0 1 0,329609 0,075745 0,072942 0,090909 0
0 0 0 0 0 0 0,066063045 0,047619048 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,095238095 0 1 0,025509 0,045523 0,036471 0,545455 0
0 0 0 0 0 0 0,066063045 0,142857143 0 1 0,025509 0,045523 0,036471 0,545455 0
0 0 0 0 0 0 0,066063045 0,19047619 0 1 0,025509 0,045523 0,036471 0,363636 0
0 0 0 0 0 0 0,066063045 0,238095238 0 1 0,025509 0,045523 0,036471 0,272727 0
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0 0 0 0 0 0 0,066063045 0,285714286 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,333333333 0 1 0,025509 0,045523 0,036471 0,090909 0
0 0 0 0 0 0 0,066063045 0,380952381 0 1 0,025509 0,045523 0,036471 0,090909 0
0 0 0 0 0 0 0,066063045 0,428571429 0 1 0,025509 0,045523 0,036471 0,090909 0
0 0 0 0 0 0 0,066063045 0,476190476 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,523809524 0 1 0,025509 0,045523 0,036471 0,181818 0
0 0 0 0 0 0 0,066063045 0,571428571 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,619047619 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,666666667 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,714285714 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,761904762 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,80952381 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,857142857 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,066063045 0,904761905 0 1 0,025509 0,045523 0,036471 0,090909 0
0 0 0 0 0 0 0,066063045 0,952380952 0 1 0,025509 0,045523 0,036471 0,090909 0
0 0 0 0 0 0 0,066063045 1 0 1 0,025509 0,045523 0,036471 0 0
0 0 0 0 0 0 0,068075117 0,047619048 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,095238095 0 1 0,018763 0,12902 0,028235 0,181818 0
0 0 0 0 0 0 0,068075117 0,142857143 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,19047619 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,238095238 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,285714286 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,333333333 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,380952381 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,428571429 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,476190476 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,523809524 0 1 0,018763 0,12902 0,028235 0,090909 0
0 0 0 0 0 0 0,068075117 0,571428571 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,619047619 0 1 0,018763 0,12902 0,028235 0 0
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0 0 0 0 0 0 0,068075117 0,666666667 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,714285714 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,761904762 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,80952381 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,857142857 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,904761905 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,952380952 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 1 0 1 0,018763 0,12902 0,028235 0 0
0 0 0 0 0 0 0,068075117 0,047619048 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,095238095 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,142857143 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,19047619 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,238095238 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,285714286 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,333333333 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,380952381 0 1 0,611166 0,045974 0,047282 0,272727 0
0 0 0 0 0 0 0,068075117 0,428571429 0 1 0,611166 0,045974 0,047282 0,090909 0
0 0 0 0 0 0 0,068075117 0,476190476 0 1 0,611166 0,045974 0,047282 0,090909 0
0 0 0 0 0 0 0,068075117 0,523809524 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,571428571 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,619047619 0 1 0,611166 0,045974 0,047282 0,090909 0
0 0 0 0 0 0 0,068075117 0,666666667 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,714285714 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,761904762 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,80952381 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,857142857 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,904761905 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 0,952380952 0 1 0,611166 0,045974 0,047282 0 0
0 0 0 0 0 0 0,068075117 1 0 1 0,611166 0,045974 0,047282 0 0,998074
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0 0 0 0 0 0 0,068075117 0,047619048 0 1 0,386194 0,65861 1 0 0
0 0 0 0 0 0 0,068075117 0,095238095 0 1 0,386194 0,65861 1 0,454545 0
0 0 0 0 0 0 0,068075117 0,142857143 0 1 0,386194 0,65861 1 0,454545 0
0 0 0 0 0 0 0,068075117 0,19047619 0 1 0,386194 0,65861 1 0,454545 0
0 0 0 0 0 0 0,068075117 0,238095238 0 1 0,386194 0,65861 1 0,181818 0
0 0 0 0 0 0 0,068075117 0,285714286 0 1 0,386194 0,65861 1 0,363636 0
0 0 0 0 0 0 0,068075117 0,333333333 0 1 0,386194 0,65861 1 0,181818 0
0 0 0 0 0 0 0,068075117 0,380952381 0 1 0,386194 0,65861 1 0,272727 0
0 0 0 0 0 0 0,068075117 0,428571429 0 1 0,386194 0,65861 1 0,181818 0
0 0 0 0 0 0 0,068075117 0,476190476 0 1 0,386194 0,65861 1 0,090909 0
0 0 0 0 0 0 0,068075117 0,523809524 0 1 0,386194 0,65861 1 0,181818 0
0 0 0 0 0 0 0,068075117 0,571428571 0 1 0,386194 0,65861 1 0,181818 0
0 0 0 0 0 0 0,068075117 0,619047619 0 1 0,386194 0,65861 1 0,090909 0
0 0 0 0 0 0 0,068075117 0,666666667 0 1 0,386194 0,65861 1 0,272727 0
0 0 0 0 0 0 0,068075117 0,714285714 0 1 0,386194 0,65861 1 0,454545 0
0 0 0 0 0 0 0,068075117 0,761904762 0 1 0,386194 0,65861 1 0,272727 0
0 0 0 0 0 0 0,068075117 0,80952381 0 1 0,386194 0,65861 1 0,181818 0
0 0 0 0 0 0 0,068075117 0,857142857 0 1 0,386194 0,65861 1 0 0
0 0 0 0 0 0 0,068075117 0,904761905 0 1 0,386194 0,65861 1 0,363636 0
0 0 0 0 0 0 0,068075117 0,952380952 0 1 0,386194 0,65861 1 0,272727 0
0 0 0 0 0 0 0,068075117 1 0 1 0,386194 0,65861 1 0,272727 0



Appendix 10

!""

Appendix 10 presents the data set used to investigate the United Kingdom.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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gdpus catastropheday clgovernment election fatalities affected damage totarticles log_disburse
0,585513078 0,047619048 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,095238095 1 1 0,088399 0,103659 0,030865 0,078947 0
0,585513078 0,142857143 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,19047619 1 1 0,088399 0,103659 0,030865 0,184211 0
0,585513078 0,238095238 1 1 0,088399 0,103659 0,030865 0,131579 0
0,585513078 0,285714286 1 1 0,088399 0,103659 0,030865 0,157895 0,995614
0,585513078 0,333333333 1 1 0,088399 0,103659 0,030865 0,131579 0
0,585513078 0,380952381 1 1 0,088399 0,103659 0,030865 0,131579 0
0,585513078 0,428571429 1 1 0,088399 0,103659 0,030865 0,105263 0
0,585513078 0,476190476 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,523809524 1 1 0,088399 0,103659 0,030865 0,026316 0
0,585513078 0,571428571 1 1 0,088399 0,103659 0,030865 0,052632 0
0,585513078 0,619047619 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,666666667 1 1 0,088399 0,103659 0,030865 0,026316 0
0,585513078 0,714285714 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,761904762 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,80952381 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,857142857 1 1 0,088399 0,103659 0,030865 0,026316 0
0,585513078 0,904761905 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 0,952380952 1 1 0,088399 0,103659 0,030865 0 0
0,585513078 1 1 1 0,088399 0,103659 0,030865 0 0
0,670355466 0,047619048 1 1 0,007404 1 0,059691 0 0
0,670355466 0,095238095 1 1 0,007404 1 0,059691 0 0
0,670355466 0,142857143 1 1 0,007404 1 0,059691 0 0
0,670355466 0,19047619 1 1 0,007404 1 0,059691 0 0
0,670355466 0,238095238 1 1 0,007404 1 0,059691 0 0
0,670355466 0,285714286 1 1 0,007404 1 0,059691 0 0
0,670355466 0,333333333 1 1 0,007404 1 0,059691 0 0
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0,670355466 0,380952381 1 1 0,007404 1 0,059691 0 0
0,670355466 0,428571429 1 1 0,007404 1 0,059691 0 0
0,670355466 0,476190476 1 1 0,007404 1 0,059691 0 0
0,670355466 0,523809524 1 1 0,007404 1 0,059691 0 0
0,670355466 0,571428571 1 1 0,007404 1 0,059691 0,026316 0
0,670355466 0,619047619 1 1 0,007404 1 0,059691 0 0
0,670355466 0,666666667 1 1 0,007404 1 0,059691 0 0
0,670355466 0,714285714 1 1 0,007404 1 0,059691 0 0
0,670355466 0,761904762 1 1 0,007404 1 0,059691 0 0
0,670355466 0,80952381 1 1 0,007404 1 0,059691 0 0
0,670355466 0,857142857 1 1 0,007404 1 0,059691 0 0
0,670355466 0,904761905 1 1 0,007404 1 0,059691 0 0
0,670355466 0,952380952 1 1 0,007404 1 0,059691 0 0
0,670355466 1 1 1 0,007404 1 0,059691 0 0
0,670355466 0,047619048 1 1 1 0,034835 0,117541 0 0,945474
0,670355466 0,095238095 1 1 1 0,034835 0,117541 0,289474 0,90183
0,670355466 0,142857143 1 1 1 0,034835 0,117541 0,552632 0
0,670355466 0,19047619 1 1 1 0,034835 0,117541 0,552632 0,713293
0,670355466 0,238095238 1 1 1 0,034835 0,117541 0,473684 0,917499
0,670355466 0,285714286 1 1 1 0,034835 0,117541 0,789474 0
0,670355466 0,333333333 1 1 1 0,034835 0,117541 0,921053 0
0,670355466 0,380952381 1 1 1 0,034835 0,117541 0 0
0,670355466 0,428571429 1 1 1 0,034835 0,117541 0,736842 0
0,670355466 0,476190476 1 1 1 0,034835 0,117541 0,736842 0,992548
0,670355466 0,523809524 1 1 1 0,034835 0,117541 0,815789 0
0,670355466 0,571428571 1 1 1 0,034835 0,117541 0,894737 0
0,670355466 0,619047619 1 1 1 0,034835 0,117541 0,710526 0,954312
0,670355466 0,666666667 1 1 1 0,034835 0,117541 1 0,893082
0,670355466 0,714285714 1 1 1 0,034835 0,117541 0 0
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0,670355466 0,761904762 1 1 1 0,034835 0,117541 0,526316 0,970681
0,670355466 0,80952381 1 1 1 0,034835 0,117541 0,578947 1
0,670355466 0,857142857 1 1 1 0,034835 0,117541 0,368421 0
0,670355466 0,904761905 1 1 1 0,034835 0,117541 0,473684 0,891906
0,670355466 0,952380952 1 1 1 0,034835 0,117541 0,289474 0
0,670355466 1 1 1 1 0,034835 0,117541 0,368421 0
0,69047619 0,047619048 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,095238095 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,142857143 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,19047619 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,238095238 1 1 0,005558 0,286499 0,039176 0 0,745189
0,69047619 0,285714286 1 1 0,005558 0,286499 0,039176 0,052632 0
0,69047619 0,333333333 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,380952381 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,428571429 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,476190476 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,523809524 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,571428571 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,619047619 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,666666667 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,714285714 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,761904762 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,80952381 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,857142857 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,904761905 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,952380952 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 1 1 1 0,005558 0,286499 0,039176 0 0
0,69047619 0,047619048 1 1 0,007245 0,035998 0,045459 0,026316 0
0,69047619 0,095238095 1 1 0,007245 0,035998 0,045459 0 0
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0,69047619 0,142857143 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,19047619 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,238095238 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,285714286 1 1 0,007245 0,035998 0,045459 0,026316 0
0,69047619 0,333333333 1 1 0,007245 0,035998 0,045459 0,052632 0
0,69047619 0,380952381 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,428571429 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,476190476 1 1 0,007245 0,035998 0,045459 0,131579 0
0,69047619 0,523809524 1 1 0,007245 0,035998 0,045459 0,026316 0
0,69047619 0,571428571 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,619047619 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,666666667 1 1 0,007245 0,035998 0,045459 0,026316 0
0,69047619 0,714285714 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,761904762 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,80952381 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,857142857 1 1 0,007245 0,035998 0,045459 0 0
0,69047619 0,904761905 1 1 0,007245 0,035998 0,045459 0,026316 0
0,69047619 0,952380952 1 1 0,007245 0,035998 0,045459 0,078947 0
0,69047619 1 1 1 0,007245 0,035998 0,045459 0,131579 0
0,69047619 0,047619048 1 1 0,329609 0,075745 0,072942 0 0,91301
0,69047619 0,095238095 1 1 0,329609 0,075745 0,072942 0 0
0,69047619 0,142857143 1 1 0,329609 0,075745 0,072942 0,315789 0
0,69047619 0,19047619 1 1 0,329609 0,075745 0,072942 0,263158 0,901099
0,69047619 0,238095238 1 1 0,329609 0,075745 0,072942 0,210526 0,902245
0,69047619 0,285714286 1 1 0,329609 0,075745 0,072942 0,157895 0
0,69047619 0,333333333 1 1 0,329609 0,075745 0,072942 0,131579 0,776361
0,69047619 0,380952381 1 1 0,329609 0,075745 0,072942 0,131579 0
0,69047619 0,428571429 1 1 0,329609 0,075745 0,072942 0 0
0,69047619 0,476190476 1 1 0,329609 0,075745 0,072942 0,052632 0
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0,69047619 0,523809524 1 1 0,329609 0,075745 0,072942 0,052632 0,716802
0,69047619 0,571428571 1 1 0,329609 0,075745 0,072942 0,078947 0
0,69047619 0,619047619 1 1 0,329609 0,075745 0,072942 0,078947 0
0,69047619 0,666666667 1 1 0,329609 0,075745 0,072942 0,078947 0,971415
0,69047619 0,714285714 1 1 0,329609 0,075745 0,072942 0,105263 0
0,69047619 0,761904762 1 1 0,329609 0,075745 0,072942 0 0
0,69047619 0,80952381 1 1 0,329609 0,075745 0,072942 0,052632 0
0,69047619 0,857142857 1 1 0,329609 0,075745 0,072942 0,052632 0
0,69047619 0,904761905 1 1 0,329609 0,075745 0,072942 0,052632 0
0,69047619 0,952380952 1 1 0,329609 0,075745 0,072942 0,078947 0
0,69047619 1 1 1 0,329609 0,075745 0,072942 0,052632 0,957741

0,722669349 0,047619048 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,095238095 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,142857143 1 1 0,025509 0,045523 0,036471 0,210526 0
0,722669349 0,19047619 1 1 0,025509 0,045523 0,036471 0,157895 0
0,722669349 0,238095238 1 1 0,025509 0,045523 0,036471 0,052632 0
0,722669349 0,285714286 1 1 0,025509 0,045523 0,036471 0,026316 0,869428
0,722669349 0,333333333 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,380952381 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,428571429 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,476190476 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,523809524 1 1 0,025509 0,045523 0,036471 0 0,860257
0,722669349 0,571428571 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,619047619 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,666666667 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,714285714 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,761904762 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,80952381 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,857142857 1 1 0,025509 0,045523 0,036471 0 0
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0,722669349 0,904761905 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 0,952380952 1 1 0,025509 0,045523 0,036471 0 0
0,722669349 1 1 1 0,025509 0,045523 0,036471 0 0
0,752179745 0,047619048 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,095238095 1 1 0,018763 0,12902 0,028235 0,026316 0
0,752179745 0,142857143 1 1 0,018763 0,12902 0,028235 0,026316 0
0,752179745 0,19047619 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,238095238 1 1 0,018763 0,12902 0,028235 0,078947 0
0,752179745 0,285714286 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,333333333 1 1 0,018763 0,12902 0,028235 0,105263 0
0,752179745 0,380952381 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,428571429 1 1 0,018763 0,12902 0,028235 0,052632 0
0,752179745 0,476190476 1 1 0,018763 0,12902 0,028235 0,026316 0
0,752179745 0,523809524 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,571428571 1 1 0,018763 0,12902 0,028235 0,026316 0
0,752179745 0,619047619 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,666666667 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,714285714 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,761904762 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,80952381 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,857142857 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,904761905 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 0,952380952 1 1 0,018763 0,12902 0,028235 0 0
0,752179745 1 1 1 0,018763 0,12902 0,028235 0 0
0,752850436 0,047619048 1 1 0,611166 0,045974 0,047282 0 0
0,752850436 0,095238095 1 1 0,611166 0,045974 0,047282 0 0
0,752850436 0,142857143 1 1 0,611166 0,045974 0,047282 0 0
0,752850436 0,19047619 1 1 0,611166 0,045974 0,047282 0,078947 0
0,752850436 0,238095238 1 1 0,611166 0,045974 0,047282 0,157895 0
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0,752850436 0,285714286 1 1 0,611166 0,045974 0,047282 0,315789 0
0,752850436 0,333333333 1 1 0,611166 0,045974 0,047282 0,157895 0
0,752850436 0,380952381 1 1 0,611166 0,045974 0,047282 0,342105 0
0,752850436 0,428571429 1 1 0,611166 0,045974 0,047282 0,184211 0
0,752850436 0,476190476 1 1 0,611166 0,045974 0,047282 0 0
0,752850436 0,523809524 1 1 0,611166 0,045974 0,047282 0,210526 0
0,752850436 0,571428571 1 1 0,611166 0,045974 0,047282 0,236842 0
0,752850436 0,619047619 1 1 0,611166 0,045974 0,047282 0,131579 0
0,752850436 0,666666667 1 1 0,611166 0,045974 0,047282 0,131579 0,994246
0,752850436 0,714285714 1 1 0,611166 0,045974 0,047282 0,105263 0
0,752850436 0,761904762 1 1 0,611166 0,045974 0,047282 0,131579 0
0,752850436 0,80952381 1 1 0,611166 0,045974 0,047282 0 0
0,752850436 0,857142857 1 1 0,611166 0,045974 0,047282 0,131579 0
0,752850436 0,904761905 1 1 0,611166 0,045974 0,047282 0,078947 0
0,752850436 0,952380952 1 1 0,611166 0,045974 0,047282 0,052632 0
0,752850436 1 1 1 0,611166 0,045974 0,047282 0,052632 0,861243
0,752850436 0,047619048 1 1 0,386194 0,65861 1 0 0
0,752850436 0,095238095 1 1 0,386194 0,65861 1 0,184211 0
0,752850436 0,142857143 1 1 0,386194 0,65861 1 0,263158 0,894384
0,752850436 0,19047619 1 1 0,386194 0,65861 1 0,210526 0
0,752850436 0,238095238 1 1 0,386194 0,65861 1 0,157895 0
0,752850436 0,285714286 1 1 0,386194 0,65861 1 0,184211 0
0,752850436 0,333333333 1 1 0,386194 0,65861 1 0 0
0,752850436 0,380952381 1 1 0,386194 0,65861 1 0,157895 0
0,752850436 0,428571429 1 1 0,386194 0,65861 1 0,105263 0
0,752850436 0,476190476 1 1 0,386194 0,65861 1 0,078947 0
0,752850436 0,523809524 1 1 0,386194 0,65861 1 0,052632 0,905418
0,752850436 0,571428571 1 1 0,386194 0,65861 1 0,078947 0
0,752850436 0,619047619 1 1 0,386194 0,65861 1 0,078947 0
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0,752850436 0,666666667 1 1 0,386194 0,65861 1 0 0
0,752850436 0,714285714 1 1 0,386194 0,65861 1 0,105263 0
0,752850436 0,761904762 1 1 0,386194 0,65861 1 0,052632 0
0,752850436 0,80952381 1 1 0,386194 0,65861 1 0 0
0,752850436 0,857142857 1 1 0,386194 0,65861 1 0,078947 0
0,752850436 0,904761905 1 1 0,386194 0,65861 1 0,026316 0
0,752850436 0,952380952 1 1 0,386194 0,65861 1 0,052632 0
0,752850436 1 1 1 0,386194 0,65861 1 0 0
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Appendix 11 presents the data set used to investigate Italy.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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gdpus catastropheday clgovernment election fatalities affected damage totarticles log_disburse
0,555331992 0,047619048 1 0,5 0,088399 0,103659 0,030865 0 0
0,555331992 0,095238095 1 0,5 0,088399 0,103659 0,030865 0,181818 0
0,555331992 0,142857143 1 0,5 0,088399 0,103659 0,030865 0,136364 0
0,555331992 0,19047619 1 0,5 0,088399 0,103659 0,030865 0,045455 0
0,555331992 0,238095238 1 0,5 0,088399 0,103659 0,030865 0,090909 0
0,555331992 0,285714286 1 0,5 0,088399 0,103659 0,030865 0,090909 0
0,555331992 0,333333333 1 0,5 0,088399 0,103659 0,030865 0,022727 0
0,555331992 0,380952381 1 1 0,088399 0,103659 0,030865 0,022727 0
0,555331992 0,428571429 1 1 0,088399 0,103659 0,030865 0,022727 0
0,555331992 0,476190476 1 1 0,088399 0,103659 0,030865 0,022727 0
0,555331992 0,523809524 1 1 0,088399 0,103659 0,030865 0,045455 0
0,555331992 0,571428571 1 1 0,088399 0,103659 0,030865 0,022727 0
0,555331992 0,619047619 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,666666667 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,714285714 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,761904762 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,80952381 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,857142857 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,904761905 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 0,952380952 1 1 0,088399 0,103659 0,030865 0 0
0,555331992 1 1 1 0,088399 0,103659 0,030865 0 0
0,561703555 0,047619048 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,095238095 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,142857143 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,19047619 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,238095238 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,285714286 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,333333333 0 0,5 0,007404 1 0,059691 0 0
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0,561703555 0,380952381 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,428571429 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,476190476 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,523809524 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,571428571 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,619047619 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,666666667 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,714285714 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,761904762 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,80952381 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,857142857 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,904761905 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,952380952 0 0,5 0,007404 1 0,059691 0 0
0,561703555 1 0 0,5 0,007404 1 0,059691 0 0
0,561703555 0,047619048 0 0,5 1 0,034835 0,117541 0 0
0,561703555 0,095238095 0 0,5 1 0,034835 0,117541 0,636364 0
0,561703555 0,142857143 0 0,5 1 0,034835 0,117541 1 0
0,561703555 0,19047619 0 0,5 1 0,034835 0,117541 0,977273 0
0,561703555 0,238095238 0 0,5 1 0,034835 0,117541 0,795455 0
0,561703555 0,285714286 0 0,5 1 0,034835 0,117541 0,090909 0
0,561703555 0,333333333 0 0,5 1 0,034835 0,117541 0 0
0,561703555 0,380952381 0 0,5 1 0,034835 0,117541 0,727273 0
0,561703555 0,428571429 0 0,5 1 0,034835 0,117541 0,772727 0
0,561703555 0,476190476 0 0,5 1 0,034835 0,117541 0,772727 0
0,561703555 0,523809524 0 0,5 1 0,034835 0,117541 0,613636 0
0,561703555 0,571428571 0 0,5 1 0,034835 0,117541 0,681818 0
0,561703555 0,619047619 0 0,5 1 0,034835 0,117541 0,636364 0
0,561703555 0,666666667 0 0,5 1 0,034835 0,117541 0,477273 0
0,561703555 0,714285714 0 0,5 1 0,034835 0,117541 0,363636 0
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0,561703555 0,761904762 0 0,5 1 0,034835 0,117541 0,181818 0
0,561703555 0,80952381 0 0,5 1 0,034835 0,117541 0,136364 1
0,561703555 0,857142857 0 0,5 1 0,034835 0,117541 0,159091 0
0,561703555 0,904761905 0 0,5 1 0,034835 0,117541 0,181818 0
0,561703555 0,952380952 0 0,5 1 0,034835 0,117541 0,090909 0
0,561703555 1 0 0,5 1 0,034835 0,117541 0,068182 0
0,577800134 0,047619048 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,095238095 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,142857143 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,19047619 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,238095238 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,285714286 0 0,5 0,005558 0,286499 0,039176 0,022727 0
0,577800134 0,333333333 0 0,5 0,005558 0,286499 0,039176 0,022727 0
0,577800134 0,380952381 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,428571429 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,476190476 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,523809524 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,571428571 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,619047619 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,666666667 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,714285714 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,761904762 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,80952381 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,857142857 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,904761905 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,952380952 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 1 0 0,5 0,005558 0,286499 0,039176 0 0
0,577800134 0,047619048 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,095238095 0 0,5 0,007245 0,035998 0,045459 0 0
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0,577800134 0,142857143 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,19047619 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,238095238 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,285714286 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,333333333 0 0,5 0,007245 0,035998 0,045459 0 0,766855
0,577800134 0,380952381 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0,577800134 0,428571429 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0,577800134 0,476190476 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0,577800134 0,523809524 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,571428571 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0,577800134 0,619047619 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,666666667 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,714285714 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,761904762 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,80952381 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0,577800134 0,857142857 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,904761905 0 0,5 0,007245 0,035998 0,045459 0 0
0,577800134 0,952380952 0 0,5 0,007245 0,035998 0,045459 0,045455 0
0,577800134 1 0 0,5 0,007245 0,035998 0,045459 0,022727 0
0,577800134 0,047619048 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 0,095238095 0 0,5 0,329609 0,075745 0,072942 0,068182 0
0,577800134 0,142857143 0 0,5 0,329609 0,075745 0,072942 0,159091 0,929716
0,577800134 0,19047619 0 0,5 0,329609 0,075745 0,072942 0,090909 0,824064
0,577800134 0,238095238 0 0,5 0,329609 0,075745 0,072942 0,090909 0
0,577800134 0,285714286 0 0,5 0,329609 0,075745 0,072942 0,022727 0
0,577800134 0,333333333 0 0,5 0,329609 0,075745 0,072942 0,022727 0,814609
0,577800134 0,380952381 0 0,5 0,329609 0,075745 0,072942 0,022727 0
0,577800134 0,428571429 0 0,5 0,329609 0,075745 0,072942 0,022727 0
0,577800134 0,476190476 0 0,5 0,329609 0,075745 0,072942 0 0
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0,577800134 0,523809524 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 0,571428571 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 0,619047619 0 0,5 0,329609 0,075745 0,072942 0 0,818536
0,577800134 0,666666667 0 0,5 0,329609 0,075745 0,072942 0 0,663166
0,577800134 0,714285714 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 0,761904762 0 0,5 0,329609 0,075745 0,072942 0 0,861175
0,577800134 0,80952381 0 0,5 0,329609 0,075745 0,072942 0,045455 0
0,577800134 0,857142857 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 0,904761905 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 0,952380952 0 0,5 0,329609 0,075745 0,072942 0 0
0,577800134 1 0 0,5 0,329609 0,075745 0,072942 0 0
0,604963112 0,047619048 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,095238095 1 0,5 0,025509 0,045523 0,036471 0,113636 0
0,604963112 0,142857143 1 0,5 0,025509 0,045523 0,036471 0,045455 0
0,604963112 0,19047619 1 0,5 0,025509 0,045523 0,036471 0 0,747701
0,604963112 0,238095238 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,285714286 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,333333333 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,380952381 1 0,5 0,025509 0,045523 0,036471 0,022727 0
0,604963112 0,428571429 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,476190476 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,523809524 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,571428571 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,619047619 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,666666667 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,714285714 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,761904762 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,80952381 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,857142857 1 0,5 0,025509 0,045523 0,036471 0 0
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0,604963112 0,904761905 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 0,952380952 1 0,5 0,025509 0,045523 0,036471 0 0
0,604963112 1 1 0,5 0,025509 0,045523 0,036471 0 0
0,630114017 0,047619048 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,095238095 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,142857143 1 0,5 0,018763 0,12902 0,028235 0,045455 0
0,630114017 0,19047619 1 0,5 0,018763 0,12902 0,028235 0,022727 0
0,630114017 0,238095238 1 0,5 0,018763 0,12902 0,028235 0,113636 0
0,630114017 0,285714286 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,333333333 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,380952381 1 0,5 0,018763 0,12902 0,028235 0,022727 0
0,630114017 0,428571429 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,476190476 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,523809524 1 0,5 0,018763 0,12902 0,028235 0,022727 0
0,630114017 0,571428571 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,619047619 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,666666667 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,714285714 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,761904762 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,80952381 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,857142857 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,904761905 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 0,952380952 1 0,5 0,018763 0,12902 0,028235 0 0
0,630114017 1 1 0,5 0,018763 0,12902 0,028235 0 0
0,631455399 0,047619048 1 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 0,095238095 1 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 0,142857143 1 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 0,19047619 1 0,5 0,611166 0,045974 0,047282 0,068182 0
0,631455399 0,238095238 1 0,5 0,611166 0,045974 0,047282 0,159091 0,834484
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0,631455399 0,285714286 1 0,5 0,611166 0,045974 0,047282 0,090909 0
0,631455399 0,333333333 0 0,5 0,611166 0,045974 0,047282 0,090909 0
0,631455399 0,380952381 0 0,5 0,611166 0,045974 0,047282 0,068182 0
0,631455399 0,428571429 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0,631455399 0,476190476 0 0,5 0,611166 0,045974 0,047282 0,068182 0
0,631455399 0,523809524 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0,631455399 0,571428571 0 0,5 0,611166 0,045974 0,047282 0,022727 0
0,631455399 0,619047619 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0,631455399 0,666666667 0 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 0,714285714 0 0,5 0,611166 0,045974 0,047282 0,022727 0
0,631455399 0,761904762 0 0,5 0,611166 0,045974 0,047282 0,022727 0
0,631455399 0,80952381 0 0,5 0,611166 0,045974 0,047282 0,045455 0
0,631455399 0,857142857 0 0,5 0,611166 0,045974 0,047282 0 0,933679
0,631455399 0,904761905 0 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 0,952380952 0 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 1 0 0,5 0,611166 0,045974 0,047282 0 0
0,631455399 0,047619048 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,095238095 0 0,5 0,386194 0,65861 1 0,113636 0
0,631455399 0,142857143 0 0,5 0,386194 0,65861 1 0,090909 0
0,631455399 0,19047619 0 0,5 0,386194 0,65861 1 0,022727 0
0,631455399 0,238095238 0 0,5 0,386194 0,65861 1 0 0,887512
0,631455399 0,285714286 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,333333333 0 0,5 0,386194 0,65861 1 0,045455 0,887356
0,631455399 0,380952381 0 0,5 0,386194 0,65861 1 0,022727 0
0,631455399 0,428571429 0 0,5 0,386194 0,65861 1 0,045455 0
0,631455399 0,476190476 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,523809524 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,571428571 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,619047619 0 0,5 0,386194 0,65861 1 0 0
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0,631455399 0,666666667 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,714285714 0 0,5 0,386194 0,65861 1 0,045455 0
0,631455399 0,761904762 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,80952381 0 0,5 0,386194 0,65861 1 0,045455 0
0,631455399 0,857142857 0 0,5 0,386194 0,65861 1 0,068182 0
0,631455399 0,904761905 0 0,5 0,386194 0,65861 1 0 0
0,631455399 0,952380952 0 0,5 0,386194 0,65861 1 0 0
0,631455399 1 0 0,5 0,386194 0,65861 1 0 0
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Appendix 12 presents the data set used to investigate the Netherlands.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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Appendix 13 presents the data set used to investigate Spain.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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gdpus catastropheday clgovernment election fatalities affected damage totarticles log_disburse
0,330315225 0,047619048 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,095238095 0 0,5 0,088399 0,103659 0,030865 0,210526 0
0,330315225 0,142857143 0 0,5 0,088399 0,103659 0,030865 0,157895 0
0,330315225 0,19047619 0 0,5 0,088399 0,103659 0,030865 0,105263 0
0,330315225 0,238095238 0 0,5 0,088399 0,103659 0,030865 0,157895 0
0,330315225 0,285714286 0 0,5 0,088399 0,103659 0,030865 0,210526 0,924306
0,330315225 0,333333333 0 0,5 0,088399 0,103659 0,030865 0,105263 0
0,330315225 0,380952381 0 0,5 0,088399 0,103659 0,030865 0,105263 0
0,330315225 0,428571429 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,476190476 0 0,5 0,088399 0,103659 0,030865 0,210526 0
0,330315225 0,523809524 0 0,5 0,088399 0,103659 0,030865 0,263158 0
0,330315225 0,571428571 0 0,5 0,088399 0,103659 0,030865 0,052632 0
0,330315225 0,619047619 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,666666667 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,714285714 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,761904762 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,80952381 0 0,5 0,088399 0,103659 0,030865 0,052632 0
0,330315225 0,857142857 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,904761905 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 0,952380952 0 0,5 0,088399 0,103659 0,030865 0 0
0,330315225 1 0 0,5 0,088399 0,103659 0,030865 0,052632 0
0,390342052 0,047619048 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,095238095 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,142857143 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,19047619 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,238095238 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,285714286 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,333333333 1 0,5 0,007404 1 0,059691 0 0
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0,390342052 0,380952381 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,428571429 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,476190476 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,523809524 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,571428571 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,619047619 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,666666667 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,714285714 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,761904762 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,80952381 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,857142857 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,904761905 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,952380952 1 0,5 0,007404 1 0,059691 0 0
0,390342052 1 1 0,5 0,007404 1 0,059691 0 0
0,390342052 0,047619048 1 0,5 1 0,034835 0,117541 0 0
0,390342052 0,095238095 1 0,5 1 0,034835 0,117541 0,315789 0
0,390342052 0,142857143 1 0,5 1 0,034835 0,117541 0,473684 0
0,390342052 0,19047619 1 0,5 1 0,034835 0,117541 0,736842 0
0,390342052 0,238095238 1 0,5 1 0,034835 0,117541 0,578947 0
0,390342052 0,285714286 1 0,5 1 0,034835 0,117541 0,421053 0,817235
0,390342052 0,333333333 1 0,5 1 0,034835 0,117541 0 0
0,390342052 0,380952381 1 0,5 1 0,034835 0,117541 0,368421 0
0,390342052 0,428571429 1 0,5 1 0,034835 0,117541 0,526316 0
0,390342052 0,476190476 1 0,5 1 0,034835 0,117541 1 0
0,390342052 0,523809524 1 0,5 1 0,034835 0,117541 0,947368 0
0,390342052 0,571428571 1 0,5 1 0,034835 0,117541 0,631579 0
0,390342052 0,619047619 1 0,5 1 0,034835 0,117541 0,684211 0
0,390342052 0,666666667 1 0,5 1 0,034835 0,117541 0,421053 0
0,390342052 0,714285714 1 0,5 1 0,034835 0,117541 0,473684 0
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0,390342052 0,761904762 1 0,5 1 0,034835 0,117541 0,421053 0
0,390342052 0,80952381 1 0,5 1 0,034835 0,117541 0,473684 0
0,390342052 0,857142857 1 0,5 1 0,034835 0,117541 0,526316 0
0,390342052 0,904761905 1 0,5 1 0,034835 0,117541 0,789474 0
0,390342052 0,952380952 1 0,5 1 0,034835 0,117541 0,368421 0
0,390342052 1 1 0,5 1 0,034835 0,117541 0,157895 0
0,416163649 0,047619048 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,095238095 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,142857143 1 1 0,005558 0,286499 0,039176 0,052632 0
0,416163649 0,19047619 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,238095238 1 1 0,005558 0,286499 0,039176 0,105263 0
0,416163649 0,285714286 1 1 0,005558 0,286499 0,039176 0,052632 0
0,416163649 0,333333333 1 1 0,005558 0,286499 0,039176 0,052632 0
0,416163649 0,380952381 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,428571429 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,476190476 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,523809524 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,571428571 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,619047619 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,666666667 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,714285714 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,761904762 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,80952381 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,857142857 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,904761905 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,952380952 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 1 1 1 0,005558 0,286499 0,039176 0 0
0,416163649 0,047619048 1 0,5 0,007245 0,035998 0,045459 0 0
0,416163649 0,095238095 1 0,5 0,007245 0,035998 0,045459 0 0
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0,416163649 0,142857143 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0,416163649 0,19047619 1 0,5 0,007245 0,035998 0,045459 0 0
0,416163649 0,238095238 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0,416163649 0,285714286 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0,416163649 0,333333333 1 0,5 0,007245 0,035998 0,045459 0,157895 0
0,416163649 0,380952381 1 0,5 0,007245 0,035998 0,045459 0,157895 0
0,416163649 0,428571429 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0,416163649 0,476190476 1 0,5 0,007245 0,035998 0,045459 0,210526 0
0,416163649 0,523809524 1 0,5 0,007245 0,035998 0,045459 0,105263 0
0,416163649 0,571428571 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0,416163649 0,619047619 1 0,5 0,007245 0,035998 0,045459 0 0
0,416163649 0,666666667 1 0,5 0,007245 0,035998 0,045459 0 0
0,416163649 0,714285714 1 0,5 0,007245 0,035998 0,045459 0 0
0,416163649 0,761904762 1 0,5 0,007245 0,035998 0,045459 0 0
0,416163649 0,80952381 1 0,5 0,007245 0,035998 0,045459 0,052632 0
0,416163649 0,857142857 1 0,5 0,007245 0,035998 0,045459 0,157895 0
0,416163649 0,904761905 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0,416163649 0,952380952 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0,416163649 1 1 0,5 0,007245 0,035998 0,045459 0,263158 0
0,416163649 0,047619048 1 0,5 0,329609 0,075745 0,072942 0 0
0,416163649 0,095238095 1 0,5 0,329609 0,075745 0,072942 0,368421 0,974429
0,416163649 0,142857143 1 0,5 0,329609 0,075745 0,072942 0,526316 0
0,416163649 0,19047619 1 0,5 0,329609 0,075745 0,072942 0,368421 0
0,416163649 0,238095238 1 0,5 0,329609 0,075745 0,072942 0,157895 0
0,416163649 0,285714286 1 0,5 0,329609 0,075745 0,072942 0,157895 0
0,416163649 0,333333333 1 0,5 0,329609 0,075745 0,072942 0,210526 0
0,416163649 0,380952381 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0,416163649 0,428571429 1 0,5 0,329609 0,075745 0,072942 0,263158 0
0,416163649 0,476190476 1 0,5 0,329609 0,075745 0,072942 0,105263 0
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0,416163649 0,523809524 1 0,5 0,329609 0,075745 0,072942 0,315789 0
0,416163649 0,571428571 1 0,5 0,329609 0,075745 0,072942 0,368421 0
0,416163649 0,619047619 1 0,5 0,329609 0,075745 0,072942 0,210526 0
0,416163649 0,666666667 1 0,5 0,329609 0,075745 0,072942 0,263158 0
0,416163649 0,714285714 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0,416163649 0,761904762 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0,416163649 0,80952381 1 0,5 0,329609 0,075745 0,072942 0,105263 0
0,416163649 0,857142857 1 0,5 0,329609 0,075745 0,072942 0,052632 0
0,416163649 0,904761905 1 0,5 0,329609 0,075745 0,072942 0,315789 0
0,416163649 0,952380952 1 0,5 0,329609 0,075745 0,072942 0,210526 0
0,416163649 1 1 0,5 0,329609 0,075745 0,072942 0,105263 0
0,453051643 0,047619048 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,095238095 1 0,5 0,025509 0,045523 0,036471 0,526316 0
0,453051643 0,142857143 1 0,5 0,025509 0,045523 0,036471 0,421053 0
0,453051643 0,19047619 1 0,5 0,025509 0,045523 0,036471 0,263158 0
0,453051643 0,238095238 1 0,5 0,025509 0,045523 0,036471 0,105263 0
0,453051643 0,285714286 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0,453051643 0,333333333 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0,453051643 0,380952381 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,428571429 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,476190476 1 0,5 0,025509 0,045523 0,036471 0,105263 0
0,453051643 0,523809524 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0,453051643 0,571428571 1 0,5 0,025509 0,045523 0,036471 0,105263 0
0,453051643 0,619047619 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0,453051643 0,666666667 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,714285714 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,761904762 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,80952381 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 0,857142857 1 0,5 0,025509 0,045523 0,036471 0 0
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0,453051643 0,904761905 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0,453051643 0,952380952 1 0,5 0,025509 0,045523 0,036471 0 0
0,453051643 1 1 0,5 0,025509 0,045523 0,036471 0,052632 0
0,492622401 0,047619048 1 0,5 0,018763 0,12902 0,028235 0,052632 0
0,492622401 0,095238095 1 0,5 0,018763 0,12902 0,028235 0,105263 0
0,492622401 0,142857143 1 0,5 0,018763 0,12902 0,028235 0,157895 0
0,492622401 0,19047619 1 0,5 0,018763 0,12902 0,028235 0,105263 0
0,492622401 0,238095238 1 0,5 0,018763 0,12902 0,028235 0,157895 0
0,492622401 0,285714286 1 0,5 0,018763 0,12902 0,028235 0,105263 0
0,492622401 0,333333333 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,380952381 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,428571429 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,476190476 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,523809524 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,571428571 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,619047619 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,666666667 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,714285714 1 0,5 0,018763 0,12902 0,028235 0,052632 0
0,492622401 0,761904762 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,80952381 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,857142857 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,904761905 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 0,952380952 1 0,5 0,018763 0,12902 0,028235 0 0
0,492622401 1 1 0,5 0,018763 0,12902 0,028235 0 0
0,497317237 0,047619048 1 0,5 0,611166 0,045974 0,047282 0 0
0,497317237 0,095238095 1 0,5 0,611166 0,045974 0,047282 0 0
0,497317237 0,142857143 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,19047619 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,238095238 1 0,5 0,611166 0,045974 0,047282 0,315789 0,951388
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0,497317237 0,285714286 1 0,5 0,611166 0,045974 0,047282 0,578947 0
0,497317237 0,333333333 1 0,5 0,611166 0,045974 0,047282 0,210526 0,910389
0,497317237 0,380952381 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,428571429 1 0,5 0,611166 0,045974 0,047282 0,421053 0
0,497317237 0,476190476 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,523809524 1 0,5 0,611166 0,045974 0,047282 0,315789 0
0,497317237 0,571428571 1 0,5 0,611166 0,045974 0,047282 0,263158 0
0,497317237 0,619047619 1 0,5 0,611166 0,045974 0,047282 0,210526 0
0,497317237 0,666666667 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,714285714 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,761904762 1 0,5 0,611166 0,045974 0,047282 0,105263 0
0,497317237 0,80952381 1 0,5 0,611166 0,045974 0,047282 0,105263 0
0,497317237 0,857142857 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,904761905 1 0,5 0,611166 0,045974 0,047282 0,052632 0
0,497317237 0,952380952 1 0,5 0,611166 0,045974 0,047282 0,105263 0
0,497317237 1 1 0,5 0,611166 0,045974 0,047282 0,157895 0
0,497317237 0,047619048 1 0,5 0,386194 0,65861 1 0 0
0,497317237 0,095238095 1 0,5 0,386194 0,65861 1 0,631579 0
0,497317237 0,142857143 1 0,5 0,386194 0,65861 1 0,263158 1
0,497317237 0,19047619 1 0,5 0,386194 0,65861 1 0,210526 0
0,497317237 0,238095238 1 0,5 0,386194 0,65861 1 0,210526 0
0,497317237 0,285714286 1 0,5 0,386194 0,65861 1 0,210526 0
0,497317237 0,333333333 1 0,5 0,386194 0,65861 1 0,157895 0
0,497317237 0,380952381 1 0,5 0,386194 0,65861 1 0,157895 0
0,497317237 0,428571429 1 0,5 0,386194 0,65861 1 0,157895 0
0,497317237 0,476190476 1 0,5 0,386194 0,65861 1 0,105263 0
0,497317237 0,523809524 1 0,5 0,386194 0,65861 1 0,210526 0
0,497317237 0,571428571 1 0,5 0,386194 0,65861 1 0,105263 0
0,497317237 0,619047619 1 0,5 0,386194 0,65861 1 0,210526 0
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0,497317237 0,666666667 1 0,5 0,386194 0,65861 1 0,052632 0
0,497317237 0,714285714 1 0,5 0,386194 0,65861 1 0,105263 0
0,497317237 0,761904762 1 0,5 0,386194 0,65861 1 0,157895 0
0,497317237 0,80952381 1 0,5 0,386194 0,65861 1 0,052632 0
0,497317237 0,857142857 1 0,5 0,386194 0,65861 1 0 0
0,497317237 0,904761905 1 0,5 0,386194 0,65861 1 0,105263 0
0,497317237 0,952380952 1 0,5 0,386194 0,65861 1 0 0
0,497317237 1 1 0,5 0,386194 0,65861 1 0,052632 0
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Appendix 14 presents the data set used to investigate Germany.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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<=BABB>??*A <=C>)*@BC>) ) <=C <=<<>*<* ) <=<C?A?) < <
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Appendix 15 presents the data set used to investigate France.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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Appendix 16 presents the data set used to investigate Denmark.

The unit of analysis employed throughout the data set is the day.

List of acronyms and abbreviations:

gdpus: Gross Domestic Product (GDP) in US$ of the donor country under investigation
catastropheday: Day of the catastrophe (number of days elapsed since the onset of a selected natural disaster)
clgovernment: Centre-left government (presence or not of centre-left parties in government of donor country under investigation)
election: Election (presence or not of an electoral period in the donor country under investigation)
fatalities: Fatalities (number of fatalities recorded for the natural disaster under investigation)
affected: Affected (number of affected people recorded for the natural disaster under investigation)
damage: Damage (estimated damages recorded for the natural disaster under investigation)
totarticles: Total number of articles (total number of articles recorded on the natural disaster under investigation)
log_disburse: Logarithmic disbursement (logarithmic disbursement of emergency humanitarian assistance recorded) 
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